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* multicollinearity
* more variables than objects
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Principal component regression (PCR)

We want to explain and predict the
response vy from multivariate X.

Response vy is regressed on
principal components]of X.
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Partial least squares regression (PLSR)

We want to explain and predict
multivariate Y from the multivariate X.

Successive PLS components extract
covariation between X and Y maximally.
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A subset of paired comparisons

If a subset of paired
comparisons is of
primary interest, then...

we want to focus
on this subset which
contains the relevant
variation
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PLSR of a subset of paired comparisons

PLSR of a subset of paired
comparisons often explains
and predicts these paired
comparisons better than
conventional PLSR

Regression coefficients differ
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