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The Impact of Emergency Room Wait Times on Overall Patient Satisfaction

Abstract
This project addresses the healthcare administrative issue of excessive wait times in hospital emergency departments. Long wait times frustrate patients during hospital visits because they must wait a long time to receive medical care, and the situation is even worse in Emergency Rooms (ERs), where urgency is critical. Furthermore, it negatively affects hospital operational efficiency and patient outcomes. This study examines the impact of wait times in emergency rooms on overall patient satisfaction by analyzing how different segments of wait time in the emergency department, including the time it takes to complete patient registration, triage assessment, and see a medical doctor or other healthcare professional, affect patient satisfaction. The study employs a non-experimental research design by analyzing a secondary survey dataset of 5,000 patient participants. The researcher uses descriptive statistics, correlation analysis, and multiple linear regression analysis to determine which segments of the emergency department have the greatest statistically significant impact on patient satisfaction scores, thereby informing healthcare administrators about which segments need priority when implementing efficient patient flow interventions and allocating resources to enhance overall patient satisfaction levels and experiences in the ER. The study includes a systematic literature review of 10 peer-reviewed research studies published between 2021 and 2025. The literature reviews revealed a negative relationship between waiting time during hospital visits and patient satisfaction. However, few studies have quantified the differential impacts of the components of waiting time or even broken down waiting time into time to registration, time to triage, and time to see a medical professional. The study analyzed a secondary survey dataset of 5,000 patient participants collected from five hospitals. The analysis revealed that the mean total wait time was 81.92 minutes and the mean patient satisfaction level was 2.77, which falls between dissatisfied and neutral, leaning more toward neutral. Pearson’s correlation analysis was also conducted, and it confirmed that the negative relationship between waiting time segments and patient satisfaction levels was significant (p < .01). The total waiting time had the strongest negative correlation with patient satisfaction (r = -.865), which was followed closely by the time to see a medical professional (r = -.858). The multiple linear regression analysis confirmed the negative relationship between the independent variables of the study (waiting time components) and the dependent variable (patient satisfaction level), with the time taken to see a medical doctor having the largest standardized negative impact on patient satisfaction (β = –0.534), while the time taken to register a patient had the largest per-minute effect on patient satisfaction level (B = -0.039). The findings support the study's hypothesis.
Introduction
Patient satisfaction refers to patients' reactions to their experiences with various aspects of the healthcare services they receive at a particular healthcare institution. Assessing patient satisfaction is essential for providing healthcare administrators with insights into the quality of healthcare services in their institution (Ferreira et al., 2023). This will help healthcare administrators allocate resources effectively to improve the customer experience and satisfaction in the hospital. Patient satisfaction or dissatisfaction can directly impact a healthcare institution’s reputation, clinical outcomes, and patient retention rate, which, in turn, affect hospital revenues. Therefore, it is critical to understand the impact of wait times on patient satisfaction at different stages in the emergency room, including the time taken to complete patient registration, the time taken to complete triage assessment, the time taken to see a doctor or a healthcare professional, and the total time taken from arrival to seeing medical personnel.
Given that the emergency room is a high-pressure environment, efficient patient flow and short wait times are critical. According to Alshamsi (2025), longer wait times in the emergency room provoke frustration among patients awaiting emergency services. These waits can result from inefficient triage protocols, overcrowding in the emergency department, or staff shortages. The consequences of longer wait times in the emergency department extend beyond patient frustration and can affect patient outcomes, especially for those with time-sensitive conditions (Nyce et al., 2021). Furthermore, according to Strobel (2024), long wait times increase the likelihood that patients leave without receiving medical care, which in turn increases their re-presentation and admission rates in the future.
Assessing patient satisfaction helps healthcare administrators understand specific stages of the emergency room experience, including registration, triage, and the time to see a doctor or other healthcare professional, all of which largely influence overall patient experience and satisfaction in the hospital. As is common in data analytics, this analysis will help healthcare administrators make informed decisions and implement data-backed interventions that improve operational efficiency and reduce medical errors (Tandon et al., 2025). This proposal analyzes the impact of wait times on overall patient satisfaction using a secondary dataset, thereby saving time and costs associated with primary data collection while still providing insights for healthcare administrators on how to improve the patient care experience and satisfaction in emergency hospital departments.


Literature Review
Patient satisfaction, particularly in emergency departments, is a critical measure for evaluating the quality of healthcare, operational efficiency, and clinical outcomes at any given healthcare facility. This study investigates the impact of waiting times in emergency rooms on patient satisfaction. It examines whether wait time is a primary concern for patients seeking emergency healthcare services and how it influences satisfaction with these services. To this end, this section synthesizes findings from 10 peer-reviewed sources published between 2021 and 2025 and classifies them into 5 main themes: the correlation between wait time and satisfaction; components of wait time; communication about wait time; patient outcomes; and interventions and strategies for improvement.
Almulhim et al. (2025) conducted a randomized controlled trial to assess “The Effect of Provision of Estimated Waiting Time on Patient Satisfaction with the Emergency Department.” The trial included 190 adult patients from the emergency department of King Fahad Hofuf Hospital in Saudi Arabia who were triaged at level 3 or higher on the Canadian Triage and Acuity Scale (CTAS). Participants were assigned to a control group or an intervention group, with the latter receiving information about estimated wait times. Almulhim et al. (2025) used Fisher’s exact test and the Mann-Whitney U test to compare satisfaction scores between the intervention and control groups. They found no statistically significant difference between the two groups. The central theme of Almulhim et al.'s (2025) study is communication about wait time. Therefore, the study falls short by focusing on the effect of communicating estimated wait times rather than on the actual impact of wait times in emergency departments on overall patient satisfaction. It does not analyze the specific components of wait time in the ER, including registration, triage, time to see a doctor, and total wait time. This study effectively captures these components, which will help identify the wait-time segments with the greatest impact on overall patient satisfaction.
Another study conducted by Alshamsi (2025) at Sheik Khalifa Medical City in the UAE examined “The Impact of Waiting Time on The Satisfaction of Patients with Laboratory Sample Collections.” The study used a quantitative cross-sectional design and a simple random sampling method to select 228 adult participants. Alshamsi (2025) found that 70% of participants reported satisfaction with waiting time, and that this satisfaction was positively correlated with overall patient satisfaction. However, the study was limited to laboratory services in a single hospital setting and did not break down waiting time into segments, which this research paper will address.
Asiri et al. (2025) conducted a systematic review of 7 studies from several countries to identify the “Factors Affecting Patient Satisfaction in the Emergency Department.” They also systematically searched PubMed and Google Scholar to identify relevant studies published between 2019 and 2022. Of the 7 eligible studies, 3 were cross-sectional, 2 were retrospective, 1 was a case study, and 1 was a randomized controlled trial. Asiri et al. (2025) identified waiting time for triage, doctor satisfaction, meeting expectations, and communication quality as key predictors of patient satisfaction in Emergency Departments. While the review identifies waiting time to triage as a major predictor of patient satisfaction in the ER and touches on communication, it fails to objectively measure the various segments of ER waiting time. This proposed research study will address this gap by using Pearson’s correlation to test linear relationships within each segment and multiple linear regression to identify which segments are the strongest predictors of patient satisfaction in the ER.
Hussein et al. (2025) evaluated a lean methodology to reduce waiting times and improve patient and staff satisfaction in the hospital. The researchers aimed to assess the post-pandemic impact of implementing a lean approach to optimize emergency nursing care in the ER. Hussein et al. (2025) used a mixed-methods approach involving three lean tools for data collection: the voice of the process observation sheet, the voice of the customer structured interviews, and the voice of the business interviews. The study was conducted in the ER of a private hospital in Egypt, and the researchers found that the average waiting time was 157.87 minutes, which accounted for 77.7% of the total hospital length of stay. With an average wait time of 92.46 minutes, consultation accounted for the longest delays. Hussein et al. (2025) also established that patient satisfaction with wait times was moderate at 61.74%. In contrast, hospital staff satisfaction with resources was slightly higher, at 71.09%, while satisfaction with patient wait times was low, at 63.1%. The main theme of the study is interventions and strategies for improvement. Nevertheless, the study failed to quantify the impact of each component of waiting time on satisfaction. My study addresses this gap by using regression analysis to assess the strength of the association between each waiting-time component and satisfaction, thereby guiding policymakers on where interventions will yield the greatest impact.
In another study, Jaramillo et al. (2024) investigated the impact of implementing a low-complexity emergency care protocol on the patient experience at a level 3 academic institution in Colombia. The study aimed to determine whether implementing a care strategy for patients with low-complexity emergencies in the ER of a level 3 institution improves patient satisfaction with the care received and reduces the number of patients who leave without being seen. The researchers conducted a retrospective observational study that examined the Net Promoter Score (NPS) of the entire ER to establish a protocol for patients with low-complexity emergencies and to assess the effect on the rate of patients who leave the hospital without being seen. The study included 22,743 patients in Colombia. They found that implementing care protocols significantly improved NPS from 44 to 53 (p=0.001) and produced a non-significant reduction in the median rate of patients living without care from 2.35% to 1.85%. The main themes of the study are patient outcomes and interventions. However, a limitation of Jaramillo et al.'s (2024) study is that it fails to measure how the interventions affect the various segments of waiting time; it is difficult to identify the process improvement or change that led to the increase in patient satisfaction.
Kenny et al. (2024) used a lean methodology to increase throughput in a fast-track care area within a busy urban ER without altering staffing levels. The researchers conducted a retrospective before-and-after analysis, which revealed reductions in overall patient length of stay (-9%, p=0.08), arrival-to-room time (-10%, p=0.4418), and emergency department-to-disposition time (-9%, p=0.03). Additionally, the rates of patients leaving against medical advice (-29.4%, p=0.006), those who eloped (-20.4%, p=0.049), and those who left without being seen (-5.3%, p=0.11) also decreased. In the study, the intervention theme is strong, but it does not explicitly assess patient satisfaction or specific wait-time components. The proposed study directly measures patient satisfaction scores and uses a multiple regression model to quantify the contributions of each waiting-time component.
Another study by Manukunar et al. (2025) examined factors affecting satisfaction with wait times using a mixed methods design across 4 Canadian E.Ds. The study included 766 survey participants and used interviews to collect data. Manukunar et al. (2025) found that patients who were well informed about delays reported significantly higher satisfaction (Adjusted OR: 2.13, 95% CI [1.48-3.99], P-value = 0.001) than those who were not informed. The study concludes that patients are more satisfied when they are informed about delays in advance. Therefore, the study's key theme is communication about waiting times. However, a major limitation of the study is that it failed to differentiate among segments of waiting time, including the wait for a triage nurse or a physician, a gap that this proposed research will address.
Mosleh et al. (2024) also conducted a retrospective cross-sectional study of 394 patients from public and private hospitals in the UAE. The study examined factors contributing to low satisfaction and long waiting times in emergency departments across the UAE. On a scale of 0 to 10, Mosleh et al. (2024) reported an overall satisfaction score of 6.82. Additionally, about 63.3% of participants reported that waiting time was a significant contributor to dissatisfaction. 46% reported that excessive reliance on computer systems and digital recording was a major barrier to reducing waiting times. In comparison, 42.7% cited overcrowded waiting rooms as a major barrier to waiting times, 38.1% pointed to understaffing, and 37.3% indicated that an inadequate number of examination or consultation rooms was a major barrier to waiting times. Overall, patients who visited private hospitals reported higher satisfaction than those who visited public hospitals (Mosleh et al., 2024). The main themes of the study include components of waiting time and communication. However, for this research proposal, the study fell short by measuring patient-reported perceptions of barriers to waiting time rather than the actual waiting time for each segment. Additionally, the study failed to quantify how long patients waited for registration, triage, and physician assessments.
Nyce et al. (2021) investigated the association between emergency department waiting times and patient experience among admitted and discharged patients. The researchers conducted a retrospective analysis of 3,278 ED patients, of which 1,477 were discharged from the ED and 1,680 were admitted. The researchers found that discharged patients had longer door-to-first provider and door-to-doctor times. However, their doctor-to-disposition, disposition-to-departure, and total ED times were shorter than those of their admitted counterparts. Additionally, for discharged and admitted patients with short hospital stays of less than 4 days, door-to-doctor time was significantly associated with a worse patient experience. This study is quite close to the proposed research because it addresses the components of waiting time. However, it falls short of analyzing registration and triage wait times as distinct components.
Lastly, Strobel (2024) conducted a study to investigate the effect of predicted emergency wait times on patient health and volume among those presenting for medical care. The researcher used a regression discontinuity design and found that an additional 30 minutes in predicted wait times reduces patient volume in urgent cares by 15% and in EDs by 2% for an additional 3-hour wait time. The study focuses on patient outcomes but fails to measure patient satisfaction. It focuses heavily on demand elasticity rather than on the experience of waiting. Additionally, it fails to analyze the various segments of waiting times, which this study proposes to investigate.
Hypothesis
There is a significant negative correlation between longer wait times in the emergency room, including the time taken to complete patient registration, triage assessment, and to see a medical doctor, and patient satisfaction scores. The longer the wait time, the lower the patient satisfaction scores; the shorter the wait time, the higher the patient satisfaction scores. The strongest negative correlation among all wait-time segments will be between the time taken to see a medical doctor and patient satisfaction scores. This hypothesis is supported by clinical research, which establishes that the phase before clinical evaluations is most strongly associated with reduced patient satisfaction and increased dissatisfaction (Alshamsi, 2025; Nyce et al., 2021).
Methodology and Approach
Study Design
	This research will use a non-experimental research design. Specifically, it will be correlational, focusing on describing the relationship between the study's independent variables, which encompass the wait time metrics, and the dependent variable, patient satisfaction, without any manipulation. The design aims to describe patterns and make predictions, but not to establish cause and effect. According to Perrin (2022), a non-experimental research design is distinct from an experimental or quasi-experimental research design in that it lacks cause-and-effect conclusions, independent variable manipulation, and random selection of study participants, and primarily uses descriptive statistics for analysis.
Data Source and Variables
	The study will use a secondary survey dataset from Kaggle.com. The data were originally collected for health services research and included identifiable responses from 5,000 study participants. They were gathered from multiple healthcare institutions, including teaching and non-teaching institutions, across both urban and rural settings. The dataset was obtained from a publicly accessible research database, and the original collection fully complied with the institutional review board's standards, including the removal of potential patient identifiers. The key independent variables are time to registration, time to triage assessment, time to see a medical professional, and total wait time. The dependent variable is patient satisfaction scores, ranked on a Likert scale from 1 to 5, with 1 indicating the lowest satisfaction (dissatisfaction) and 5 the highest. Therefore, these measures align perfectly with the validated concepts of this study. The study's control variables include region (urban or rural), day of the week, season, facility size, and patient outcome.
Population and Sample of the Study
	Because the study will use a secondary dataset, the population comprises all patient visits captured in the dataset across all 5 hospitals surveyed during the 1-year data collection period, including Springfield General Hospital, Northside Community Hospital, Riverside Medical Center, Summit Health Center, and St. Mary’s Regional Health. This will constitute the study population, and no sampling will be necessary.
Statistical Analysis
Prior to the analysis, the data will be cleaned by screening for missing values and outliers and checking for consistency. Imputation and winsorization techniques will be used to estimate missing data and limit the influence of outliers, respectively. While imputation is a pragmatic approach to managing missing data, winsorization mitigates the extreme effects of outliers in a dataset by clipping them (Lee & Yun, 2024; Sharma & Chatterjee, 2021). After cleaning the data, descriptive statistics, including frequencies, means, measures of variation, and range, will be used to summarize the data. In addition to descriptive statistics, inferential analyses, including Pearson’s r correlation analysis and multiple linear regression, will be used to test the study's hypothesis. 
Pearson’s correlation analysis will help determine whether a linear relationship exists between each wait-time variable (independent variable) and the patient satisfaction score (dependent variable). Multiple linear regression will be used to assess the predictive power of each wait-time metric for patient satisfaction scores. Given that the study uses secondary data and the only surveyed data in the dataset concern patient satisfaction, the fitting survey question that aligns with the dataset is:
1. How satisfied were you with your visit to the emergency room?
Response format: 5-point Likert scale in vertical format: (5= most points, 1=lowest points)
5. Very Satisfied
4. Satisfied
3. Neutral
2. Dissatisfied
1. Very dissatisfied
Metrics
The metrics that will be used for the study include patient satisfaction scores, which will be established using a mean on a Likert scale; the percentages of patients who are very satisfied, satisfied, neutral, dissatisfied, and very dissatisfied with their emergency room experience; and, lastly, the mean of the patient satisfaction scores across different patient outcomes. An analysis of statistical significance will be conducted by examining the P-values associated with the respective correlation coefficients at a significance level of 5%. For effect size, Pearson’s correlation coefficient will be used to assess the strength of the relationship between wait times and patient satisfaction scores, and the coefficient of determination (R2) will quantify the proportion of variance in patient satisfaction scores attributable to wait times in the linear regression model. IBM SPSS and Excel will be used for data management, descriptive statistics, Pearson’s correlation analysis, and multiple linear regression.


Expected Conclusion
Excessive emergency department wait times are a critical healthcare administration issue that directly affects operational efficiency in hospitals, adversely affects clinical health outcomes, and may deter patients from seeking emergency healthcare services. Based on existing literature, the study is expected to confirm the hypothesis that there is a significant negative correlation between waiting times in the emergency room, including longer times to complete patient registration, triage assessment, and to see a medical doctor, and patient satisfaction scores. The longer the wait time, the lower the patient satisfaction scores; the shorter the wait time, the higher the patient satisfaction scores. According to Strobel (2024) and Perrin (2022), the ER waiting-time segment with the strongest impact on patient satisfaction is the time to see a doctor. This variable will demonstrate the strongest negative standardized impact on patient satisfaction. To address excessive wait times in the ER, it is necessary to identify the ER segments that most directly affect patient satisfaction scores. 
Ethical Considerations and Data Governance
	Given that the study uses a secondary survey dataset, ethical considerations focus on data security, transparency, and responsible data reporting. First, the dataset did not contain any patient identifiers, and access to the researcher via the data repository was limited by the authentication process. No further IRB approval was needed because the patients were already de-identified. Additionally, the researcher will not attempt to identify the patient participants, and all findings will be reported accurately without selective omissions. Furthermore, the research acknowledges the possible limitations of secondary survey data analysis, including potential bias in the original data collection and the inability to independently verify data accuracy. These governance practices align with responsible conduct for research (Shah et al., 2025).
Research Survey Results
The secondary research survey dataset used for analysis in this study comprises records from five hospitals: Springfield General Hospital, Northside Community Hospital, Riverside Medical Center, Summit Health Center, and St. Mary’s Regional Health. The dataset includes 5,000 patients who visited the hospital in 2024 and participated in the study. The participants represent a full year of emergency department admissions across both urban and rural facilities. Additionally, each patient's data included complete information on the study's independent variables and the dependent variable. The study's dependent variable is patient satisfaction, while the independent variables include time to registration, time to triage, time to see a medical professional, and total wait time. Because the dataset was already cleaned, there were no missing variables. The participants had varying levels of treatment urgency, including critical, high, medium, and low.
Descriptive Statistics
	Descriptive analysis measures central tendency and dispersion. Table 1.0 below presents the descriptive statistics. The table shows significant variability across all waiting-time metrics. For instance, the minimum total waiting time is 4 minutes, while the maximum is 442 minutes. Additionally, the results indicate that the registration phase has the least variability in time range in the emergency room (66 minutes). In contrast, the medical professional’s phase has the greatest range (231 minutes), with a maximum of 233 minutes and a minimum of 2 minutes. 
Table 1.0 also indicates a mean total waiting time of 81.92 minutes, suggesting that patients generally experienced significant delays during their ER visits. In all the ER waiting phases, including time to registration, time to triage, and time to see a medical professional, the mean time to see a medical professional was the highest (45.39 minutes), and the time to registration had the lowest mean time (11.70 minutes). From Table 1.0, it is notable that the means of all median waiting time variables exceeded their respective medians, indicating positive skewness. This suggests that some patients experienced extraordinarily long waiting times, which pulled the mean waiting time upward.
	Table 1.0: Descriptive Statistics

	
	N
	Mean
	Median
	Mode
	Variance
	Range
	Minimum
	Maximum

	
	Valid
	Missing
	
	
	
	
	
	
	

	Time to Registration (min)
	5000
	0
	11.70
	8.00
	1
	108.937
	66
	0
	66

	Time to Triage (min)
	5000
	0
	24.83
	16.00
	3
	615.437
	162
	1
	163

	Time to Medical Professional (min)
	5000
	0
	45.39
	35.00
	12
	1268.783
	231
	2
	233

	Total Wait Time (min)
	5000
	0
	81.92
	60.00
	18
	4635.504
	438
	4
	442

	Patient Satisfaction
	5000
	0
	2.77
	3.00
	1
	2.029
	4
	1
	5

	Source: Author’s Own Construct (SPSS output)



	In addition to the descriptive statistics for the independent variables (see Table 1.0 above), Table 1.0 presents those for the dependent variable. The findings indicate that the mean patient score was 2.77, which falls between dissatisfied and neutral. This suggests that satisfaction levels among most patient participants were generally low to moderate, while the higher median of 3.00 indicates that fewer patients reported high satisfaction (4 or 5). Figure 1.0 below is a bar chart showing the distribution of patient participation scores. The figure shows that the highest percentage of patient participants (30.76%) reported being very dissatisfied with their ER visit, and only 11.1% reported being very satisfied.
[image: ]
Correlation Analysis
	Pearson correlation analysis was conducted to assess the linear relationships between patient satisfaction scores and various waiting time variables, including time to registration, time to triage, time to medical professional, and total wait time. The findings, presented in Table 2.0 below, reveal a significant negative linear relationship between all waiting-time variables and patient satisfaction scores (p < 0.01 for all independent variables). Total waiting time had the strongest negative correlation with patient satisfaction scores (r = -0.865), followed closely by time to medical professional (r = -0.858), then time to registration (r = -0.826), and, lastly, time to triage (r = -0.796). Given that the Pearson correlation values for all waiting time variables are close to -1 (>-0.7), there is a strong inverse relationship between patient satisfaction and waiting time. Therefore, the findings support the hypothesis that longer waits are associated with lower patient satisfaction, and shorter waits with higher satisfaction across all waiting phases and the overall waiting time.

	Table 2.0: Correlations

	
	Time to Registration (min)
	Time to Triage (min)
	Time to Medical Professional (min)
	Total Wait Time (min)
	Patient Satisfaction

	Patient Satisfaction
	Pearson Correlation
	-.826**
	-.796**
	-.858**
	-.865**
	1

	
	Sig. (2-tailed)
	.000
	.000
	.000
	.000
	

	
	N
	5000
	5000
	5000
	5000
	5000

	**. Correlation is significant at the .01 level (2-tailed).


Source: Author’s Own Construct (SPSS output)
Multiple Linear Regression Analysis
	The multiple linear regression analysis is helpful in this study for establishing which phases of waiting in the ER are the strongest predictors of patient satisfaction. Table 3.0 below reveals the results of the multiple linear regression analysis. Following the multiple linear regression model:
Y= ß0 + ß1X1+ ß2X2+ ß3X3
Where:
Y = Patient Satisfaction
ß0 = Constant
X1 = Time to Registration (min)
X2 = Time to Triage (min)
X3 = Time to Medical Professional (min)
Therefore, Y= 4.317- 0.039X1- 0.005X2- 0.021X3
	Table 3.0: Coefficients

	Model
	Unstandardized Coefficients
	Standardized Coefficients
	t
	Sig.

	
	B
	Std. Error
	Beta
	
	

	1
	(Constant)
	4.317
	.016
	
	266.720
	.000

	
	Time to Registration (min)
	-.039
	.002
	-.287
	-18.367
	.000

	
	Time to Triage (min)
	-.005
	.001
	-.082
	-5.318
	.000

	
	Time to Medical Professional (min)
	-.021
	.001
	-.534
	-32.143
	.000

	a. Dependent Variable: Patient Satisfaction


Source: Author’s Own Construct (SPSS Output)
	Due to perfect multicollinearity, as total wait time is the sum of time to registration, time to triage, and time to a medical professional, it is prudent to eliminate total wait time. This would help us identify the ER waiting phase as the strongest predictor of patient satisfaction. That said, as shown in Table 3.0, all three waiting time variables were significant predictors of patient satisfaction (p < .001). Additionally, the adjusted R-squared was 0.760, meaning the regression model explains about 76.0% of the variance in patient satisfaction (R-squared = 0.760, Adjusted R-squared = 0.760). The standardized coefficients also confirm the study’s hypothesis that the time taken to see a medical professional has the strongest negative impact on patient satisfaction (standardized Beta coefficient = -0.534). However, the time to registration has the largest per-minute effect. Therefore, for every minute delayed in registering a patient, the patient’s satisfaction level declines by 0.039, and for every minute delayed in seeing a medical professional, it declines by 0.021.
Discussion
	The research survey findings provide sufficient evidence to support the study's hypothesis that longer ER wait times are significantly associated with lower patient satisfaction. The results align with existing research, including studies by Nyce et al. (2021) and Mosleh et al. (2024). However, these findings go a step further by demonstrating that all components of ER waiting times, including time to registration, time to triage, and time to see a medical professional, negatively affect patient satisfaction. The study also confirms that among the components of ER waiting time, the time to see a medical professional has the strongest impact on patient satisfaction. This is shown by its largest standardized coefficient in the regression analysis and by the results of the correlation analysis. 
Aside from the components, the correlation analysis indicated that total waiting time had the strongest negative correlation with patient satisfaction scores. However, it was only slightly stronger than the time-to-medical-professional component. The findings, evidenced by P values < .01, are statistically and clinically significant, particularly because they suggest that delays in receiving medical attention in the ER directly affect patient satisfaction. Therefore, the study's findings guide healthcare administrators in prioritizing interventions to reduce the time a patient waits for initial contact with a provider after arriving in the ER.
The multiple linear regression model was found only to explain about 76% of the variance in patient satisfaction levels (Adjusted R Square = 0.760), which indicates that other factors, like those suggested by Asiri et al. (2025), including communication quality and expectations of seeing a medical professional, likely contribute to patient satisfaction too. Nevertheless, the derived regression model is an effective tool for predicting the impact of changes in wait-time components on patient satisfaction. This enables healthcare administrators to estimate the effects of intended interventions.
Conclusion
	There is a significant negative correlation between ER wait time and patient satisfaction. This negative correlation extends to the relationship between patient satisfaction and each component of wait time, including time to registration, time to triage, and time to see a medical professional. The longer the wait time in any phase of the ER visit, or the overall wait, the lower the patient satisfaction; the shorter the wait time, the higher the patient satisfaction. As indicated in the existing literature, including Strobel (2024) and Perrin (2022), the study confirmed that the time to see a medical professional has the strongest impact on patient satisfaction (β = –0.534), while the time taken to register a patient had the largest per-minute effect on patient satisfaction (B = -0.039). Therefore, given that excessive ER wait times directly impact the operational efficiency, clinical outcomes, and patient retention rate of healthcare institutions, healthcare administrators need to address the problem not only by reducing overall wait times but also by prioritizing the phases of waiting time that strongly affect patient satisfaction.
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