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“NOBODY WAS
FRUSTRATED"

The promise and problem of synthetic
users in UX research

DFFRNT DOMINIRA SAUL

SPEAKER NOTES

“l want to talk about an idea that is becoming
increasingly plausible: doing user research
without users.”
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Process for testing blood hemoglobin with the TrueHb Hemometer

Note: for the purposes of our test we used simulated blood.

SPEAKER NOTES

Usability Testing TrueHB Hemoglobin meters with
rural nurses in Ghana



1
4
=

Task 1 T

The task was to tm on TV
explore the new platform
reely.

The perception of the n:
Interface was uneven

Un Nuevo Look Para una Nueva Vida

SPEAKER NOTES

Usability testing set-top box Ul in Argentina &
Brazil



SPEAKER NOTES

Shadowing medical surgical nurses in Milwaukee /
Observing travellers at various border crossings
(here is St. Stephen NB)

We have been incredibly fortunate to have had the
opportunity to do user research in all parts of the
world and involving all sorts of potential solutions
whether that's Africa or South America all over
Canada or the United States we have had the
immense privilege of being able to interact with
users in order to ascertain what is the best
experience for them in a multitude of situations.
this type of research is of course time-consuming
and expensive. Is it a thing of the past?

Having the option to have synthetic users provide
you with real world, data or data approximating real
world situations is tempting because of the
efficiency it save time it save money it says effort,
but the question is is it an actual replacement for
first hand, boots on the ground, primary research?



The Seduction
“l interviewed 300
customers yesterday”

e They represented every age group, income
bracket and level of technical expertise.

e | tested three designs, asked follow-up
questions and segmented the results.

e The report was ready before breakfast.

SPEAKER NOTES

“Imagine | tell you | interviewed 300 customers
yesterday. They represented every age group,
income bracket and level of technical expertise. |
tested three concepts, asked follow-ups,
segmented the answers, and had the report ready
before breakfast. Recruitment time: zero.
Participant incentives: zero. There is just one
catch... None of them exist.”



In your opinion, does this qualify

as user research?

Does this qualify as use

v research?

SPEAKER NOTES
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Definition
What is a synthetic user?

An Al-generated representation that produces responses or behaviours intended to stand in for those
of a human user or user population.

a & &

PERSONA RESPONDENT PARTICIPANT AGENT

Working synthesis informed by Hamdldinen et al. (CHI '23), Salminen et al. (CHI '24), Xiang et al. (CHI '24), and Lu et al. (CHI EA '25).

SPEAKER NOTES



Taxonomy

Four very different things are being called “synthetic users”

They make progressively stronger methodological claims.

Synthetic Grounded Synthetic Synthetic
persona persona participant agent

Describes a Represents existing Answers research Attempts tasks or
hypothetical user research/data questions as a user interacts with interfaces

Examples: Salminen et al. (CHI '24); Wang & Siu (CHI '26); Hémdldinen et al. (CHI '23); Xiang et al. (CHI '24).

SPEAKER NOTES

Taxonomy (2 minutes)

The first two categories can be thought of as
representations. The latter two make stronger
claims: the model is now producing new answers
or new behaviour and researchers may be
tempted to treat those outputs as observations.

The key distinction: “Al organizes evidence we
collected” is very different from “Al generates
evidence we never collected.”

Sources: [3] Salminen et al.; [6] Wang & Siu; [1]
Héméléinen et al.; [2] Xiang et al.



Epistemic Distance

The further we move right, the stronger the claim

Think in terms of epistemic distance from observed humans.

Summarize Represent Generate Predict Predict Replace
evidence evidence hypotheses responses behaviour observation

INCREASING EPISTEMIC DISTANCE FROM OBSERVED HUMANS ->

The risk is not “synthetic-ness.” It is how much evidentiary work we ask the simulation to do. How
far removed is this finding from something we actually observed a human being say or do?

Original synthesis. Conceptual framing informed by the empirical literature summarized later in the talk.

SPEAKER NOTES

Signature framework #1: Epistemic distance (2
minutes)

The left side is relatively modest: summarizing or
representing evidence. The right side asks Al to
make claims about human response or behaviour
without direct observation.

“My concern isn’t really how synthetic the user is.
It is how much epistemic work we are asking the
simulation to do.”

Epistemology is the study of knowledge, how
we know what we know, what counts as
evidence, and when we can reasonably say
something is true.

Epistemology asks: “How do we know
this?”

So with synthetic users, the epistemological
question is not just “Does this answer sound
believable?” but “What evidence do we have
that it reflects real users?”



The Seduction

And the appeal is obvious

FAST @ No recruiting

seconds, not weeks

C H EA P ® No specialty fees

no recruitment fees or incentives

SCALABLE ® Any number

dozens - thousands

@ Instantaneous samples

® Any hour

® Any scenario

UXAgent (Lu et al., CHI EA '25) explicitly explores large-scale simulated users to evaluate study design before human-subject research.

SPEAKER NOTES

Why this is seductive (90 seconds)

Make the strongest possible case for the
attraction before criticizing it. UX research has
chronic pain points: access, time, incentives,
repeated recruitment, and iteration cost. Synthetic
users appear to dissolve all of them.

This is why a dismissive stance is not useful. If
the method offers genuine leverage, we need to

understand where it is valid.

Source: [7] Lu et al. UXAgent.



The Case For

Early evidence: surprisingly human-looking answers

Hamalainen, Tavast & Kunnari— CHI 2023

Human response

"l usually play games to relax after work,

especially when | don't have the energy
for anything social.”

LLM-generated response

"l tend to play in the evening because it
helps me unwind and gives me
something low-pressure to focus on.”

The unsettling part:

It can sound
completely plausible.

But “human-like text” is only one
kind of similarity.

Conceptual illustration; cite Himdldinen, Tavast & Kunnari (CHI '23), especially Fig. 5 and their human-likeness/diversity analyses.

SPEAKER NOTES

Hamalainen et al. (2 minutes)

Explain that this CHI 2023 paper helped make
synthetic HCI data a serious topic. Their
experiments showed that language-model outputs
could look impressively human-like on some
surface-level measures.

The overarching takeaway from Hamalainen et al.
(2023) is a dual-use warning. LLMs can
dramatically accelerate thedesign, prototyping
and pilot testing phases of research by providing
highly plausible synthetic data. However, relying
on them to capture the genuine, highly diverse
margins of human behavior will systematically
erase the unique outliers that drive true
user-centered innovation.

Transition: “Notice the standard we just used:
plausible.”

Source: [1] Hdméladinen et al. 2023. Suggested
paper figure to cite in notes/handout: Fig. 5.



The Case For

Plausible doesn’t mean representative

A model can imitate the style of a participant sample while compressing its diversity.

0 0000000 Model

Convergence

0000600 00
— SR — o
‘ewer surprising,

0060606000 00

idiosyncratic and
minority responses

A synthetic sample can be fluent while still being statistically and experientially “too smooth.”

Hdmdildinen et al. (CHI '23) found important diversity limitations despite human-like outputs; later literature repeatedly identifies synthetic homogeneity/distortion.

SPEAKER NOTES

Diversity problem (2 minutes)

Explain model convergence: language models
optimize likely continuations, so a synthetic
“sample” can sound varied while still
over-producing typical or semantically central
responses. By definition this gravitates towards a
central tendency.

This matters because research is often valuable
precisely because of the unexpected, awkward,
minority, and contradictory observations—not
because of the average answer.

Sources: [1] Hdmaéléinen et al.; [12] Kuric et al.
systematic review. Suggested paper item to cite:
Héamélainen et al.’s diversity analyses/table rather
than copying a figure.



From Simulation to Interaction

SimUser: What about usability testing

When Synthetic Users Start Clicking

SimUser generates heuristic usability feedback by simulating different users interacting

with a mobile interface.

USER —
CHARACTERISTICS ‘Hﬂ‘

SIMULATED USER

Redrawn conceptually from Xiang et al. (CHI '24), Fig. 1/ system overview.
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SimUser setup (2 minutes)

Explain why this study raises the stakes. Rather
than generating interview answers, the system
attempts to simulate user—application interaction
and generate usability feedback.

Source: [2] Xiang et al. 2024. Based on Fig.
1/system overview.

The capability emerged in stages, but 2022—-2024
is the key transition period.

A useful timeline:

. 2022: Adept demonstrated ACT-1, a
model that could use a web browser by
observing the Ul and taking actions such
as clicking, typing, and scrolling. This
was an early, high-profile demonstration
that language models could operate
existing software interfaces rather than
only call APIs.

° 2023: Research systems such as
WebArena began systematically
benchmarking LLM agents on
realistic,..(Continued - next slide)



From Simulation to Interaction

SimUser: What about usability testing

When Synthetic Users Start Clicking

SimUser generates heuristic usability feedback by simulating different users interacting

with a mobile interface.

USER —_— —
CHARACTERISTICS ‘H‘H‘

SIMULATED USER

Redrawn conceptually from Xiang et al. (CHI '24), Fig. 1/ system overview.

anm
n+

APP

_—

FEEDBACK

SPEAKER NOTES

..multi-step web tasks across functioning
websites. Performance was still poor—its
best GPT-4-based agent completed only
about 14% of tasks end-to-end—but the
research direction was clearly
established.

2024: This became much more concrete.
On October 22, 2024, Anthropic
released Claude 3.5 Sonnet’'s computer
use capability in public beta, explicitly
allowing the model to look at screens,
move the cursor, click buttons, and type
into ordinary applications. Anthropic
described it as the first frontier model to
offer general computer use in public
beta.

2025: OpenAl launched Operator /
Computer-Using Agent on January 23,
2025. It operated through screenshots
plus mouse and keyboard actions and
was designed to use ordinary GUIs
without requiring application-specific
APlIs. (Continued)



From Simulation to Interaction

SimUser: What about usability testing

When Synthetic Users Start Clicking

SimUser generates heuristic usability feedback by simulating different users interacting
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° 2025-2026: Computer-use capabilities
moved from demos and research
previews toward more general-purpose
agent products and developer tools, with
systems increasingly able to execute real
tasks across websites and desktop
software.

GUI-using agents did not suddenly appear
after Xiang et al. The capability was already
emerging. But 2024 was the inflection point
when computer use began moving from
research prototypes into general-purpose
frontier models, and 2025 made it a
user-facing capability.



It found real problems, but performance varied dramatically

SimUser evaluation: 48 human users + 21 designers on a simple smartwatch interface.

35.7% 100%

LOW END HIGH END

Similarity of generated usability feedback to human feedback, depending on user
group and usability category

Xiang et al. (CHI '24): “similarity varying from 35.7% to 100% according to the user groups and usability category.”

SPEAKER NOTES

SimUser results (2 minutes)

A synthetic tool that identifies a substantial
fraction of human-identified usability feedback is
useful. The issue is variability: 35.7% and 100%
are very different levels of fidelity.

The paper itself frames SimUser as generating
heuristic usability feedback, which is a more
cautious and defensible role than replacing
participants.

Source: [2] Xiang et al. 2024. The 35.7-100%
range is reported in the paper abstract/evaluation
summary.



SPEAKER NOTES
UXAgent (about 2 minutes)

Using Agents for pilot testing could be the safe
middle ground.

This is one of the most defensible applications.

Grounded Agents UXAgent uses generated personas and web
Perhaps the better question is: what should we automate? LS {19 CRIpOR0 [Foeellills (el os vl e

study design itself: unclear tasks, broken flows,
UXAgent — Lu et al., CHI 2025 missing probes, etc.

Al isn’t replacing the participant here. It is
helping the researcher avoid wasting a
participant.

° ° 0 ° ° Source: [7] Lu et al. 2025. Cite Fig. 1/system

RaSEaIEh Génarats Simulated Review traces, Refine R design if desired.
protocol personas browser replays & study STUDY
interaction interviews

Use simulation to find flaws in the study before recruiting real participants.

UXAgent is explicitly positioned as support for evaluating and iterating a usability study design before the real human-subject study.



Grounded Agents

Grounding changes the equation

51

Knowledge workers

3,060

human concept-test responses

4

novel Al concepts

DISTRIBUTION-CALIBRATED

IDENTITY-IMPRECISE

Population-level distributions could look similar
while the "digital twin" often failed to reproduce
the specific person it represented.

Wang & Siu (CHI '26), Fig. 1 and study overview; abstract conclusion: “distribution-calibrated but identity-imprecise.”

SPEAKER NOTES

Grounded agents (2—-3 minutes)

This study from Adobe Research is important
because the agents were not just demographic
prompts. Researchers first interviewed the actual
participants about their workflows, then created
personalized agents, then compared the agents’
concept evaluations with the same humans.

90 minute interviews with 51 knowledge workers,
then presented them with 4 novel Al concepts.
They were asked to rate the concepts for
perceived usefulness, ease of use and Net
Promoter Score, plus written open ended
feedback. The constructed a unique LLM clone
for each participant.

This is similar to the concept of a digital twin.
Which is an intriguing concept, but may have
ethical implications.

The headline finding is wonderfully nuanced:
“distribution-calibrated but identity-imprecise.” At
population level, the simulation can be
directionally useful. At individual level, digital
Maria is not reliably Maria.



Grounded Agents

Grounding changes the equation

51

Knowledge workers

3,060

human concept-test responses

4

novel Al concepts

DISTRIBUTION-CALIBRATED

IDENTITY-IMPRECISE

Population-level distributions could look similar
while the "digital twin" often failed to reproduce
the specific person it represented.

Wang & Siu (CHI '26), Fig. 1 and study overview; abstract conclusion: “distribution-calibrated but identity-imprecise.”

SPEAKER NOTES

..how closely does the 1-7 likert score match the
human counterpart. The best clones only
managed to match 67% of the human baseline.
When you zoom out and look at the aggregated
data, the shape of the Al data curve mirrored the
shape of the human generated curve. Think of
weather... meteorologist can tell you it rains 30%
of the time in September in Ottawa. This can be
done very accurately. Will they be able to tell you
if it will rain at 2:00pm on Saturday while you're
apple picking... no.

Source: [6] Wang & Siu 2026. Cite Fig. 1 and the
abstract/conclusion.

$12.50 per human user/30 minutes vs. $4
minutes $1.27 eliminates the logistics of
recruiting and scheduling.



The "no free participant” paradox

The strongest simulations often depend on human research upstream.

— SN  GROUNDED
AGENTS

The simulation becomes strongest when human evidence already exists.

Original synthesis based on Wang & Siu (CHI '26) and Park et al. (2024), both of which ground agents in real qualitative interview data.

SPEAKER NOTES

Signature framework #2 (2 minutes)

Introduce this as your own phrase: “the no free
participant paradox.”

The better the simulation, the more often we
discover that its performance derives from real
participants upstream. Wang & Siu rely on
workflow interviews; Park et al. build agents from
long interviews with 1,052 people.

This changes the business case. Maybe the right
role is not replacing research, but extending the
shelf-life and reach of research we have already
paid to conduct.

Sources: [6] Wang & Siu; [8] Park et al.



Where the case is strongest

Use synthetic users to create possibilities, not to manufacture findings.

Generate possibilities — not findings.

° Generate hypotheses / questions
© Stress-test a protocol
@© Heuristic design critique
© nterrogate existing research

Synthesis consistent with the augmentative framing in UXAgent, SimUser, Wang & Siu, and the 2026 systematic review.

SPEAKER NOTES

Interim synthesis (90 seconds)

This is the most positive slide in the talk. All of
these uses reduce researcher effort without
requiring you to pretend that model output is an
observation of a person.

Stress: some of these applications may become
extremely valuable in practice. This is not an
anti-synthetic-user argument; it is a role-definition
argument.

Sources: [2], [6], [7], [12].



You are now the research participants

Audience experiment: first-click expectation

TASK

You recently moved. Where would
you click first to change the mailing
address associated with an existing
parking permit?

Don't optimize. Click where you would
naturally go first.

CITY SERVICES

My account

[ My permits

Profile & contact information

Account settings

Parking & vehicles

Help

SPEAKER NOTES

Audience experiment setup (90 seconds)

Tell the room that there is intentionally no
obviously correct answer. The dependent variable
is first-click expectation, not task completion.

If using Mentimeter/Slido, have the poll ready and
show the QR code before advancing. If not, ask
for hands for the five choices.

This fictional interface avoids contaminating the
demo with known brand conventions or an
existing government site.
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Here are 50 people who don't exist

When human and synthetic distributions disagree, who is wrong?

SYNTHETIC PANEL (N=50)

My permits

Profile [ ]

Account settings (D

Parking & vehicles (@

Help

23 /50

15 /50

9/50

3/50

0/50

More synthetic
samples
-
more human
evidence.

SPEAKER NOTES

Reveal and discuss (about 3 minutes)

IMPORTANT: Replace the right-side illustrative
panel before the talk. Pre-run exactly the same
task/image with your chosen model and record
the model/version, date, system prompt, task
prompt, sampling settings, and number of
independent runs. Keep this slide’s tiny “demo
data” label until you replace it.

Ask: “Suppose the synthetic sample has n=5,000
and this room has n=40. Does that make the
synthetic result better evidence?”

The point is epistemic, not statistical: larger
generated N does not create more independent
observations of the human population.



Section Title

Plausibility # validity

PLAUSIBILITY = VALIDITY

"Does this sound like something a “Does this tell us what this population
human might say?” actually thinks or does?”

LLMs can pass the first test while failing the second.

SPEAKER NOTES

Central methodological claim (about 2 minutes)

Slow down here. This is the intellectual centre of
the talk.

A model can be judged on face validity: “this
sounds believable.” UX research requires
something stronger: construct, external, and
conclusion validity about actual people.

Kapania et al. show why qualitative researchers
may initially find generated narratives plausible
but then identify missing context, agency, and
situated experience. The systematic review calls
the problem “misleading believability.”

Sources: [6] Kapania et al.; [12] Kuric et al.



2026 Preprint

What would GPT click?

Kuric, Demcak & Krajcovic — 12 real first-click studies, 3,431 human participants

53% 71% 16

of tasks: significantly different

human vs synthetic distributions same most-popular first click mean rank-order agreement
DIVERSITY OF FIRST CLICKS
Humans D entropy .61
Synthetic O entropy .43
Unique selections (D 5.38 vs 9.00 human

Kuric et al. 2026, Table 3 and moderation analyses. Preprint: arXiv:2605.18302.

SPEAKER NOTES

First-click evidence (2—3 minutes)

Label the work clearly as a preprint. The strength
is ecological validity: 12 real UXtweak first-click
studies with 3,431 human participants, using
actual visual stimuli.

The headline “53% significantly different” matters,
but the deeper point is distributional shape. The
same winner in 71% of tasks can sound good, yet
mean rank-order agreement is only .16. Humans
also showed more diverse clicks: normalized
entropy .61 vs .43 and about 9 unique selections
vs 5.38 for baseline synthetic participants.

Source: [10] Kuric et al. 2026, especially Table 3.



Section Title

Maybe we just need better prompting?

The familiar escape hatch: model, reasoning, temperature, top-p, personas...

No Systemic
Rescue.

SINGLE-PERSONA CONDITION

96% of tasks still had different click distributions.

"Prompt it better” is not a substitute
for empirical validation.

Kuric et al. 2026, Table 3 and moderation analyses. Preprint: arXiv:2605.18302.

SPEAKER NOTES

Prompting interventions (about 2 minutes)

Walk through the obvious proposed fixes: better
models, chain-of-thought, sampling changes,
detailed personas. In this first-click dataset, those
changes did not turn synthetic participants into
reliable human behavioural proxies.

The single-persona condition is especially useful
pedagogically: it produced different distributions in
96% of tasks and collapsed click diversity.

Do not generalize this to “prompting never helps.”
The correct claim is narrower: in this evaluation,

prompting did not rescue human fidelity.

Source: [10] Kuric et al. 2026, Table 3.



2026 Preprint

What about design preferences

29 real studies - 2,073 people - 78 design tasks

.93 vs .86

synthetic vs human normalized
entropy

44% 53%

tasks with different human vs

synthetic distributions same first-choice design

Synthetic panels were often more evenly indecisive than humans — even when
humans had a clearer favourite.

Different failure mode, same problem: distribution # population.

SPEAKER NOTES

Preference testing (2—3 minutes)

Again, label as preprint. This companion study
uses 29 real preference tests from UX practice.
Across 78 tasks, 44% had significantly different
choice distributions and only 53% shared the
same first choice.

A useful contrast with the click study: synthetic
click behaviour was often too concentrated,
whereas synthetic design preference was often
too evenly distributed (entropy .93 synthetic vs .86
human).

The lesson is not simply “synthetic users lack
diversity.” They can distort diversity in different

directions depending on task.

Source: [11] Kuric et al. 2026, Results §5.1.



Section Title

But the explanations sound so thoughtful...

Believable rationales can increase confidence without increasing fidelity.

“clear / intuitive / clean”

OVER-ELABORATE

longer than the human answer needs to be

OVER-POSITIVE

praise where humans are mixed or critical

CONFIDENTLY IRRELEVANT

a polished reason for the wrong thing

Kuric et al. 2026 preference study, qualitative justification analysis

The
Plausibility
Trap

Kapania et al. (CHI '25) on contextual depth and surrogate narratives.

SPEAKER NOTES

Qualitative reasoning (2 minutes)

The paradox: explanations can make weak
simulations more dangerous because explanation
increases trust. Kuric et al. find recurring synthetic
patterns such as generic design-property talk,
over-elaboration, praise, and contextually
nonsensical reasoning.

Kapania et al. reaches a related conclusion in
qualitative research: generated stories can be
compelling while missing situated context,
agency, and lived complexity.

Call this “the plausibility trap.”

Sources: [11] Kuric et al.; [5] Kapania et al.



Section Title

Nobody was frustrated

A generated report of experience is not an observed experience.

HUMAN PARTICIPANT SYNTHETIC PARTICIPANT

e Perception e Prompt

e Attention e Context window

e Memory e Training data

e Motor action e Model architecture
e Past experience e Sampling

e Fatigue e Generated response
e Emotion

e Social context
e Consequences

e Lived experience

“| felt frustrated” is
not an observation
of frustration.

SPEAKER NOTES

Title payoff (about 2 minutes)

Be careful not to turn this into a debate about
machine consciousness. Say explicitly: “I'm
making a research-method claim, not a
metaphysical claim.”

No human participant had the reported
experience. Therefore a generated sentence
saying “l was frustrated” is not evidence that a
participant experienced frustration. It may be a
useful hypothesis about where frustration could
occur. Those are different epistemic statuses.

Source: [5] Kapania et al. is especially useful for
grounding the distinction between generated
narrative and situated human account.



Section Title

The "average user” comes back

We spent decades trying to stop designing for a mythical average user.

e © ¢ ©6 © o o

a4 A MM A A A -

e © ©6 ©6 © o o

a A A A A A -

e © 6 06 © 0 o Ak

a4 A M M A A M- _— " .,
THE USER

& g g & & & & helpful - reasonable - articulate -

® ©6 6 6 o o o statistically typical

a M M A A A M-

Synthetic participants risk turning population diversity into a polished central tendency.

SPEAKER NOTES

Bias and inclusion (2 minutes)

This is where the ethical and methodological
problems meet. Persona generation can introduce
compositional biases in nationality, age,
occupation, gender, etc. Salminen et al. tested
450 generated personas and found systematic
composition problems.

Agnew et al.’s “lllusion of Atrtificial Inclusion” is
useful as a normative counterpoint: simulating a
marginalized perspective is not the same as
including people who hold that perspective in the
research process.

Avoid asserting that every synthetic-user system
collapses to an average user. Frame it as a

recurring risk.

Sources: [3] Salminen et al.; [4] Agnew et al.



So, where does the evidence stand?

Kuric, Demcak & Krajcovic synthesize 182 studies

1. Cognitive misalignment 2. Systemic distortion

3. Misleading believability 4. Overfitting/contamination

USEFUL # EQUIVALENT

SPEAKER NOTES

Systematic review (2 minutes)

Label it as a preprint and summarize rather than
oversell. The review synthesizes 182 studies and
organizes recurring issues into four categories:
cognitive misalignments, distortions, misleading
believability, and overfitting/contamination.

Its framing is useful because it does not say
“synthetic participants are useless.” It proposes
treating them as heuristic-like tools, with modest
fidelity gains from model/prompt/persona
interventions across the literature.

A very recent July 2026 cross-domain survey
benchmark by Chen et al. provides another
cautionary example: demographic prompting can
over-determine segment differences and misdirect
targeting decisions.

Sources: [12] Kuric et al.; [13] Chen et al.



Section Title

The synthetic user validity ladder

A practical way to match synthetic methods to evidence claims.

Generate hypotheses - Stress-test protocols - Explore edge cases - Heuristic critique

Conditional

Converse with existing research - Extend grounded evidence - Early concept screening after validation

Weak evidence

Predict attitudes - Predict usability issues - Predict individual behaviour

Do not treat it as a human evidence

Estimate prevalence without calibration - Replace validation - Claim lived experience - Simulate inclusion

SPEAKER NOTES

Signature framework #3 (2—3 minutes)

This is your practical contribution. The ladder is
not a universal standard—it is a decision aid built
from the evidence in the talk.

The rule underneath it: “Use synthetic users to
create things to test—not to manufacture
confirmation that those things are true.”

Explain why “conditional” includes grounded
concept screening: Wang & Siu show a narrow
case where distributional calibration can support
directional early-stage screening, but authentic
interviews remain essential for individual
workflows, trust, and barriers.

Sources: [1], [2], [5], [6], [7], [10]-[13].



Section Title

Six rules for synthetic-user research

A defensible operating model for UX teams

1. Name the epistemic role

Hypothesis generator? Heuristic evaluator?
Predictor? Interface to evidence?

2. Ground where possible

Use real interviews, logs or research repositories instead
of demographic role-play alone.

3. Validate in-domain

Fidelity is task- and context-specific. Do not inherit
validity from another study.

4. Match evidence to consequence

The higher the stakes, the less room for unvalidated
simulated evidence.

5. Investigate disagreement

Human-synthetic disagreement is a finding to
study, not noise to average away.

6. Disclose provenance

Model, version, date, prompts, grounding, sampling and
human comparator.

Synthetic users are
research instruments.
They are not research
participants.

The danger is that their
answers become
convincing enough that we
stop caring about the
distinction.

SPEAKER NOTES

Conclusion (2—3 minutes)

Return to Slide 3: “Was my study of 300
nonexistent customers user research?”

Your answer: “| think the answer is no. But it might
have been an extraordinarily useful research
instrument.”

Then deliver the closing distinction: “Synthetic
users are research instruments. They are not
research participants.”

Final line: “The danger isn’t that synthetic users
will become indistinguishable from real users. The
danger is that their answers will become
convincing enough that we stop caring about the
distinction.”

Stop. Do not add another summary slide. Leave
the reference slides up for Q&A.
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Appendix 1 - Synthetic Personas

Experiment 1: Synthetic Personas

Comparing Claude's persona creation to human UX researcher outputs

Chelsea Nowak, 29
The inherited member - dental assistant, Sherwood Park

20.8% of members - n=1,444 - avg tenure 5-10 years

Main channel Satisfaction
Branch 44% 295/4

Self-rated confidence (0-3)

Everyday banking G
Credit cards L J

Long-term savings aE—

Mortgages -

Investing -

Insurance -

Priority weighting (share of 100 points)

Branch relationship . ]
Deposit guarantee L]
Branch hours L J

“Usually on hold for like 35 mins so Id rather just go in"

Friction: hold times, and not know

g which products exist

Products held
250f11
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110
0.85
053
052
0.47

29%
28%

15%

Tyler & Jasmine Okonkwo-Reid
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“I love your branch staff and company products, but your mobile app leaves a
lot to be desired. E-transfers sometimes will not go through.”
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Ot a e,
Somotme o than frarca agon "

We took a survey dataset and asked Claude to create personas from
it - once without behavioural survey questions, and once with.
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Appendix 1 - Synthetic Personas

Claude attempt 1: No
behavioural
questions and
quotes included

6 personas; lack of clear
descriptive distinction between
each; confidence almost identical
for each; design of bar charts weak
(33% taking up half the bar!).

Overall a poor output - but fast.
This took 15 minutes to create after
simply uploading survey results

Company Confidential ©DFFRNT Inc. All Rights Reserved.

8 Chelsea Nowak, 29

Priya Sandhu, 41
The

Sylvia Beaudry, 64
The branch regular - municipal offce adminstrator, Camrose

Main channel Satisfaction Products held Main channel s: Products heid Main channe Satstac Products heid
Branch 44% 29514 25011 Email 71% 32514 a70f11 Branch 99% 301/4 3.00f11
Self-rated confidence (0-3) Self-rated confidence (0-3) Selt-rated confidence (0-3)
175 9 Everyday banking CE—
110 Credit cards CE— 1 t —
8 195 CEE——
E—— o CEE——
E— 16 EE—
ar E— 164 >
Priority weighting (share of 100 points)
2 2 Deposi guarantee aE—
15 14 Branch hours ——
| “Prefer talking to someone face to face”
F o th " F able th
Elaine Kowalchuk, 73 Wayne Fenske, 58 Jean-Marc Boucher, 49
bt e The co-op true bellver - union electican, Beaumont
110 198 136%0f s n=942 - 75% cite prof 71
Main channel Satistaction Products held Main channel s: Products held Main channel Satistactor Products held
Branch 58% 31414 49011 Phone 91% 28714 3.00f11 Branch or phone 34904 430f11
Self-rated confidence (0-3) Selt-rated confidence (0-3) Selt.rated confidence (0-3)
fy banking a0 sariking n
Credit cards S o4 Credit cards CE—— 22 Credit cards S
211 19 Long-term savings. CE——
Morigages E— 135 CEEE—— 181 Mortgages EE——
CE—— 8 cEE—— 164 Investing CE—
o— 116 CEE— 169 Insurance E——

Priority weighting (share of 100 points)

Branch relaionship —
Product selection -—

"They generally know you beter than a call-centre”

Fricion: advisor tumover, dightal pushed on her, branch closures.

"Hard to reach otherwise. There is really no choice’

Fricton: hold times, a callback that never cals, branch service

Priority weighting (share of 100 points)

Deposi guarantee cE—
Branch hours -

“Great friendly stalf who in most cases call you by name”



Appendix 1 - Synthetic Personas

Claude attempt 2:
behavioural questions
and quotes included

6 personas; much more developed;
proper descriptions and quotes;
clear goals and motivations; visuals
more pleasing (though still in need
of human editing).

Overall output: Moderately good,
and fast: This again only took about
15 minutes to produce

Member p

Tyler & Jasmine Okonkwo-Reid Dwayne Fournier

14.5% 969 1-4 yrs 3.0 8% 17.1% 1,140 11-20 yrs 5.5 6%
Who she is Who they are Who heis
door, and They came There i Dwayne has a morigage, a ine of crect against the truck, ARSPS he tops up in February, an RESP for the
Her 5,2 GIC laddor . They are saving older ore, 2
ho reads hor p n P s :
daugh year. He . goes n for toora

bocause she assumes advisors are for people who already have some.

P S —————

How much they feel they know How they bank How much they feel they know How much they feel they know

Where it goes wrong Where it goes wrong Where It goes wrong
- . o0 . tender
hor acisor s, iocty again! allincusve accounts elscwhare. 5.5 procuctrolatonship.
Knows by name. of on tho mai scroen. ~
= Tellors ofering nvestmont advics she then has 1o pay fo unwind. s oast bole! = Advisor avalably does not it a working woek — o evenings, no Saturdays.
5 hat advisors ar for them.

“Not impressed with financial support. Whenever approached for business or

“Now that ALL the staff has changed in the past few weeks at my branch, who is g e O e e e e personal loans, never able to come through. Always have to use other lenders.”

my Financial Adviser?” Iot to be desired. E-transfers sometimes will not go through.”

Do this frst Load Do this irst Do this first
Ot a nd
Sometning other than nancialadisor. Evening and Saturday appoinments




Appendix 1 - Synthetic Personas

Claude attempt 2:
behavioural questions
and quotes included

6 personas; much more developed;
proper descriptions and quotes;
clear goals and motivations; visuals
more pleasing (though still in need
of human editing).

Overall output: Moderately good,
and fast: This again only took about
15 minutes to produce

Member p

Priya Raghunathan

0P

Who she is

P 3
and she keeps her chequing, her brokerage and two other savings accounis elsewhere. She reads the personal

judges the others:

a branch and has no plans to.

How they bank How much they feel they know

Where It goes wrong

s tha don'

compote. Sho willeave over forl basis poins,

possitla loop for a sll-sonv usar,

= Thin offengs fo smallbusiness and for starting out.

“There’s no point in saving money with your bank. Your interest rate is doing
nothing to fight inflation. I'l be pulling my money out.”

Do this frst Dont ry to reatnstip-manage hr; outreach reads a noise. Compete on ate, e, anine barking

Py

17.6% 17 1-4 yrs 2.7 %0

Cheryl Dandurand

18.0% 1,197 11-20 yrs 24 7%
Who she is

card. has an RRSP or
only tinks she does. S

Ties the telers. a ,

Where it goes wrong

understanding.

- and sho says so.

“There are lots of tools you mention in the survey that I was not aware were
available to me. I would like to talk to a financial advisor to learn more.”

Do this first

hey are who she already usts.

Member persona 6

Gordon Muirhead

1 know how to do it

16.2% 1,078 97% 2.6 Ii ! o
Who heis
is. He simply d he by defaut
and unt a coupl name. Now tis
me, more than he expecied.

s the dosk.

S

How they bank How much they feel they know

— 25
— 2
— 22
— 18
—_— 1
= "

2

»

F

=

»

Where It goes wrong

maans ho pays a branch promium fornothing.

Branen ci
datasat.
e two weeks ago
accounts
houso.

“At our branch we usually knew our tellers. In the last few years they are
different almost every time we come into the bank. Why?”

this first s the proct
ortor

against s 16% spacical
Marione and assign him an advisor: he wants  good tller
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Comparing Claude to human-designed Persona’s

Marlene Kowalchuk

The i ds:

“I've been here since it was Capital City

16.7% 1,110 35+ yrs .
arertars et emanter st st
Who she Is

Mariene opened her firs acoouni a sixeen, shan the branch sil had a dferen name aver the daar, and
Hor maney sit in RRIFS, a GIC ladder
she , and her adhisor to steer. She raads her

i i it tperaps

four times.

o s g 150 2005 0 RS

How they bank T —
[ — w T ——
B u s —
vy — 12

o —
| T — s
Sypa -— as e — b

— 12
e

0,y s U st ot

What they say matters most

“«
Krowltgeaio st ——— =
Erep— ————————— st

El
Onatanig ————— )

(AR —————

Where it goes wrong

her advsor s

Kaows by name.

= Tellersoferng invesiment acvice she then has o pay t Unind.

“Now that ALL the staff has changed in the past fiwe weeks at my bronch, who is
my Financial Adviser?”

Do this first Lead

Claude-generated

<
Investment Oriented

Portfolio

Investment oriented will have investment and savings
products. Higher than average in RRSPs and TFSAs, they also
have more wealth products like stocks mutual funds or GICs.

How they joined

Investment oriented accounts will be some of the oldest, they
joined a long time ago and are now interested in using their
financial assets to generate money for them before retirement

Likes:

M

Wealth generating investments  Ability to contact their
branch directly.

Near-identical: oldest accounts, advisor as primary information source,
least likely to self-research, highest self-rated investing knowledge,
RRSP/TFSA/wealth/GIC, and both flag "wants direct contact with their
branch" as the design implication

" Preferences
Domain Knowledge
1 Their focus is on the long term. What they do now s important for five, ten, fiteen years
Low High from now. Relying on their own knowledge is insufficient, they prefer to utilize the

Risk Tolerance assistance and advice of Financial Advisors to maximise their financial potential. Their

1 financial advisor is their main source of information, to know the market and keep them
Low High informed of new products that would serve their needs.
Digital focus
]
Low High

People focus Experience Map

Low High

Background

They scored themselves higher than any other group for
investment knowledge, with long-term deposit knowledge
coming in at second highest. Their financial advisor is their
main source for financial knowledge. They are among the least
likely to research on their own and are average users of

financial media.

Financia line

Goals
©  Retire comfortabl ’ :
ﬁ Y When working with
The sound advice of a financial advisor is important to their banking. They leam from the bank

9‘ Grow personal savings and expect the relationship to keep them well. Digital services should always have their advisor
contact information readily available.

Human-generated
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Comparing Claude to human-designed Persona’s

Me

Tyler & Jasmine Okonkwo-Reid

“The buiding d

“We're trying to do this right, we just don't know how”

14.5% 969 1-4 yrs 3.0

arertars et e ottt sisins
Who they are

They came tasmine'ssistr banks i There s a chaquing
‘account, a savings account they rad more often fhan they'd ke, and a Servus Mastercard. They are saving
fora loan and about nine 2 rough
year. Jasiine runs the money, checks th sooken 0

because sh for people

o s 1350 2005 0 RS
How they bank How much they feel they know.

wovs  — 1 Sy — 22
e e— 2
o

pos — o

0,y s U st ot

What they say matters most

Orivataning ———— e
Conteas —— =
- —— =
9t ranagerert —— 1
g b —— 1

[N R ———
Where it goes wrong

. mensured
drectly agaist al- inclusive accounts clscwhore.

ofon the main screen.

hem asvi least vefel
that advisorsare for e

“I love your branch staff and company products, but your mobile app leaves a
Iot to be desired. E-transfers sometimes will not go through.”

Do tis first

Oferaee,
Samething aer than ‘fnancialachisar

Claude-generated

Starters

Portfolio

Some may have a type of savings like an RRSP, TSFA, or GIC.
Frequently holding only a chequing and a savings account they
have the fewest financial products.

How they joined

Starters are likely to be new accounts. Family and friends are a
valuable source when choosing a financial institution. The like
profit share and convenience.

Likes:

L)

Knowledgeable supportive staff /A good mobile app

Near-identical, including the odd specifics: newest accounts,
highest app support, fewest products, lowest advisor use, referral by
family and friends, longer branch hours and 24-hour support both
peaking, and "prepare to open a business" as a real goal

. Preferences
Domain Knowledge

] Starters may be the group that banks online the least, but this is due to being equally
B High high app users. They stand out as the highest supporters of the app. They approve of

a knowledgeable, easy-to-work -with staff and good relationships with staff just as highl
Risk Tolerance o Y- g p: i ighly

I as a mobile app.
Low High

Digital focus

ow | High Experience Map

People focus

I
Low High X
\
\
\
Background \
They do their own research but they are willing to listen to the X

input from family and friends, and financial advisors if they

have one.They may be unfamiliar with Canadian banking or
simply inexperienced.

AN
Save for a h = -
@ ave forahouse When working with

New to the bank, new to the country, o new to living on their own, they are still establishing
themselves. Servus staff are a valuable tool for them as they feel like they have limited

S Prepare to open a business
o knowledge in many aspects of banking, though they are wiling to do their own research

Retire comfortably
Good relationships with staff, and knowledgeable staff are important, and they would like

more bank hours hours and 24 hour support for access to this resource. They are the
Grow personal savings

lowest users of financial advisors.

Human-generated



Appendix 1- Synthetic Personas Strong similarity: above-average mortgage knowledge, fluent online

and app, most risk-tolerant of the set, RESP and education goals, and

COmpa I‘ing CIaUde to human'deSigned Persona'S explicitly asking for debt-management and spend-categorisation tools

Me

i . Preferences
Dvyayne Fournlel‘ Domain Knowledge
The mor g [] As busy families with two working adults, convenience is primary. Prudent parents are

“Ten years in and still fificen to go” Low High major users of both online banking and the mobile app to handle their everyday banking

Value also matters, fees are an obstacle to their savings plans. Knowing they ought to

Risk Tolerance
- save more, Prudent parents would like additional tools that help with debt management

17.1%

e

5.5

1,140 %0
wspendns products el slsiod Low High and categorize spending.

11-20 yrs

Digital focus

Prudent Parents .

oo e, wockends. Ho frm High
operator: he knows israe, i renewal date. and what his amrtsaton ooks ik e ihrows an exlra tvo
. He barks on i i i aeora .
‘igture, and ouid ather emall s accoun manager than st n  phore queLe. People focus Experience Map
R S ——— Portfolio 1
e e e e e Low High ‘
p— - A ” Insurance, Mortgages, Loans, Lines of credit, TFSAs, and
R = . » RESPs are typical portfolio pieces for the Prudent Parent
e __‘- - E—— Background
R ———— e " They identify with a higher than average understanding of
What they say matters most mortgages. They say they are comfortable with taking financial w
Sanch o —— = =g risks. They rely on their financial advisors, friends and family, main - Invest " l li ile a il
Oriatanig ———— a How they joined X ] ank bar
. —— » and personal research for information to handle their finances.
s e —— » Among the top reasons for joining are recommendations
st — » through their family and friends and the incentives of profit

[ R ——————

sharing Goals When working with

Where it goes wrong

B el }39 Saving for retirement They want service that s solution-based.efficient, and avoids inconveniences.

. T — g Time is limited. They are among the least likely to bank by phone, and were the least

. ikes:

. )@\ Pay off mortgage interested in 24-hour financial support. For them it's faster and easier to bank oniine. When

- no ¢ issues arise they would prefer to see someone in person, rather than risk a long wait on the
“Not impressed with financial support. Whenever approached for businsss or £ ‘e B iorhilisabidiiion phone. They bank with whatever time they have, with no preference to a particular time of
personal loans, never able to come through. Always have to use other lenders.” m [~ i

oo i st Tools to monitor cash flow Better digital offering X) Establish savings for renovations/ travel.

Evening a Saurciay appointmerts.

Claude-generated Human-generated
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Comparing Claude to human-designed Persona’s

The

Marlene Kowalchuk A

“I've been here since it was Capital City”

16.7% 1,110 35+ yrs .
areras e & vanter st sisint
Who she Is

Mariene opaned her firs acoouni a sixen, shan the branch sil had a dferen name aver the daar, and
Hor maney sits in RRIFS, a GIC ladder

e - ek By
i gl it it perhaps.
-
S g e s A
How they bank T —
[ — w P ———
B u s —
vy — 12
o —
| P — s
syp — as e — e
Foe — 12
et s L

What they say matters most

“«
Krowltieaio st ———— =
Prep— ——————— st

El
Oniatarg ————— )

(AR —————

Where it goes wrong

et advsor s

Keows by name.

= Tellersoferng invesiment acvice she then has o pay t Unind.

“Now that ALL the staff has changed in the past fiwe weeks at my bronch, who is
my Financial Adviser?”

Do this first Lead

Claude-generated

<
Money Managers

Portfolio

The classic set of chequing account, savings account and a
credit card are ubiquitous among this group. Savings line an
RRSP are high, and they are as likely to have a mortgage as
wealth investments or GICs.

How they joined

This group is made up of the oldest accounts. They say tracking
their mastercard records and the convenience of Servus was

big reasons for they to stay.
Likes:

P

Low risk opportunities Banking securely online

Partial fit: Retirement-securing and oldest accounts is Marlene;
the Mastercard-record joining motivation is Dwayne's peak (10%,
highest in the dataset)

. Preferences
Domain Knowledge
I Their children are matured and out of the house. While some are saving for their

Low High grandchildren, most are securing their financial future. They are looking to be debt-free

Risk Tolerance and have the savings they need for retirement.

Low High

Digital focus

1
Low High
Experience Ma
People focus P P
1 High
Low High

Background

A variety of goals reflect the variety of members in this group.
Some have obtained land for their retirement home, others are
taking care of debt from a vehicle upgrade or renovation. They
would say that they are comfortable.

Goals

)39 Retire comfortably

9‘ Grow personal savings
When working with

)@ Pay off debt/ mortgage Profit shares are important, as is arranging for the optimal amount of return for their money.

Human-generated



Contraction: Digital First has "a number of long-held accounts" and
Appendix 1 - Synthetic Personas "embrac(es] profit sharing."Priya is -4 years tenured and scores lowest in
the dataset on profit share as a reason for banking (37%). Same channel
behaviour, same security and deposit-guarantee priorities, opposite
relationship to the institution and therefore opposite retention strategies

Comparing Claude to human-designed Persona’s

Priya Raghunathan Domain Knowledge Preferences
cted rate-shoppe i Digital frst goes against trend by having very low interest in staff support. They don't
the rate and stay out way Low High need friendly staff if they handle most of their finances online. Supported online banking

and online security at the highest rates. They say they are unaffected by marketing and

Risk Tolerance

- promotions. They were top supporters of the 100% deposit guarantee.
17.6% 1,171 14 yrs 20 6% I
i = = P b Low High
S0 = Digital focus
Who she is D t I F t
_ _ _ igital Firs :
Low High
! ! . Experience Map
ate, e, 30p,done. She has neverset oo i a banch and has o pians . = People focus
Y o b s e e sy Portfolio ] .
Low High
(s e Digital First have RRSPs and credit cards, but are unlikely to
et m— 12 [N ——
— - o — 2 have much of a portfolio.
- ————— s — 12
Votgsges — u
G = ° — Background
= u
e 3wy o o Lk s et S -t ot 3. ey it How they joined They might say they know something about investing and
ey syt long-term savings, but overall they do not consider their
jong-
Orea g —— This group have a number of long-held accounts. They prefer to o 9s. Y . . . .
Knowled ? i tar : it
e ——— u use Credit unions, embracing proft sharing, Convenience was knowledge to include all there is to know about financials.
soany —— x
(vt —— 5 important, while family recommendations and attractive fees
b [ & were equally influential. ; .
[N — Goals When working with
Where It goes wrong
. vds that dont ) . They are in the top two for doing their own financial research. They get a little input from
| Compets St eav ooy bess e Lik )3_ Retire comfortably family, and maybe a tip from tellers. They are not frequently going over their accounts, and
ikes:
0 ockout, when they do, it is more likely to be online that at the branch or with the app. Most likely

possile loop fora selfserve ser.

/@\ Pay off mortgage/ other debt morning people, despite the flexibility afforded with online banking. The least supportive of

= Thin fledogs o smal business and o sarig out. the app, of those who bank online only half of them were banking with the app. Their

E>

channel preferences mean that security online is very important. Communicating the risks

“There’s no point in saving money with your bank. Your interest rate is doing 0,
nothing to fight inflation. I'll be pulling my money out.” ‘ Grow personal savings
100% deposit Guarantee Banking securely online and safeguards for digital offerings may address these concerns
Do thisfirst Dont ry o relssonsn-marage e ueach reads 2 nose. Compe on i, e onine ankng
pamh
e . s Company Confidential @DFFRNT Inc. All Rights Reserved.

Claude-generated Human-generated



Appendix 1 - Synthetic Personas

Comparing Claude to human-designed Persona’s

Cheryl is missing entirely from the human-generated persona set, and she's the
largest Claude-generated segment at 18%.

Starters (human-generated) are low-knowledge but new and app-enthusiastic.
In contrast, Cheryl is 11-20 years tenured, holds 2.4 products, barely uses the
app (49%), uses no advisor, and barely uses the phone.

She's not at the start of a journey: she's been a member for fifteen years and the
relationship has produced almost no product understanding.

A new member with low confidence is a normal onboarding problem. A
fifteen-year member with low confidence is an institutional failure, and it's a
much bigger commercial opportunity.

f 6

Cheryl Dandurand

The under-served basics banker

“I don't really know what I'm supposed to have”

18.0% 1,197 11-20 yrs 24 7%

of members respondents amember products held satisfied

Who she is

Cheryl has banked at Servus for about fifteen years and has a chequing account, a savings account and a debit
card. She has no credit card with them, has never had a mortgage, and isn't sure whether she has an RRSP or
only thinks she does. She goes into the branch every few weeks, mostly to deposit cheques and because she
likes the tellers. When she thinks about money it is with a low hum of anxiety, and when someone says
“registered” or “portfolio” she nods and doesn't ask.

Namo
How they bank How much they feel they know
Athebranch  IEEEEG— 13 Eeydagbankng I | 18
Inthe app - 12 Creditcards — | 14
Longdermsavings NN | 09
Online | 16
Morlgages - | 05
By phone - 05 st - | .
insurance - | 05
0=never 3= waeklyor more Upightmark shows ll e Selted 0 =t atal § = oxtrmey knowecgeebi
What they say matters most
Branch relationship 31
Deposit guarantee 31
Online banking 30
Lovi fees I 2
25

Poits ot o 100 alocatd arosscompetg s s

Where it goes wrong

* Nobody has ever walked her through anything. Fifteen years of membership has produced almost no product
understanding.

= She uses no advisor and cites none as an information source — she leans on friends, family and tellers instead.

= With no app habit and no phone habit, a closed branch or a broken ATM is a genuine service outage.

= Product terminology does the excluding: she cannot value a catalogue she cannot parse.

= Layoffs and staf changes read to her as the institution pulling away, and she says so.

“There are lots of tools you mention in the survey that I was not aware were
available to me. I would like to talk to a financial advisor to learn more.”

Do this first The largest segment, the lowest product penetration, the clearest unmet need. Plain-language explanation
with no assumed baseline, proactive low-pressure outreach, and tellers equipped as the education channel
— they are who she already trusts.

‘Servus member survey, =8,093 - DFFRNT Inc. - Personas Round 2.

Claude-generated, not identified in the human set



Appendix 1 - Synthetic Personas

Comparing Claude to human-designed Persona’s

Business

Portfolio

Similar to Money managers but their focus is on their business

needs.

How they joined

Their have long-held accounts.

Likes:

wa  [©

Knowledgeable and supportive  Flexible options for
staff banking

Human-generated, not replicated by the Claude analysis

Domain Knowledge
Low High

Risk Tolerance

Low High
Digital focus
Low ¥ High
People focus
Low ! High
Background

Least sensitive to fees and rates, but st interested in debt
management tools and finding efficiency where they can. They
are much more humble about their banking knowledge than
their peers, only willng to say they are well-versed in everyday
banking.

Goals
)30 Retire comfortably

9‘ Grow personal savings

AN
{8)  Payoff debt/ mongage

Company Confidential ©DFFRNT Inc. All Rights Reserved.

Preferences

The biggest supporters for good relationship with staff, they also would like branches to
be open longer. They are most likely to arrive at their branch in the morning and they are
very unlikely to bank in the evening. The older ones in this group have similar goals as
mms, reducing debt, growing personal savings and preparing for retirement. They go
in-branch routinely, while also regularly working on-the-go and use the app or go online
to handle everyday business such as paying bills.

Experience Map

When working with

They are big on relationships. They like to come into the branch, know the staff, be able to
chat with the tellers. Good service is very important to them, more than apps and
competitive products. Businesspeople can have many connections, but the person they
ultimately rely on is themselves. They keep an ear o the ground in order to be able to move
in advance of changing situations.

Claude had no equivalent to the human-generated
Business persona. Business banking shows up in the
Claude personas (Dwayne holds a business account;
Tyler & Jasmine are preparing to open one) but
distributed across two personas rather than
concentrated into its own.

Overall: Claude did an adequate job with the data it
was given. The human-generated personas
benefitted from in-depth scoping with the client, as
well as interviews to further refine the persona
categories.

e 2 Claude personas mapped very closely onto
the human work
2 Claude personas were partial fits

e 1 Claude persona contradicted the human
equivalent on key traits

e 1 Claude persona had no equivalent in the
human set

e 1 human persona had no Claude equivalent

Bottom-line: Claude provided useful insights, quickly,
but couldn't replicate the depth of real client
engagement and follow-up interviews.

D
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Appendix 2: Synthetic Usability Test

How did the simulation compare to real people?

15 synthetic participants (Sept 2026) vs DFFRNT's moderated test with 6 people and an expert site audit
(Sept 2024)

81%vs71% -0.2 0.79 17 of 26

task success, rank correlation of rank correlation of human findings
synthetic vs human task success task time surfaced —only 9
of them fully



Appendix 2: Synthetic Usability Test

TWO StUdleS, tWO meth OdS Not a like-for-like comparison — read the differences with these gaps in mind

Participants

Session

Site version

Site search

Time on task

Task wording

Task order

Analysis

Human study (2024)

6 people recruited via the City contact centre; mixed ages,

genders, professions

Moderated, think-aloud, probing, post-task questions

saskatoon.ca, 2024

Avoided by protocol (0 searches)

Measured; ~5-minute limit

Original

Map, condo, Rosewood, bylaw, portal, stats, day care

2 usability experts; site audit; accessibility scan

Synthetic study (2026)

15 model-simulated participants, one persona (middle-aged, calm,
satisficing)

Unmoderated simulation; think-aloud simulated in some runs

Live saskatoon.ca, Sept 2026 (Bylaw 9990 in force; zoning pages
reorganised)

Allowed - used on 52% of attempts

Modelled estimate

Day care reworded; 'plan' = 'application' (portal); 'PDF' added
(Rosewood)

Map, day care, stats, condo, portal, bylaw, Rosewood

Coded from simulation output; scoring harmonised; key facts
verified live
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Task success doesn’t line up % success by task — human (n=6) vs synthetic (n=15)

-0.2

rank correlation across the 7 tasks —
effectively none

~20 pts

average gap per task

+33/ +27

too optimistic: permit portal, condo

-23

too pessimistic: digital bylaw

1 2 3 4 5 6 7

Human M Synthetic

*Day care wording differs between studies. Overall: synthetic 81% (85/105) vs human 71% (30/42). Small samples — directional only.
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Human geometric mean (measured) vs

Time ranking tracked better than success  synietic mean (modelied), seconds

228

0.79

rank correlation of task time - the
order of difficulty was broadly right

Rosewood

overstated: 182s modelled vs 142s real
(search dead ends humans never hit)

Day care

understated: 113s vs 228s - the
hardest real task (wording differs)

1 2 3 4 5 6 7

UIHuman (measured) M Synthetic (modelled)

D

7 tasks only — suggestive, not conclusive. Modelled seconds are not comparable to measured seconds in absolute terms.
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17 of 26 human findings surfaced - only 9 full

Each issue in the human report, checked against the synthetic analysis

s

. Zoning content scattered . Overlapping topics across pages .
. Too many competing maps . DZB links not clearly clickable .
. Duplicate pages . 'How to' links go to guides .
. 'Discretionary Use' jargon . Sub-sites: Saskatoon Land, DZB .
. Day care page built on definitions . Map links buried below text .
. Concept Plan naming inconsistent . Permit Forms: no context or filters .
. ePermitting slow and not understood . Concept Plans deep / below fold .
o Outdated 2022 data o (named, but not the mechanism) o
. Business & Development overloaded

Mega menu too big — #1 human finding
Menu closes on hover

PDFs with no navigation

Left-side nav missing on guides

Alerts ignored (banner blindness)
Missing alt-text

Saskatoon Land page design

Wanting local zoning alerts

Contradicted (1): humans said Condominium Approvals needs a checklist; the simulation held it up as the model page.

Pattern: what was missed is interaction, visual or attitudinal — things you can't get from reading page content.
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Where the two studies dgreée sameissue, independent evidence

m Human evidence (2024) Synthetic evidence (2026)

Zoning content scattered “I need to do a lot of clicking around to find this...” fa—izonlng e Tl CR el ERElCl CeE e UG ERY
“I think this is the map | need but | know there's

another one...” 12/15 opened the Zoning Address Map; 6 stopped there

Competing maps

Bylaw link buried Link “embedded in a paragraph” rated MAJOR Only link text is "here"; one run read it twice and missed it

Business & Developmentisa  “Business and Development feels like a

catch-all catch-all...” 10/15 looked in City Hall or Community first for statistics

“| see Permit Forms and see the button to apply, |

Permit Forms pulls people in 8/15 clicked or were drawn to Permit Forms & Applications

think | could apply here”

“Discretionary use” is passive jargon; “what is “Discretionary Use" read off the page, never used unprompted;
Jargon s e on Ui it o WAl i ;

digital? digital” read as “online” in all 6 bylaw failures

One participant ended on the home-based

business licence Home Based page misled 2/15

Home-based licence trap
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What the simulation missed, added, and got wrong

« Mega menu: too long, too many columns,
closes on hover - the #1 human finding

o Permit Forms filter box and 'Apply' label -
caused a time-out

e Sub-sites (Saskatoon Land, DZB) trapping users
« Map usability: legends, zooming, load time
¢ Right-hand links unnoticed on wide screens

o Attitudes: "my default is to phone”; wanting
zoning alerts

Company Confidential ©DFFRNT Inc. All Rights Reserved.

Search behaviour — excluded from the
human protocol (still unverified)

Order effects quantified — the same risk
existed in the human study: ePermitting
seen during the condo task; the DZB found
during Task 1

Explicit scoring rules and a data-quality
audit

Called Condominium Approvals a model
page — humans want a checklist

Rated stale statistics High — humans called
it minor, and one found the newer report

Called the portal the easiest task (100%) -
humans: 67%, with a time-out and a
wrong answer

Invented site facts — 6 runs described the
ZAM as interactive
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Where synthetic users fit

Use it for

. Pressure-testing tasks, wording and order before fieldwork
. Hypotheses about labels, IA and content
. Catching order effects and scoring gaps

. Cheap re-checks after content fixes

Don't use it for

. Success rates, times or benchmarks
. Menus, hover, scrolling, filters, maps
. Attitudes, trust and real-world context

. Facts about the site without verifying them

e Synthetic pre-test a Human round (5-8) e Synthetic re-runs
Fix the protocol; build the Measure, observe, probe

—
hypothesis list

— Quick checks on fixes between
human rounds



