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Introduction

Building and operationalizing Al products has moved from competitive differentiation to table stakes. In January 2026, we
published “The State of Al: Bi-Annual Snapshot” to elevate the voices of architects, engineers, and product leaders driving the
disciplined execution of delivering and scaling Al products.

What began as a race to ship Al features has matured into a more consequential challenge: turning Al capabilities into durable,
economically sound businesses. Many of builders who are pulling ahead have made deliberate tradeoffs across the full stack — from
model selection and data infrastructure to org design, pricing architecture, and internal deployment — and are managing the cost,
trust, and go-to-market implications that come with each.

This report is ICONIQ's third bi-annual report of the Al builder landscape, grounded in our proprietary Q4 2025 and Q2 2026
surveys of executives at software companies building Al products, alongside perspectives from our ICONIQ Community. Across
both waves, one shift stands out: the market has moved from proving Al works to proving Al pays. Al products are approaching half
of revenue at the companies we surveyed, margins are expanding, and the operators pulling ahead are the ones treating pricing,
cost, and org design as product decisions rather than afterthoughts.

Explore Our Al Perspectives
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Data

Sources
& Methodology!

This study summarizes data from a Q22026
survey of ~305 executives? at software
companies building Al products, including
CEOs, Heads of Engineering, Heads of Al,
and Heads of Product.

Throughout this report, we compare
insights to our prior State of Al report,

Respondent Firmographics

By ARR or Revenue Range

% of Respondents

10% 10% 10% 10% 10%
9% 9%

7% 7% 7%
4%

By Headquarters

% of Respondents

87%

13%

published in Q4 20253, “2026 State of AlL: Bi-
Annual Snapshot”, where applicable.
Where necessary, longitudinal data has
been normalized to account for differences
in firmographics to ensure trends are
representative of the data.

We also weave in insights and what we
believe to be best practices from Al leaders
from the ICONIQ community.

All industry perspectives shared in this

report have been anonymized to protect
company-level information.
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% of respondents

» 50%+ YoY revenue growth if $25M-250M Revenue;
» 30%+ YoY revenue growth if $250M+ Revenue

/\ ’ / / G 4 4
S N S A A% $ & North America Europe
_ . _ Revenue Range
In this report, select companies are referred to as “high % of High-Growth Respondents
growth companies” because they meet the following 48%
criteria: Hi
igh Growth
. g , 199 4% 28%

» 100%+ YoY revenue growth if <$25M Revenue; Companies 0

<$100M  $100-$500M  $500M+

Private & Strictly Confidential



https://www.iconiq.com/growth/reports/2026-state-of-ai-bi-annual-snapshot
https://www.iconiq.com/growth/reports/2026-state-of-ai-bi-annual-snapshot
https://www.iconiq.com/growth/reports/2026-state-of-ai-bi-annual-snapshot

Four shifts we see defining the Al market today

01

03

ICONIQ

Builders have converged on the application
layer and are betting on agentic depth

Nearly two-thirds of builders are building horizontal or
vertical apps (vertical alone at 43% of companies analyzed)
and they’re moving into high-complexity domains, with
financial services and healthcare use cases rising in
popularity. Agentic capabilities and agent
reliability/orchestration are the top 2 customer-facing
priorities for the coming year.

Al is now more of a revenue and margin story
rather than an experiment

Al products grew from 32% of revenue (2025 actuals) to a
projected 42% this year, with gross margins moving from
45% to 53% and on track for ~59% by 2027. Part of rising
margins is driving by pricing model changes: consumption-
and outcome-based models are rising (42% and 23%, with
companies now blending 1.7 models on average vs. 1.5 in
Q4’25), as builders align price to the cost and value of usage.
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Multi-model appears to be the default with the
provider mix reshuffled

To power Al products, most builders now run ~3.3 providers
on average (up from 3.1in Q4’°25). Among survey
respondents, Anthropic moved to the top spot (51% Q4 ‘25
- 81% in Q2 ‘206) as the field has broadened. Selection
criteria held steady (reliability, then cost), but
security/privacy and SOC2/SLAs both climbed, signaling
enterprise-readiness pressure as products mature.

Al is reshaping the org chart, not just the
product

Al-driven companies! run flatter and more cross-functional
than their peers. 45% of companies are planning a different
mix of roles and 33% are actively planning a smaller team.
While companies continue to see gains on internal
productivity, it is difficult to predict internal AI’s true cost,
with overruns emerging from tokens, data infrastructure,
and enablement



Al Models &
Infrastructure

[CO N ] Q Private & Strictly Confidential



Builders have converged on the application layer, with nearly two-thirds of the market focusing on horizontal and vertical
Al applications. Within this, data analytics and productivity tools are the most targeted use cases

What is the primary Al product you are building?
% of Respondents, Single-Select, N=304

% Vertical Al applications
Highly specialized applications designed for
a specific industry or finction

% Horizontal Al applications 20%

Enterprise applications that can be used
across multiple industries or functions

Consumer Al applications 11%

Al products primarily targeted at individual
consumers

Core Al models / technologies 10%
Foundational AI models or specialized ML
algorithms

Al platforms / infrastructure 10%

Tools that facilitate deployment, hosting,
monitoring, and scaling of Al in production

Al development tooling 6%
Tools that support the building, evaluation,
and iteration of Al products

ICONIQ

43%

* Which use case does your primary Al product target?
% of Respondents, Horizontal & Vertical Al Builders Only, Single-Select, N=192

ﬁ Use Case ﬁ Use Case

#1 Eitjlgg}z:cs And Business _ #7 IT & Security v
#2 Productivity & Collaboration - #8 HR & Recruiting Tools -
#3 Financial Services A #9 Legal & Compliance -
#4 Marketing & Sales - #10 Product & Design v
#5 Healthcare & Life Sciences A #11 Developer Tools v
#6 Customer Support v #12 Other -
Major Shifts

Companies are increasingly focusing on use cases with highly complex and specialized workflows, e.g., financial
services and healthcare, compared to 6 months ago. The workflow-embedded nature of vertical products gives the
product a natural moat that is harder for general-purpose Al models to displace overnight.
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Deep workflow integration is the priority. Many builders are designing their products for habitual use and prioritizing
investing in agentic capabilities over the next 12 months

, _ Where are you prioritizing customer-facing Al product investment over the next 12 months?
How would you characterize the typical usage pattern of Ranked by share of respondents placing each category in their top 3, N=305
your primary Al product among active customers?

% of Respondents, Single-Select, N=305 Q Agentic Al capabilities 66%

e Agent reliability & orchestration infrastructure 35%

° Deeper vertical or domain-specific functionality 35%

° Application layer differentiation 349,
Of products target usage of e Enterprise readiness 27%
active customers

G Context engineering 249%,
Full usage distribution . o

e Multimodal capabilities 20%
Daily use I :

e ntegrations and ecosystem 18%
Several times per week . L

° Cost and inference optimization 14%
Ad hoc . e

@ Evaluation and reliability infrastructure 14%
Weekly ' o

Q Model layer differentiation 13%

ICONIQ
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Licensed third-party APIs are the most popular model type to power customer-facing Al products, but adoption of open-
source models is increasing. We expect this shift to continue as cost and control advantages compound

# of Model Types Selected in Q2’26
. ) % of Respondents, Select All That Apply
Q420251 Which type of model(s) power your customer-facing Al product? : o
Q220262 % of Respondents, Select All That Apply

85%

w

(D]

(oW

>

80% =

< 2

o

P
(@
(@]

BN

w

40%
37% ° 37%
33%
Of respondents
on top of models in Q2’26
Licensed 3rd-party APIs Open-source models Proprietary foundation models
Pre-trained/trained from scratch, company-

e.g., Liama, Mistral

e.g., OpenAl Anthropic, Google
owned
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Similarly, builders are choosing a wider variety of model providers (~3.3 models on average). Anthropic has grown to the
top provider among survey respondents over the last 6 months

Q4 2025!
Q220267

81%

51%

ANTHROP\C

ICONIQ

77%
71%

@) OpenAl

56%
50%

Google

30%
26%

/AAzu re

27%
22%

adws

Top Model Providers
% of Respondents, Select All That Apply

21%  21%

8% 9% 8% 8%
@ Mistral Al
0 Meta databricks £ Mistra
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7% 7%
@' deepseek

On average, companies selected ~3.3
model providers in Q2 2026 vs ~3.11in

Q4 2025.
=
R
:_\:,:
S
g
0 S
5% 0% 8 4% 4% 3% 4% 300
B - = — T
Q- @ Moonshot Al ¥l Other
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Top model selection criteria have largely remained consistent over the last 6 months, with model reliability & accuracy
remaining in the top ranked priority

Perspectives from the ICONIQ Network

Top Considerations When Choosing a Foundational Model for Customer-Facing Use Cases
Ranked by share of respondents placing each in their top 3, N=305

have climbed in
importance over the last 6 months, signaling enterprise-readiness

Q2’26 c ] Q4’25
Rank Consideration Rank pressure as products mature.
Model Reliability & Accuracy - Security is becoming a switching cost.
_ An enterprise software CISO noted that the first provider to lead on
Cost enterprise controls (account blocking, execution governance, governance
hooks, etc.) becomes the default and drives consolidation.
Security / Privacy A e
Observability is the new blocker.
Ability to fine-tune / Customize v A CISO at amajor data platform ﬂagged alack of telemeny and visibility into
what agentic tools are actually doing as an acute and growing concern.
Latency - Regulatory explainability is a hard gate.

A CISO at a global insurer can't yet describe to regulators what deployed
Speed of Model Advancement A agents are doing or how they're monitored which instead of capability, is the
core blocker.

Model Transparency / Explainability A

The gaps are live, not hypothetical.
SOC2 / Enterprise SLAs A A global bank's security team frames five production domains (identity,
shadow AI, data provenance, supply chain, insider risk) as the lens through
which model providers are now evaluated.

Competitiveness with Peers v

Open Source v

ICO N ] Q Private & Strictly Confidential 1



Builders are widely adopting a range of approaches to help ensure model output quality and safety, including user
feedback-driven evals and audit logging

SAFETY & SECURITY

Quality assurance is mostly reactive today. Builders catch issues through Data protection guardrails, including audit logging, scope restrictions, and PII

controls are widely adopted. Adoption is lower for safeguards aimed at Al-specific
risks (e.g., prompt injection, data exfiltration, autonomous model actions).

feedback, monitoring, and human review rather than pre-deployment testing.
Proactive adversarial testing remains a minority practice at 21%.

How builders ensure output quality Guardrails in place
% of Respondents, Select All That Apply, N=302 % of Respondents, Select All That Apply, N=302
1 User feedback-driven evals I 1 Audit logging of actions & data access I  64%
2 Model monitoring & observability I 63% 2 Topicorscope restrictions 9%
_ 3 Plldetection & redaction | 55%

3 Human oversight & approval workflows ] 59%

4 Input filtering | 54%
4 Fine-tuning & prompt optimization ] 55%

5 Least-privilege access controls ] 45%
5 Automated validation / eval frameworks ] 48%

6 DPromptinjection detection & prevention ] 44%
6 Grounding in verified or proprietary data [ ] 41% . ,

7 Data exfiltration prevention I 38%

. . _ . [0) . . .

/ Adversarial testing / red-teaming I 21% 8 Limited model autonomy in high-risk cases ] 34%,

I CO N I Q Private & Strictly Confidential 12



Al Models & Infrastructure

Context engineering is becoming increasingly important to Al product development as builders combine RAG, memory,
agent-to-agent context, among other techniques, to manage and provide context to models at runtime

How does your Al product manage and provide context to models at runtime?
% of Respondents, Select All That Apply, N=294

Retrevetelevant daa (RAG) N -

RAG, knowledge bases

Structure prompts or inputs -] 56%

Prompt templates, few-shot examples

Dynamically assemble conte R 1%

Routing, multi-step pipelines

Maintan mermory actossintetactions R 7

Cross-session context, user history

share context across workflows / agens I 7

Multi-agent systems, tool coordination

6 Minimal context management (static prompts) 16%

7 No formal approach to context management 3%

Source: Perspectives from the ICONIQ GenAlI Surveys (May 2026) and perspectives from the [CONIQ team and network of Al leaders consisting of our community of CIO/CDOs overseeing Al initiatives in enterprises, CTOs, our Technical Advisory Board, and others in our
network
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Al Models & Infrastructure

Increased investment in Al infrastructure appears to be paying off, with more companies stating their data foundation is
fully ready and optimized to support accurate Al workflows

How would you rate your data foundation’s readiness to support accurate Al workflows?!
% of Respondents, Single-Select

<$100M $100M - $500M $500M+

Fully Ready 19%

Mostly Ready

Somewhat Ready

Not Ready

Q42025 Q22026 Q42025 Q22026 Q42025 Q22026

Source: Perspectives from the ICONIQ GenAlI Surveys (December 2025 & May 2026) and perspectives from the ICONIQ team and network of Al leaders consisting of our community of CIO/CDOs overseeing Al initiatives in enterprises, CTOs, our Technical Advisory Board, and

others in our network
1—Fully ready = Governed, high-quality, and labeled data optimized for Al workflows; Mostly Ready = Solid data pipelines, minor gaps; Somewhat ready = Basic data systems in place, limited for Al; Not ready = Significant data gaps or quality issues

[CO N ] Q Private & Strictly Confidential 14



Al Go-to-Market
Strategy & Economics
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AI GTM & Economics

GTM strategies for Al builders are diversified across different motions, but hybrid motions (combination of PLG and SLG)
has gained the most traction over the last 6 months

Primary GTM Motion for Al Products

Q420251 '
Q220262 % of Respondents, Single-Select
39% .
37% 6%
31% 20%
l l 27%
Sales-led growth Hybrid (evenly split between product- and sales-led Product-led growth / self-serve

growth)

Source: Perspectives from the ICONIQ GenAlI Surveys (December 2025 & May 2026) and perspectives from the ICONIQ team and network of Al leaders consisting of our community of CIO/CDOs overseeing Al initiatives in enterprises, CTOs, our Technical Advisory Board, and
others in our network; 1- N=288; 2— N=289

[CO N ] Q Private & Strictly Confidential 16



AI GTM & Economics

Subscription/platform components are still the most common pricing model; however, consumption and outcome-based
pricing has grown in prevalence over the last 6 months to better align pricing to product value

Q420251 Al Pricing Strategies
Q2 20262 % of Respondents, Select All That Apply
58% 570 Companies selected 1.7 pricing models on average in

Q2 2026 vs 1.5 pricing models in Q4 2025

42%
35%
28%
23% 23%
18% . 17% 15%

Subscription/platform Consumption-based Seat-based Outcome-based Al product is offered at no extra

cost

Source: Perspectives from the ICONIQ GenAl Surveys (December 2025 & May 2026) and perspectives from the ICONIQ team and network of Al leaders consisting of our community of CIO/CDOs overseeing Al initiatives in enterprises, CTOs, our Technical Advisory Board, and
others in our network; ; 1- N=297; 2— N=305

[CO N ] Q Private & Strictly Confidential 17



AI GTM & Economics

As Al becomes a more significant driver of revenue and customer base for companies building Al products, the economics

of building and selling Al products is becoming increasingly important

% of Revenue from Al Products?!
Average, Excludes AI-Native Companies, N=265

2025 2026
Actual Projected Projected
Baseline Majority Threshold

+10pp vs. 2025

Perspectives from the ICONIQ Network

1. AT adoption with customer bases frequently requires a Trojan horse

* Top-down "end-to-end automation" pitches reliably trigger
pushback from non-Al-native enterprise users

*  What works: match the Al workflow to what users already do,
just faster, and let them discover the compounding effects
themselves. Adoption follows organically once two accelerated
steps visibly connect

* Customer literacy programs pay off even with no production
output. Getting users hands-on creates the internal advocates
needed to scale later

"We tried the full end-to-end automated pitch and everyone had that
knee-jerk reaction. Trojan-horsing it in, the same thing just faster,
got them to organically form their own view of what could be
automated. “— CTO @ Series A, AI-Native Company

2. Feature distribution and customer education remain the bottleneck

» Shipping fast creates its own problem: the humans who talk to
customers need continuous education on new features to
translate them into adoption

» The more layers between product and customer, the more it
compounds across product marketing, sales enablement, and
account management

" haven't found an AI-powered way to drive customer adoption
automatically. The humans who talk to customers are still the main
channel, and they need constant education. “ — Field CTO @ <$50M
AI-Enabled Company

Source: Perspectives from the ICONIQ GenAlI Surveys (May 2026) and perspectives from the [CONIQ team and network of Al leaders consisting of our community of CIO/CDOs overseeing Al initiatives in enterprises, CTOs, our Technical Advisory Board, and others in our

network
1—-Includes companies where Al products drive >0% of revenue and excludes companies that have 95%+ of revenue driven by Al products, as these respondents are likely Al-native

ICONIQ
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Talent costs tend to scale down, and inference costs tend to increase as a product scales. For companies using
consumption-based pricing, token/inference costs are generally a shared expense between providers and customers

. How does your organization handle the cost of
Current breakdown of customer-facing AI product costs token/inference usage for your customer-facing Al products?

Average, N=305 % of Respondents, Consumption-Based Pricing Users Only, N=72

We partially absorb costs and
partially pass through to customers

Talent (e.g., via consumption-based pricing)
Model Inference
We pass 100% of inference costs to
customers (e.g., via consumption-
based pricin
16% 17% 17% e
0
12% 10% 13%
o 13% 13% We absorb 100% of inference costs
12% (not passed down to customers)
7% 8% 8%
Other
Beta GA Scaling

I CO N I Q Private & Strictly Confidential
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Overall, companies are seeing unit economics improve moderately on a per-query or per-task basis by focusing primarily
on reducing inference costs, implementing routing strategies, and growing revenue for cost leverage

How have your unit economics on a per-query or per-task basis changed over

the last 12 months?
% of Respondents, Single-Select, N=303

Primary Levers For Improving Al Margins
Ranked by share of respondents placing each in their top 3

47% | Reducing inference costs

#2 Implementing routing strategies

#3 Growing revenue for cost leverage

. 22% #4 Switching to lower-cost / OSS models

#5 Raising prices for Al models
8%

30 - #6 Negotiating better provider pricing
#7 Reducing talent costs vs revenue
Improved Improved Roughly flat Worsened (cost We do not track  Too early to tell
significantly (cost moderately (cost (change within +/- per query /task cost at this level of
per query /task  per query / task 10%) increased) granularity #8 Other
down more than ~ down 10-30%)
30%)

I CO N I Q Private & Strictly Confidential 20



Revenue expansion and utilizing optimization levers has led to an increase in gross margin; margins are expected to

increase to ~60% on Al products in 2027

Gross Margin on Al Products
Average, N=287

59%

2027P

Projected
+6pp

5 3 O/O High-growth companies are seeing higher
gross margins in 2027 than non-high-
growth companies (64% vs 58%)

2026P

Projected

+14pp total margin expansion | 2025 to 2027P

I CO N I Q Private & Strictly Confidential

Alinfrastructure / platform products have
the highest predicted gross margin

2027P Average Gross Margin
by Product Type

Al platforms / infrastructure
Application layer products
Core Al models / technology
Al development tooling

Consumer Al applications

21



Talent &
Organization
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Al-driven! and high-growth companies tend to operate with more cross-functional structures, fewer layers, and wider

spans of control

ORGANIZATIONAL STRUCTURE

Al-driven companies tend to have more cross-

functional organizational structures

CURRENT ORGANIZATIONAL STRUCTURE BY AI REVENUE MIX

COMPANIES WITH CROSS-FUNCTIONAL STRUCTURE
Single-Select, N=297

50%+ Al 20
et I 42%
<50% Al 350/0
revenue

We explore more themes around the new ways that Al companies are
structuring their organizations and re-defining the workplace here:
Org Charts to Outcomes: The New Operating Model for Talent

ICONIQ

MANAGEMENT LAYERS

Al-driven companies are run on fewer layers

between CEOs and most junior ICs

MANAGEMENT LAYERS BETWEEN CEO/FOUNDER TO MOST
JUNIOR IC BY REVENUE MIX

COMPANTIES RUN ON 1-4 LAYERS
$100M+ Companies?, Single-Select, N=156

oo O 72%
revenue
<50% Al

0
revenue 5 6 /0

Private & Strictly Confidential

SPANS OF CONTROL
High-growth companies are widening first-
line manager spans of control in 2026

FIRST-LINE MANAGERS WITH 7+ DIRECT REPORTS

R&D MANAGERS WITH 7+ DIRECT REPORTS
High-Growth Companies, Single-Select, N=56

2025 21%
2026 e 30%

GTM MANAGERS WITH 7+ DIRECT REPORTS
High-Growth Companies, Single-Select, N=43

2025 26%
2026 s 33%

23
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Al is reshaping workforce planning with 78% of companies planning for either a different role mix or smaller teams

Perspectives from the ICONIQ Network

Has AI-driven productivity changed how you think about headcount planning over the
next 12-24 months at the organization level?

% of Respondents, Single-Select, N=302 : ) . C oy . . .
The "right“ engineering team is being redesigned in real time

Across the network, org design has shifted from a future
planning question to a live operating challenge. The debate is
less about how many engineers and more about which roles

Planning for a different mix of roles (e.g., fewer operational, more AI- still create value.

fluent talent), but not a net reduction in headcount

The traditional software engineer who converts a design doc
into a feature is the role most exposed; Al already does much
of that work well. What holds value is infrastructure and
security ownership and the product-engineering hybrid who
can talk to customers and ship.

Planning for a smaller team than we would have otherwise,
given Al-driven efficiency gains

Companies are pushing ship authority as far down the chain
as trust allows, typically to the level above new joiners,
paired with a coherent strategy so leads can decide without
escalating. One company caps teams at one lead per eight
engineers, with the lead holding full ship authority inside
their product area.

Not planning meaningful headcount changes and only backfilling
critical hires due to productivity increases

Planning on increasing our headcount faster than planned to o
fill AT-related roles %

AT has not meaningfully changed our headcount planning horizon 4%

I CO N I Q Private & Strictly Confidential 24



As a result of headcount changes and Al-enabled efficiencies, ARR or Revenue per FTE is projected to grow steadily into

2027, with high-growth companies expected to outperform peers by ~11% in 2027

ARR or Revenue per FTE
Average, N=281

$496K

$369K $448K

. $346K
272K
High-Growth Companies!

Non-High-Growth $270K
Companies?

2025 2026P 2027P

I CO N I Q Private & Strictly Confidential
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Talent & Organizational Structure

R&D, sales, and product & design teams are generally expected to grow over the next 12-24 months, while customer
support and G&A teams are projected to shrink

What is your organization’s plan for headcount in the next 12-24 months by function?

% of Respondents, Single-Select, N=303

4HEADCOUNT DECREASE HEADCOUNT INCREASE »

GROWING TEAMS

R&D / Engineering

Sales

MIXED SIGNAL

Customer Success 504 Lo,

4” ‘U

4%
o0 2
%k 2

DECLINING TEAMS

Customer Support

G&A

Il Down50-100% B Down25-50% ' Down 0-25% [ No change [ Up0-25% [ Up25-50% M Up50-100%

Source: Perspectives from the ICONIQ GenAlI Surveys (May 2026) and perspectives from the ICONIQ team and network of Al leaders consisting of our community of CIO/CDOs overseeing Al initiatives in enterprises, CTOs, our Technical Advisory Board, and others in our
network

ICONI Q Private & Strictly Confidential
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Talent & Organizational Structure

Many companies are actively hiring for forward-deployed engineers (FDEs) and planning to hire more engineers focused
on Al safety / trust & reliability

Has your organization hired / started to evaluate candidates for these Al-specific roles?
% of Respondents, Single-Select, N=303

MAINSTREAMED over half of orgs already staft it

Al product manager 55 % 17 % 13 % 15 %

Al solutions engineers 53 % 17 % 16 % 14 %

SCALING UP real footing, still expanding

____________________ |

Al prompt engineer / workflow 200 " o _—

specialists

CONTESTED more orgs are sitting it out than buying in

1
labili ' 2% 38 %
Asatery st & reliabily engincer (R :
Al agent strategist 22% 14 % 22% 42%

Bl Wehavethis [ Actively hiring for Planning to hire in Not planning
role today this role now the next 6-12 months to hire
Source: Perspectives from the ICONIQ GenAlI Surveys (May 2026) and perspectives from the ICONIQ team and network of Al leaders consisting of our community of CIO/CDOs overseeing Al initiatives in enterprises, CTOs, our Technical Advisory Board, and others in our

network
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Spotlight: Forward Deployed Engineering

~50% of companies are scaling up their FDE model as part of their permanent GTM motion; FDEs are primarily used as a
revenue driver and expected to materially contribute to expansion, retention, and strategic account outcomes

What is your organization's intended trajectory for the FDE

model over the next 2-3 years?
% of Respondents, Single-Select, N=203!

Which best describes the primary role forward deployed engineers play in your business today?
% of Respondents, Single-Select, N=200"

Revenue Driver I 5%

Of respondents plan to scale up their forward
deployed engineer model as a permanent part of

their GTM motion Product Intelgence Loop T R

Full distribution

scle up Delivery Necessty I >

Hold Steady

Systemize and Reduce

Product Gap Coverae E— ;
Product Maturity-Driven b & 17%

Reduction

Other

I CO N I Q Private & Strictly Confidential 28



Spotlight: Forward Deployed Engineering

Talent & Organizational Structure

Forward deployed engineers are scaling up across customer segments, with enterprise customers expecting the highest
integration of FDEs with customers in 2027

Across what percentage of customers does your company use forward deployed engineers (FDEs)?
Average by Customer Size, Companies with >0% of Customers Using FDEs, N=203!

SMB (<100 Employees) Mid-Market (100-1000 Employees) Enterprise (1000+ Employees)
34%
32%
26% 26%
23% 2% 23%
18%
13% I
2025 2026P 2027P 2025 2026P 2027P 2025 2026P 2027P

Source: Perspectives from the ICONIQ GenAlI Surveys (May 2026) and perspectives from the ICONIQ team and network of Al leaders consisting of our community of CIO/CDOs overseeing Al initiatives in enterprises, CTOs, our Technical Advisory Board, and others in our
network
1—Excludes respondents that primarily target consumers
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Talent & Organizational Structure

Most FDEs receive variable compensation with an average split of ~70/30 base vs
retention or renewal

PAY MIX INCENTIVE DRIVERS
How are organizations incentivizing What incentives are tied to variable
forward deployed engineers? compensation?
% of respondents, single-select, N=201! % of respondents, multi-select, N=131
76% 0
Base + variable + equity 38% 74% 63%
—
Base + equity 28%
I
Base + variable compensation 27%
Base salary only 0%
3%
of FDEs receive some form of
650/ ) ) Customer Upsell or Product adoption Other
O variable compensation retention or expansion or usage

renewal revenue

Spotlight: Forward Deployed Engineering

. variable, usually tied to customer

BASE VS. VARIABLE
What is the average split of base vs.

variable compensation?

average across respondents, N=132!

73% base

270/ O VARIABLE

Source: Perspectives from the ICONIQ GenAlI Surveys (May 2026) and perspectives from the ICONIQ team and network of Al leaders consisting of our community of CIO/CDOs overseeing Al initiatives in enterprises, CTOs, our Technical Advisory Board, and others in our

network
1 - Excludes respondents that primarily target consumers

[CO N ] Q Private & Strictly Confidential
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Spotlight: Forward Deployed Engineering

Talent & Organizational Structure

Monetization of FDE models remains fragmented, with companies split across bundled subscriptions, separate
professional services fees, and hybrid models

How does your organization charge customers for forward deployed engineers?
% of Respondents, Single-Select, N=203

30%

29%
25%
11%
5%
Included in the software subscriptionat ~ Charged as a separate professional Partially included —a baseline is Charged as a percentage of contract ~ We do not have a standardized charging
no additional cost services or implementation fee bundled into the contract, with value model; it is negotiated deal by deal

additional hours billed separately

Source: Perspectives from the ICONIQ GenAlI Surveys (May 2026) and perspectives from the ICONIQ team and network of Al leaders consisting of our community of CIO/CDOs overseeing Al initiatives in enterprises, CTOs, our Technical Advisory Board, and others in our
network
1—Excludes respondents that primarily target consumers
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Al For Internal
Productivity
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Internal Al systems spend is projected to rise from 11% to 16% of revenue in 2026, with further growth expected in 2027

As a percentage of total revenue, approximately what is your organization’s annual spend on Al systems for internal productivity?
Includes both direct spend (e.g., purchasing Al tools, salaries for Al-related roles targeted at internal productivity, etc.) and indirect spend (change management and
upskilling, data governance, etc.); Average, N=303

These are self-reported

estimates that include
O O O indirect spend, which is
O O O typically harder to
quantify but offers a

fuller view of the "true
cost of AL." Actual levels
depend on company
size, headcount, product
type, and GTM motion.
In prior analyses, Al
spend landed at 1-3% of

Actual Projected Projected

revenue.
+5pp vs. 2025 +3pp vs. 2026P

I CO N I Q Private & Strictly Confidential
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Token spend for internal-facing Al tools tends to rise with company scale; however, tracking token spend is often less
effective at measuring success of Al tools

What is your organization's approximate monthly spend on tokens for internal-facing Al tools?

11-50
&
= 51-200
e~
=
=)
S)
&
s
3
T 201-1,000
1,000+

ICONIQ

% of Respondents, Single-Select, N=274

35% 35% 6% 0% 2f

16% 24% 10% 9% 19

4% 17% 6%  49%

6%

Less than $10K

$10K - $50K  m $50K - $250K  m $250K - $1M  m $IM-$5M W More than $5M

Private & Strictly Confidential

Perspectives from the ICONIQ Network

Token counts fail fast as a metric: once consumption
becomes the target, the practice undercuts the original
goal of the metric. Charging Al usage back to cost
centers works better, making spend visible and
attributable without distorting behavior. Traditional
engineering metrics, cycle time and deploys per week,
are holding up as velocity proxies, and revenue per
engineer cut by team is a useful signal for where to
direct attention. The most sophisticated approach in
the room linked CSAT and product telemetry directly to
specific features shipped, closing the loop between
output and customer outcome.

One early-stage company takes the aggressive version
of this. Unlimited tokens, but managers owe 3 to 5x
productivity and own delivery accountability; top
engineers run up to $8K/day. They pushed senior
engineers onto Al code review, collapsed PM and
designer into single-person product ownership, and
removed the red tape between engineering and

shipping.

o
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Most companies struggle to predict internal Al's true cost, with overruns emerging from tokens, data infrastructure, and

enablement

Has your organization found it difficult to predict the “true cost" of implementing Al for

internal productivity, or has it been easy enough to predict "true cost" in advance?
% of Respondents, Single-Select, N=305

50%

24%

18%

Very difficult Moderately difficult

ICONIQ

A little difficult

7%

2%

Easy enough N/A —we haven't tried to
predict Al spend for internal
productivity

Private & Strictly Confidential

Where Builders Saw Unexpected Costs

Token spend was the most common source of budget
overruns. Once organizations moved from single-turn LLM
calls to multi-step agentic pipelines, API costs scaled faster
than initial estimates. One respondent noted a workflow
projected at $0.10 per run reached $1.50 or more when
agents needed to retry or self-correct across complex
inputs. Without token guardrails and cost budgeting built
into the architecture from day one, inference spend rapidly
accumulated.

Data infrastructure was the second underestimated cost.
Structuring data, defining access permissions, and building
production-grade RAG pipelines proved significantly more
resource-intensive than anticipated.

The third was organizational enablement. Moving from
manual workflows to agentic processes requires
governance frameworks, usage standards, and a sustained
investment in training — costs that rarely appear in initial
business cases but consistently ranked among the largest
sources of budget variance.
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AT for Internal Productivity

While Al tool access is broad across the organization, R&D teams tend to convert that access into deeper usage and higher
maturity scores than G&A and GTM teams

R&D GTM

% Employees with
AI'Tool Access

% Employees that are
Daily Users

% Employees that are
Power Users!

AVG. SELF-REPORTED ADOPTION AVG. SELF-REPORTED ADOPTION AVG. SELE-REPORTED ADOPTION
MATURITY (1-5)2 MATURITY (1-5)2 MATURITY (1-5)2

3./ 3.3 3.1

Source: Perspectives from the [CONIQ GenAl Surveys (May 2026) and perspectives from the ICONIQ team and network of Al leaders consisting of our community of CIO/CDOs overseeing Al initiatives in enterprises, CTOs, our Technical Advisory Board, and others in our
network

1-Employees that see 50%+ productivity gains in functional-specific workflows

2 — Survey respondents self-reported Al adoption maturity at their organization on a scale of 1 to 5, with 1 representing the lowest maturity and 5 representing the highest

[CO N ] Q Private & Strictly Confidential



High-growth companies are generally seeing a larger productivity impact across many Al use cases, with coding assistance
in the lead with an average productivity gain of 48%

Coding Assistance

Documentation & Knowledge Retrieval
Product & Design

Code Review

QA & Testing

Content Generation / Writing & Audio
Legal & Contract Review

Data Analytics & BI

DevOps / MLOps

Marketing Automation

Customer Service

IT & Security

HR & Recruiting

Sales Productivity

FP&A Automation

ICONIQ

% Productivity Impact by Al Use Case

Average, N=252

32%
33%
30%
32%
31%
34%
32%
33%
27% ® 32%
26% @® 31%

30% @ 31%
27% ® 2%
25% @® 26%
24% ® 2%

21% @ 25%

® 40%

@ 40%
® 39%
® 39%
@ 38%
® 37%

@ 36%

Private & Strictly Confidential

+16
+7
+10
+7/
+8
+4
+5
+3
45
+5

+2
+]1
+1

@ High-growth company
Non-high-growth company

High-growth companies are implementing Al
tools more quickly and seeing higher metric
improvement, beyond just productivity gains

FASTER TIME TO VALUE

months to
ramp a new
° Al tool

MORE AI-ASSISTED CODE

Al-assisted
590/0 code
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Scaled companies are more frequently using Al agents; however, the productivity impact for agents remains low, with

average productivity gains of <30% across revenue bands
Yes, actively deploying 40%
56%
31%

Are you exploring agentic Al workflows for internal use cases?
% of Respondents, Single-Select, N=305

28%

30%

16%
18%

10% 10%
No,andno planstoinvest [ INC 3% 3%
<$100M $100-$500M $500M+

Average % Impact from

Al Agents

[CO N ] Q Private & Strictly Confidential
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Agents often require human intervention to complete a task, particularly for multi-step tasks or where additional context /
memory 1s required

. _ _ What is the most common failure mode of internal agents?
How often do agents require human intervention? % of Respondents, Select All That Apply, N=277

% of Respondents, Single-Select, N=275

26%

24%

21%

19%

8%

2%

Rarely (<10% of ~ Occasionally (10-  Frequently (30-  Most of the time
tasks) 30%) 60%) (>60%)

Workflow breakdown Lack of context / Hallucinated outputs  Incorrect reasoning / Tool / API misuse Other
(multi-step failure) memory poor decisions

I CO N I Q Private & Strictly Confidential 39



Most organizations take a hybrid or centralized approach to internal AI deployment to help manage security concerns, Al

tool sprawl, and cost visibility

How does your organization manage internal Al deployment (e.g., driving

adoption, measuring usage / ROI, upskilling)?
% of Respondents, Single-Select, N= 304

37%
31%
24%
6%
2%
Hybrid — shared between Mostly centralized—  Fully centralized — decisions  Mostly decentralized — Fully decentralized —
centralized leadership and organization sets standards, are made organization-wide individual teams manage individuals or teams
individual teams with limited team-level  (e.g. organization-wide AI  their own tool decisions  independently choose and
flexibility committee, IT team) within loose guidelines use tools

] CO N [ Q Private & Strictly Confidential

How Ramp Achieved 99% AI Tool Adoption Across the Company*

Ramp reached near-universal Al adoption internally, then
confronted an unexpected problem: most employees had no idea
how to get more out of the tools they were using. Complex setup
requirements and fragmented configurations meant productivity
gains were concentrated among a technical few, with no
mechanism to scale what those individuals learned.

Their solution centered on removing configuration friction and
letting the product itself do the enablement. over 350 reusable
workflows were shared company-wide, Git-backed, versioned, and
reviewed like code, helping the impact from Al enablement
compound. Every skill shared helps raise the floor for everyone.

Ramp built this infrastructure in-house deliberately. Internal
productivity is a moat— the companies that make every employee
effective with Al will move faster and compound advantages
competitors cannot match. Solving hard Al product problems
internally also gave them direct conviction about what works before
applying those lessons to customer-facing products.

ramp £
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https://x.com/sebgoddijn/status/2042285915435937816?s=20

Al adoption spotlight: How teams are implementing R&D Al use cases

01 — THE SHIFT 02 — WHERE GAINS LAND 03 — ORG IMPACT
From copilot assistance to autonomous Code velocity sees the highest productivity Al absorbs entry-level capacity
pipelines gains

Leadership
60-90% target code share

Senior + Al roles
expanding share

47%

Mid-level

18% ..

1 2 3 Entry-level + QA
- absorbed by Al
Copilot assist Agentic tasks Background agents Autonomous pipelines one company, single quarter
' Departures backfilled at N-2 — the org flattens over time
. N . . . . . —_ . O, . . .
Runnlng active agentlc pr0]eCtS mn paraﬂel to core Work Lead times Compresslng 50 70 /O Companles that aqre more mature 1n AI adoptlon are
has emerged as the forcing function for adoption. Non- ; i g ]
8 g p PR throughput up +25-40% reallocating budget toward senior and Al-specific roles as
engineers now ship PRs too — the PR is becoming a juniors' work is automated. The most aggressive
. . . . Concept-to-prototype <2 days ) ) )
cross-functional artifact, not an engineering-only operators have tied AT adoption to performance reviews
output. and compensation.

+ Speed without verification infrastructure often fails. One company reported ~10 autonomous agents produced ~180 PRs with a 0% CI pass rate, underscoring that

autonomous output requires verification infrastructure before it touches production
EMERGING butreq p

SIGNAL . . L . . . . - .
* Companies that are more mature in Al adoption in regulated environments have paired tooling rollouts with formal Al acceptable use policies and governance is

becoming a competitive input

[CO N ] Q Private & Strictly Confidential



Al adoption spotlight: How teams are implementing GTM Al use cases

01 — PIPELINE GENERATION

Prospecting that drives real revenue uplift

Enriched outbound + research

2—3x

meetings / rep

Al voice agent qualification

Qualified meetings JEEEEEREE

Some Al voice agents now handle 50-100%+ of inbound
qualification at conversion rates comparable to human
reps. A frontier move is replacing the SDR role entirely

with in-house AI SDRs.

EMERGING
SIGNAL

ICONIQ

02 — CONVERSATION INTELLIGENCE
A closed coaching loop on sales calls

Live call
®
Rep @ Closed @ Transcribe
improves 100p +intel
[
Weekly Al coaching

Win rates up +15-30%
New-rep ramp time down -10-20%
Inbound SQOs up 3x per rep

Private & Strictly Confidential

03 — ORG IMPACT

CS and marketing headcount leverage

CSM portfolio / rep
+40—-60%

40-75%

Content output / writer

I 23X

Al deflection
no CSAT degradation

Leading CS teams run high Al deflection while
expanding portfolios per CSM. On the marketing side,
output and lead volume are climbing while headcount
stays flat or declines at several companies. Across GTM,
growth is decoupling from headcount, with new hires

gated on what Al cannot yet cover.

* Alsearch optimization is an emerging priority: companies are beginning to manage visibility in Al-generated answers as a distinct channel from traditional search,
and the operators moving early are building this into their marketing infrastructure now rather than retrofitting later

The companies seeing the biggest efficiency gains are also investing in RevOps infrastructure (e.g. many are replacing non-Al native RevOps hires with Al-native
ones) to make sure teams can access and query their own data



Al adoption spotlight: How teams are implementing G&A Al use cases

01 — FP&A 02 — HR 03 — ORG IMPACT

Close and forecasting cycles compressing Recruiting cycles getting shorter and cheaper AlI-first backfill policies

70—80%

shorter monthly close cycle A role opens
40—60% (departure)
30—50%
- Agents absorb the work
Now: under a day Was: weeks - Al-first default — headcount held flat

CV review time Time-to-fill Cost-per-hire

reduction vs. prior internal benchmarks

Some of the most advanced teams run lean, with no Several operators have removed finance-ops and order-

.. ) . Many recruiters using Al tools are closing rou 2x the :
traditional FP&A headcount. The frontier move is y & g roughly management roles as agentic workflows took over,

autonomous agents handling billing, AP review, and flux hires per quarter, absorbing higher req loads without redirecting budget to strategic and Al-specific functions.
analysis end-to-end, with humans reviewing exceptions. expanding the team. Onboarding and HR admin are also The bar for any new G&A hire is rising: roles are added
increasingly automated. only where Al cannotyet cover the work.

* Natural-language analytics is moving data access out of specialist teams: non-technical staff across finance, HR, and ops are now querying company data directly,

EMERGING collapsing the reporting-request bottleneck

SIGNAL . . . . . o .
A connective knowledge-retrieval layer is emerging across G&A, with the most advanced operators treating internal data access as shared infrastructure rather than a

function-by-function tool

[CO N ] Q Private & Strictly Confidential
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Where visionaries define the future of their industries
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https://www.linkedin.com/company/iconiq-capital-llc/posts/?feedView=all
https://x.com/ICONIQCapital
https://www.iconiq.com/growth
https://www.iconiq.com/growth/insights

Unless otherwise indicated, the views expressed in this presentation are those of ICONIQ (“ICONIQ” or the “Firm”), are the result of proprietary research, may be subjective, and may not be relied upon in making an investment decision.
Information used in this presentation was obtained from numerous sources. Certain of these companies are portfolio companies of ICONIQ. ICONIQ does not make any representations or warranties as to the accuracy of the information
obtained from these sources.

This presentation is for educational purposes only and does not constitute investment advice or an offer to sell or a solicitation of an offer to buy any securities in connection with any investment fund or investment product that ICONIQ
sponsors. Any such offer or solicitation will only be made pursuant to definitive offering documents and subscription agreements.

Any reproduction or distribution of this presentation in whole or in part, or the disclosure of any of its contents, without the prior consent of ICONIQ, is prohibited.

This presentation may contain forward-looking statements based on current plans, estimates and projections. The recipient of this presentation (“you”) is cautioned that a number of important factors could cause actual results or outcomes
to differ materially from those expressed in, or implied by, the forward-looking statements. The numbers, figures and case studies contained in this presentation have been included for purposes of illustration only, and no assurance can be
given that the actual results of any ICONIQ portfolio company will correspond with the information contained in this presentation. No information is included herein with respect to conflicts of interest, which may be significant. The
portfolio companies and other parties mentioned herein may reflect a selective list of the prior investments made by ICONIQ.

Certain of the economic and market information contained herein may have been obtained from published sources and/or prepared by other parties. While such sources are believed to be reliable, none of ICONIQ or any of its affiliates and
partners, employees and representatives assume any responsibility for the accuracy of such information.

All of the information herein is presented as of the date made available to you (except as otherwise specified), and is subject to change without notice, and may not be current or may have changed (possibly materially) between the date
made available to you and the date actually received or reviewed by you. ICONIQ assumes no obligation to update or otherwise revise any information, projections, forecasts or estimates contained in this presentation, including any
revisions to reflect changes in economic or market conditions or other circumstances arising after the date the items were made available to you or to reflect the occurrence of unanticipated events. Numbers or amounts herein may increase
or decrease as a result of currency fluctuations.

For avoidance of doubt, ICONIQ is not acting as an adviser or fiduciary in any respect in connection with providing this presentation and no relationship shall arise between you and ICONIQ as a result of this presentation being made
available to you.

ICONIQ is a trading name of ICONIQ Partners (UK) LLP. ICONIQ Partners (UK) LLP (Registration Number: 973080) is an appointed representative of Kroll Securities Ltd. (Registration Number: 466588) which is authorised and regulated
by the Financial Conduct Authority. ICONIQ Partners (UK) LLP is a limited liability partnership whose members are ICONIQ Capital (UK) Ltd, Seth Pierrepont and Lou Thorne, and it is registered in England and Wales and has its
registered office at 27 Soho Square, London W1D 3QR. ICONIQ Partners (UK) LLP acts as an adviser to ICONIQ Capital LLC.

These materials are provided for general information and discussion purposes only and may not be relied upon. This material may be distributed to, or directed at, only the following persons: (i) persons who have professional experience in
matters relating to investments falling within article 19(5) of the Financial Services and Markets Act 2000 (Financial Promotion) Order 2005 (the “FP Order”), (ii) high-net-worth entities falling within Article 49(2) of the FP Order, and (iii)
any other persons to whom it may otherwise lawfully be communicated (all such persons together being referred to as “FPO Relevant Persons”). Persons who are not FPO Relevant Persons must not act on or rely on this material or any of its
contents. Any investment or investment activity to which this material relates is available only to FPO Relevant Persons and will be engaged in only with FPO Relevant Persons. Recipients must not distribute, publish, reproduce, or disclose
this material, in whole or in part, to any other person.

Copyright © 2026 ICONIQ Capital, LLC. All rights reserved.
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Portfolio Companies
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