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From Events to Entity Risk Intelligence:

Rethinking Fraud Detection for the Modern Financial Ecosystem

In the 2002 film Minority Report, law enforcement agencies prevent murders before they
happen, charging suspects not for crimes committed, but for crimes their behavioral data
predicts they will commit. This concept, described in the movie as “pre-crime,” has long
been considered science fiction. For fraud prevention in financial services, this approach is
increasingly becoming the operational standard.

Stopping fraud before it occurs is no longer a futuristic concept. Most sophisticated risk
programs in global finance are shifting their strategies in this direction as a response to the
evolving nature of fraud. As transaction speeds accelerate, attack surfaces expand, and
adversaries gain access to the same Al tools that power modern financial infrastructure,
the window between fraud initiation and irreversible loss has compressed to near zero.
Detecting fraud after the fact is no longer sufficient. The only defensible posture is detecting
intent before losses occur.

Most fraud programs, however, are still designed around isolated events: a transaction,
a login, a chargeback. Event-centric, rule-based detection is structurally incapable of
recognizing patterns that precede events: it resets risk on every transaction, discards
historical context, and generates false-positive rates so high that analysts spend the
overwhelming majority of their time investigating activity that poses no actual threat,
indicating a fundamental misalignment between the tools available and the nature of
fraud itself.

Enter a different approach

Entity Risk Intelligence, a framework that anchors risk to the entity rather than only the
transaction, continuously evaluating intent-driven behavioral signals across accounts,
devices, channels, and time. By establishing what normal looks like for every customer,
merchant, and counterparty, and identifying meaningful deviations from that baseline,
institutions can detect intent to commit fraud before a chargeback is filed, before funds
leave the institution, and before the damage is done. Pre-crime detection is no longer
science fiction. It is a strategic necessity.

©2026 Fraudnet e




# FraudNet eBook

The Limits of Reactive Detection: Why
Event-Based Systems Are Failing

The Expanding Attack Surface

(8 The digital transformation of financial services has delivered real benefits:

- faster payments, frictionless onboarding, embedded finance, open banking APIs,
and seamless cross-border transactions. But every architectural advancement
that improves the customer experience also expands the surface available to
fraudsters.

Real-time payment rails compress the window between initiation and irreversibility.

Open banking creates new integration points that are difficult to monitor consistently.
Cloud-native microservices introduce distributed architectures that create visibility gaps
that are easy to exploit. Large language models and agentic Al have handed sophisticated
adversaries tools that dramatically accelerate the speed and scale of their operations.

This is not a hypothetical concern.

Between December 2025 and January 2026, an attacker leveraged Al to automate
cyberattacks against multiple Mexican government agencies, successfully exfiltrating
150GB of taxpayer records, including voter data, employee credentials, and civil registry
files, before the Al providers intervened.

The implication for financial services is clear: if Al-native attacks can execute at that scale
against government infrastructure,

financial institutions are not immune. aemele

By the time event-based systems fire,

the damage is already done.

Against this backdrop, traditional

fraud detection architectures are L .
structurally mismatched with the S | ™
threat environment. Yet most = | 3
institutions continue to operate . %
systems built on the same : , AT
foundational assumption: that :
individual transactions, evaluated 1 3
in isolation, are the right lens for T o "
identifying risk. T ol o o

L
serarer,
rasease b
LR L L
E T T
EEL LT
LLETIL L
(L LT LT L]
[T YT
S

SR F
LLL L

©2026 Fraudnet




What Event-Based Detection Gets Wrong

(& “Traditional rule-based monitoring systems are structurally misaligned with

— modern transactions. They generate false positive rates exceeding 90% to 95%,
meaning analysts spend the vast majority of their time investigating benign
transactions.”

Journal of Information Systems Engineering and Management, 2024

Event-based fraud detection treats each transaction, login, or account action as a discrete
data point. A rule fires if the single event meets a predefined threshold. The problem is that
fraud rarely announces itself through a single, obvious event. It unfolds through patterns, a
sequence of behaviors across multiple channels and time horizons that, individually, appear
unremarkable but collectively signal intent.

A fraudster testing stolen card credentials doesn’t run one high-value transaction; they run
hundreds of micro-transactions across dozens of merchants. An account takeover doesn't
begin with a fraudulent wire transfer; it begins with a login from an unfamiliar device, a
password reset, a quiet update to contact information. Event-based systems miss these
patterns because they are designed to evaluate moments rather than trajectories. Each
transaction resets the risk clock. Historical context is discarded.

The operational consequences are significant.

Rule-based monitoring generates false-positive rates of 90% to 95%, meaning the vast
majority of analyst time is spent investigating legitimate activity rather than genuine threats.
Teams grow larger not to handle more fraud, but to handle more noise. And because

every new fraud pattern demands a new rule, the rule library grows continuously, creating
technical debt, inconsistent decisions, and diminishing returns.

Meanwhile, global fraud losses continue to mount.

Organizations lose an estimated 5% of their annual revenues to fraud, amounting to over
$4.6 trillion in global economic losses each year. In the United States, credit card fraud
alone causes more than $13 billion in direct losses annually, with indirect costs pushing the
true impact two to three times higher. (“Advanced fraud detection using machine learning
models: enhancing financial transaction security,” International Journal of Accounting and
Economics Studies, June 2025) The conclusion is unavoidable: detection that reacts to
events, rather than recognizing patterns, cannot protect institutions operating at modern
transaction velocity.
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Entity Risk Intelligence: A New
Foundation for Financial Risk

Why the Entity Is the Right Unit of Risk

Fraud is fundamentally a network problem, characterized by hidden connections between
people, accounts, devices, and transactions that would otherwise remain invisible but
become apparent when you examine the entity behind them.

A single fraud ring may span hundreds of mule accounts, dozens of merchant relationships,
and a web of synthetic identities assembled from stolen data. Traditional detection tools
chase suspicious transactions individually, missing the multi-hop connections, coordinated
timing, and hidden facilitators that transform small-scale scams into multi-million-dollar
losses.

Entity risk intelligence reframes the problem entirely. Rather than asking whether a given
transaction is suspicious, it asks: Is this entity behaving consistently with its established
patterns, and if not, what does that deviation signal about its intent?

This shift in perspective changes everything about how risk is assessed. Instead of
evaluating isolated events, risk is anchored to a persistent, continuously evolving profile that
aggregates behavioral signals across accounts, channels, devices, counterparties, and
time. Fragmented identifiers (account IDs, device fingerprints, watchlist matches, beneficial
ownership data,transaction histories) are unified into a single “Golden Profile” for each entity.
That profile gains continuity and historical context with every interaction.

The result is a fundamentally different kind of risk intelligence. You are no longer asking
whether this transaction looks unusual in isolation. You are asking whether this entity is
acting like itself, and whether its behavior signals something it is unlikely to communicate
directly.

©2026 Fraudnet e
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EVENT-BASED DETECTION ENTITY RISK INTELLIGENCE
(The "Old” Way) (The “New” Way)
Unit of : :
. Isolated Events Entity profiles
Analysis: ypP
The Core Is this single transaction " . . C -
Question:  SUSpiCious?’ Is this entity behaving like itself*
Operational . Rgsets the risk clock on - Continuous, evolving
Reality: every event behavioral baseline
« Discards historical context « Anchors risk to persistent
« Chases individual “red flags” trajectories

In payments, a large acquirer can link activity across interconnected merchant accounts,
uncovering a payout laundering ring operating at the portfolio level, an operation that would
evade any transaction-level control entirely. In banking, a regional institution can identify a
characteristic mule network (layered accounts, coordinated login times, shared devices) by
connecting cross-channel behaviors that no event-based tool could correlate. Anchoring
risk to the entity rather than the event transforms detection from a reactive snapshot into a
living, continuously updated risk narrative.

Behavioral Baselines: Turning Intent Into a Detectable Signal

The operational power of entity-centric detection lies in the behavioral risk context that
enables it: intent analysis. Every entity has a behavioral baseline, a characteristic pattern

of activity established over time. For a merchant, that baseline might include typical
transaction values, processing geographies, IP address ranges, and time-of-day patterns.
For a retail banking customer, it might encompass typical transfer counterparties, device
usage, login frequency, and average transaction size. These baselines are not static
snapshots; they are dynamic profiles that evolve as an entity’s legitimate behavior changes.

When current activity deviates from an established baseline, whether through identity
mismatches, velocity spikes, value anomalies, authentication failures, or unusual timing,
those deviations become meaningful early warning signals. The system is no longer asking
whether a transaction looks suspicious in isolation; instead, it asks a more powerful question:
Is this entity behaving like itself? And if not, what does that deviation suggest about their
intent?
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The range of behavioral intent signals is broad. These signals can surface fraud and
compliance risks that transaction monitoring alone cannot detect.

O -‘| Velocity anomalies: rapid cycling of low-value transactions consistent with card-
" testing patterns can be identified within seconds of their initiation across multiple
merchant endpoints.

02 Value anomalies: transaction amounts that diverge sharply from an entity’s
*  historical distribution. flag potential bust-out behavior or stolen card exploitation.

03 Timing irregularities: activity concentrated in off-hours windows, inconsistent with
' the entity’s established patterns, can indicate automated attack tools or account
compromise.

O 4 Reputational signals: adverse media coverage, proximity to sanctions lists, or
' unexpected changes in the beneficial ownership structure, can identify potential
compliance risks.
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Together, these signals form a multi-dimensional picture of entity intent that no single data
point could provide. This intent-driven approach enables the kind of pre-crime detection
that event-based systems cannot support. Consider two illustrative scenarios:

g Payments: A merchant suddenly begins processing high-ticket transactions from
| S ) ope . . . . .

unfamiliar IP addresses, well outside its established behavioral norms. Taken in
isolation, no single transaction triggers a static rule. But against that merchant’s
behavioral baseline, established over months of consistent, geographically
predictable activity, the pattern signals a potential account takeover or bust-out
fraud. The system triggers a review before chargebacks spike, not after.

Banking: A retail customer who has maintained consistent, routine transfer
patterns for years suddenly conducts a flurry of high-value transfers to unfamiliar
counterparties while simultaneously changing their primary login device.

By leveraging an entity risk intelligence approach, the account’s risk state is
immediately flagged for enhanced due diligence before funds leave the
institution, not after.

The distinction from event-based detection is fundamental.

Event-based systems reset risk on every transaction, treating each interaction as
independent. With an entity-focused approach, context is preserved, profiles are
enriched over time, and each new signal is evaluated against the full history of what
“normal” looks like for that entity.

The precision benefit runs in both directions.

When an entity’s full behavioral history informs the risk score, legitimate activity that
superficially resembles fraud, for example, a high-value cross-border transaction from
a new device, or a seasonal transaction surge, is recognized for what it is. Intent-driven
risk scoring improves detection accuracy without tightening thresholds that would
increase friction for trusted entities.
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Operational Efficiency: From Alert
Management to Decision Support

Ending Rule Sprawl

Rule-based fraud detection imposes a fundamentally unsustainable operational model.
Every new fraud pattern, every variation in attack methodology, every newly identified
vector demands a new rule. Over time, this accumulation produces sprawling rule libraries
characterized by overlapping logic, inconsistent thresholds, and exponentially increasing
maintenance overhead.

The deeper problem is that rule performance degrades. As fraud tactics evolve, payment
technologies advance, and regulatory requirements shift, static rules become increasingly
irrelevant. Model drift is the trajectory of any detection architecture that does not learn from
new data. The result is a system that generates more alerts with less accuracy over time,
precisely the opposite of what growing transaction volumes demand.

Intent-driven, entity-level detection replaces brittle rule libraries with adaptive risk signals
that continuously improve as new behavioral data is incorporated. Rather than attempting
to explicitly define every possible manifestation of fraud—a task as futile as it is expensive—
behavioral models learn what normal looks like for each entity and surface deviations that
signal risk. This shifts the detection paradigm from prescription (fraud looks like this) to
inference (this entity is behaving as if their intent may be fraudulent).

©2026 Fraudnet




Scaling Detection Without Scaling Headcount

The arithmetic of modern fraud prevention is unforgiving. Transaction volumes
C_r in payments and banking are increasing at double-digit annual rates. Fraud
volumes scale accordingly. Risk teams do not.

This structural gap cannot be closed sustainably by adding analysts. It can only be
addressed by fundamentally changing what analysts are asked to do. Entity risk intelligence
enables exactly this shift: by dramatically reducing the volume of false-positive alerts

that reach human review, and by ensuring that the alerts that do reach analysts are
contextualized, prioritized, and actionable, it transforms the analyst role from alert
management to decision support.

Machine learning models evaluate hundreds of risk attributes in milliseconds, enabling real-
time or near-real-time risk decisions without introducing friction into the payment process.

Al does not replace human judgment, but amplifies it.

Only the signals that genuinely warrant human attention make it to an analyst’'s queue.
Every decision the analyst makes then feeds back into the model, recalibrating detection
accuracy over time and creating a learning loop that continuously improves.

©2026 Fraudnet m
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The Human-in-the-Loop Advantage

The analyst’s role does not diminish in an entity-centered
detection model; it compounds. Every disposition an
analyst makes, whether confirming fraud, clearing a

false positive, or escalating for review, is a structured

signal that recalibrates the model. Over time, analyst
expertise becomes embedded in the system itself, building
institutional knowledge that is genuinely proprietary and
increasingly difficult to replicate.

For executive leaders managing growth targets alongside
flat headcount projections, entity risk intelligence
fundamentally changes what is operationally achievable.

Regulatory Compliance: Explainability as an Operational
Advantage

The regulatory landscape governing Al-driven risk decisions in financial services has
grown substantially more demanding. Frameworks, including PSD2’s strong customer
authentication requirements and OCC guidance on model risk management, now expect
institutions to demonstrate not just that their systems are effective, but that their decisions
are traceable, auditable, and demonstrably fair.

For institutions relying on opaque, rule-based systems or black-box Al models, this
expectation creates significant operational and regulatory exposure. If you cannot explain
why a specific decision was made (why an account was flagged, why a transaction was
declined, why a suspicious activity report was generated), you cannot defend that decision
to a regulator, an auditor, or an executive board.

Entity risk intelligence addresses this requirement not as an afterthought, but by design.
Because every risk score is anchored to specific behavioral signals (deviations from
established baselines and anomalous patterns in identifiable dimensions), the rationale

for each decision is transparent and can be expressed in plain language. Risk teams can
assemble supporting documentation for suspicious activity reports or chargeback disputes
in minutes rather than hours, drawing on entity histories and decision logs that provide a
complete, defensible narrative.

Explainability also closes the internal governance loop. When risk decisions can be clearly
articulated and reviewed, automated workflows can be assessed, refined, and validated,
ensuring the system is making the right decisions based on the right signals.

©2026 Fraudnet
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Real-Time Security
for an Adaptive
Threat Landscape

Adaptive Al Defense That
Evolves With the Threat

The most significant structural advantage
of behavioral, entity-centered detection
over rule-based systems is its capacity to
adapt. Static rules are fixed at the moment
they are written. Behavioral fraud-detection
models, by contrast, continuously refine their
understanding of what constitutes normal
and anomalous activity as new data flows
through the system.

This matters because sophisticated fraud actors are not static. Criminal networks share
information, techniques, and tools. They probe system responses, identify detection thresholds,
and adjust their tactics accordingly. An institution relying on static rule libraries is perpetually
fighting the last war by authoring rules for fraud patterns that have already evolved by the time
they are deployed.

@ Adaptive Al models address this by learning continuously from transaction and
behavioral data. When new patterns emerge, such as a new card-testing technique, a
new account-takeover vector, or a new form of chargeback manipulation, the model
identifies the underlying behavioral signature, not just the specific instance. Detection
improves without manual intervention.

g Payments: Al-native behavioral analytics identify the pattern of coordinated card

- testing across disparate merchants and geographies, flagging the campaign within
seconds of the first attempts, before meaningful losses accumulate. Because the
model recognizes the behavioral signature of card testing rather than any individual
transaction threshold, it catches coordinated activity that no static rule would surface.

@ Banking: Adaptive risk scoring detects rapid-cycling account takeovers by monitoring
simultaneous shifts in device usage, IP behavior, and transfer patterns. Rather
than waiting for a single transaction to breach a threshold, the system detects the
behavioral trajectory that precedes the fraudulent transfer, enabling early interdiction
before reputational or monetary damage occurs.
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Network intelligence, or consortium data, further amplifies this advantage. When behavioral
signals are informed by fraud intelligence drawn from a broader network of institutions, the
detection model benefits from exposure to patterns that no single institution would observe
on its own. Fraudsters who have been active elsewhere in the network are recognized faster,
often before they cause any damage at the current institution, rather than after rules are
updated in response to losses.

Explainability as a Design Requirement

The adaptive fraud-detection capabilities of an entity risk intelligence approach are
only as valuable as they are defensible. Al models in financial services carry a higher
regulatory burden than most: regulators require that decisions be traceable, outcomes
e demonstrably fair, and the decision-making process be reviewable by examiners. An
Al-native platform built on behavioral intent signals satisfies this by design, as every risk
score is tied to specific, documented deviations from an entity’s established baseline,
generating an audit trail as a natural byproduct of detection rather than a compliance
afterthought. The result is a real-time security posture that is simultaneously adaptive
and accountable.

The shift to entity risk intelligence offers more than a fraud-prevention strategy. It is

a governance investment, with explainable, auditable Al decisioning that satisfies
regulatory mandates, accelerates audit readiness, and supports faster dispute
resolution. Institutions that build explainability into their detection architecture today are
building a structural compliance advantage.
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Frictionless Security: Protecting
Revenue While Protecting Customers

The True Cost of False Positives

The operational and regulatory costs of poor fraud detection are well understood.
C,@ The revenue cost is less visible, but no less significant, and in many cases more
immediately damaging to the business.

False positives waste more than analyst hours. A false positive can lead to a declined
transaction for a legitimate customer, friction in a cross-border payment for a merchant
with a clean history, a chargeback dispute that can strain a merchant’s relationship, or

an onboarding hold that pushes a qualified customer toward a competitor. For payment
processors operating at scale, even a modest reduction in false positive rates translates
directly into measurable improvements in approval rates, merchant revenue, and customer
retention.

The challenge is structural: without behavioral context, legitimate activity often resembles
fraud. A consumer traveling internationally and making purchases in an unfamiliar
geography triggers the same velocity and geolocation rules as a compromised card being
used abroad. A merchant experiencing a genuine seasonal surge in transaction volume
appears, at the event level, similar to a merchant executing a bust-out scheme. A business
customer initiating a large, time-sensitive wire transfer exhibits the same value-anomaly
characteristics as an unauthorized transfer from a compromised account. Event-based
systems cannot distinguish between these scenarios, but an entity-focused system can.

©2026 Fraudnet @
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Entity-Level Context as a Revenue Protection Strategy

Entity risk intelligence simultaneously improves the precision of risk decisions in
C@ both directions. Not only does it more accurately identify fraud through behavioral
= anomalies, but it also more accurately clears legitimate activity through
behavioral context.

A customer with a long history of international
travel making a cross-border transaction
looks very different through an entity lens
than through a transaction lens. The former
supports approval; the latter may trigger a
rule.

This deep contextual understanding directly
protects revenue streams while maintaining
rigorous compliance guardrails. The traveling
consumer’s international purchases are
evaluated against their historical travel
patterns, device continuity, and authentication
bbehavior, not against a static geographic

rule. The seasonal merchant surge is
compared to prior seasonal cycles in the
entity’s profile, distinguishing normal growth
from anomalous volume. The business wire

is assessed against the entity’s established
counterparty relationships and typical transfer
cadence, separating a time-sensitive but
legitimate payment from a genuine account
compromise.

The result is a system that applies
proportionate scrutiny: elevated review for
genuinely anomalous behavior, streamlined
processing for activity that, while superficially
unusual, is consistent with the entity’s
established patterns.

Legitimate entities experience less friction.
Risky entities receive appropriately intensive
evaluation. Approval rates improve for good
transactions, while detection rates improve
for genuine fraud, the defining advantage
of entity-level intelligence over event-level
detection.
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Onboarding as the Foundation of the Entity Risk Profile

The quality of entity due diligence at the point of onboarding directly determines the
integrity of the risk profile that follows. Merchants or customers admitted with incomplete,
inaccurate, or deliberately obscured identity information represent a persistent exposure
that downstream transaction monitoring must then manage at greater cost and with less
context.

To effectively leverage entity risk intelligence, the initial layer of each entity’s risk profile

must be established through comprehensive due diligence: business identity verification,
KYB compliance, beneficial ownership mapping, sanctions and PEP screening, and adverse
media review. Rather than functioning as a one-time gate, this process should be integrated
with ongoing monitoring, so that the onboarding record serves as the baseline against
which future behavioral deviations are evaluated. An entity that passes initial screening but
subsequently exhibits meaningful anomalies is surfaced in context, with the full history of
what was established at origination informing the risk assessment.

Ownership transparency deserves particular

attention here. Hidden or layered beneficial

ownership structures are among the most o
common mechanisms used to obscure financial

crime at the entity level, whether for sanctions :
evasion, money laundering, or organized ‘ L
merchant fraud. Continuously mapping UBO F -
hierarchies and monitoring them for changes [:j : .
is not purely a compliance exercise; it is g

substantive risk management capability that a =
strengthens the entity profile over time and '

surfaces risk that transaction monitoring alone

cannot detect.

The practical effect is a continuous rather than ':_},] - , -
episodic compliance posture. Onboarding E @
establishes the entity. Monitoring sustains

the picture. And when the two are integrated

on a shared data model, the risk intelligence

compounds. Each new signal is evaluated

against an increasingly complete understanding

of who the entity is and how they typically behave.
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Entity Risk Intelligence in Practice: The
FraudNet Platform

An Integrated Architecture for the Full Risk Lifecycle

Entity risk intelligence delivers its full value only when its components are integrated—
when entity screening, behavioral monitoring, transaction risk decisioning, and explainable
Al analytics operate as a unified architecture rather than disconnected point solutions.
The inter-module data flows are where the compound value is generated: onboarding

risk signals informing transaction monitoring thresholds; behavioral anomalies at the
transaction level elevating entity risk scores; case management feedback recalibrating
models across all detection layers.

FraudNet's platform is engineered to deliver this end-to-end vision. Rather than a collection
of independently operating tools, each capability shares a single data model, a single rules
engine, and a single investigation workflow. This foundation enables entity-level behavioral
intelligence to function as a coherent risk system rather than a set of loosely connected
features.
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Data Orchestration

Effective entity risk assessment depends on a complete, high-quality view of each entity’s
activity across all channels and payment rails. FraudNet’s data orchestration layer
centralizes payment and customer data from multiple sources, including card networks,
ACH rails, real-time payment systems, and digital banking channels, enriching each
interaction with the contextual signals necessary for accurate entity-level risk assessment.
This ensures that behavioral baselines are built from the full picture of entity activity, not just
the subset visible through any single channel.

Entity Screening and Monitoring

Risk assessment does not begin at the first transaction; it begins at onboarding. FraudNet's
entity screening capability establishes the initial layer of each entity’s risk profile through
comprehensive due diligence: business identity verification, KYB compliance, beneficial
ownership mapping, sanctions and PEP screening, and adverse media review. When

this process is integrated with ongoing behavioral monitoring, the result is a continuous
compliance posture rather than a point-in-time gate. Entities that pass onboarding

but subsequently exhibit meaningful behavioral deviations are surfaced for review; the
onboarding record provides the context against which those deviations are evaluated,
creating a persistent, evolving risk profile throughout the relationship's lifecycle.

Transaction Monitoring

FraudNet's transaction monitoring capability surfaces nuanced, intent-driven risk signals
in real time, operating at both pre-authorization (before liability is assumed) and capture.
Rather than evaluating transactions against static rule thresholds, the system compares
each interaction against the entity’s established behavioral baseling, identifying deviations
that indicate genuine risk rather than surface-level anomalies. Models adapt continuously
as fraud tactics and business models evolve, maintaining detection accuracy without
requiring manual rule updates. For payment processors and acquiring banks, this means
detection capability improves precisely where it is most needed, in real time, without the
overhead of constant rule maintenance.
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Intelligent Risk Decisioning

The decisioning layer is where behavioral intelligence translates into action. FraudNet's
intelligent risk decisioning combines human-defined policy with Al-native transaction

and entity scoring to automate outcomes at scale while providing the guardrails and
explainability regulatory environments require. Rather than binary approve/decline decisions
driven by static thresholds, the system routes transactions to the most appropriate
outcome: outright approval for entities whose behavioral profile is consistent, step-up
authentication for anomalous patterns that may be legitimate, or decline for patterns that
clearly indicate fraudulent intent. This granularity improves both security outcomes and
customer experience simultaneously, replacing blunt rule-based controls with context-
aware decisions that reflect the full complexity of entity behavior.

Advanced Analytics

FraudNet's Advanced Analytics surfaces broader patterns across fraud typologies, portfolio
segments, operational workflows, and time that inform strategic decision-making and
regulatory responses. Where case management supports the analyst investigating a
specific entity or transaction, Analytics supports the executive and compliance leader asking
larger questions: Where is fraud risk concentrating in the portfolio? How are detection rates
and false positive ratios trending? Which rule sets or risk models are under-performing, and
where is review volume outpacing capacity? This visibility serves both internal governance
and external accountability. Business intelligence derived from aggregate fraud and risk
trends enables teams to allocate resources more effectively, refine detection strategy, and
identify emerging threat patterns before they reach material scale.

Al Advisor

The Al Advisor translates complex behavioral and transactional signals into plain-language
insights and recommended actions, reducing decision latency and ensuring that analysts
spend their time on consequential work. For risk and compliance leaders, Al Advisor surfaces
the behavioral context behind each flagged entity in a format accessible to auditors,
executives, and regulators alike, connecting every risk score to the specific signals that drove
it, in language that does not require deep technical expertise to evaluate. This capability
also supports the internal governance loop: when analysts can see exactly which signals
drove a particular alert and provide structured feedback on the model's assessment, that
feedback improves future decisioning accuracy.
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A New Framework for Risk: Why the
Time to Act Is Now

Converging Pressures Are Forcing the Issue

The evolution from event-based detection to entity risk intelligence is not simply
C@ a technology upgrade. It is a strategic response to converging pressures that are
= simultaneously increasing fraud complexity, regulatory demands, and operational
cost constraints.

Real-time payment rails (RTP, FedNow, instant ACH, and their global equivalents) have
fundamentally compressed the detection window. The irrevocability of instant payments
means that fraud undetected at authorization cannot be recovered through traditional
chargeback mechanisms; the institutions best positioned to compete on these rails are
those whose risk architecture can keep pace with their speed.

That same infrastructure is operating under tightening regulatory scrutiny: AML requirements
are expanding in scope, examination cycles are shortening, and regulators are increasingly
focused on whether Al-powered decisioning is explainable and defensible, not merely
effective. And the threat landscape itself continues to accelerate, as generative Al lowers
the cost and increases the scale of synthetic identity fraud, coordinated phishing, and
automated attack campaigns. Each of these forces compounds the others. Together, they
make incremental improvements to event-based detection insufficient by definition.

The Strategic Imperative

Leading risk teams in payments and banking can’t wait for these pressures to become
crises before acting. The shift to entity risk intelligence is more than a future capability to be
evaluated. It is a present operational necessity that determines whether their institutions can
grow responsibly in the current environment.

The institutions that move first gain compounding advantages. Behavioral
baselines built from years of entity data become more accurate and
difficult to game. Collaborative intelligence networks grow more

valuable as more participants contribute and benefit from shared

fraud signals. Analyst expertise, developed through structured

interaction with explainable Al decisioning, compounds into {
genuinely proprietary institutional knowledge. 1 i
S
By contrast, the institutions that delay are not simply forgoing a !‘_{ | e Gﬁ
capability improvement. They are allowing the gap between their T T

detection sophistication and the threats they face to widen. In an
adversarial environment where fraud tactics are continuously
improving, standing still is equivalent to moving backward.
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From Detection to Intelligence

At its core, the shift to entity risk intelligence is a change in the question risk teams are
asking. Event-based systems ask: Did something suspicious happen? Entity risk intelligence
asks: Is this entity behaving in a way that signals something we should act on before
damage occurs?

That shift in question changes the risk function’s entire operational posture. Fraud teams
move from reactive triage to proactive intelligence. Analyst expertise is focused where

it creates the most value, rather than consumed by alert noise. Risk decisions become
transparent and defensible to regulators, boards, and counterparties that need to
understand them. And the detection capability itself improves continuously, learning from
every case rather than requiring manual intervention to stay relevant.

The detection architecture that served institutions a decade ago was designed for a
financial system that no longer exists—one with slower payments, simpler fraud patterns,
and more forgiving recovery windows. What comes next demands something built for the
environment as it actually is.

The shift from event-based detection to Entity risk intelligence is achievable, and the
operational and financial case for it has never been stronger. Whether you are managing
fraud operations for a global payment processor, a regional bank, or a growth-stage fintech,
the same fundamental principle applies: the entity is the unit of risk, and behavioral signals
are the key to detecting intent before losses occur.

See FraudNet's Entity Risk Intelligence in action. Request a tailored FraudNet demo and
discover how entity-centered, Al-native detection can help your institution detect risk
earlier, reduce false positives, and build a fraud program that scales with your business,
not against it.

Learn More
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