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Governance Gap — and a Software Delivery Gap




Executive Summary
Most retailers have adopted the vocabulary of experimentation without adopting its operating model. The dashboards exist; 

the A/B testing tools are licensed; the squads have agile coaches. And yet, the average retailer ships fewer meaningful 

changes in a quarter than a digital-native challenger does in a fortnight. The gap is not one of data, talent, or tooling. It is a gap 

in governance — how decisions are allocated, escalated, and ultimately made — and in software delivery velocity, the 

unglamorous but binding constraint on how quickly any decision can reach a customer.



This paper argues that experimentation is not a capability that can be bought and magically solve all problems. It is a set of 

choices about who can decide what, inside which limits, and how fast those decisions can be turned into code, products, and 

shelf-edge changes. We propose a framework — The Five Locks on Retail Experimentation — and identify the three mistakes 

most leaders are making right now: confusing dashboards with decisions, granting fake autonomy, and treating release velocity 

as an engineering concern rather than a strategic one.
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Why This, Why Now: 

Experimentation in the Age of AI
Retail experimentation is not a new conversation. The arguments for it — disciplined learning, customer-led iteration, evidence 

over opinion — have been made repeatedly for more than a decade. What has changed in the last twenty-four months is the 

cost of getting it wrong, and the cost of not having it at all. Three forces are converging, and each makes experimentation more 

central to retail strategy than at any previous point.



The first is that AI has collapsed the cost of producing customer-facing change. Product descriptions, hero imagery, email copy, 

recommendation logic, pricing variants, segmentation rules — all are now near-free to generate. The old constraint was “what 

can we build?” The new constraint is “which of the things we can now build actually work?” That is the question 

experimentation answers, and it grows sharper as the volume of plausible-looking changes accelerates. Without an 

experimentation discipline, AI does not produce better retail; it produces more retail, faster, with no mechanism to separate the 

working ideas from the noise. Zara has begun using AI to generate fashion imagery using real models in different outfits, 

compressing what was previously a photography production cycle. The technology is impressive. The question of which 

generated image converts better than which other is still a question only an experiment can answer.



The second is that AI-generated outputs cannot be trusted without validation. A recommendation model may hallucinate 

associations that look reasonable in a demo and convert badly in production. A personalisation engine trained six months ago 

may have drifted in ways that only surface at the basket level. An AI-generated promotion may produce technically-on-brief 

copy that quietly insults a customer segment. None of this is visible from a dashboard; all of it is visible from a controlled 

experiment. Trust in AI outputs, at the scale a retailer operates, is earned through testing rather than vendor assurance. The 

retailers who deploy AI without an experimentation harness are not running AI strategies; they are running AI hopes.



The third is that the competitive consequences of being slow have steepened. Marketplaces and digital-native challengers — 

Amazon, Temu, Shein, plus a long tail of category-specialist DTC brands — have compressed the price umbrella under which 

most established retailers operate. The room to absorb a bad decision has narrowed. At the same time, the half-life of a poorly-

judged customer experience has shrunk: screenshotted, posted, and circulated within hours. Brand risk is shorter-cycle and 

higher-velocity than it was even three years ago. The retailers gaining ground in this environment are not those making bigger 

bets; they are those making smaller bets more often, learning faster, and compounding the gains.



Set against this backdrop, experimentation stops being a sophistication play and becomes basic hygiene. The cost of producing 

change has fallen. The trustworthiness of automated change has fallen with it. The cost of getting change wrong has risen. A 

retailer operating without an industrialised experimentation capability in 2026 is not running lean; it is running blind.
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The Retail Experimentation Paradox
Retailers should be winning at experimentation. They have more behavioural data than almost any other sector — loyalty cards, 

basket-level transactions, store visits, app sessions, returns data, and increasingly retail-media ad impressions. Tesco’s 

Clubcard alone covers more than 20 million UK households, giving it a sample size most digital-natives would envy. Sephora’s 

Beauty Insider programme reportedly counts around 25 million members. Lidl, Boots, Sainsbury’s, Decathlon — every major 

retailer now sits on a behavioural dataset that, on paper, should make hypothesis-testing routine.



And yet the gap to digital-native competitors grows wider. Booking.com runs more than 1,000 concurrent experiments at any 

given moment, with a culture in which a designer’s homepage proposal is tested rather than approved. Amazon, Netflix, and 

Google deploy to production thousands of times a day. According to Google’s DORA research programme, top-performing 

engineering teams deploy on demand, recover from incidents in under an hour, and — crucially — speed and stability reinforce 

each other rather than trading off. The fastest teams are also the most stable.



The prevailing wisdom in retail is well-rehearsed: invest in the data stack, hire data scientists, set up a centre of excellence, 

license a personalisation engine. Most large retailers have done all of these — some more than once. It is not enough. We have 

watched programmes that promised “every decision data-driven” produce nothing more than a steady stream of decks 

circulated to stakeholders who, when results are inconvenient, find a reason to override them.



The truth, uncomfortable as it is, is that experimentation maturity does not arrive with the tool. It arrives — or fails to arrive — 

depending on five interlocking conditions: the quality of data, the placement of decision rights, the organisation’s appetite for 

distributed risk, the design of the reward loop, and the speed of the underlying build and release pipeline. Get one wrong and 

the whole system stalls. Get all five right and the compounding is extraordinary.
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Data-Driven, or Data-Decorated?
The first failure mode is the easiest to mistake for success: data-decorated decision-making.



In a data-decorated organisation, every recommendation comes wrapped in a chart. There is a dashboard for the quarterly 

review. The teams quote “directional” findings. The deck has a slide titled “What the data tells us.” And yet, when the chart 

conflicts with the senior view, the chart loses. This is the HiPPO problem — the Highest Paid Person’s Opinion — and it is alive 

and well in the boardrooms of retailers that have spent millions building analytics capability.



What separates data-driven from data-decorated is not the volume of data produced, but what the organisation does when the 

data is unwelcome. Booking.com is instructive here: the company tells the story, repeated in many retellings, of an incoming 

CEO whose preferred logo was tested rather than waved through, and lost. Tesco’s early Clubcard analysis famously prompted 

a board member to remark that the analysts knew more about Tesco’s customers after three months than the company had 

learned in thirty years. The point is not the anecdote. The point is that in both cases, the data was allowed to win.



“Directional” findings are the giveaway language of a data-decorated culture. They are how organisations smuggle pre-existing 

opinions through an analytics review. Either a test is powered to give a conclusion or it is not; if it is not, the answer is to design 

a better test, not to soften the result.

“In a data-decorated organisation, every decision 

comes wrapped in a chart. In a data-driven one, 


the chart is allowed to win the argument.”

The fix is not technical. It is cultural and procedural: a pre-registered hypothesis, a pre-agreed decision rule (what we will do if 

the test wins, loses, or is inconclusive), and a senior leader prepared to abide by it. Without all three, dashboards are theatre.
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Autonomy With Guardrails
The second failure mode is what we call fake autonomy.



Most retailers will tell you they have empowered, cross-functional product squads. Many do. But when you observe the actual 

flow of a decision — say, a change to the search ranking logic, or a new variant of the homepage — the squad still needs sign-

off from merchandising, legal, brand, sometimes the CMO directly. The squad is a delivery vehicle for decisions made 

elsewhere. That is not autonomy. That is a Gantt chart with stand-ups.



Real autonomy is narrower and harder. It requires three things. First, a clear customer outcome the team owns end-to-end, 

expressed in a metric they can move (conversion in a basket-size band, repeat purchase in a segment, time-to-find on category 

pages). Second, a pre-agreed risk envelope: how much revenue exposure, what regulatory boundaries, what brand-safety lines 

the team can move within without escalation. Third — and this is where most retailers fail — the right to ship inside that 

envelope without needing further approval.



Inditex is a useful counter-example to the fake-autonomy pattern. Across its brands — Zara, Pull&Bear, Massimo Dutti, Bershka 

and the rest — store managers and designers operate with unusual decision-making latitude: store-level ordering, daily 

feedback loops to design teams, two collection refreshes a week in the store. Each Inditex brand operates with significant 

independence in commercial and resource decisions, while sharing central services. The point is not to copy fast fashion’s 

specifics. It is to notice that the autonomy is real: a Zara store manager does not file a ticket to head office to change what is 

on the rail this week.



Contrast this with the more common retail pattern: a product team that can run an A/B test, but only on copy or layout; that 

needs the head of digital to approve a price test; that needs legal to sign off on every loyalty mechanic; that needs the CMO to 

approve any change to the homepage hero. Each of these gates may be individually defensible. Stacked, they make 

experimentation impossible at any meaningful cadence.



The solution is not to remove the gates. It is to move them upstream — into the risk envelope itself — so the gate is set once, 

and the team operates freely inside it.
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Speed as a Risk-Management Strategy
The third argument is the one most likely to be resisted in a boardroom, because it inverts the intuitive relationship between 

speed and risk.



The conventional view is that slower decisions are safer. More review, more rigour, more confidence in the outcome. The data on 

software delivery, accumulated over more than a decade by Google’s DORA programme, says the opposite. Top-performing 

teams are simultaneously faster and more stable than low performers. The fastest teams have lower change-failure rates, 

faster recovery from incidents, and shorter lead times. The slow teams concentrate risk: they ship rarely, in large batches, and 

when something breaks, it breaks comprehensively.



The same logic applies outside engineering. Consider a fulfilment promise — say, expanding next-day delivery to a new region. 

A retailer that treats this as a single decision must weigh the worst-case downside (over-promising, missing SLAs, brand 

damage) against the upside. Risk-averse leaders will defer, sometimes for quarters. A retailer that treats the same problem as 

a sequence of small experiments — three postcodes, then ten, then thirty, with real telemetry at each step — has the same 

upside, but with a fraction of the downside exposure at any single point.



This matters at the boardroom level for one specific reason: large, infrequent decisions look like prudence and behave like 

gambling. Small, frequent decisions look like noise and behave like portfolio investing. The retailers that have understood this 

— Ocado in fulfilment automation, Inditex in collection iteration, Booking.com in product surfaces — are not braver. They have 

simply learned to size their bets differently.

“Large, infrequent decisions look like prudence and 
behave like gambling. Small, frequent decisions look like 

noise and behave like portfolio investing.”
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Personalisation and Loyalty as 

Compounding Experiments
The fourth section addresses two related dysfunctions: shallow personalisation and discount-disguised-as-loyalty.



Most personalisation in retail is not segment-of-one. It is segment-of-twelve. A homepage hero rotated by broad demographic, 

an email subject line A/B tested by gender, a recommendation engine that surfaces what people-like-you bought last week. 

This is useful — incrementally — but it is not personalisation in the sense the audience has been promised for a decade. True 

personalisation is a long-running experiment in customer value, where the unit of learning is the relationship, not the 

transaction. The question is not “did this email convert?” but “does this customer believe we know them better than the 

competition does, twelve months from now?”



Loyalty has the same problem in a different costume. Most loyalty programmes are discount programmes with a card on top. 

They reward the customers who would have purchased anyway, and they cost margin to do it. The exceptions are instructive. 

Tesco’s Clubcard, in its original form, was not primarily a discount mechanic; it was a data-acquisition mechanic. The analytics 

work behind the programme turned transaction data into a strategic asset that re-shaped ranging, pricing, and supplier 

negotiation — and decades later, became the foundation for Tesco Media & Insight, a retail-media business in its own right, 

drawing on the dataset of more than 20 million households.



Sephora’s Beauty Insider is structured as much around data exchange and community as it is around points; the value comes 

from what the brand learns about the member, not from the percentage off.



The reframe is straightforward but rarely operationalised: treat loyalty as a long-running experiment in earned permission, 

where each member’s data exchange must produce a visibly better experience for that member, or the trust contract erodes. 

Treat personalisation as the surface of that contract — the place the customer notices, or does not notice, that the relationship 

is delivering. Done this way, loyalty and personalisation compound. Done badly, they decay into a discount line in the marketing 

budget and a recommendation widget no one clicks.
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Without Delivery Velocity, 

Experimentation Is a Slide Deck
The fifth element is the one most often missing from leadership discussions of experimentation, because it sits below the 

strategic waterline: the underlying build and release pipeline.



You can have the best data scientists, the most autonomous product teams, the clearest customer outcomes, and a chief 

executive who genuinely believes in evidence. None of it survives a release process that takes six weeks. If the team can 

hypothesise, design, and analyse an experiment in two days but cannot ship the winning variant for two months, the strategy is 

fiction.



DORA’s research is unambiguous on this point: elite-performing teams deploy on demand, often multiple times per day, with 

change-failure rates below fifteen per cent and recovery times under an hour. Low-performing teams deploy once a month or 

less, and recover from incidents in days or weeks. The gap between the two is not incremental — it is, in DORA’s framing, 

exponential.



For most large retailers, the build and release pipeline is the binding constraint. Legacy monoliths, weekly release trains, 

manual QA gates, change-advisory boards meeting fortnightly: each is individually defensible, and collectively they make rapid 

experimentation impossible. No experimentation programme survives them. The C-suite often funds the data and 

personalisation layer enthusiastically and treats the platform layer beneath as a cost line.



This is the wrong way around. Release velocity is not an engineering metric; it is the rate at which an experimentation strategy 

can produce customer value. It belongs on the CEO’s dashboard alongside conversion, basket size, and gross margin. Without it, 

every other investment in experimentation is a slide deck.

“If your release pipeline takes a fortnight, 

your experimentation strategy is fiction.  

No tooling investment compensates for a build  
that cannot deploy what the tests have proven.”
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A Framework: 

The Five Locks on Retail Experimentation
A practical leadership team can diagnose its experimentation maturity by asking which of the following five locks are open and 

which are still closed. Each is independently necessary; collectively they are sufficient.

Lock 1 — Data

Do the teams running experiments have direct, low-latency access to the behavioural data they need, including loyalty and 

store data? Or is data still a request-and-wait service from a central team?

Lock 2 — Decision Rights

Are decisions delegated to the smallest unit of accountability with the relevant context, or do they escalate by default to the 

most senior person available?

Lock 3 — Risk Appetite

Is there a pre-agreed risk envelope inside which teams can ship without further approval — including financial exposure, brand, 

and regulatory constraints? Or is risk re-litigated every time?

Lock 4 — Reward Loop

Does the organisation reward what was learned, including from losing experiments? Or does it implicitly reward only the 

experiments that won, encouraging teams to test only safe ideas?

Lock 5 — Release and Build Velocity

Can a team ship a winning variant the day the test concludes? Or does the winning variant queue behind a release train, a 

change board, and a regression cycle?
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What Changes in the Next Three to Five Years
A useful piece of empirical ground first: at the best digital-native operators, the proportion of experiments that produce a 

positive outcome is in the single digits to low double digits. Airbnb has publicly cited a win rate around eight per cent. 

Booking.com, around ten. Bing, the outlier, around thirty after two decades of industrialised practice. The implication is 

uncomfortable but freeing: roughly eight in ten changes a retailer ships are, at best, neutral. Experimentation is not how you 

ship more confident bets. It is how you find the small minority of changes that actually work — which can only be done by 

shipping enough of them. Volume is the strategy. Speero’s 2025 Experimentation Maturity report estimates that fewer than one 

in ten organisations have reached what it calls “transformative” maturity. The headroom is large; so is the moat for those who 

close it.



Three shifts will sharpen the gap between retailers who have done the governance work and those who have not.



The first is the AI paradox. Test cycles are collapsing toward hours — hypothesis generation, variant build, traffic allocation, and 

analysis are all becoming agentic. But the same wave of AI coding tools is putting roughly four times the code volume into the 

delivery pipeline, which then has to be tested, secured, deployed, and verified. Inner-loop productivity has rarely been higher; 

outer-loop pressure has rarely been worse. A single experiment can pass through twenty or more gates between commit and 

customer — unit tests, integration tests, security scans, change approvals, deployment verification, rollback readiness. 

Retailers measuring only the front end of the experimentation cycle will conclude they are getting faster, while the queue 

between a winning test and a live change grows. The bottleneck is shifting decisively from “can we run the test?” to “can we 

ship the result through the pipeline before the insight goes stale?”



The second is the shift from campaign-led to always-on personalisation. Quarterly campaigns will not disappear, but the unit 

of personalisation work will move from the campaign to the moment. This will expose retailers who have built personalisation 

as a marketing capability rather than a product one; moment-level personalisation is a product-team job, sitting on top of the 

loyalty dataset and inside the delivery pipeline.



The third — and this is opinion, flagged as such — is that “experiment debt” will emerge as a board-level concern, in the same 

way that technical debt did over the past decade. Boards will start asking how many proven-winning experiments are currently 

queued behind the release pipeline, how many losing variants are still live because no one has prioritised removing them, and 

how many supposedly-personalised experiences are running on segmentation logic from three years ago. The metric matters 

less than the question becoming standard.



Governance and automation policies will need to keep pace. As experimentation throughput rises, the risk envelopes and 

brand-safety guardrails need to be encoded in the platform rather than enforced by committee — otherwise the meeting 

overhead grows in lockstep with the test count, and the velocity gain is lost.
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Closing
The retailers who win the next decade will not be those with the best data. They will not be those with the best AI. The data 

and the AI are increasingly commoditised, and the gap between best-in-class and good-enough is narrowing each year.



The retailers who win will be those whose product teams can act on what the data says before the meeting ends — adjust 

strategy, build new experiences, and ship them into the hands of customers while the insight is still warm. That capability is not 

procured. It is governed into existence: through how decisions are delegated, how risk is bounded, how velocity is measured, 

and how the underlying pipeline is funded.



Experimentation is not a nice-to-have. It is the operating model of a retailer that intends to remain relevant. The question is not 

whether your organisation believes in it. The question is how many of the five locks are still closed.

References and Source Notes
Booking.com’s scale of concurrent experimentation and its decentralised culture are documented in Stefan Thomke’s Harvard 

Business Review case study “Building a Culture of Experimentation” (March 2020) and in repeated public statements from the 

company’s former Director of Experimentation, Lukas Vermeer.



Clubcard household reach and the launch of Tesco Media & Insight (powered by dunnhumby) are reported by Marketing Week 

(December 2021) and InternetRetailing (2025).



Sephora Beauty Insider membership figures and programme structure are drawn from McKinsey personalisation research and 

Sephora’s own public communications.



Software delivery performance benchmarks for elite, high, medium and low performers are from the DORA programme 

(dora.dev) and the annual Accelerate State of DevOps report published by Google Cloud.



Inditex group structure, brand autonomy, and operating model details are taken from the company’s investor and corporate 

publications.

© Harness Inc. 2026 harness.io



The Al-Native Software Delivery Platform

Follow us on Contact us on

/harnessio www.harness.io

/harnessinc


