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What is Cohort Analysis? 
Cohort analysis is a type of behavioral analytics in which you take a group of users, and analyze their usage 
patterns over time based on their shared traits to better track and understand their actions. 

A cohort is simply a group of people with shared characteristics, e.g. NBA 2023 draft class

Another example can be the month in which a customer placed their first order, tracking the profit per 
customer (LTV) per cohort:



A Few Benefits of Cohort Analysis 

1. Business Health: Are you increasing revenue without acquiring new customers? 

2. Most Valuable Customers: Which types of customers contribute the most profit? For example customers 

who FIRST buy SKU A or SKU B (or both)?  

3. Customer Segmentation: By segmenting customers into cohorts, you can create more targeted 

marketing campaigns. E.g. if you know 80% of customers place their second order between days 30 and 

60 after their first order and 35% buy ASIN B as their second order, you’ll have an effective remarketing 

campaign.

4. Increased Customer Retention/LTV: By analyzing when people stop ordering, you can create offers just 

before, increasing customer retention and LTV.



Loyalty & LTV Comparisons

1. Is my customer loyalty increasing over time?

2. Is my profit per customer/LTV for new customers more than older customers at the 
same point in time (i.e. 2 months after their first order)? 

2.1.



Order Patterns Over Time

● For the July ‘21 cohort, a sharp drop off in returning customer % from the 6th => 7th month (7.19% => 
4.62%)

● If this is a consistent pattern for multiple cohorts, what’s causing them to drop off after 6 months?
● If it’s a one off, what was special about this cohort - inventory issues? New competitor? Seasonality?



Side Note:Some New Targeting Options Have Dropped!



Checking for a Bump in R% After a Remarketing Campaign Across Cohorts 

● Ran a remarketing campaign in Jan ‘23, targeting users who purchased within the last 8 months
● Going up the diagonal will isolate January’s numbers for all cohorts
● Comparing to the previous month, almost all cohorts had an increase in the % of the cohort buying 

in Jan.
○ For Sept ‘22 cohort, it went from 10.74% (i.e. 4,122 in Dec) to 12.92% (4,959) in Jan!
○ Remember, as each month passes, the % and no. of customer returning is meant to 

decrease…



Are These Customer R% Increases More Than Expected?

● Across these 5 cohorts, there was 4.92% better R% than expected
● Don’t let a (perhaps) small % increase fool you, this is based of real data from a customer and 

they have circa 50k new customers every month, so a near 5% increase is material and has 
positive ROI!

● Be careful to only analyse cohorts that match the lookback retargeting window (8 months)

Cohort Baseline (Dec ‘22) Expected R% in Jan 
’23

Actual R% in Jan ‘23 Difference from 
Expected

Month 4 (Sept) 10.74% 8.59% 12.92% 4.33%

Month 5 (Aug) 5.75% 6.04% 5.19% -0.85%

Month 6 (July) 3.27% 2.58% 3.37% 0.79%

Month 7 (June) 3.48% 3.27% 3.51% 0.24%

Month 8 (May) 3.13% 2.82% 3.24% 0.42%



How Do We Calculate Expected Values?



Calculating the Avg MoM Expected % Change

For a pure comparison benchmark, 
strip out months where there were 
other remarketing campaigns 
occurring



To Go the Extra Mile and Quantify the RoAS…

● Adding up the 5 cohort’s numbers resulted in $50,400 & $18,610 extra in incremental sales and 
profit respectively.

● If one spent $5k in re-marketing budget, this resulted in a 10x RoAS (sales) & 3.72 RoAS (profit)

Cohort Incremental 
Increase/(Decrease) in 
Orders from Expected 

Incremental Sales 
(Assume AOV = $20) 

Total Incremental Profit 
(assume margin is $10)

Month 4 (Sept) (38,382 x 4.33%)= 1,658 $20 x 1,658 = $33,160 $10 x 1,658 = $16,580

Month 5 (Aug) (329) $20 x 329 = $6,580 $10 x 329 = ($3,290)

Month 6 (July) 338 $20 x 338 = $6,780 $10 x 338 = $3,380

Month 7 (June) 71 $20 x 71 = $1,420 $10 x 71 = $710

Month 8 (May) 123 $20 x 123 = $2,460 $10 x 123 = $1,230



Why Can’t We Take the Average R% per Month & Compare? 

● Comparing to the avg R% for each month won’t account for different starting points for each 
cohort

● If a cohort starts a lot higher than the average, it won’t help comparing it to the average
● Sep ‘22 starts off a lot higher than average so comparing it to an average R% won’t work
● So for Sept, we need apply the average MoM % change, say, from month 3 to 4 to Sept’s month 

3 number (Dec ‘22) to get an expected month 4 number (Jan ‘23)



Questions? 

Rael Cline
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rael.cline@nozzle.ai
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Are These Customer R% Increases More Than Expected?

Cohort Expected R% (i.e. 
average R%) 

Actual R% in Jan ‘23 Difference from 
Expected

Month 4 (Sept) 6.4% 12.9% 6.5%

Month 5 (Aug) 5.1% 5.2% 0.1%

Month 6 (July) 5.6% 3.3% -2.3%

Month 7 (June) 4.3% 3.5% -0.8%

Month 8 (May) 4.2% 3.2% -0.1%


