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Product and credit risk often run on different clocks—and it costs lenders. Product ships customer-
facing changes while risk models, policies, and governance move separately, creating slow approvals, 
missed experiments, and uneven P&L outcomes. This playbook shows credit leaders how to run like 
product leaders: embed risk in cross-functional squads, define shared outcomes, and test in-market 
with clear guardrails.


We outline six practical steps: (1) get crisp on the economic outcome (e.g., raise approvals at a fixed loss 
target); (2) test approaches with disciplined, staged exposure; (3) stay aligned through weekly rhythms, 
shared metrics, and lightweight governance; (4) validate feasibility across data, decisioning, MLOps, 
and integrations; (5) validate the business case before committing to a path, and (6) consider ethics and 
compliance throughout your builds. 


Do this well and you’ll run faster experiments, unlock approvals without exceeding loss appetite, and 
grow risk-adjusted margin, treating modern risk models as products you iterate and ship, not one-off 
projects. 


For teams that want acceleration, Carrington Labs provides cash flow underwriting and modern 
credit risk analytics, including post-origination monitoring, that can work with existing lending 
workflows. 

Executive Summary

12



Over the last 20 years, the discipline of product management has emerged as a critical role that helps 
research, validate, and bring to life commercial offerings. It is common for organizations operating in a 
product-led model to form cross-functional teams that work together to deliver outcomes, not just 
outputs. 

Traditionally, the team may be composed of 3 to 10 people who work together to achieve a shared 
objective. This might include engineers, a product manager, a product designer, and business analysts in 
some places working on shipping a new feature, improving throughput in an onboarding funnel, or 
something else aimed at creating value for the customer and the business. These cross-functional 
teams work in agile ways. They test, learn, and reduce risk. Once the risk of shipping the wrong thing is 
low, they focus on productionizing the solution.


In recent years, we’ve gained access to more data than ever. Data scientists have also become core 
members of these cross-functional teams, helping companies build, test and scale digital products. Yet 
product management still sits separate to credit risk teams. In the lending world, excluding credit risk 
from these cross-functional teams can have real costs:


Unaligned launches: Features that change application flows or repayment options roll out without 
risk input.

Slower responses: Risk teams update models and policies on a different cadence, delaying 
improvements.

Missed opportunities: Rich behavioral and transaction data isn’t fully used in product experiments.

Inconsistent outcomes: Growth targets and risk appetite are optimised separately, leading to trade-
offs rather than balance.


The result is friction: product changes stall while waiting for risk sign-off, or risk policies are 
implemented too slowly to support growth. Worse, lenders miss the chance to use richer transaction 
and behavioral data to experiment with new credit strategies in-market.


Bringing credit risk into the product-led approach closes this gap. 


With a risk lead sitting alongside engineers, product managers, and data scientists, lenders can design 
and test lending policies with the same agile practices that drive product innovation—faster 
experiments, shared metrics, and pre-agreed guardrails. This approach balances growth with stability 
and enables lenders to raise approvals at a fixed loss target.


In this paper we break down 6 practical steps credit risk teams can take to adopt product management 
strategies and deliver better outcomes.


Introduction
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1. Understand the Outcome 
You Are Trying to Achieve

If you are not deep in credit risk, this sounds 
simple. Isn’t the point to avoid defaults and get 
paid back?


That can be one strategy, but there are others.


A lender usually needs to choose from goals 
like:


Have no defaults and leave margin on the 
table

Approve as many borrowers as possible to 
grow revenue and accept thinner margin

Maximize risk-adjusted margin by balancing 
approvals and expected loss.


Option 3 is usually the right economic answer. 
Exposure and default are measured as 
percentages. Bad debt dollars can rise while 
total margin also rises if the portfolio grows 
and pricing holds.


Once you pick the metric, understand the 
drivers. If you want to maximize margins, look 
at:


Approved applications and offer acceptance 
or walk-away rates

Credit profile of the portfolio by segment

Average loan size by risk tier

Pricing and elasticity by segment

Credit box settings like Debt-to-Income 
ratio (DTI), FICO or bureau score cutoffs, 
and policy rules

Fraud screens and thin-file handling.


These can be broken down further. Approvals 
come from the credit box. That includes things 
like DTI thresholds, verified income, score 
cutoffs, stability checks, and thin-file rules. 
Knowing this lets the credit risk squad see 
where to test and improve. 



If you want fewer defaults, test lower limits in 
higher-risk tiers or adjust score cutoffs. If you 
want higher acceptance with stable risk, test 
price, term, and limit combinations.


Define the parts first. 


Probability of Default (PD) is the chance a 
loan will default in the period you measure. 


Loss Given Default (LGD) is the percent you 
do not recover if default happens, after 
recoveries and costs. 


Exposure at Default (EAD) is the balance 
outstanding when default occurs.


Expected Loss (EL) is the product of those 
three. EL = PD × LGD × EAD.


Risk-adjusted margin is what you keep after 
risk and costs. This can be calculated in 
different ways, but generally you start with 
price yield, subtract expected loss, and 
subtract operating costs. Use that number to 
compare options and make calls.


Then keep it honest. 


Check results against the data you already 
track: vintages, roll rates, early delinquency, 
and the key funnel metrics like approval and 
acceptance. If the numbers hold, keep going. If 
they don’t, change course.


Practical addition: set two or three 
measurable targets up front, for example:


Raise approval rate by 200 bps in prime 
and near-prime while holding expected 
loss flat

Improve offer acceptance by 300 bps 
through limit-term-price optimization

Keep 0–30 DPD below guardrail X and 
quarterly net charge-offs under Y.
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2. Test Different Approaches
The goal of a product mindset in credit risk is to focus on outcomes and reduce the chance of 
deploying the wrong solution.


In digital products, a bad decision costs time and lost opportunity. In credit, the cost also includes real 
capital if loans are approved for the wrong borrowers. That’s why disciplined testing is essential.


When building a credit model, you can take multiple approaches: logistic regression, tree-based 
methods, gradient boosting, or ensembles. But the algorithm is only part of the equation — feature 
selection (e.g., income stability, utilization, cash-flow patterns, inquiries, delinquency history) often 
has just as much impact on outcomes.


Be practical about trade-offs: apply enough discipline to trust results, but not so much process that 
you stall delivery.


A strong baseline testing framework includes:


Offline back-tests with out-of-sample and out-of-time validation

Shadow scoring in production with no live exposure

Staged rollouts with exposure caps by segment

Clear expand/stop rules tied to loss, approval, and acceptance thresholds

Coherent reason codes that remain interpretable for adverse action under Reg B


This balance of rigor and speed ensures new models are reliable, explainable, and ready to scale 
without exposing the business to unnecessary risk.

Two simple accelerators that work:


Champion-challenger with pre-agreed 
gates: move from shadow to 5 percent 
exposure, then 20 percent, then 50 
percent when lift and guardrails are met 


Limit-price-term experiments in parallel 
with model changes, since economics and 
take-up often drive as much value as a new 
score.



6

Model change log  
with dates, versions, and 
reason codes.

Policy memo  
for every material change, with 
expected impact and 
monitoring plan.

Fair lending review summary 
with disparate impact tests and 
remediation, if needed.

Simple artifacts that make audits easy:

Most teams juggle live portfolio performance with upgrades and enhancements to risk policy, 
models, and decisioning. The team needs to stay aligned with the lender’s strategy and risk appetite.


Data can be analyzed forever. Code can be refactored forever. Tests can run forever. Alignment keeps 
you moving.


Work rhythms that help:


Set top-level metrics and guardrails like early-stage delinquency, charge-off ceilings, and 
concentration limits

Hold a weekly read-out on performance, experiments, and decisions needed

Tie every change to P&L impact and, where relevant, current expected credit loss (CECL)

Keep Compliance, Fair Lending, and Model Risk close, and document decisions.


In the US, keep core obligations in view: ECOA and Reg B for adverse action and fair lending, TILA and 
Reg Z for disclosures, FCRA for data accuracy and permissible purpose. Follow model risk practices 
similar to SR 11-7. You can move fast and still respect governance.

3. Stay Aligned

4. Validate Feasibility
Most organizations do not have the luxury of large, fully resourced teams to build credit platforms end 
to end. Leaders often know what modern approaches look like, but time, skills, and bandwidth are 
limited.
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5. Ensure Economic Viability

Anyone responsible for a P&L knows the tension 
between generating new margin and absorbing 
the cost of change. Before committing to a path, 
validate the business case.


Estimate the impact on approvals, acceptance 
rates, pricing, expected loss, unit economics, and 
payback period. Treat each initiative like an 
investment and use stage gates to control risk.


For example, Figure 1 illustrates an efficiency 
frontier comparing a cash flow underwriting 
model with traditional credit scores. The results 
may show lower default rates at the same 
approval levels, higher approvals at the same 
default rates, or a combination of both. 
Translate these outcomes into clear business 
metrics. If the economics meet your thresholds, 
proceed with a small, stage-gated pilot; if not, 
refine the approach and retest before making 
further commitments.

Think creatively. 


Build vs buy is not binary. You can combine internal policy with external components where it speeds 
time to value. 


For example, explainable models, limit recommendations, monitoring, and feature pipelines that fit 
into your stack.

Figure 1. Approvals vs Default Rate. Graph shows how a 
cash flow underwriting model (CL Model Performance) 
expands capabilities compared to traditional credit 
scores.

Confirm feasibility across the core components:


Data: availability, quality, lineage, and latency

Decisioning: rules engine, model hosting, feature store, and audit trail

MLOps: deployment, monitoring, drift detection, and rollback processes

Integrations: transaction data, bureaus, payments, and collections

Rollout: pilot design, exposure caps, and operational readiness in servicing and collections


Validating these areas upfront reduces the risk of stalled initiatives and ensures the solution can scale 
beyond pilot.
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Modern credit risk models are products. Treat them that way. Put a cross-functional team on the 
problem, be clear on the outcome, test with discipline, respect governance, and ship in increments. 
Do this well and you will raise approvals, hold loss in line with appetite, and grow risk-adjusted 
margin. 


If you need acceleration or specific components, Carrington Labs can supply modern credit risk 
analytics and cash flow underwriting models and monitoring that align with US requirements and fit 
into existing decisioning stacks. 


If you have the team and tools already, use this playbook and build it yourself.


Key Takeaway

Ethics and compliance matter. 


Test for disparate impact, segment performance, and potential bias. Ensure reason codes are 
consistent and interpretable. Monitor results over time to detect drift. Customers with thin files or 
limited credit history should be assessed fairly based on available data, not excluded automatically.


A clear operating rule: do not move any change to full exposure until loss performance by segment is 
within guardrails and fair lending checks are passed.


When done properly, strong ethics and compliance become a competitive advantage. They build trust 
with customers and regulators, lower the risk of penalties, and enable lenders to expand access 
responsibly while supporting long-term profitability.


6. Build Ethically



Unlock smarter lending with 
Carrington Labs
Carrington Labs builds cash flow underwriting models as well as tools for loan and limit sizing, post-
origination limit management, and early-warning systems for banks and non-bank lenders.


It uses contemporary data-science techniques, machine learning, explainable AI, and alternative 
sources of data to help lenders modernize their decision-making processes, provide the right offers 
to customers, increase approval rates, and improve margins. 


Working across the consumer and small-business lending space, Carrington Labs can pilot a tailored 
risk model for a lender in days, and onboard a lender in weeks, driving significant improvements in 
growth and returns. 


For more information visit  or email  to find out how 
our modern credit risk solutions can fit into your business.


carringtonlabs.com hello@carringtonlabs.com
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