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Context - Predictive Al alerts - Generative Al

GENERATIVE Al PREDICTIVE Al

IO )

SYNTHETIC CREATION

Using Machine Learning technics to predict
based on historical data to provide forecasting.



Context - Predictive AI alerts - Predictive Al

Aspect

Primary Goal

Typical Tasks

Inputs

Outputs

Evaluation Metrics

Common Models

Generative Al

Create new content based on
learned patterns

Text, image, code, and audio
generation

Prompts, context, documents,
examples

Drafts, answers, summaries,
creative assets

Quality, helpfulness, safety,
human feedback

Transformers, large language
models, diffusion

Rule of thumb: Predictive AI says “"something is wrong / will be wrong”’;
Generative Al says “"why it matters and what to do next.”

Predictive Al

Estimate outcomes or
probabilities

Classification, regression,
forecasting

Structured features and
historical labels

Scores, probabilities, numeric
predictions

Accuracy, AUC, RMSE, MAE

Linear models, tree-based
models, time-series



When to Use Each Approach and How They Work Together

Predictive AI Use Cases

Predictive Al supports numeric
decisions like risk scoring, forecasting,
and anomaly detection with
consistent and explainable
metrics.

Generative AI Applications

Generative Al excels at
communication, synthesis, and
creativity tasks like drafting reports
and conversational interfaces.

Combined AI Workflow

Combining predictive and generative
Al enables actionable insights by
analyzing data and producing
explanatory or personalized outputs.




Context — Traditional alerts versus predictive Al alerts

Traditional alerts and predictive Al alerts are complementary...

Traditional alerts

Static thresholds
Domain rule based

Any metrics

Predictive Al alerts

Dynamic baselines
Complex problems

Curated metrics

(CPU Time, Network Segments, CICS Response Time, ...)
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Context - Traditional alerts Versus Predictive Al alerts

Traditional alerts
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Context - Traditional alerts Versus Predictive Al alerts
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Context — high level architecture

External Tools
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Db2 Use Case #1 - Connection Types Analysis at Db2 Subsystem Level

Alerting on significant divergence of
CPU consumption per Connection Type to detect
potential resource constraints or unexpected
workload shifts ensuring performance and
protection of transactional workload.

Context: Db2 workloads are categorized by Connection Type (CICS, IMS, REST,
Utility, Batch, RRSAF, DDF) and the aggregated accounting information like Elapsed,

CPU or suspension times is exposed in SMF 100 records (IFCID 369) at the Db2
Subsystem level.

£ PSee it in action!



https://community.ibm.com/community/user/blogs/fabien-gautreault/2025/11/20/runbook-db2-uc-1-connection-type-cpu-divergence
https://community.ibm.com/community/user/blogs/fabien-gautreault/2025/11/20/runbook-db2-uc-1-connection-type-cpu-divergence
https://community.ibm.com/community/user/blogs/fabien-gautreault/2025/11/20/runbook-db2-uc-1-connection-type-cpu-divergence
https://community.ibm.com/community/user/blogs/fabien-gautreault/2025/11/20/runbook-db2-uc-1-connection-type-cpu-divergence

Db2 Use Case #1 - Connection Types Analysis at Db2 Subsystem Level

Data: 3+ months of SMF 100 data that includes IFCID 369 for all
production Db2 subsystems (all members of a Data Sharing Group)

Primary KPI: In-Db2 CPU time

Secondary KPIs: Application Elapsed time, Application CPU time, In-Db2
Elapsed Time, In-Db2 Wait Time, Not Accounted times (Elapsed / CPU)

in Appl

*Terminology: Class 1 Class 2(inD52) {80l

L gy_ _ 10 !

- Application times = “Class 1” times I s
- In-Db2 times = “Class 2" times I i

- Wait/Suspension times = “Class 3" times /. I
I




Db2 Use Case #1 - Connection Types Analysis at Db2 Subsystem Level

IF369 Collection - STATS Trace class:

- Db2 12: Restriction lifted in
https://www.ibm.com/support/pages/apar/PH43916

- Db2 13: Always started with STATS CLASS(1)



https://www.ibm.com/support/pages/apar/PH43916

Output - Connection Types Analysis at Db2 Subsystem Level

Proactive detection of poor performance, cost saving, workload optimizations
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Output - Connection Types Analysis at Db2 Subsystem Level

Examples: Outliers on CICS workload

[Hourly Anomalies] CL2 Cpu Time (sum) - COMBINED
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Output - Connection Types Analysis at Db2 Subsystem Level

Examples: Broken pattern on RRSAF workload

[Hourly Anomalies] CL2 Cpu Time (sum) - COMBINED
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Predictive Al alerts - Explainability

Not every spike is an anomaly!

[Hourly anomalies] - Detailed View ooo PfedlCZ'l Ve AI MO dels
@ Confidence interval - Upper bound 21313808.0
Confidence interval - Lower bound lea rn ranges,
@ Hourly Transmit segment 2824620.0 .
o Anomaies patterns, seasonality

from a single metric
and for thousands of
Service Classes,
hundreds of CICS
Regions, Lpars, ...

o Creating a dynamic
threshold for each of
them!

Captured timeseries for the metric subject to Machine Learning

Confidence bounds computed by the AI Models based on history

be] [ ][\

Anomaly, out of bounds behavior compared to normal



Predictive Al alerts - Explainability
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