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Governments and agencies citing Nestorʼs AI work



Businesses briefed by Nestor



Where is the future going?



1. Technical capabilities



AI performance continues to improve



V1, February 2022 V6, December 
2023

AI performance continues to improve



Whichfaceisreal.com



Whichfaceisreal.com



Not just image generation, videos too! 
Pika v1, December 2023

https://docs.google.com/file/d/12Zw7vbNO-FuFU4dd7wMbsYFOMaLtpY_0/preview


Not just image generation, videos too! 
Pika v1.5, October 2024

https://docs.google.com/file/d/1zVxUvHDhY08okNle5m6sipipNpxiGTFO/preview


Not just image generation, videos too! 
Pika v2.2, February 2025

https://docs.google.com/file/d/1U88XAsU0jJ1kg5Jg70FSjKmlI009xaIs/preview


Googleʼs Veo 3, May 2025

http://www.youtube.com/watch?v=IOg8QvKhO1A


AI exceeds humans on some, but not all benchmarks (2024)



What benchmarks are left? (2025)

GPQA, + 49%

MMMU, +19%

SWE-bench, +67%



Key takeaway: AI systems are getting better
Key question: How much better will they get (with scale)?



Scaling laws



It all started with the transformer (Vaswami et al., 2017)



Training compute of notable AI models overtime



Comparison to airline speeds



GPT-5 negative reactions



Contextualizing performance gains (part 1)

Model and Date LM Arena Score

GPT-5 | August 2025 1481

GPT-4 | April 2023 1286

GPT-3.5 Turbo* | November 2022 1201
+ 7.1 %

+ 15.2 %

+44 vs. GPT-4



Contextualizing performance gains (part 2)

Model and Date LM Arena Score

GPT-5 | August 2025 1481

o3 | April 2025 1451
+ 2.1 %

+1 vs. Grok 4



Are we going to run out of data? 



AI as a whole is no longer so open, GPT-3 (2020)



AI as a whole is no longer so open, GPT-4 (2023)



AI as a whole is no longer so open, o3(2024)



2. Geopolitics



US v. China race: US ahead with notable models



US v. China race: US ahead since 2003 as well



US v. China race: US producer of top research



US v. China race: China leads in research totals



US v. China race: China leads in patents



US v. China race: China leads in industrial robotics



US v. China race: US catching up in model performance



Tracking AI competition with the Global Vibrancy Tool

https://hai.stanford.edu/ai-index/global-vibrancy-tool


Key takeaway: geopolitically, AI is a two-horse race
Key question: in ten years, which country will lead?



AI national leadership now a global priority



Would your business ever build with a Chinese model?



3. Business Integration



Investment in generative AI is especially ballooning 



Major CEOs now really paying attention to AI



2024 was a turning point in organizational adoption



Usage across functions also increasing



GPTs are GPTs

(1) Pervasive | (2)  Improving | (3) Complementary



AI speeds up work, can sometimes improve quality 
(computer science)



AI speeds up work, can sometimes improve quality 
(consulting, customer support)



AI speeds up work, can sometimes improve quality (law)



Other, more aggregate data (Hartley et al., 2025)



Team effects are even stronger (DellʼAcqua et al., 2025)

https://papers.ssrn.com/sol3/papers.cfm?abstract_id=5188231


AI levels up low-skilled workers more than high-skilled



Leveling up effect a consistent finding across the literature



Humans should still be kept in the loop



AI becomes more efficient, affordable and accessible: 
falling inference prices



AI becomes more efficient, affordable and accessible: 
high-performing, small models



AI becomes more efficient, affordable and accessible: 
energy efficiency gains and improved price-performance 



AI becomes more efficient, affordable and accessible: better 
open-weight models 



Key takeaway: businesses are embracing AI
Key question(s): how much will AI impact productivity? 
What impact will it have on labor?



The steam engine changed history, is AI next?

Steam engine, 1712



Massive productivity impacts take time to realize



Steam (line-shaft, central ) power versus electric (localized, 
per-unit power)

Old steam factory, Leipzig Edisonʼs Pearl Street Station



The productivity J-Curve (Viney, 2022)



AI taking entry level jobs? (May, 2025)



New data paints grim picture for entry-level workers 
(Brynjolfsson, 2025)



New data paints grim picture for entry-level workers 
(Brynjolfsson, 2025)



Will we have more automation or augmentation? 
(Brynjolfsson, 2022)



4. Where is the ecosystem?



Premise #1: AI is already here



AI beats humans on most tasks



Premise #2: AI is already changing business



Business usage of AI is increasing



Research highlighting productivity impacts (AI Index, 2025)



Productivity impacts take time



Premise #3: Many businesses are struggling with 
integration



Leaders know they lag behind (McKinsey, 2024)



NY Times, August 2025



Premise #4: Businesses need AI education



Why? 🧠 Strategy Questions
1. How will AI enhance our core value proposition or create new revenue streams over 

the next 3–5 years?
Pushes leadership to think beyond incremental gains toward strategic transformation.

2. What are our competitors doing with AI, and how do we differentiate ourselves in 
this evolving landscape?
Promotes proactive positioning and market awareness.

3. Are we making build, buy, or partner decisions strategically — and do we 
understand the trade-offs of each?
Helps structure a scalable and cost-effective AI roadmap.

4. How are we future-proofing our AI investments to remain adaptable amid 
fast-moving technology and regulation?
Encourages resilience, flexibility, and regulatory readiness.



Why? ⚙ Operational Questions
1. Do we have the infrastructure (e.g., cloud, compute, storage) in place to support 

model training, deployment, and scaling?
Ensures technical feasibility and performance readiness.

2. What is our process for testing, validating, and approving AI systems before they go 
live?
Reduces operational risk and improves reliability.

3. How will AI systems be monitored in production — and who is responsible for 
identifying issues or failures?
Defines ownership and operational resilience mechanisms.

4. Are we integrating AI into existing workflows in a way that augments, rather than 
disrupts, human decision-making?
Focuses on practical adoption and user alignment.



Why? 🔐 Data & Governance Questions

1. What data sources will power this AI system, and do we have clear rights and 
documentation for their use?
Ensures lawful access, licensing clarity, and reduces IP/privacy risk.

2. How are we assessing the quality, representativeness, and bias of the data we are 
using?
Directly addresses model performance, fairness, and reliability.

3. Who is responsible for data stewardship — including data updates, lineage 
tracking, and lifecycle management?
Establishes operational accountability and long-term maintainability.

4. Do we have mechanisms in place to detect and respond to data drift or model 
degradation over time?
Promotes proactive monitoring and sustained system performance.



Why? 👥 People & Culture Questions

1. Do our employees understand how AI is being used in the organization, and are we 
communicating its impact transparently?
Builds trust, reduces fear, and encourages engagement across teams.

2. Are we investing in upskilling and training so that staff can work effectively with AI 
tools?
Ensures that employees are equipped to adapt and collaborate with new technologies.

3. How are we addressing concerns around job displacement, role changes, and 
ethical use of AI among our workforce?
Fosters a culture of responsibility and psychological safety.

4. Do we have champions or cross-functional teams in place to model responsible AI 
adoption and support cultural change?
Encourages grassroots buy-in and organizational momentum.



You are the factory manager in the 1890s





nmaslej@stanford.edu


