


Decisions related to experimental design and
statistical analysis in sensory evaluation are
often guided by standard practices.

Does a study that is designed and analyzed in
a manner that is consistent with these
practices always make sense?









Part I:
Hedonic data
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Various authors have reported situations in
which consumers are clustered according
to the randomly allocated serving orders.

Think about that when using this data in
preference mapping!































































Balanced Incomplete Block Design

Each consumer evaluates k of t samples
(k < t)

t-present-k design
Goal:

Order and carryover balanced
Unbiased product estimates




























































Franczak et al. (2015) describe a
16-present-6 sensory informed design.




































Question order

Liking — CATA



Investigate

perception responses within
liking clusters

and / or

liking responses within
perception clusters
















































TCATA studies: Question order

TCATA — Liking



Investigate

perception responses within
liking clusters

and / or

liking responses within
perception clusters












Part 1ll:
Conclusion






Does a study that is designed and analyzed in
a manner that is consistent with standard
practices always make sense?

Of course not.

It’s important to follow the design and
analysis rules that need to be followed and
break the rules that need to be broken.
Which rules are which?



“Experience is knowing
when to put your hand in
the wood chipper.”

Chris Findlay, as quoted by John Hayes
at the Society of Sensory Professionals 2014 Conference
In Tucson, Arizona
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