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@ Varied patient progression and pathology
@) Limited number of specific biomarkers to monitor disease progression

@ No resource that proper|y integrates disparate, multi-omic data sources Figure 3. Enrichment of known PD targets from MultiXrank gene prioritizations of 15,703 genes from PD-KG. The
curve demonstrates the recovery of 49 high-confidence targets (Minikel et al.)® from the PD-KG genes. Well studied

genes involved in PD are provided in an accompanying table, showing how they ranked.®
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Our Solution: A knowledge graph to empower Parkinson’s disease researchers
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e Ranked known PD targets highly showing PD-KG is suitable for identifying novel targets

Heterogeneity of @Eﬁ%@g e e Graph heterogeneity enables accurate mechanistic contextualization via pathway

PD-KG enables enrichment analysis
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Contextualize results using the broader ‘ P Figure 5. (A) A decoding ed.ge predlgtlon model was applled to the HGT-based embeddlngs fgr allled.ge.types, and .
Gene P Pathway ROC-AUC curves are provided for disease-gene and disease-phenotype node pairs. (B) Cosine similarity of embeddings
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Conclusions and Future Directions

Large, multi-omic PD-KG applicable to clinical and genomics focused analyses.
Network-Based prioritization approaches perform well on target prediction tasks

Embedding based approach to edge prediction.
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relevant to PD.

GNN-based embeddings accurately predict both PD-relevant and other held-out
relationships and demonstrates neurological-disease relevant context, will be
applied to patient subtyping and target prediction tasks.
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