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Whatever shall we do?
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Multiple linear regression
will not do the job

X

Explanatory Variables

P
ro

d
u
c
ts

SensoryChemistry

y
Explains or 

Predicts

Multiple Linear Regression

Estimation problems due to…

• multicollinearity
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𝐲 = 𝐗𝐛 + 𝐟
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We want to explain and predict

multivariate Y from the multivariate X.

Successive PLS components extract 

covariation between X and Y maximally.

Partial least squares regression (PLSR)

PLS component
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Whatever shall we do?

Whatever shall we do?

What about paired 
comparisons?
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Investigating paired 
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104814. https://doi.org/10.1016/j.foodqual.2023.104814
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