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We Have A Crisis On Our Hands...

A slow, structural crisis that is quietly constraining product 
velocity across the enterprise software ecosystem.



The integration crisis is very real, and most engineering 
leaders already feel it. Every product must connect to 
something. CRMs, ERPs, payment systems, data 
warehouses, internal tools, customer environments. Modern 
software is not standalone, it is composable.



On paper, integration looks straightforward:

Receive request

Connect systems

Deploy connector



In reality, even “simple” integrations can take months of 
engineering time. 

Of people interviewed 
agreed integration caused 

problems internally. 

91%

The Illusion of Simplicity
Most integration requests sound simple: “Connect to 
Salesforce.” “Sync data from NetSuite.”



On the surface, it appears to be a straightforward API 
connection. In reality, the complexity lies in everything 
around it.

What starts as a basic connection quickly becomes a 
durable sub-system that demands continuous 
engineering attention.

Authentication Models

Rate Limits

Data Schemas

Edge Cases

Version Drift

Transformation Logic

Change Management 

Top Priorities for Software Leaders in 2026:

AI & 
Automation:

Analytics / Decision

Intelligence:

7% 11%

System / Architecture

Modernisation:

19%

UX & Self-Service:

28%

Integrations:

35%



The Structural Causes...

The integration crisis is caused by structural misalignment between 
business velocity and engineering capacity. Integration timelines begin to 
dictate revenue recognition, when integrations are delayed, revenue is 
delayed.

The Key Influencing Factors

Sales Sell Faster Than Engineering Builds

But when deal closure depends on delivering 
custom integrations, velocity becomes conditional 
& when sales commitments outpace engineering 
capacity, backlog begins to compound.

3-6 Month Connector Timelines

Enterprise integrations require: robust error 
handling, data validation, retry logic, observability, 
security review, documentation, ongoing support 
ownership.

Maintenance Overhead Scaled Linearly

Every new connector adds: monitoring surface 
area, upgraded risk, schema evolution risk, API 
deprecation risk, support tickets, incident 
exposure. 

Business Logic Multiplies Complexity

The real complexity is rarely the connection itself. 
It is the logic layered on top: field mapping, 
conditional transformations, data enrichment, 
conflict resolution, multi-system orechestration. 


Maintenance costs scale with integration count. Engineering teams find themselves spending increasing time 
maintaining connectivity rather than building product differentiation.



Once business logic enters the integration layer, build cycles extend and fragility increases. And because 
integrations sit between systems, failures propagate. What was intended as enablement becomes a risk surface.

Onesie fitsall gave way to purposebuilt. E 
providers launched industry editions that speak 
your language, be it manufacturing, SaaS, or 
construction.

erticalSpeci fic Wins the Market

AI isnt ust a feature, its at the core. From smart 
reconciliations to automated reporting, E 
systems began thinking for themselves.

AI Starts unning the Show

Why does the current model break at scale?

Traditional iPaaS platforms promised leverage through pre-built connectors, low-code workflows, and faster 
deployment. For simple use cases, they work. But at enterprise scale, the model begins to fracture because the 
assumptions these tools rely on don’t hold in complex, highly customised environments.

Big bang golives gave way to phased, agile 
rollouts. hange management and process 
alignment became nonnegotiable.

Implementation ot Smarter

ew Es put finance at the centre, automating 
processes, surfacing insights, and closing the 
books in hours, not weeks.

E Is Becoming a Finance Engine



Pre-Built Connectors ≠ Production-Ready 
Integrations
Pre-built connectors abstract authentication and basic endpoints. They do not abstract business-specific data 
models, custom object mappings, field-level transformations or conditional logic.



Every enterprise implements systems differently. Two companies using the same ERP rarely use it in the same way. 
Which means “pre-built” becomes “partially built.” The remaining 60–80% is customisation. And customisation is 
where time and fragility accumulate.

Manual Connector Generation With Traditional iPaaS...

API Change Detection 
(New version, 

deprecated endpoints , 
auth changes, rate limits)

Production Monitoring 
(Errors, retries, alerts)

Connector Rebuild (Dev 
team patches code, 

updates schemas, tests 
against sandbox)

Redeployment in iPaaS 
(Push version change)

Regression Testing 
(Ensure no breaking 

changes across existing 
integrations)



Customisation Introduces Hidden 
Structural Debt
Modern iPaaS vendors have responded with SDKs, scripting layers, and advanced configurators. These add 
flexibility but they reintroduce manual engineering inside a low-code environment.



This creates a hybrid problem:

Too complex for drag-and-drop

Too abstracted for full engineering control



Over time, integrations rely heavily on custom field mappings, embedded scripts, and conditional branches. It works, 
until something changes.


API Evolution Creates Cascading Fragility
APIs are not static: versions update, endpoints deprecate, authentication models shift, and schemas evolve. When 
heavily customised connectors depend on moving APIs, small upstream changes can create disproportionate 
downstream impact.



 A single field change can break mappings, validation rules, workflows, and dependent automations. The result is a 
maintenance waterfall. What was once a “one-time integration project” becomes a continuous operational burden. 

Linear Scaling Becomes The Constraint


The fundamental issue is this: Traditional integration models scale linearly with complexity.

More Systems More Connectors

More Connectors More Custom Logic

More Custom Logic More Maintenance

More Maintenance More Engineers

Which means at scale, integration velocity becomes capped by engineering headcount. And headcount is 
expensive, finite, and increasingly difficult to hire. If the current model scales linearly with human effort, what would it 
look like to change the scaling model itself?



Console
Save

Deploy

Code Editor

The AI-Native Infrastructure

Plan

“AI-native integration does not eliminate 
engineering. It compresses the parts of 

integration work that are repetitive, 
pattern-based, and structurally similar 

across systems. To understand the shift, it 
helps to break it down into components.”
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workflows

import
 { sch

edule,
 http,

 fn } 
from '

@verso
ri/run

';


import
 { tra

nsform
Shopif

yProdu
ctsFor

Algoli
a } fr

om '..
/servi

ces/da
ta-tra

nsform
er';


import
 { Alg

oliaPr
oduct 

} from
 '../t

ypes/p
roduct

';



// Sch
eduled

 workf
low to

 perfo
rm ful

l prod
uct sy

nc eve
ry 2 h

ours


export
 const

 syncP
roduct

sWorkf
low = 

schedu
le('sy

nc-pro
ducts'

, '0 *
/2 * *

 *')


    .t
hen(


      
  http

('fetc
h-shop

ify-pr
oducts

', { c
onnect

ion: '
shopif

y' }, 
async 

({ fet
ch, lo

g, ope
nKv, a

ctivat
ion })

 => {


      
      

const 
kv = o

penKv(
);


      
      


      
      

// REA
D the 

last s
ync ti

me fro
m prev

ious e
xecuti

on for
 incre

mental
 sync


      
      

const 
lastSy

nc = a
wait k

v.get<
string

>('las
tProdu

ctSync
');


      
      


      
      

const 
shopDo

main =
 activ

ation.
getVar

iable(
'shopD

omain'
) as s

tring;


      
      


      
      

log.in
fo('Fe

tching
 produ

cts fr
om Sho

pify',
 { las

tSync,
 shopD

omain 
});



      
      

// Bui
ld Gra

phQL q
uery f

or pro
ducts 

with a
ll nec

essary
 field

s for 
Algoli

a


      
      

const 
query 

= `


      
      

    qu
ery Ge

tProdu
cts($f

irst: 
Int!, 

$after
: Stri

ng, $u
pdated

AtMin:
 DateT

ime) {


      
      

      
  prod

ucts(f
irst: 

$first
, afte

r: $af
ter, q

uery: 
$updat

edAtMi
n ? "u

pdated
_at:>=

${upda
tedAtM

in}" :
 

null) 
{


      
      

      
      

edges 
{


      
      

      
      

    no
de {


      
      

      
      

      
  id


      
      

      
      

      
  titl

e


      
      

      
      

      
  hand

le


      
      

      
      

      
  desc

riptio
n


      
      

      
      

      
  prod

uctTyp
e


      
      

      
      

      
  vend

or


      
      

      
      

      
  tags


      
      

      
      

      
  stat

us


      
      

      
      

      
  crea

tedAt


      
      

      
      

      
  upda

tedAt


      
      

      
      

      
  publ

ishedA
t


      
      

      
      

      
  avai

lableF
orSale


      
      

      
      

      
  tota

lInven
tory


      
      

      
      

      
  pric

eRange
V2 {


      
      

      
      

      
      

minVar
iantPr

ice {


      
      

      
      

      
      

    am
ount


      
      

      
      

      
      

    cu
rrency

Code


      
      

      
      

      
      

}


      
      

      
      

      
      

maxVar
iantPr

ice {


      
      

      
      

      
      

    am
ount


      
      

      
      

      
      

    cu
rrency

Code


      
      

      
      

      
      

}


      
      

      
      

      
  }


      
      

      
      

      
  imag

es(fir
st: 10

) {


      
      

      
      

      
      

edges 
{


      
      

      
      

      
      

    no
de {


      
      

      
      

      
      

      
  id


      
      

      
      

      
      

      
  url


      
      

      
      

      
      

      
  altT

ext


      
      

      
      

      
      

      
  widt

h


      
      

      
      

      
      

      
  heig

ht


      
      

      
      

      
      

    }


      
      

      
      

      
      

}


      
      

      
      

      
  }


      
      

      
      

      
  vari

ants(f
irst: 

100) {


      
      

      
      

      
      

edges 
{


      
      

      
      

      
      

    no
de {


      
      

      
      

      
      

      
  id


      
      

      
      

      
      

      
  titl

e


      
      

      
      

      
      

      
  sku


      
      

      
      

      
      

      
  pric

e


      
      

      
      

      
      

      
  comp

areAtP
rice


      
      

      
      

      
      

      
  avai

lableF
orSale


      
      

      
      

      
      

      
  inve

ntoryQ
uantit

y


      
      

      
      

      
      

      
  sele

ctedOp
tions 

{


      
      

      
      

      
      

      
      

name


      
      

      
      

      
      

      
      

value


      
      

      
      

      
      

      
  }


      
      

      
      

      
      

      
  imag

e {


      
      

      
      

      
      

      
      

id


      
      

      
      

      
      

      
      

url


      
      

      
      

      
      

      
      

altTex
t


      
      

      
      

      
      

      
  }


      
      

      
      

      
      

    }


      
      

      
      

      
      

}


      
      

      
      

      
  }


      
      

      
      

      
  coll

ection
s(firs

t: 10)
 {


      
      

      
      

      
      

edges 
{


      
      

      
      

      
      

    no
de {


      
      

      
      

      
      

      
  id


      
      

      
      

      
      

      
  titl

e


      
      

      
      

      
      

      
  hand

le


      
      

      
      

      
      

    }


      
      

      
      

      
      

}


      
      

      
      

      
  }


      
      

      
      

      
  seo 

{


      
      

      
      

      
      

title


      
      

      
      

      
      

descri
ption


      
      

      
      

      
  }


      
      

      
      

    }


      
      

      
      

    cu
rsor


      
      

      
      

}


      
      

      
      

pageIn
fo {


      
      

      
      

    ha
sNextP

age


      
      

      
      

    en
dCurso

r


      
      

      
      

}


      
      

      
  }


      
      

    }


      
      

`;



      
      

const 
variab

les: a
ny = {


      
      

    fi
rst: 5

0


      
      

};



      
      

// USE
 lastS

ync to
 filte

r prod
ucts f

or inc
rement

al syn
c


      
      

if (la
stSync

) {


      
      

    va
riable

s.upda
tedAtM

in = l
astSyn

c;


      
      

}



      
      

let al
lProdu

cts: a
ny[] =

 [];


      
      

let ha
sNextP

age = 
true;


      
      

let cu
rsor: 

string
 | nul

l = nu
ll;



      
      

// Pag
inate 

throug
h all 

produc
ts


      
      

while 
(hasNe

xtPage
) {


      
      

    if
 (curs

or) {


      
      

      
  vari

ables.
after 

= curs
or;


      
      

    }



      
      

    co
nst re

sponse
 = awa

it fet
ch('/a

dmin/a
pi/202

5-07/g
raphql

.json'
, {


      
      

      
  meth

od: 'P
OST',


      
      

      
  head

ers: {


      
      

      
      

'Conte
nt-Typ

e': 'a
pplica

tion/j
son'


      
      

      
  },


      
      

      
  body

: JSON
.strin

gify({


      
      

      
      

query,


      
      

      
      

variab
les


      
      

      
  })


      
      

    })
;



      
      

    if
 (!res

ponse.
ok) {


      
      

      
  thro

w new 
Error(

`Faile
d to f

etch p
roduct

s from
 Shopi

fy: ${
respon

se.sta
tusTex

t}`);


      
      

    }



      
      

    co
nst da

ta = a
wait r

espons
e.json

();


      
      

    


      
      

    if
 (data

.error
s) {


      
      

      
  thro

w new 
Error(

`Graph
QL err

ors: $
{JSON.

string
ify(da

ta.err
ors)}`

);


      
      

    }



      
      

    co
nst pr

oducts
 = dat

a.data
.produ

cts.ed
ges.ma

p((edg
e: any

) => e
dge.no

de);


      
      

    al
lProdu

cts = 
allPro

ducts.
concat

(produ
cts);



      
      

    ha
sNextP

age = 
data.d

ata.pr
oducts

.pageI
nfo.ha

sNextP
age;


      
      

    cu
rsor =

 data.
data.p

roduct
s.page

Info.e
ndCurs

or;



      
      

    lo
g.info

(`Fetc
hed ${

produc
ts.len

gth} p
roduct

s, tot
al: ${

allPro
ducts.

length
}`);


      
      

}



      
      

const 
now = 

new Da
te().t

oISOSt
ring()

;


      
      


      
      

// SET
 new s

ync ti
me for

 NEXT 
execut

ion (f
ollows

 read-
then-w

rite p
attern

)


      
      

await 
kv.set

('last
Produc

tSync'
, now)

;


      
      


      
      

// Upd
ate in

tegrat
ion va

riable
 for U

I disp
lay


      
      

await 
activa

tion.s
etVari

able('
lastSy

ncTime
stamp'

, now)
;


      
      

await 
activa

tion.s
etVari

able('
totalP

roduct
sProce

ssed',
 allPr

oducts
.lengt

h);



      
      

log.in
fo(`Su

ccessf
ully f

etched
 ${all

Produc
ts.len

gth} p
roduct

s from
 Shopi

fy`);



      
      

return
 allPr

oducts
;


      
  })


    )


    .t
hen(


      
  fn('

transf
orm-pr

oducts
', ({ 

data, 
log })

 => {


      
      

log.in
fo('Tr

ansfor
ming p

roduct
s for 

Algoli
a inde

xing')
;


      
      


      
      

const 
transf

ormedP
roduct

s = tr
ansfor

mShopi
fyProd

uctsFo
rAlgol

ia(dat
a);


      
      


      
      

log.in
fo(`Tr

ansfor
med ${

transf
ormedP

roduct
s.leng

th} pr
oducts

 for A
lgolia

`);



      
      

return
 trans

formed
Produc

ts;


      
  })


    )


    .t
hen(


      
  http

('inde
x-prod

ucts-a
lgolia

', { c
onnect

ion: '
algoli

a' }, 
async 

({ fet
ch, da

ta, lo
g, act

ivatio
n }) =

> {


      
      

const 
algoli

aAppId
 = act

ivatio
n.getV

ariabl
e('alg

oliaAp
pId') 

as str
ing;


      
      

const 
indexN

ame = 
activa

tion.g
etVari

able('
algoli

aIndex
Name')

 as st
ring;


      
      


      
      

log.in
fo('In

dexing
 produ

cts to
 Algol

ia', {
 


      
      

    in
dexNam

e, 


      
      

    pr
oductC

ount: 
data.l

ength 


      
      

});



      
      

const 
produc

ts = d
ata as

 Algol
iaProd

uct[];



      
      

// Bat
ch pro

ducts 
for ef

ficien
t inde

xing (
Algoli

a reco
mmends

 batch
es of 

1000-1
0000 r

ecords
)


      
      

const 
batchS

ize = 
1000;


      
      

const 
batche

s = []
;


      
      


      
      

for (l
et i =

 0; i 
< prod

ucts.l
ength;

 i += 
batchS

ize) {


      
      

    ba
tches.

push(p
roduct

s.slic
e(i, i

 + bat
chSize

));


      
      

}



      
      

let to
talInd

exed =
 0;



      
      

for (c
onst b

atch o
f batc

hes) {


      
      

    //
 Use A

lgolia
's sav

eObjec
ts end

point 
for ba

tch in
dexing


      
      

    co
nst re

sponse
 = awa

it fet
ch(`/1

/index
es/${i

ndexNa
me}/ba

tch`, 
{


      
      

      
  meth

od: 'P
OST',


      
      

      
  head

ers: {


      
      

      
      

'Conte
nt-Typ

e': 'a
pplica

tion/j
son',


      
      

      
      

'X-Alg
olia-A

pplica
tion-I

d': al
goliaA

ppId


      
      

      
  },


      
      

      
  body

: JSON
.strin

gify({


      
      

      
      

reques
ts: ba

tch.ma
p(prod

uct =>
 ({


      
      

      
      

    ac
tion: 

'updat
eObjec

t',


      
      

      
      

    bo
dy: pr

oduct


      
      

      
      

}))


      
      

      
  })


      
      

    })
;



      
      

    if
 (!res

ponse.
ok) {


      
      

      
  cons

t erro
rText 

= awai
t resp

onse.t
ext();


      
      

      
  thro

w new 
Error(

`Faile
d to i

ndex p
roduct

s to A
lgolia

: ${re
sponse

.statu
sText}

 - ${e
rrorTe

xt}`);


      
      

    }



      
      

    co
nst re

sult =
 await

 respo
nse.js

on();


      
      

    to
talInd

exed +
= batc

h.leng
th;


      
      

    


      
      

    lo
g.info

(`Inde
xed ba

tch of
 ${bat

ch.len
gth} p

roduct
s to A

lgolia
`, {


      
      

      
  task

ID: re
sult.t

askID,


      
      

      
  tota

lIndex
ed


      
      

    })
;


      
      

}



      
      

// Upd
ate in

tegrat
ion va

riable
 for U

I disp
lay


      
      

await 
activa

tion.s
etVari

able('
totalP

roduct
sIndex

ed', t
otalIn

dexed)
;


      
      


      
      

log.in
fo(`Su

ccessf
ully i

ndexed
 ${tot

alInde
xed} p

roduct
s to A

lgolia
 index

: ${in
dexNam

e}`);



      
      

return
 {


      
      

    in
dexedC

ount: 
totalI

ndexed
,


      
      

    in
dexNam

e


      
      

};


      
  })


    );
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Build an integration that syncs product catalog data from 

Shopify (via the GraphQL Admin API) into Algolia (via the 

Search API) in real time. This will enable lightning-fast and 

intelligent on-site search experiences on a Shopify 

storefront, including support for filters, relevance-based 

ranking, and merchandising.

I've built a comprehensive real-time integration that syncs 

product catalog data from Shopify's GraphQL Admin API to 

Algolia's Search API. The solution includes:

Core Workflows

Scheduled incremental sync every 15 minutes using 

Shopify's latest GraphQL API (2025-07)


Real-time webhook handlers for instant product updates 

and deletions


Automated Algolia index configuration with optimized 

settings for e-commerce search

Key Features

Comprehensive product data transformation including 

variants, collections, pricing, and inventory


Batch processing with Algolia's recommended 1,000 

record batches for optimal performance


Advanced search capabilities with faceting, custom 

ranking, and typo tolerance


KV store integration for incremental sync state 

management

Would you like me to explain any specific aspect of the 

integration or add additional features like inventory alerts or 

collection-specific indexing?

Build anything...

You

Users
Connect

src

claude-4-sonnet

Build
Include Research

AI Integrations

Understanding 

AI Integration
To understand the shift, it helps 

to break it down into 
components...



Schema Inference

At the heart of every integration is a schema problem. Two systems represent similar concepts differently:

customer_id accountId

Nested objects Flat structures

Optional Required fields

Traditionally, engineers manually reconcile these differences through reading docs, inspecting payloads and writing 
transformation logic. AI-native systems can infer structural relationships between schemas. Given two API 
specifications or payload samples, models can:

Identify semantically equivalent fields

Suggest transformation mappings

Detect likely normalisation requirements

Flag incompatible structures

This reduces the time spent discovering obvious relationships. What once required days of documentation parsing 
can be compressed into minutes of review.

Intelligent Field Mapping

AI models can propose initial mapping layers with confidence scoring. Engineers shift from manually defining every 
mapping, to: reviewing, adjusting, and approving generated mappings.

For A Complex ERP Integration: AI Assisted Mapping Learns From:

Hundreds of Fileds Historical Integration Patterns

Conditional Dependencies Common API conventions

Nested Data Structures Industry-Standard Data Models



API Pattern Recognition

AI systems trained on broad API ecosystems can recognise  recurring structures and scaffold integrations 
accordingly. Instead of rebuilding authentication and request handling logic from scratch, pattern-recognised 
templates accelerate foundational setup.



This reduces:

Boilerplate code

Edge-case dicovery cycles

Early stage integration debugging

When an AI system is given API docs, API specs, sample payloads and target schema definitions, it can generate:

Endpoint wrappers

Data transformation stubs

Error handling structures

Logging hooks

Testing placeholders

Engineers then refine, rather than originate.

Deployment Acceleration

Beyond build time, deployment introduces its own 
friction, such as rollback strategies, monitoring 
etc.



AI native platforms can standardise this:



Predefined infrastructure templates

Observability by default

Automated configuration validation

Connector cost decreases

Automated Testing

Testing is an afterthought until something breaks.

AI systems generate:



Test cases from API contracts

Payload validation scenarios

Edge-case simulations

Regression test suites

When planning, building, deploying and 
testing are partially automated:


Initial build time compresses

Iteration cycles shorten

Maintenance becomes more 
observable

Connector marginal cost decreases



The Compounding Effects: Speed, Cost & 
Coverage 
What once required weeks of documentation review, manual payload testing and repeated transformation rewrites, 
becomes:


Review

Refine

Validate

Deploy


Engineers spend less time researching structure and more time refining logic.



When integrations ship sooner, integration velocity matches business velocity:

Customers onboard faster

Sales commitments are fulfilled earlier

Product teams iterate more quickly



Each additional connector becomes easier to deploy and maintain. Instead of hiring more engineers to keep up with 
integration demand, teams can increase coverage without proportional headcount growth. For CTOs, this is a move 
to increase capital efficiency.



When integration build time compresses and marginal cost decreases, strategic decisions change. Previously 
deprioritised integrations vanished, but with AI- native integrations, platform strategies expand.

The question shifts from: “Can we afford to support this integration?” to: “How quickly can we deploy it?”

Practical Next Step: Integration Audit Audi t Your Integrations Today

At Versori, we offer structured integration audits for engineering 
leadership teams. They are technical reviews designed to:


Map your integration surface area

Identify structural bottlenecks

Quantify engineering time allocation

Highlight high-leverage acceleration opportunities



The output is a clear view of where integration is constraining 
velocity and what can be done about it. If you are a CTO, VP 
Engineering, or Head of Platform navigating a growing integration 
backlog, an audit can provide an objective baseline.


Decisions Improve

Costs Decrease

Speed Increases


