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What You'll
Gain From This
Playbook

Al readiness is not a single project. ltis an
operating capability.

This playbook is designed for data, Al, and
technology leaders responsible for moving Al
beyond experimentation and into sustained
production use. Whether you use it to frame
strategy, assess your current state, or
operationalize next steps, it provides:

Clarity on Data Gaps Between Analytics and Al

Insight into why analytics-ready foundations struggle to support Al
systems, and where governance, semantics, and access patterns
create friction.

A Clear Definition of Al-Ready Data

A practical framework that defines what Al-ready data requires:
Trusted, Context-Aware, Productized, and Actionable, and how
these elements function together as an operating model.

Enterprise Use Cases in Practice

Concrete examples of how Al-ready data supports Customer 360,
governed metrics, and operational Al execution.

A Roadmap to Scale

Guidance for moving from isolated pilots to scalable, governed
production systems without replacing your existing data platforms.

A Structured Approach to Assessment

An introduction to the Al-Readiness Scorecard and guidance on
how to benchmark capabilities, surface priority gaps, and
determine next steps. If helpful, our team can work with you to
interpret results and outline a practical path forward.




Introduction

Introduction:
Al Readiness
Starts with Data

This playbook provides a practical
framework for closing the gap between
analytics-ready and Al-ready data. It is
designed to help you:

* Define what Al-ready data requires.

* |dentify where your current data
foundation limits scaling Al.

* Understand how governance, semantics,
reuse, and access must operate together.

* Move from pilots to production without
rebuilding your entire stack.

. Alreadiness is a data operations capability

Successful Al programs depend on how data is governed,
defined, reused, and accessed in everyday operations. Al
readiness is less about models and tools, and more about whether
data can reliably support machine-driven workflows at scale.

. Most enterprises are (only) analytics-ready today

Existing data stacks are well suited for dashboards and
reporting, where humans interpret results and make decisions. Al
introduces additional requirements because data must now be
consumed directly by systems without manual interpretation.

. Al systems require data that works by default

To operate consistently, Al systems rely on data that is trusted,
clearly defined, reusable across use cases, and accessible
through appropriate interfaces and latency. These capabilities
allow Al to perform reliably as usage grows.

. Alreadiness depends on how datais

packaged and shared

When governance, definitions, context, and access are built
into data workflows, Al systems can rely on consistent
behavior without additional coordination or rework.




5. Foundation-first approaches support Al scale

Organizations that prioritize strengthening existing data
foundations create better conditions for Al to move beyond pilots
and into production with fewer handoffs and exceptions.

. Treating Al readiness as an operating capability
reduces friction
When Al readiness is managed as an operating capability, teams

spend less time on rework and coordination, and more time
delivering Al-powered outcomes.

. DataOS enables this shift in a practical way

DataOS provides an operating layer that standardizes
governance, semantics, policies, and activation across existing

platforms, enabling Al readiness without disrupting current
investments.




From Analytics-Ready to
Al-Ready Data

Most enterprises have analytics-ready data stacks. This section
explains why that foundation, while valuable, requires specific
adjustments to support Al at scale.




From Analytics-Ready to Al-Ready Data

Th e G ap B etW e en How most current data stacks are designed

= Current data stacks are designed primarily for analytics, where

Cu rrent Data humans interpret results and resolve ambiguity.
= Business meaning is defined across many places, including
StaCkS and AI — SQL queries, dashboards, and application code.

= Governance and access rules are applied across multiple

Ready Data tools, teams, and processes.

What changes when data is used for Al

= Al systems consume data directly and require consistent
behavior without human intervention.

= Differences in definitions, access, or structure become
reliability issues rather than usability issues.

= As Al usage grows, these inconsistencies become more
visible and harder to manage.

What Al-ready data requires

= Trust: Enforceable rules that travel with the data.
= Context: Explicit, shared business meaning.

» Productized: Reusable data structures for multiple use cases.

= Actionable: Access patterns for machine-speed consumption.

Closing this gap
requires an
operating model
for data, one that
has meaning,
governance and
access built in.




From Analytics-Ready to Al-Ready Data

Understanding
the Gap: = . &

Analyt|CS- Analytics-Ready Data Gap Exposed by Al Al-Ready Data

Ready vs AI B Designhed for human
Ready interpretation

Metrics defined in Inconsistent definitions etrlci.demed LS
What works for dashboards breaks dashboards or SQL semantic layer
down when machines consume the .
data directly. Ambiguity that human Governance is tool-specific Fragmented enforcement fi\r"etr: ar;ccte i
analysts work around becomes errors Wi e data

that Al amplifies up.

Designed for machine
consumption

No human to resolve ambiguity

Data prepared per use

Data prepared per user request Rebuild for each workflow case

Optimized for APl and

Access optimized for :
Bl queries Automation bottlenecks model-driven consumption




The Al-Ready Data
Framework

Understanding the gap is one thing. Addressing it requires a clear
definition of what Al-ready data looks like. The following framework
breaks this down into the four essential elements.




The Al-Ready Data Framework

Defining Al-Ready
Data for the
Enterprise

Al-ready data is not a single artifact, such as a dataset, dashboard,
or feature store created for a specific use case. It is data
intentionally engineered to be consumed directly and safely by
machines, without relying on human interpretation or manual
correction.

Al-ready data carries its own:

= governance and access rules
= business meaning and definitions
= structural consistency via productization

= activation and consumption mechanisms

These properties are applied consistently and travel with the data,
regardless of where it is queried or consumed. This predictable
behavior reduces rework, limits risk, and enables Al initiatives to
move beyond isolated pilots into sustained production use.

Al-ready data eliminates interpretation
gaps between humans and machines so
dashboards, applications, and Al systems
interpret the data the same way, without

special handling or exceptions.
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The Four Elements

of Al-Ready Data

Trusted

Data is governed, traceable, explainable,
and auditable end-to-end. This allows Al-
driven decisions to be understood,
validated, and defended as usage grows
and compliance increases.

Context-Aware

Business meaning is explicit, shared, and
consistently applied. This ensures that Al
systems interpret data the same way
across teams, use cases, and consumption
patterns.

Data is delivered as reusable, outcome-
oriented data products with clear
ownership, interfaces, and SLA
expectations. This reduces duplication and
enables faster reuse across analytics,
applications, and Al initiatives.

Data must be accessible with low latency
via consistent, policy-aware interfaces
suitable for Al workloads. This enables Al
systems to use data directly in automated
workflows.

Trusted Context Aware

Al-Ready
Data

4 s
~__ |

Productized

Actionable
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Building an Al-Ready
Foundation with DataOS

The framework defines what Al-ready data requires. This section shows how
DataOS operationalizes these four elements across existing data platforms.




How DataOS
builds a
foundation for
Al readiness

DataOS operates
across your existing
data ecosystem

DataOS provides a unified operating
layer that governs, defines, packages,
and activates data across
warehouses, lakes, pipelines, and
source systems.

Accelerates time to
production

By packaging data with ownership, interfaces, and
service expectations, DataOS shortens the path from
data creation to application and Al workflow
deployment.

Simplifies data operations
at scale

By centralizing how data is governed and reused,
DataOS reduces duplicated logic, inconsistent
definitions, and manual coordination across teams
and tools.

Speed, Simplicity and Scale with DataOS

Standardizes how data
behaves across platforms

By consistently applying trust, business semantics,
reuse, and access patterns, DataOS ensures that
data behaves the same way across analytics,
applications, and Al systems.

Enables direct consumption
by Al systems

Al systems rely on data with clear meaning,
enforceable rules, and reliable access. DataOS
provides these capabilities so data can be consumed
directly without custom integrations.
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DataOS: Data Activation Layer for Al

CONSUMERS AND BI/ ENTERPRISE Al / ML
DECISION SYSTEMS ANALYTICS DASHBOARDS APPLICATIONS MODELING AGENTS
DataOS DATA PRODUCT HUB
DATA ACTIVATION
POWERED BY
D OS® DATA PRODUCTS embedded with
ata CONTEXT | GOVERNANCE | CODE | TRUSTED ACCESS
INTEROPERABILITY DATA QUALITY AND
AND ORCHESTRATION NIFIED SEMARTICS OBSERVABILITY
DATA SOURCES DATA WAREHOUSES EXTERNAL

AND LAKES FEEDS/APPS
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Operationalizing
glovernance for

Al requires governance
to be consistently
enforced, not
interpreted

When data is consumed directly by Al
systems, governance must be
embedded, automated, and
consistently applied across the full
data lifecycle.

Trust with DataOS

Policies are enforced
automatically across use
cases

The same rules apply whether data is accessed by
analytics, applications, or Al systems, removing the
need for custom controls or one-off exceptions.

Governance is embedded
directly into the data flow

Policies for access and usage are defined as
policy-as-code and applied consistently across
data products, platforms, and consumers.

Lineage and quality are
treated as first-class signals

End-to-end lineage tracks data from source
through transformation to Al consumption, while
quality checks and monitoring surface issues
before downstream systems are impacted.

Auditability and explainability
are built in by design

Because governance, lineage, and data quality are
embedded into how data moves and is consumed,
Al decisions can be understood, reviewed, and
defended without retrofitting controls later.
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Business
Semantics as a
Shared Enterprise
Capability

Al Requires Explicit,
Governed Business
Meaning

Al systems do not infer intent or
reconcile ambiguity. Business
entities, metrics, and relationships
must be clearly defined and
governed for machine consumption.

Definitions are created once
and reused across all
consumers

The same semantic definitions are applied
consistently across Bl tools, APIs, applications, and
Al systems, eliminating duplicated logic and tool-
specific interpretations.

Business and technica_l
teams co-own semantic
definitions

Definitions are developed collaboratively, ensuring
business intent is captured accurately while being
enforceable and scalable.

Semantics are tied directly to
lineage and governance

Linking definitions to lineage preserves trust and

auditability as data flows from source through
transformation to Al consumption.

Shared context prevents drift
as Al usage grows

Explicit, reusable semantics reduce metric drift,

conflicting interpretations, and inconsistent Al
behavior across teams and systems.
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Productizing
Data for Reuse
at Scale

Al Requires Reusable
Data as the Unit of
Scale

Scaling Al demands data be
packaged as reusable products
rather than rebuilt for every model or
use case.

Data Products with DataOS

Each data product bundles
what Al needs by default

Data products package data with semantics,
governance, quality signals, and access points,
enabling Al systems to consume data with built-in
context and controls.

D_ata Products are
discoverable and reusable
across teams

Well-defined data products can be shared across
domains and use cases, reducing duplication and
improving consistency as Al adoption grows.

Data products are managed
as software assets

Data Products are versioned, maintained, and
evolved over time, allowing teams to rely on them
across multiple Al and application initiatives.

Productization shifts effort
from data prep to Al delivery

By reducing repetitive data preparation and
pipeline rebuilding, Al teams can focus on models,
experimentation, and deployment instead of
plumbing.
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Enabling Direct
Use of Datain
Workflows

Al systems require
low-latency,
predictable access to
data

To operate reliably, Al systems need
data that is available at the right
speed and behaves the same way
across executions and environments.

Making Data Actionable with DataOS

Data products are exposed
through standard interfaces

Data products are made accessible via SQL, APIs,
GraphQL, and MCP, enabling Al systems and
applications to consume data in the formats they
require.

Access is policy-aware and
consistent across
consumers

Governance rules are enforced automatically at
the point of access, regardless of whether data is
consumed by analytics, applications, or Al agents.

Governance and semantics
are preserved end-to-end

Business meaning, access controls, and lineage
travel with the data from source through activation,
preventing downstream drift or reinterpretation.

Enables Al agents to execute
safely without custom
integrations

Al systems can act directly on governed,
contextual data products without building one-off
pipelines or bypassing controls.
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Al-Ready Data Use
Casesin Practice

The framework and capabilities are now clear. These patterns
show how organizations apply them in practice across common
enterprise use cases.
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Use Case #1-

Customer 360 BEFORE  A\@i=:

Data PrOduct Customer data optimized

for analytics

= Customer data is spread across multiple
tables, pipelines, and systems.

= Definitions of “customer” vary by team,
dashboard, and use case.

= Metrics and features are recreated for each
analytics or Al initiative.

= Governance and quality checks are applied
inconsistently.

= Each new Al use case requires custom data
preparation.

Customer data product
designed for Al use

= A Customer 360 is defined as a data product

with clear ownership.

= Customer entities, attributes, and metrics are

defined once with shared semantics.

= (Governance, access policies, and quality
checks are embedded in the product.

= The same customer data product supports

analytics, applications, and Al systems.

= New Al use cases reuse the data product

instead of rebuilding pipelines.
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Metrics as
Governed,
Reusable

Asset

=13z {am AFTER

Metrics defined for
reporting

= Metrics are defined inside dashboards, SQL
queries, or application logic.

= Different teams use different definitions for the
same business concept.

= Changes to metrics require manual updates
across multiple tools.

= Al features and models rely on locally
redefined metrics.

= Inconsistencies surface as Al usage grows.

Metrics defined as
governed semantic assets

= Core business metrics are defined once with
explicit semantics.

= Metrics are managed centrally within the data
foundation.

= The same definitions are reused across
analytics, applications, and Al systems.

= Governance, lineage, and ownership are
embedded with each metric.

= Updates to definitions propagate automatically
to downstream consumers.
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Use Case #3:

Aieinobas  BEFORE WXgyss

Execution Data delivered for batch
and manual use
= Datais delivered through batch pipelines and

offline extracts.

= Al teams pull data into isolated environments
for experimentation.

= Access logic and policies are reimplemented
for each use case.

= Latency and freshness vary by pipeline and
consumer.

= Moving from pilot to production requires
significant rework.

Data products activated
for operational Al

= Data products are exposed through consistent,
governed interfaces.

= Al systems access data directly using SQL,
APls, GraphQL, or MCP.

= Policies and semantics are enforced
automatically at access time.

= Low-latency access supports real-time and
near real-time decisioning.

= Al workflows operate on the same trusted data
foundation as analytics and applications.
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Your Al-Readiness
Roadmap

You've seen the framework and how it works in practice. The next
step is understanding where your organization stands today.




Your Al-Readiness Roadmap

Next Steps Towards

Al-Ready Data

START

Assess Your Current
Al Readiness

Start by using the Al
Readiness Scorecard to
benchmark where your
organization stands today. This
gives you a clear footing for
planning your transformation
before moving into deeper
operational work.

DEFINE

PRIORITIZE

ENABLE

SCALE

Define Your Operating
Model for Al-Ready
Data

Align on how governance,
business context, reuse, and
access will be embedded into
everyday data operations, not
handled as one-off project
decisions.

Prioritize High-Impact
Data Products

|dentify one or two high-value
domains where reusabile,
governed data products can
unlock measurable business
outcomes and reduce
duplication.

Enable Direct, Policy-
Aware Consumption

Expose data products
through standardized
interfaces so analytics,
applications, and Al systems
can consume data
consistently and securely.

Scale with Confidence
Across Use Cases

Expand across teams,
regions, and use cases
using the same
foundation, reducing
rework, increasing trust,
and accelerating Al
adoption.

NEXT: COMPLETE YOUR SCORECARD
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https://www.themoderndatacompany.com/resources/ai-readiness-scorecard

Al-Readiness
Scorecard: Find
Out Where You
Stand

Go to Interactive Scorecard

Quickly evaluate your current capabilities,
highlight priority gaps, and gain clarity on how
to evolve your data foundation for Al success.

The online assessment takes approximately
5-10 minutes to complete. Our team is
available to review your results and help
translate them into practical next steps.

You can also download the accompanying
white paper.

a¢ Modern WhitePaper
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https://www.themoderndatacompany.com/scorecard
https://www.themoderndatacompany.com/resources/ai-readiness-scorecard

ContactUsor
Schedule a Demo

Reach out: info@tmdc.io
Learn more: themoderndatacompany.com
Schedule a demo: https:/www.themoderndatacompany.com/schedule-a-demo
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