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Executive Summary
The Hidden Barrier to Contact Center AI: Your Knowledge Infrastructure.
Enterprise contact centers are racing to deploy AI—agent copilots, virtual assistants, predictive models, and 
more. But the biggest barrier to success isn’t the model. It’s what the model is fed.

If your knowledge management (KM) isn’t structured for AI, your AI won’t work.

Even the most powerful technology will fail if the underlying knowledge is outdated, fragmented, 
contradictory, or too long for AI to reliably process. KM is so much more than just content hygiene – in the era 
of AI, it’s critical infrastructure.

This practical guide is for CX, Ops, and IT leaders tasked with turning AI investments into business outcomes. 
Whether you’re aiming to improve containment, deflect routine contacts, reduce handle time, or boost CSAT, 
you need a knowledge foundation that AI can trust, scale, and act on.

What You’ll Learn:
•	 Why even advanced AI fails when fed unmanaged, unstructured knowledge

•	 How KM design directly affects bot containment, agent performance, and customer trust

•	 The five pillars of KM governance required to scale AI in production

•	 How to diagnose whether your existing knowledge is helping—or hurting—your AI investments

•	 SPAR’s 3-phase framework for transforming knowledge into a performance layer

Throughout, we’ll show real-world scenarios, surface common failure patterns, and give you a clear 
roadmap for making KM the backbone of your AI strategy.

In a world of copilots and AI agents, AI without structured knowledge is simply guesswork at scale.

This guide shows you how to prepare your knowledge for AI before your next initiative stalls.
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The KM Blind Spot
Most failed AI initiatives don’t start with technology gaps. They start with wrong 
assumptions.

In many enterprises, knowledge management is still viewed as a support function—more compliance than 
strategy. It’s considered hygiene, documentation, or post-launch enablement.

As a result, it’s often:

•	 Underfunded

•	 Owned by roles without design authority

•	 Disconnected from AI and automation teams

But this framing is outdated – and operationally dangerous.

If you treat knowledge like backend hygiene, then your AI will always underperform. But, when you treat it as a 
delivery system, it becomes the backbone of performance.

If the knowledge layer is outdated, fragmented, or unstructured, every AI use case built on top of it will 
underperform.

•	 Bots won’t return consistent answers

•	 AI agents won’t be able to take action

•	 Copilots will misguide and frustrate agents

•	 Routing logic will falter

•	 Coaching systems will lack insight

When knowledge is deprioritized, AI becomes fragile: expensive to implement, difficult to trust, and slow to 
scale.

When knowledge is designed for AI and automation from day one, performance improves across every 
channel.
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What This Means for You
If you’re responsible for CX, AI, automation, or operational design, start with KM.

Whether your team owns agent enablement, AI program delivery, or enterprise knowledge governance, the 
mandate is clear:

	 Before you implement AI, structure the knowledge.

	 Before you deploy the copilot, align the source of truth.

Every AI and automation layer depends on the quality of its inputs. If the content isn’t designed to be 
retrieved, interpreted, and trusted by AI, the model will either fail quietly, or even worse, publicly.

The rest of this book shows you how to design for success, starting with the knowledge layer beneath every AI 
initiative.

Anatomy of a Broken Knowledge Ecosystem
What AI processes and what you assume it sees are rarely the same.

Many leaders believe their knowledge base is “good enough.”

Thousands of articles. A search bar. Someone nominally assigned as content owner.

But when we assess these systems, we often find something else entirely: a patchwork of inconsistencies, 
gaps, and structural barriers that AI doesn’t have the capability to overcome on its own.

What AI Actually Encounters
Imagine you’re deploying an AI agent to handle billing inquiries. The 
model is solid. Intent recognition works. Routing is configured.

Then… it fails. Publicly. Repeatedly. And no one can explain why.

Here’s what the AI typically runs into behind the scenes:

•	 Overwritten articles: Dense, jargon-filled paragraphs with no 
extractable answers.

•	 Conflicting guidance: Multiple articles offering different instructions 
for the same issue.

•	 Token overload: Chunks of text too long for LLMs to parse or 
summarize within token limits.

•	 Stale content: Outdated articles still ranking high in search, never 
flagged for removal.

And to make matters worse, there is often no feedback loop to account for agent complaints and usage 
data, which means knowledge never improves and falls prey to entropy.

So while it may appear that the AI is malfunctioning, in reality, it’s pulling from broken and suboptimal inputs.
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The Illusion of “Having KM”
Having a knowledge base doesn’t mean you have a 
knowledge system.

Without governance, version control, and 
accountability, your knowledge content becomes a 
liability:

•	 Agents work around it because they’ve lost 
trust.

•	 Bots guess when they can’t parse ambiguity.

•	 Errors persist because no one owns corrections.

•	 AI scales the problem, not the solution.

Broken knowledge doesn’t just underperform; it 
introduces systemic risk.

The Consequences in the Real World

We’ve seen the downstream impact firsthand:

•	 A copilot surfacing four conflicting refund policies during a single interaction.

•	 A chatbot hallucinating steps because the official knowledge failed to include them.

•	 An agent turning to Slack for answers because the source article took 18 clicks to reach

These aren’t isolated anecdotes; they’re symptoms of deeper breakdowns, and as a consequence:

•	 Handle times rise.

•	 Agent trust declines.

•	 AI initiatives quietly underdeliver.

And it often takes months before anyone asks the question that explains it all:

What knowledge did this AI rely on, and was the knowledge ever structured to support the initiative? 
 
In the next section, we define what AI-ready knowledge looks like—and how to design it before your next 
initiative repeats these same failure patterns.
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AI Use Cases That Require Strong KM
Every high-value AI use case depends on inputs the system can trust, not sophisticated 
technology alone.

AI is no longer theoretical in the contact center. From agent copilots to self-service bots to predictive 
analytics to AI voice agents, leaders are actively piloting and scaling new capabilities.

But performance depends on more than model sophistication; it depends on the structure, clarity, and 
governance of the knowledge that powers them.

That’s the hidden dependency behind nearly every success story, and also every failure.

Agent Copilots
AI copilots support agents in real time. They retrieve the right knowledge, propose policy-compliant next 
steps, and draft summaries for review. They do not infer policy from prose. They depend on structured, 
governed knowledge to perform reliably.

Use case: In-call support, real-time guidance, auto-summarization

In practice: Billing adjustment dispute

During a billing call, the copilot uses the live transcript to retrieve the canonical “Adjustment Eligibility” 
knowledge object. It then checks the customer’s plan attributes and effective dates via CRM or policy 
systems and applies the relevant exceptions. The copilot proposes a step sequence for resolution with 
citations, and pre-fills the case notes in your summary template. The agent reviews and accepts, and the 
system writes the structured notes and dispositions back to CRM.

When knowledge is fragmented or stale, and plan/policy data isn’t accessible, copilots hesitate, surface 
conflicting guidance, and draft summaries that require rework. Customers wait longer, agents repeat 
questions, first-contact resolution falls, recontacts rise, and confidence in the copilot—and CSAT—declines.

When KM is strong:
•	 Agents get accurate answers without manual searching

•	 Copilots suggest compliant next steps with clear citations

•	 Summaries are fast, consistent, and require minimal edits

•	 Exceptions are handled through explicit alternate paths

•	 Freshness and ownership are visible at the point of use 
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When KM is weak:
•	 Longform prose exceeds context windows and slows response

•	 Conflicting sources create hesitation and incorrect suggestions

•	 Policy dates and jurisdictions are unclear, leading to errors

•	 Summaries are inconsistent and require rework

•	 Adoption drops as confidence fades

Bottom line: Copilots are only as strong as the knowledge they 
consume.

Self-Service Bots
Self-service bots do not have common sense. They follow knowledge. When knowledge is structured for 
machine use, bots guide decisions, resolve issues, and keep CX consistent. When knowledge is written for 
human scanning, bots guess, loop, and hand off late.

Use case: Customer-facing deflection, step-by-step troubleshooting

In practice: Warranty check for a malfunctioning device

A customer initiates a warranty check for a malfunctioning device. The bot follows knowledge that defines 
the required inputs, the order of questions, and the eligibility rules. It captures model and purchase 
date, validates eligibility, then walks the customer through a diagnostic sequence with clear pass or fail 
checkpoints. If replacement criteria are met, the bot requests the minimal proofs allowed and submits an 
RMA through defined tool contracts with input schema and validation. If the case requires a human, the bot 
escalates with a compact packet that includes the conversation summary, steps attempted, relevant IDs 
and timestamps, and policy citations. Secrets are never exposed. 

When knowledge is long-form or ambiguous, decision paths and eligibility rules are missing, and tool 
contracts are undefined, bots ask vague questions, loop, and escalate late without context. Customers 
repeat information, abandon self-service, containment falls, recontacts and cost to serve increase, and 
satisfaction declines.

When KM is strong:
•	 Bots provide accurate, structured answers aligned to policy

•	 Customers resolve issues independently with clear next steps

•	 Escalations include the right context, evidence, and citations

•	 Disambiguation reduces loops and abandonment

•	 True containment improves without sacrificing safety or 
compliance
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When KM is weak:
•	 Bots confuse or mislead customers with generic prompts

•	 Containment falls and recontacts increase

•	 Late or context-poor escalations force customers to repeat information

•	 Policy nuances are missed; risk and exceptions grow

•	 Satisfaction erodes as trust in AI declines

Bottom line: AI does not fail because it is not human. It fails when the knowledge layer is not prepared for it.

AI Routing
AI routing uses knowledge signals to infer intent and context, then sends work to the right place the first 
time. Without a shared taxonomy and governed signals, routing turns into guesswork that drives transfers, 
recontacts, and cost.

Use case: Intent-based routing, predictive triage

In practice: Prior authorization request

An inbound message mentions a specialty medication and approval. The system classifies intent and sub-
intent using your defined taxonomy and extracts key entities (medication name, program). It then looks 
up the member’s plan tier, entitlement, and jurisdiction from CRM/policy data. Routing policies (stored in 
knowledge) map these signals to the licensed queue with the right skills and priority. Supervisors see a 
concise “why-routed” explanation (intent label, matched policy, key account attributes) and can override; 
overrides are fed back to improve the model. If confidence is low or required signals are missing, the case 
goes to a triage queue with a “needs disambiguation” tag.

When signals and taxonomy are incomplete or inconsistent, and entitlement or language lookups aren’t 
available, routing confidence drops and work lands in generic queues or pinballs between teams. Customers 
repeat details, time-to-right-queue stretches, transfers rise, SLAs are missed, and frustration grows

When KM is strong:
•	 Signals consistently guide AI to the correct queue and skill 

profile

•	 Transfers decline, and time-to-right-queue improves

•	 Entitlement and priority rules are applied before assignment

•	 Supervisors see an explanation and overrides feed continuous 
improvement

•	 Sensitive segments (language, region, compliance) route to 
qualified teams
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When KM is weak:
•	 Incomplete or ambiguous signals cause misroutes

•	 Handoffs increase, and customers are forced to repeat 
information

•	 VIP or regulated cases are mishandled, and SLAs are missed

•	 Queue ownership is unclear, and work pinballs between teams

•	 Cost rises as frustration grows

Bottom line: Smart routing begins with structured knowledge. Define 
the taxonomy, map intents to queues, and make routing decisions 
explainable.

Predictive Coaching and WFM
AI should improve today’s interactions and tomorrow’s performance. When knowledge use is instrumented 
and joined to outcomes, coaching becomes targeted and staffing plans become evidence-based.

Use case: AI-assisted coaching, workforce planning

In practice: Post-call coaching and staffing

After each call, the system records which knowledge objects were retrieved, which copilot suggestions were 
accepted, and the resulting outcomes such as handle time, recontact, and compliance flags. A coach sees 
a recurring gap: Step 3 of the verification procedure is often skipped on renewals. They assign a three-minute 
micro-lesson linked to that step and pin the corrected procedure in the copilot. Workforce management 
schedules short practice windows for the renewal queue and ensures the right mix of skilled agents during 
the policy change period. Over the next reporting cycle, recontacts on renewals decline and new-hire time-
to-proficiency improves. The procedure owner updates the article with a clearer checkpoint and an effective 
date, closing the loop. 

When knowledge use isn’t instrumented and linked to outcomes, coaching reverts to generic scorecards. 
Dashboards look busy but aren’t actionable, and improvements don’t stick. WFM chases averages, pockets of 
rework persist, and recontact climbs.

When KM is strong:
•	 Knowledge objects have IDs and owners, so use can be tied to outcomes

•	 Coaches target specific steps with exemplars and micro-lessons

•	 Copilot prompts reinforce the same procedure in flow of work

•	 WFM aligns schedules and skilling to practice the targeted behaviors

•	 Improvements persist because procedures are updated and versioned
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When KM is weak:
•	 Dashboards rely on vanity KPIs and miss behavior change

•	 Coaching is generic and not linked to specific steps

•	 Copilot and KM drift, so guidance and scoring are misaligned

•	 Schedules do not account for practice or new policy ramps

•	 Learning stalls and recontact remains high

Bottom line: Instrument knowledge use and link it to outcomes. That is how coaching changes behavior and 
WFM turns insight into capacity.

AI Agents
AI agents do more than answer. They act. They verify identity and entitlement, choose a policy-compliant 
path, call tools and APIs, and complete tasks. Without executable knowledge (policies, procedures, eligibility 
rules, exception paths, and tool contracts), agents stall, loop, or take risky actions.

Use case: End-to-end task resolution, authenticated self-service, account and order changes, appointment 
scheduling, tier-1 triage

In practice: Address change

A customer requests an address update in chat or voice. The agent follows knowledge that specifies 
verification proofs and order of operations. It confirms identity and entitlement against CRM or IAM, gathers 
required fields in the defined sequence, and calls the update API using a tool contract that enforces schema 
and validation. The agent confirms success back to the customer, sends a recap, and records an auditable 
action log with citations. If confidence is low, policy blocks the change, or a check fails, the agent escalates 
with a structured packet that includes the conversation summary, steps taken, relevant IDs and timestamps, 
and policy references. Voice interactions observe latency budgets and apply required redaction.

When executable knowledge and guardrails are missing, agents stall or act inconsistently; verification is 
skipped, API calls fail, and escalations lack context. Customers wait longer and repeat information, first-
contact resolution falls, recontacts and transfers rise, CSAT and trust decline, and volume shifts back to 
assisted channels, raising cost to serve.

When KM is strong:
•	 Verification and entitlement checks occur before any action

•	 Inputs are gathered and validated in the correct order

•	 Tool calls succeed and duplicates are prevented by idempotency rules

•	 Handoffs include a structured action log with citations and remaining next 
steps

•	 Voice agents meet latency targets and follow redaction rules
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When KM is weak:
•	 Verification is skipped or out of sequence; the agent asks the wrong questions

•	 Conflicting or stale policies block actions or produce silent failures

•	 Tool calls fail on schema mismatches; partial updates require rework

•	 Escalations lack context and customers must repeat information

•	 Containment falls and trust declines

Bottom line: Trusted agents require trustworthy, executable knowledge.

Knowledge as Critical Infrastructure

 
AI systems don’t operate in a vacuum; they rely on structured, reliable inputs. 

AI without structured knowledge is like building a skyscraper on sand – big things are promised, but the 
foundation can’t hold. It looks impressive at launch, but it is unstable in production.

Every contact center use case – copilots, bots, AI agents, routing, coaching – rises or falls on the strength of 
the knowledge layer behind it.

That’s why KM is so much more than just content management. It’s truly the critical infrastructure for any AI 
initiative.

In the next section, we define the attributes of AI-ready knowledge to help you evaluate whether your current 
content is enabling AI or quietly constraining it.
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What AI-Ready Knowledge Actually Looks Like
AI underperformance is rarely a model problem – it’s almost always a content problem.

Many teams assume that if knowledge exists, it’s usable.

If it’s searchable, it’s sufficient.

If it’s published, it’s ready.

But what works for human agents doesn’t necessarily work for LLMs.

AI doesn’t skim. It doesn’t infer. It doesn’t reconcile conflicting 
instructions or extract the one relevant step buried in paragraph six. It 
consumes tokens – structured, sequential inputs – and acts on what it 
sees.

And, while reasoning capabilities in AI continue to improve, they should 
not be relied on to resolve ambiguity in uncontrolled environments.

That means your content structure doesn’t just influence AI performance; it determines it.

To enable any AI initiative, whether it’s a copilot, bot, or intelligent routing, your knowledge needs to meet five 
criteria.

The Five Attributes of AI-Ready Knowledge
1.	 Modular

Knowledge must be broken into discrete, reusable units—one task, one article, one intent at a time.

Sprawling pages, multi-step documents, or nested processes confuse LLMs and reduce retrievability.

	 Long-form content can be useful for training models.

	 But in production, modular content beats long-form, narrative content every time.

2.	 Token-Structured

Large language models operate within strict token limits. If your content exceeds those thresholds, it may be 
truncated or ignored entirely.

Effective knowledge design prioritizes brevity, front-loads essential information, and ensures critical guidance 
stays within the model’s token limit and functional range.

	 Don’t bury the lead in paragraph six. AI might never reach it.



Knowledge-First AI

14 www.sparsolutions.com

3.	 Search-Optimized

Most AI applications use retrieval-augmented generation (RAG). That means the quality of your results 
depends on the quality of your search, not just your answers. Tagging, metadata, chunking, and embeddings 
all influence what gets surfaced

	 If the right article doesn’t show up, the AI won’t answer correctly—even if the knowledge exists.

4.	 Consistent

Contradictions confuse AI. If two articles conflict, the model won’t choose the best one—it will reflect both.

To support AI, your content must align across teams, products, and use cases.

	 In an omnichannel world, inconsistency doesn’t just break trust—it breaks functionality.

5.	 Governed

Without ownership, version control, and review cadences, your knowledge will drift—and AI will scale those 
errors.

Governance isn’t a back-office process. It’s a frontline dependency for AI.

	 If no one owns it, no one will notice when it fails.

These aren’t recommendations to account for edge cases. They’re preconditions for AI to function at scale.

If your knowledge doesn’t meet this standard, your strategy is already at risk.

In the next section, using SPAR’s Knowledge-First Framework, we’ll show how these five principles translate 
into operational practice.
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SPAR’s Knowledge-First Framework
When you treat knowledge as infrastructure, AI becomes scalable.

After more than a thousand enterprise deployments, one 
pattern holds:

The probability of success for every AI initiative is strongly 
correlated with the quality of the knowledge underlying it.

AI projects succeed when knowledge is structured, governed, 
and designed for machine use, yet most organizations struggle 
to operationalize that insight. They know their content is bloated, 
governance is inconsistent, and AI underdelivers. But they rarely 
know where to begin correcting these issues.

To address this, we developed the Knowledge-First Framework, 
which ensures diagnostic insight leads to action — and action 
leads to measurable performance at scale.

The framework unfolds in three phases:

1.	 Current-state diagnostic

2.	 AI-structured knowledge design

3.	 Activation and optimization

Phase 1: Current-State Diagnostic
Audit what exists. Identify what’s structured for AI and automation. Map what’s missing.

We begin by assessing the structure, accessibility, and AI readiness of your knowledge ecosystem not just 
what’s published, but what’s truly retrievable and usable by AI.

We assess:

•	 Content structure and sprawl

Are articles modular or monolithic? Task-based or document-heavy?

•	 Findability and surfaceability

When bots or agents search, are the right answers retrieved quickly and reliably?

•	 Token-structured readiness

What percentage of your content exceeds LLM token thresholds—and what critical detail gets lost?

•	 Governance and update workflows

Is content ownership clear? How frequently is it reviewed and updated?

•	 System overlaps and fragmentation
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Are there multiple sources of truth across teams, tools, or platforms?

This is more than a simple content inventory. It’s a structured diagnostic of which knowledge supports AI 
performance—and which knowledge undermines it.

Phase 2: AI-Structured Knowledge Design
Restructure the content. Embed governance. Scaffold for AI.

Once we have the diagnostic, we move into system-level redesign—turning your knowledge base into a 
performance layer.

We deliver:

•	 Modular content rewrites

Articles are restructured into optimized, LLM-ready, task-
oriented blocks.

•	 Governance framework

We define content ownership, review cadence, and 
quality assurance processes.

•	 AI metadata scaffolding

Each article receives tagging, embeddings, and 
taxonomies to improve search and retrieval.

•	 Handoff schemas

We define which knowledge powers which use case, and 
how transitions are managed between AI, automation, 
and humans.

This is beyond content hygiene. This phase delivers a knowledge system that scales with your business, 
enhancing the performance of AI initiatives and any team that relies on knowledge.

Phase 3: Activation & Optimization
Launch with clarity. Improve with feedback. Keep humans in the loop.

The final phase focuses on go-live execution—rolling out your knowledge in deliberate stages and creating a 
closed-loop refinement cycle.

We drive:

•	 Sequenced activation

Rollouts by channel, use case, or region to reduce risk and increase adoption.
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•	 Integrating analytics

Usage metrics, search failure logs, and AI interaction data feed directly into the KM system.

•	 Live refinement loop

Agents provide frontline feedback. Supervisors flag breakdowns. Owners update content in real time.

•	 Change enablement and training

Playbooks and workshops ensure your teams treat KM as a living system—not a one-time project.

You don’t need perfect content. You need a knowledge system that consistently evolves with your teams’ 
and customers’ needs.

Together, these three phases form a scalable, performance-oriented knowledge layer—one that enables 
measurable, sustainable AI success without overburdening your teams or improvising through another pilot.

In the next section, we distill this into an executive playbook: five questions to test whether your knowledge is 
ready—and what to do if it’s not.

Is Your Knowledge Ready for AI?: Readiness Criteria for 
Executives
Before you invest in another pilot, assess whether your foundation is ready to support it.

AI initiatives often begin with ambition—copilots to guide agents, bots to deflect volume, intelligent routing 
that adapts in real time.

But too few begin with a foundational question:

Can our knowledge layer support this initiative at scale?

Below are five executive-level criteria to evaluate the readiness of your knowledge architecture. These reflect 
the quiet failure patterns we’ve seen across dozens of enterprise AI deployments.
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Five structural conditions required for knowledge to support AI at scale
1.	 Unified Source of Truth

Are all customer-facing teams and technologies—agents, bots, supervisors—drawing from the same 
structured knowledge? 

	→ If not, inconsistencies will appear in both human and automated responses.

2.	 AI-Structured Content

Is your knowledge modular, token-structured, and designed for retrieval?

	→ Content that’s too long, buried, or unstructured can’t be reliably used by LLMs—and leads to failure at 		
runtime.

3.	 Omnichannel Consistency

Is your content aligned across channels—voice, chat, and digital?

	→ Without a shared standard, AI creates fragmentation instead of efficiency.

4.	 Governance and Ownership

Is there clear accountability for content accuracy, updates, and readiness?

	→ Without active governance, outdated or conflicting knowledge will silently erode system trust.

5.	 Performance Visibility

Do you have metrics on content usage, search failures, and AI interaction outcomes?

	→ If not, your knowledge ecosystem lacks the feedback loops needed to sustain continuous improvement.
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Conclusion: Act on Your Knowledge Layer
Across copilots, bots, routing, coaching, and agents, one pattern holds: performance rises or falls on the 
strength of the knowledge foundation. When knowledge is modular, task-sized, findable, consistent, and 
governed, AI behaves predictably and scales. When it is long-form, ambiguous, fragmented, or ownerless, AI 
hesitates, misroutes, and erodes trust.

If you take one idea from this guide, make it this: treat knowledge as infrastructure. If you start with knowledge 
as your foundation, every downstream initiative becomes easier to launch, measure, and improve.

If you do nothing else this quarter

1.	 Pick one high-volume workflow.

2.	 Audit the ~20 knowledge units it relies on.

3.	 Restructure them into task-level, executable units.

4.	 Track usage and link it to outcomes (AHT, FCR, recontacts, transfers, CSAT).

5.	 Close the loop on a set cadence—fix the units causing friction and coach to them.

6.	  Expect earlier movement in containment, recontacts, and handle time as the cycle 
stabilizes.

Two ways to proceed

Run it internally: Use the checklist above and the five structural conditions in this guide to decide where to 
scale next.

Leverage our team: We’ll co-design and activate one high-volume workflow—select the workflow, refactor 
the knowledge into task-level units with ownership and versioning, implement minimal instrumentation to link 
usage to outcomes, and hand you the runbook to scale (on Verint KM/Bots).
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Thank you for reading. 

If we met at Verint 
Engage, I hope this gives 
you a clear lens on what 
to do next. Build your 
foundation, then scale 
with confidence.

www.sparsolutions.com
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