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WHITEPAPER

Most procurement Al is improving
processes. Very little is improving
margins.

Across industrial procurement, Al investment is accelerating fast.
But most initiatives still focus on process efficiency: automating
workflows, speeding up reporting, digitizing tfransactions,
improving administrative output.

Useful? Yes. Strategic? Rarely.

Because procurement’s biggest value drivers are not operational.
They are commercial.

Supplier negotiations. Cost transparency. Price benchmarking.
Sourcing strategy. Identifying pricing deviations before they
compound into lost margin. These are the decisions that
materially affect profitability - and where most Al solutions still
add surprisingly little value.

This whitepaper explores where procurement Al creates real
impact - and where the market is still getting it wrong.

This guide cuts through the AI hype and
focuses on one question:

How can Al improve procurement margins
- not just processes?




Why understanding AI terminology matters
commercially

LLMs, Machine Learning, Generative Al, and AI Agents are
not interchangeable technologies. Misunderstanding the
differences leads to poor investment decisions, unrealistic
expectations, and governance risks.

Which procurement AI use cases already deliver
measurable value

From spend analytics to supplier risk monitoring and
contract intelligence - including the limitations vendors
often leave out.

Why most procurement AI investment targets the
lowest-value layer

And why the real opportunity lies in AI that improves
sourcing decisions, negotiation outcomes, and pricing
intelligence.

What separates real procurement intelligence from
AI-powered search

Most platforms improve information access. Very few
improve decision quality. This paper explains the
architectural difference.



Al in procurement will not be won by whoever automates
the most. It will be won by whoever makes better decisions.
That distinction is still missing from most investment
strategies - and it is costing industrial companies real
margin.

Most procurement Al today is built o make existing processes
faster and cheaper. That has value. But it solves a different
problem than the one most CPOs actually care about.
Procurement’s real leverage - especially in manufacturing, where
material spend can represent 50-70% of revenue - lies not in
processing purchase orders faster, but in better sourcing
decisions, accurate cost assessments, and stronger supplier
negotiations. Being right matters more than being fast.

Investment figures confirm the momentum: according to Deloitte’s
2025 Global Chief Procurement Officer Survey, leading procurement
organizations allocate up to 24% of their budgets to digital and Al
initiatives. Industry data shows 90% of procurement leaders are
already planning, piloting, or evaluating AI agents for 2025. The
activity is real.



But activity is not impact. Most organizations that have launched
Al initiatives have not scaled them across procurement
operations, and fewer still have embedded Al into actual
decision-making. The current wave of investments remains
concentrated in operational automation - faster workflows,
digitized transactions, accelerated reporting. Useful work, but
rarely fransformative.

What is still largely missing is procurement Al built around
economic intelligence rather than process efficiency. Al that does
not merely describe what happened in the spend data, but tells
procurement teams where the money is being left on the table -
and what to do about it.

This whitepaper covers four things every procurement
leader should understand about AI before locking in their
next investment cycle: what the technology actually is,
where it already works, where current spending is
misallocated, and why most vendor approaches remain
structurally limited.



Procurement vendors describe almost everything as AI. That
makes it harder, not easier, to evaluate what any given
solution actually does - and where it is likely to disappoint.

Terms like Artificial Intelligence, Generative AI, Machine Learning,
Large Language Models, and AI Agents appear constantly across
vendor materials, analyst reports, and conference agendas. They
are rarely defined, and frequently used as synonyms for each
other. They are not synonyms. Each describes a different class of
technology with different capabilities, different failure modes, and
different governance requirements.

For procurement leaders making investment
decisions, this matters practically: a misunderstood
technology leads to mismatched expectations, poor
integration design, and avoidable failure.

Artificial Intelligence (AI)

GenAl
Machine NPL LLMs
Learning AI Agents

Artificial Intelligence (AI)

Al is the umbrella term for systems designed to perform tasks that normally require
human judgement - pattern recognition, language understanding, prediction,
reasoning, and decision support. In procurement, Al helps process larger data
volumes, surface patterns, and accelerate analysis across complex sourcing
environments. One important clarification: Al is not a technology. It is a category.
Beneath it sit Machine Learning, Natural Language Processing, Generative Al, and
Agentic systems - each with its own logic, applications, and limitations.



Machine Learning (ML)

ML models identify statistical patterns in
historical data and use those patterns to
make predictions or classifications - without
being explicitly programmed for each task. In
procurement, ML is applied to spend
classification, risk prediction, demand
forecasting, and anomaly detection.

ML performance depends directly on data
quality. Most industrial procurement
organizations operate with fragmented ERP
landscapes and inconsistent supplier master
data. That fragmentation is not just an IT
problem - it directly constrains the accuracy
of any ML-based application built on top of it.

Generative Al (GenAl)

Generative Al produces new content like text,
summaries, recommendations, responses,
based on patterns in its training data. It does
not retrieve stored facts; it generates
probabilistic outputs based on context and
prior fraining. That distinction is commercially
significant in procurement.

GenAl has substantially lowered the entry
barrier for AI usage by enabling natural-
language interaction. It has also introduced
new governance complexity: outputs are
probabilistic, not verified. In an environment
where recommendations carry direct financial
consequences, 'plausible-sounding’ is not the
same as 'correct.’

Prompts and Prompt Engineering

Large Language Models (LLMs)

LLMs are the specific subset of Generative Al
frained on large volumes of text to generate
human-like language. They are increasingly
infegrated into sourcing platforms, contract
tools, and procurement assistants. The
practical limitation is critical to understand:
LLMs do not comprehend information. Their
outputs are statistical predictions derived
from training data and the input they receive.
When procurement decisions require factual
precision - a pricing deviation, a contractual
obligation, a supplier risk threshold - LLM-
generated outputs require verification before
acting on them. This is not a criticism of the
technology; it is a description of how it works.

Natural Language Processing (NLP)

NLP enables systems to extract meaning and
structure from text. It combines
computational linguistics with ML techniques
to support classification, entity recognition,
semantic search, and information extraction.
NLP is particularly relevant in procurement
because a large share of procurement
knowledge lives in unstructured formats -
contracts, supplier correspondence, tender
documents - that traditional analytics tools
cannot parse.

A prompt is the input that instructs an AI model. Small changes in wording, context, or structure
can significantly change the output. In procurement terms. The quality of what you get out is
determined by the quality of what you put in. Ambiguous instructions produce unreliable results.
Systems that require skilled prompt construction to deliver reliable output are systems that
require skilled users - a practical constraint procurement tfeams should plan for.



AI Hallucinations

Hallucinations are outputs that are factually wrong but presented with confidence. They
occur because language models predict statistically plausible continuations of text, not
verified facts. For procurement, the implication is direct: any AI-generated output touching
supplier assessments, contract terms, or pricing recommendations must be validated before
it informs a decision. The technology does not flag its own errors.
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AI Agents

AI Agents are systems designed to execute multi-step tasks autonomously: accessing data
sources, triggering workflows, and making decisions based on defined objectives. Unlike
conversational interfaces, agents act rather than just respond. In procurement, they are
discussed in the context of sourcing orchestration, supplier monitoring, and workflow
automation. Enterprise deployments remain early-stage for most organizations. The
governance requirements are significant, and reliability across complex procurement
workflows is still being established. Organizations piloting agents should be explicit about
where human oversight remains mandatory.
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Data Quality as the Foundation

Perhaps the most consistently underestimated principle in procurement AI: model quality
cannot compensate for data quality. Fragmented ERP data, inconsistent supplier master
records, disconnected spend structures - these are not inputs any AI model can overcome.
They produce unreliable outputs regardless of how sophisticated the model is. Procurement
decisions require context that goes beyond raw data: supplier relationships, category logic,
commercial dependencies, market dynamics. Structuring and contextualizing procurement
data before deploying Al is not optional groundwork. It is where procurement Al either
succeeds or fails.

The same applies to human oversight. Even strong Al systems require a human in the loop
— procurement professionals who validate outputs, apply commercial judgment, and
interpret recommendations within the broader business context. AI can accelerate analysis,
but accountability and strategic decision-making remain human responsibilities.
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The single biggest risk in procurement Al is buying
a sophisticated model to run on inadequate data,
then attributing the underwhelming results to Al

rather than to the data architecture beneath it.
Most disappointing implementations we see trace
back to exactly this pattern.




Al in procurement is no longer experimental. Across
industrial organizations it has moved into operational
workflows - though the depth of impact varies considerably
depending on what the Al is actually being asked to do.

The strongest adoption sits where procurement teams handle
large data volumes, manage repetitive workflows, or need faster
access to analytical output. Most implementations remain
anchored at the efficiency end of the value spectrum. It is not a
strategic destination it is a rational starting point.

Most organizations generate substantial procurement data
across ERP systems, invoices, sourcing events, and supplier
transactions - but that data is fragmented, inconsistently
structured, and difficult to analyze manually at scale.

AI accelerates the structuring, classification, and analysis of this
data significantly. ML models identify savings opportunities,
detect spending anomalies, surface maverick buying, and reveal
hidden cost drivers across supplier and material categories. In
manufacturing environments, where material spend can
represent a majority of revenue, even modest improvements in
spend transparency generate real financial impact.

The efficiency gains are equally tangible: traditional spend
analysis consumes substantial manual effort from specialists. AI
reduces this workload, allowing procurement teams to redirect
capacity toward sourcing decisions rather than data preparation.
The limit worth acknowledging: AI-driven spend analytics is only
as reliable as the data it operates on. Without supplier
harmonization and consistent category structures, the outputs
require careful interpretation. Better data architecture is not a
prerequisite most procurement teams can skip.



Recent supply chain disruptions have increased the importance of
external risk monitoring in procurement. Geopolitical volatility,
commodity swings, ESG obligations, and supplier instability
require continuous attention - across data volumes no manual
process can manage efficiently.

Al helps procurement teams process external and internal signals
in near real time: financial reports, news sources, ESG databases,
commodity indicators, and operational risk alerts. Patterns that
would take weeks to identify manually can surface automatically,
giving procurement earlier visibility before risks become
operational issues.

The strategic shift is clear: moving from reactive risk
management to proactive monitoring that informs sourcing
decisions before exposure materializes.

Contracts are among the most information-dense assets
procurement organizations manage - and often among the least
analyzed. Supplier agreements contain critical detail on pricing,
liability, compliance obligations, and delivery conditions, much of
which remains unused.

NLP and LLMs are increasingly used to automate clause
recognition, extract commercial terms, score risk exposure,
monitor compliance obligations, and track deadlines. The result:
shorter review cycles, earlier risk visibility, and greater
transparency across supplier agreements.

One important caveat remains: contracts are highly context-
dependent. AI accelerates analysis, but it does not replace the
judgment needed to interpret contractual risk in a specific
commercial situation.



What These Use Cases Have in Common - and Where
They Stop

Each of these applications creates genuine value. They also share
a common boundary: all three improve how procurement
operates. None fundamentally changes what procurement
decides.

Faster spend analysis helps procurement managers understand
their current position more clearly. Better contract visibility
reduces risk exposure. Stronger supplier monitoring cuts reaction
time. These are operational improvements to existing decision-
making processes - nhot new decision-making capabilities.

Better sourcing decisions. More accurate cost assessments going
into negotiations. Pricing deviations identified before they
compound across quarters. Cross-plant spend harmonization that
recovers margin without new supplier relationships. These are the
outcomes that directly affect industrial companies’ bottom lines.
Most current AI implementations are not oriented toward them.
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The AI Investment Gap in Procurement

90% of current procurement AI investment goes toward
operational automation and only 10% targets commercial
outcomes. That imbalance is not strategic - it is the result of
where Al is easiest to implement and justify, not where it
creates the most value.

P2P automation, OCR-based invoice processing, supplier
onboarding workflows, spend classification, ESG data monitoring
- these are the dominant categories
of AI investment in procurement
oday. All are legitimate use cases.

We think the 90/10 split reflects
organizational comfort, not

All sit af the base of the value strategic intent. Efficiency Al is
hierarchy. easier to build, easier to buy, and
) easier to defend in a budget
The other end of that hierarchy - review. Decision intelligence is
continuous price benchmarking, harder - it requires better data,
detection of systematic pricing more procurement domain
deviations, predictive negotiation expertise, and a willingness fo |ef
T ’ . . AI influence how strategic
timing, cross-plant price alignment - decisions get made, not just how
accounts for a fraction of current operational tasks get done. Most
investment. Yet this is where AI organizations are not ready for
. : : that conversation yet. They
directly influences margins and should be.

commercial outcomes at scale.

The Procurement AI Value Stack

L
Price Intelligence

‘ Iransparency Al ‘

Value & Pofitability Impact
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A Framework for Thinking About Procurement AI Value

Four layers structure where AI creates value in procurement -
and how the nature of that value changes as you move up the
stack.

This is the foundation: automating existing processes and
eliminating manual workload. P2P automation, document
processing, internal chatbots, workflow automation in sourcing
and approvals. The ROI is fast and visible. The strategic ceiling
is low. Automating procurement tasks faster does not make
procurement decisions better.

Spend cubes, ESG monitoring, data enrichment, reporting
dashboards. This layer makes information more accessible and
analytical output more consistent. It is largely a prerequisite
for the layers above - and it is primarily descriptive. It tells you
what happened. It does not tell you what to do.

Category recommendations, sourcing strategy support,
demand bundling analysis, supplier sesgmentation. At this layer,
Al begins to shape how procurement structures its decisions,
not just how it reports on them. Most implementations here still
depend heavily on historical data patterns and struggle to
respond dynamically to current market conditions.
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Continuous market-to-supplier price benchmarking. Detection of
systematic pricing deviations. Identification of when negotiation
timing is favorable. Cross-plant and cross-region price
harmonization. Early identification of cost inflation before it hits
P&L. This is the layer with direct, measurable impact on margins
- and it remains the least developed in most organizations.

Why Investment Stays at the Base

The concentration of Al investment in Layers 1 and 2 is not
irrational. Automation delivers fast, visible results that are easy
to justify. Short-term ROI metrics favor productivity gains over
margin optimization. Many Al solutions are deployed as bolt-ons
to existing systems - designed to improve existing processes
rather than redesign decision logic.

There is also a structural reason: most vendor solutions are built
around data accessibility, not decision quality. The assumption is
that if you give procurement teams better access to data
through AI interfaces, better decisions will follow. That
assumption is only partially correct. Accessible data improves
decisions at the margin. Structured intelligence - data
contextualized against market benchmarks, commercial
dependencies, and category strategy - improves them
substantively.

Efficiency improvements optimize how procurement works.
Closing the investment gap means shifting focus to how well
procurement decides.
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Walk through any procurement technology conference and
you will encounter dozens of vendors describing their
platform as AI-powered. Dig into how that AI actually
works, and a common pattern emerges: raw data, a generic
model on top, and outputs that look impressive in a demo
and disappoint in production.

Unstructured ERP datq, inconsistent supplier records,
disconnected category structures - all of this gets fed into
general-purpose language models or conversational interfaces
with minimal domain-specific structure applied first.
Procurement teams receive generic answers, inconsistent
interpretations across sessions, and isolated insights that are
difficult to validate or connect to a commercial decision.

Accessibility improves. Decision quality does not. Procurement
intelligence does not emerge automatically from data access.
When procurement data is not properly structured and
contextualized, sophisticated models cannot generate a
coherent commercial picture from it.
That is not a model limitation - it is
a data architecture problem that no L L S——
model can overcome from the output end. e me ws




Why Context Is Not Optional

Procurement decisions do not happen in a vacuum. A pricing
deviation is only meaningful relative to a market benchmark. A
supplier risk signal is only actionable in the context of that
supplier's category weight and contractual dependencies. A
sourcing recommendation only makes sense against current
demand volumes and incumbent performance.

Most Al tools treat procurement data as a flat dataset to query.
ivoflow treats it as a network of commercial relationships,
category structures, market dynamics, and sourcing strategies -
and builds the intelligence layer on top of that structure rather
than on top of raw data.

Procurement data at ivoflow is harmonized across suppliers,
plants, and categories before AI analysis begins. Enriched with
external market references. Connected across sourcing activities
and commercial contexts. Only at that point does AI analysis
generate outputs that are reliable enough to inform decisions
rather than just prompt more questions.

OTHERS @ @ ol A ()

Raw Data Basic Reports Limited Insights Manual Analysis Generic Advice

IVOFLOW @ — @ — @ — @

Unified Spend & Spend & Price Savings Actionable Savings
Price Data Intelligence Identification & Margins
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In most procurement organizations, the capability to conduct
sophisticated spend or pricing analysis sits with a small group of
specialists. That creates a bottleneck: analytical depth is available in
principle but inaccessible in practice for the majority of procurement
decisions being made daily.

ivoflow's approach addresses this directly. Al translation layers
convert complex procurement analyses into outputs that
procurement professionals - not just analysts - can interpret and act
on confidently. The goal is not to dumb down the analysis. It is to
remove the barrier between the analysis and the commercial
decision. A category manager should not need to be a data scientist
to understand whether the pricing on a key material is competitive.

Conventional procurement analytics tools deliver insights in silos. A
supplier risk score. A spend variance report. A contract expiry alert.
Each arrives without context for the others. Making sense of the full
picture still falls to the procurement professional, who must mentally
assemble the pieces before any action is possible.

ivoflow connects these dimensions into
a coherent decision context. A pricing
deviation is surfaced alongside the
relevant market benchmark, the
supplier's current performance profile,
and the negotiation window. A supplier
risk alert is connected to the
category's alternative sourcing options
and the current contract terms. The
output is not just an insight - it is a
commercial situation with an implied
set of actions.

/" Good Morning, Procurement Team!
Today's priorities and market signals:
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Analytics that stop at visibility create a last-mile problem:
procurement teams understand what is happening, but they still
need to determine what to do abouft it.

ivoflow is designed to close that gap.
AI-powered procurement intelligence is
packaged as action-ready outputs -
negotiation-ready recommendations,
specific pricing inconsistencies tied to
quantified savings potential, sourcing
optimization opportunities with
implementation logic, supplier-specific
Improvement actions.

Better reporting is not the outcome.
Better commercial decisions are. The
difference shows up in margin.

The organizations setting the standard for Al in procurement over
the next three to five years will not be those with the most chatbots
or the most automated workflows. They will be the ones that built a
structured intelligence architecture underneath their Al layer - and
are using it to make materially better sourcing and commercial
decisions than their competitors.

At ivoflow, Al is embedded within that architecture, not positioned
as a feature on top of it. The platform is designed around one
question: does this make procurement decisions better? Not faster
to retrieve. Not easier to visualize. Better.

Because ultimately, every percentage point of procurement savings,
every avoided pricing deviation, every well-timed negotiation
represents real money. That is what procurement Al should be

accountable for. 17


https://www.ivoflow.com/solutions/ivoflow-intelligence?utm_source=link&utm_medium=ai-whitepaper&utm_campaign=webflow

Al in procurement is past the experimentation phase.
Investment decisions made in the next 12-18 months will
shape procurement’'s competitive position for longer than
that. Here is what we think matters most.

Understand what the technology actually does. LLMs, ML
models, and Al agents are not interchangeable. Their
governance requirements, limitations, and use cases differ
significantly. Organizations that treat all AI the same risk
investing in solutions that cannot deliver meaningful value.

Efficiency is a foundation, not a strategy. Automating P2P
processes, digitizing invoices, and accelerating reporting are
sensible investments - but not differentiators. If an AI roadmap
ends at operational efficiency, it creates cost parity, not
competitive advantage.

The 90/10 investment imbalance is a strategic issue. Closing the
gap between efficiency-focused and value-focused Al
investment does not require different technology. It requires a
different question: not “Which processes can we automate?” but
“Which procurement decisions are costing us margin?”

Data architecture remains the core constraint. AI output quality
is determined long before the model runs - by how well
procurement data is structured, harmonized, and
contextualized. Organizations that invest in that foundation will
see compounding returns from Al Those that do not will
continue to be disappointed by the results.

The opportunity to build real AI-driven procurement advantage is
still open. But the organizations approaching it with strategic
clarity - focused on decision quality, not just automation — will be

the ones that benefit most. 18



We Are ivoflow.
From Procurement for Procurement

,1t was about time for a software that really shows cost saving
potentials to procurement organizations.

This was the vision of Nicolas Neubauer and Daniel Demuth. With
years of experience in strategic purchasing within the automotive
industry, they decided to tackle the challenges of procurement -
and thus, ivoflow was born. Since 2021, ivoflow has been
successfully established in the market and is used by leading
companies across various industries.

With ivoflow, manufacturing companies can efficiently manage
their strategic procurement, uncover potentials and risks, and
make data-driven decisions. The software automatically identifies
savings opportunities and helps balance inflation risks, strengthen
supplier resilience, develop category strategies, and prepare

optimally for data-based negotiations.
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Why us?

9

Recognized by leading
procurement platforms:
ivoflow has been listed on the
prestigious ProcureTechl100 list
for three consecutive years and
was also included in Spend
Matters® Futureb list.

9

We see the bigger picture:
We don’t just think in tferms of
ERP data and dashboards; we
combine your internal
procurement data with external
market intelligence data.

9

20+ years of experience in
strategic procurement: Our
founders bring over 20 years of
experience in strategic
procurement within the
automotive supplier industry.
Our team complements this
expertise with strong know-how
in software development and
data integration.

9

Trusted by global players
such as Jaguar Land Rover,
ZF Lifetec, ZWILLING and
many more:

Renowned industrial companies
trust our Spend & Price
Intelligence Solution to drive
the transformation of their
procurement organisation.
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Spend & Price Intelligence
For Global Manufacturing
Enterprises.

ivoflow connects your spend and price data with real-time
market intelligence to create full fransparency, uncover savings
opportunities, and use Al fo turn insights intfo negotiations that
Improve margins.
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