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How to Think About Fashion Fit
in the AI Era
Fit is a decision system. This edition adds the half the first one left out: what happens 

after the garment reaches a real body.

Fit gets validated in a fit session, on a fit model, in the fabric you are going to cut. AI does not do that 

job, and 3D simulation does not do it alone. This edition adds the evidence that arrives afterward, when 

the garment reaches a real body, and the asset that evidence becomes: the Fit Graph.
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SECTION 01 01
Executive summary

it has two halves and most programs run only one. Garment fit is a property of the object: measurements, 

ease, grade rules, seam balance, how the fabric behaves. A brand can get it right before a single customer 

exists. Body fit is a property of the person: proportion, posture, how much room she likes, what she wears 

it over, where she is going. Good fit is the verified match between the two, and it exists only as an event, when a 

real body wears a real garment and keeps it.

F
AI does not validate fit and 3D simulation does not validate it on its own, because fit gets settled in a fit session, 

on a fit model, in the fabric you are going to cut. All of that establishes garment fit against one reference body. The 

customer’s body arrives later, in thousands, and answers the question the fit session could only estimate, and most 

brands throw that answer away, net the refund, restock the unit and learn none of it.

This paper is direct about where the category has oversold fit validation, what 3D genuinely contributes, and how 

to route each style to the evidence its risk warrants. It ends on the asset that routing produces. We call it the Fit 

Graph: a brand-owned record of which garment revisions fit which bodies, assembled from reason codes the 

business already pays to collect.

01
Fit is the largest controllable cost line

Around half of apparel returns trace 

to a fit decision made upstream, 

against a cost base that dwarfs any 

tooling budget.

02
Visual and production confidence 
need different evidence

A garment can look right in a render 

and be impossible to cut, sew, or 

wear. Each kind of confidence rests 

on separate proof.

03
Worn outcomes are evidence, and 
they are free

Every return carries a reason. 

Attached to the garment revision 

rather than the style number, those 

reasons accumulate into the Fit 

Graph, which no competitor can buy.
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SECTION 02 02
Fit is the largest controllable cost line

Before the tooling debate, look at the money. Fit sits on the largest controllable cost line in apparel, because a 

single fit decision made months upstream sets the return rate on every unit of that style, and the figures below 

size what the argument is worth having.

FIGURE VALUE SOURCE AND CONFIDENCE

US retail returns, 2025 $849.9B, about 15.8% of sales NRF and Happy Returns. High 

confidence

Apparel ecommerce return rate 20% to 40% Multiple 2025 to 2026 benchmark 

datasets. Medium confidence, 

definitions vary

Returns driven by fit and sizing 45% to 67%, clustering near 50% Coresight, NRF-derived and platform 

datasets. Medium confidence

Cost to process one return $10 to $65 per item Reverse-logistics benchmarks. Medium 

confidence

Physical sample cost, fashion 
apparel

$450 to $5,000 per style Operating range over customer lines. 

Directional

Physical sample cost, firefighting 
gear

$3,000 to $4,000 per garment Manufacturer interview, Jung, 

Porterfield and Kwon, Fashion and 

Textiles, 2026. High confidence, single 

source

Fit rounds per style, still typical 3 to 5 Industry norm. Directional

Reason-coded fit outcomes a 
100,000-unit line generates in one 
season

About 30,000 at a 30% return rate Derived from the rates above. 

Arithmetic only

Table 1. The money behind the fit decision, graded rather than rounded.

The figures vary by source and by how each dataset defines a return. They are graded here rather than rounded 

into a single confident number, because anyone selling a fit product on one clean statistic is selling the statistic.
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“
Roughly half of every apparel return traces to a fit decision made months 
earlier, upstream, by four people in a room.
THE F* WORD  ·  FIT AND RETURNS

Read the last row again, because it is the one the industry skips. The same return rate that justifies the tooling 

budget also produces, every season, tens of thousands of structured facts about how your garments sit on real 

bodies. The cost of producing those facts is already paid, and the only thing still missing is the capture.

SECTION 03 03
Garment fit, body fit, and the match

A render settles one kind of confidence
Generative AI produces a convincing garment image in seconds. It places a style on different models, changes 

silhouette, tests colorways, adjusts length, and generates a campaign. For visual decisions it is now the fastest tool 

available.

WHAT THE RENDER SETTLES

Visual confidence
  Silhouette matches the brief◆

  The collection holds together◆

  Which colorway advances◆

  How it reads in a line review◆

  Which concepts deserve development◆

WHAT THE RENDER CANNOT SETTLE

Production confidence
  Armhole measurement and wearing ease◆

  Seam balance and grade rule◆

  Fabric stretch and recovery◆

  Sleeve mobility on a body◆

  Whether it can be cut and sewn at all◆

The image is still pixels with no pattern underneath it, so it cannot establish armhole measurement, wearing ease, 

seam balance, grade rule, fabric stretch, or sleeve mobility. Almost every disappointment with AI in product 

development comes from treating one kind of confidence as the other.
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The three things the word hides
The vocabulary the industry uses collapses three different things into one word, and the collapse is expensive, so 

separating them is worth the paragraph it takes and changes what a fit program is for.

Garment fit is knowable in advance, and it is made of graded measurements, points of measure, the block the style 

was cut from, tolerance, and measured fabric behavior, every one of which a brand can establish before a single 

customer exists. Everything in this paper up to here is about getting garment fit right, and every tool in the 

category works on it.

Body fit is a property of the person wearing it, and it runs from measurements and posture through shoulder 

slope, torso proportion and mass distribution to preferred ease, the layer underneath and the occasion she bought 

it for. Some of it is measurable, more of it is stated, and most brands hold almost none of it.

The third thing is what happens when they meet. A match is an event rather than a property, and it is the only 

proof that the first two were compatible. A fit session approximates the event using one standardized body under 

controlled conditions, which is the best available estimate before launch and still an estimate.

The half the size chart assumes

A brand that measures garment fit well and holds no body data has one half of the answer and no way to check it. 

Every size chart it publishes is a guess about the other half, repeated at scale. Worn outcomes are the only reading 

of the match that comes from real bodies, and they arrive free with every return.

Figure 1. The two halves of fit. A brand with perfect garment data still guesses, because it has no bodies. A body-scanning app still guesses, 
because garment behavior on that body is unknown until worn. Only the verified match compounds.

The size chart is how the industry tries to bridge the gap, by assuming a standard body, and that assumption 

produces the share of returns attributed to fit and sizing.
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SECTION 04 04
Fit has five layers, and four ways to prove 
them

Fit has to answer five separate questions and each one needs its own kind of proof, so separating them answers 

the tooling question on its own, because only some of the five are inside the reach of AI today. The first four 

appeared in version one of this paper, and the fifth is the one the category still treats as a cost center rather than a 

source.

Pattern systems including Lectra, Gerber, Optitex, PatternFast and fashionINSTA operate in layer three, while 3D 

simulation sits between layers three and four, where it produces extra evidence before any fabric is cut. Layer five 

has no category of tools at all, which is the opportunity, because the data arrives whether a brand collects it or 

not.

LAYER QUESTION IT ANSWERS BEST EVIDENCE CAN AI ANSWER IT?

Design intent Does it look like the brief? Reference, render, AI visual Yes, and increasingly well

Specification fit Do the measurements make 

sense?

Points of measure, ease, 

tolerance, grade rules, 

category standards

Yes, with structured 

product data

Pattern fit Can this pattern produce 

this garment?

Seam-length compatibility, 

balance, grain, notches, 

piece completeness, grade 

nesting

No. Requires pattern 

geometry

Physical fit Does it work on a body, in 

this material?

Fit session, wear trial, wash 

test

No. Requires a garment

Worn fit Does it work on many 

bodies, in use, over time?

Reason-coded returns, 

exchanges, keep rates by 

body signature

Yes, and it is the only layer 

that improves on its own

Table 2. The five layers of fit. Layers one to four are garment fit. Layer five is the match, and the record of it is the Fit Graph.

Most of the confusion in this market comes from vendors describing a layer-one capability in layer-three language, 

and the tooling question stays unanswered until you name the layer you are buying evidence for. No vendor sells 

layer five, because the evidence it runs on arrives from a brand’s own customers.
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Four ways to prove a layer
The layers are what you check and these four methods are how you check, three of which run on data and rules 

while only physics runs a simulation, so much of fit can be established in software with a body reserved for the 

part that needs one.

Figure 2. Four ways to prove a layer. Three run on data and rules, so most of fit can be settled in software, with a body reserved for what needs 
one.

01 By physics

Simulate the pattern and read the result. The strongest method available, and the only one that models the 

garment, gated on good fabric data and a realistic fit body.

02 By construction

Check the pattern against itself: seam lengths that match, balance, grain, notches, complete pieces, grades that 

nest. Cheap, fast, and it catches the errors that waste a first sample.

03 By provenance

Check the style against the standard it claims: category rules, size system, market conventions, the brand’s 

own block library. A data exercise with no simulation in it.

04 By precedent

Check the style against what happened last time. The method every brand already owns and almost none has 

systematized, which the rest of this paper takes up.



THE F* WORD  ·  3D needs four conditions, and pays under two 8

SECTION 05 05
3D needs four conditions, and pays under two

A 3D tool draws a picture of the garment from pattern and fabric data, and a person still looks at that picture and 

judges it. It is a better-informed way to eyeball a garment before cutting fabric, and judging real-body fit still takes 

a real body.

Underneath, 3D simulation is a physics solver. It takes graded pattern pieces, sews them on an avatar, applies 

measured fabric behavior, and reads out drape, ease and strain, and systems like CLO, Browzwear VStitcher, 

Optitex, Lectra Modaris, Style3D and TUKA3D all do that part well. Four conditions have to hold, and most 

programs stall on the second.

01 A production pattern

You cannot simulate without pattern pieces. The output is only as trustworthy as the pattern geometry and 

fabric data fed in, which is why an image-derived 3D with no real pattern produces a confident-looking picture 

with nothing underneath it.

02 Credible fabric data

The solver needs measured fabric behavior: weight, thickness, bending, stretch, recovery. Brands routinely 

carry libraries above a thousand materials and testing each one is slow and costly, so accuracy for standard 

wovens and knits runs in the mid-eighties to mid-nineties percent range only where the materials have been 

properly digitized. Without that data the solver runs on defaults.

03 An avatar that resembles your fit body

Two people with identical bust, waist and hip can differ in posture, shoulder slope, torso proportion and mass 

distribution. A generic avatar validates against a generic body.

04 Someone who can read the output

The solver produces data. A trained technical designer still reads it on screen and decides whether a red zone 

means intended compression, too little ease, or a simulation artifact. The final step is a person inspecting a 

picture.

A fifth condition nobody prints

The 2026 Fashion and Textiles study of firefighting gear doubted whether strain outputs mean much for garments 

built with large intentional ease, since those readings were designed for close-fitting clothing.
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Figure 3. The three published numbers behind stalled programs, from the 2026 Fashion and Textiles study and commonly quoted accuracy 
ranges.

Those conditions are why adoption is thinner than the marketing suggests. The 2026 study found two of its six 

manufacturers had adopted 3D, with one participant naming an annual license quote of $13,000 as hard to justify 

against a workflow that already functioned, and the accuracy figure most often quoted, 85 to 95 percent, holds 

only for standard wovens and knits that have been properly digitized.

Two conditions decide whether it pays
Even where 3D works, it does not pay for every business. Two conditions decide it: how much friction sits in your 

sampling loop, and whether your fabric library is digitized.

Figure 4. Route the investment by sampling friction and fabric data. High friction with a digitized library is where simulation pays. High friction 
without the data means digitizing first.
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The skip quadrant holds more brands than the industry admits. When a small production run costs less than 

digitizing a material library, the run is the test, and buying licenses before the fabric data exists is the most 

common way to waste the budget. Category matters as much as quadrant: basic wovens and knits simulate well 

on calibrated inputs, while tailoring, padding, bonded structures, lingerie, corsetry, multilayer protective 

assemblies, unusual knits and heavily washed fabrics do not.

Programs that stall rarely stall on the software. 3D returns capital only when it removes something: a sample, a 

pattern iteration, a sales prototype, an approval round or a photoshoot. A program that adds a 3D specialist 

between the patternmaker and the fit session has removed nothing.

The way past that is to decide what evidence a style deserves before you spend it, so 3D is aimed only where it 

earns its cost. That routing is the job of the fit-risk gate.

SECTION 06 06
The fit-risk gate needs a memory

Two things decide how much evidence a style deserves: how new its pattern is, and how badly it fails if the fit is 

wrong. A proven block whose worst case is a cosmetic miss needs little more than a visual check and a spec check. 

A new block whose failure is functional earns everything. Most brands run every style the same way, over-

validating carryover and under-validating new performance, which is the expensive mistake in both directions.

GATE EXAMPLES REQUIRED EVIDENCE 3D

Green New colorway, print, trim, 

or minor detail on an 

accepted block and fabric

Visual approval, spec check, 

confirmation the block is 

unchanged

No

Yellow Modified sleeve, hem, 

neckline, pocket, or length

Updated pattern validation, 

points of measure and 

grading check, technical 

review

Optional

Orange New block, unfamiliar 

stretch fabric, extended size 

range, large volume change, 

fitted silhouette

Full pattern validation, 

fabric calibration, technical 

fit review, first physical 

sample

Recommended

Red Activewear, compression, 

tailored structure, corsetry, 

protective clothing, complex 

outerwear, novel materials

Physics-based 3D, physical 

fit sample, wear or 

movement testing, 

construction review, 

Required
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GATE EXAMPLES REQUIRED EVIDENCE 3D

material performance 

validation

Table 3. The fit-risk gate. Match evidence to consequence, and aim 3D at orange and red.

A brand shipping 300 styles a season typically finds 60% to 75% of them sit green or yellow, and those need no 

simulation at all. Simulate all 300 and you are funding evidence nobody uses.

The gate has no memory, and it should
As described so far the gate runs one way. A style enters green because its block is proven and its worst case is 

cosmetic, and nothing ever moves it. A green carryover coming back at forty percent is misrouted, and the only 

evidence that would catch it arrives after the sale.

Figure 5. The gate, closed. Worn outcomes attach to the garment revision and re-tier the style for next season, so routing corrects itself by rule 
rather than by argument in a review.

Closing the loop costs nothing a brand is not already paying for, and it turns a static policy into one that corrects 

itself. What the loop runs on is a record almost no brand keeps. We call it the Fit Graph, and the next two sections 

cover what it holds and how one row of it is built.

SECTION 07 07
Precedent has two halves and the industry 
works one

Physics, construction and provenance are all well served by mature tools. Precedent is the method no one has 

turned into a system, and it is the one every brand already owns. It comes in two halves, and the industry works 

only the first.
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Figure 6. The sale divides precedent. Production precedent prevents a bad sample. Customer precedent, the Fit Graph, prevents a bad season.

Production precedent
Production precedent is a brand’s own development history: what failed last time, in its fabric, at its vendor, on its 

block. Fit comments, sample review notes, first-sample approval outcomes, the block that failed twice in a stretch 

woven, the collar that draws the same comment every season, the grading that held to XL and broke at 2XL, the 

vendor who executes one seam type badly.

All of it exists. It sits scattered over email threads, review decks and spreadsheets, held mostly in the heads of two 

or three technical designers, and it leaves when they leave.

Systematized, production precedent does two useful things. The first is gap detection before the pack ships: a 

missing lining line in the bill of materials, a zipper with no trim entry, a pocket with no construction note, a graphic 

crossing a side seam with no placement map. A meaningful share of failed first samples are specification failures 

recorded as fit failures, and they are preventable at zero marginal cost.

The second is prioritization. Precedent does not replace the fit session, it tells the technical designer where to 

start: a short list of the points to measure first, because similar blocks failed at those points before.

Customer precedent
Customer precedent is the other half, and it is the half that has never been collected. Production precedent tells 

you which blocks fail in your fabric at your vendor. Customer precedent tells you which blocks fail on which 

bodies, so the first prevents a bad sample and the second prevents a bad season.

The raw material arrives in the return. A specific reason code, “shoulders tight,” “color darker than the image,” 

“great fit, kept the smaller size,” captured on the returns form or in the service note, is a structured record of why 

a real customer accepted or rejected a real garment, and it is the only evidence in the stack that the customer 

produces rather than the brand.

Most brands net the refund, restock the unit and move on. They keep the fact that a unit came back and discard 

the sentence explaining why, which is the sentence that would have prevented the next return in the same style.
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Accumulated and attached to the product record, those reasons form what we call the Fit Graph: a brand-owned 

record of verified garment-to-body matches, each carrying the reason it worked or did not. A competitor can 

source the same fabric and lift your size chart from a feed. It cannot reproduce ten seasons of your own 

customers telling you, garment by garment and body by body, what worked.

The asset is worth naming because of what reads it. One row gets written when a unit comes back, and three 

parts of the business the paper has already described read that row: the gate re-tiers the style before next season 

is routed, the product page carries size guidance written from real outcomes, and the fit session starts at the 

points that failed before.

Figure 7. The Fit Graph in the system. Returns write one row. The gate, the product page and the fit session each read it back, which is what 
turns a refund into evidence.

The name the rest of the market uses

Foundation Capital named the context graph in December 2025: the proprietary record of outcomes that makes 

one company’s AI better than a competitor’s running the same model. The Fit Graph is that record for apparel. Any 

brand can rent the model. None of them can rent the account of which of your garments fit which of your 

customers.

Read back over a season, the rows stop being a list and become a map. Returns concentrate in a handful of cells: 

the shoulder on a tailored block, the chest on a stretch woven, the waist on a trouser. A brand that can see that 

map knows where to spend a fit session before the season starts, and a brand without one re-learns it every year 

at the cost of the returns that taught it.
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Figure 8. A Fit Graph read back: share of fit returns by garment area and block. The figures are an illustrative composite rather than measured 
data, and the shape is what matters, because returns cluster rather than spread.

The limit, stated plainly

Precedent needs history. A new category, a new block, a new vendor, and the system has little to work with. An 

honest tool labels its confidence plainly there instead of generating a number to fill the space.

The tool many brands already own
Size-recommendation tools work the read side of the sale. They answer which size a shopper should buy in a style 

that already exists, at the product page, and they lower the return rate on what has already been made. The gate 

works the other side of the same timeline. It decides what gets cut and what evidence a style earns before anyone 

can buy it, and the Fit Graph is the record that feeds it. A tool that improves the sale and a record that improves 

the next sample are solving at different moments.

Two questions separate them on your own stack. Ask what the tool keys outcomes to, because a history keyed to 

the style number averages over block changes, which is tolerable for recommending a size and useless for deciding 

what to cut. Then ask where the compounding sits, because a cross-brand recommender improves on a dataset 

assembled from every client it has, and that asset belongs to the vendor.

The test takes one question. Does anything it produces change how you route the next sample? If the answer is 

no, judge the tool on conversion and on returns at the product page, which is the job it is good at, and keep it. Its 

exchange directions and reason codes are a legitimate input to the Fit Graph, and a brand running both is further 

along than a brand running either.
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SECTION 08 08
One row of a Fit Graph holds six fields

Naming the asset is easy. Keying it correctly is where programs fail, so the schema is worth stating in full as the six 

fields a single row has to hold.

FIELD WHAT IT HOLDS WHERE IT COMES FROM

Garment identity Style, colorway, size, and the specific 

unit

Order and fulfilment systems

Garment revision The pattern and spec version that unit 

was cut from

Product lifecycle management, as the 

unit is produced

Body signature What you know of the wearer: stated 

size, prior keeps, returns history, any 

supplied measurements

Account, order history, profile, fitting 

room

Context Market, channel, season, what it was 

bought for

Order record

Outcome Kept, returned, exchanged, and in 

which direction

Returns processing

Reason The coded why, at the precision the 

code set allows

Returns form, service notes, exchange 

reason

Table 4. One row of a Fit Graph. The revision field is the one most brands omit and the one that makes the rest usable.

Figure 9. The same six fields, filled in for one returned unit. The last two are the ones most brands discard, and they are the two that teach the 
gate anything.
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The trap that quietly destroys the asset

Outcomes have to key to the garment revision. If the block changed between seasons, last season’s returns teach 

the wrong lesson about this season’s coat. Most brands key returns to the style instead, which looks correct in a 

report and leaves the history unusable for fit.

The second requirement is reason-code precision. A three-option menu of too big, too small, and changed my 

mind produces almost nothing. A code set that distinguishes shoulders, sleeve length, rise, through the chest, and 

length produces a fit program. The cost difference between the two is one afternoon of form design.

SECTION 09 09
The arithmetic, and the questions that test it

Take a brand shipping 100,000 units a season at a 30 percent return rate, so 30,000 returns, each tagged with a 

reason. Feed them back and three things move at once: size guidance on the worst-fitting styles gets corrected, 

product pages carry truer fit notes, and the gate re-tiers the styles that keep coming back so the next season 

spends its proof somewhere better.

Figure 10. The worked example in five steps, at a 100,000-unit scale. Treat the four-point reduction as illustrative rather than a benchmark.

Assume that trims the return rate by four points, to 26 percent. Treat the four points as illustrative rather than a 

benchmark, because the published evidence does not support a single number here. The reduction is 4,000 

returns, and at a fully loaded reverse-logistics cost of roughly $25 to $40 each, $100,000 to $160,000 saved on 

one line in one season.

The larger gain arrives the following season, when the brand stops paying twice: once to validate carryover that 

never needed it, and again to under-validate the new block that did. Returns pay for the asset, and the asset 

routes the next season’s spend.
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An honesty test for AI fit tools
The category has sold fit validation for three years, and most tools cannot deliver it. Three claims come up on 

almost every demo, and each one has an honest version.

THE CLAIM YOU WILL HEAR THE HONEST VERSION

“The AI gives you factory-ready tech packs.” A generated tech pack is a starting draft until a technical 

designer approves it. Treat every export as guidance rather 

than a green light to cut fabric.

“AI replaces physical sampling.” The fit session stays. The honest goal is fewer rounds, and 

that is the number a vendor should be measured on.

“We generate a full set of measurements for any style.” A measurement you cannot source is a guess. Where the 

data is missing, the field should stay empty and the tool 

should tell you what it needs.

Table 5. Three demo claims and what each one is actually worth.

Four questions to ask any vendor

01 Where does the pattern geometry come from?

A simulation built on an image-derived shape is a picture in three dimensions rather than a validated pattern. 

Real 3D evidence starts from production pattern pieces, so the honest answer names where those pieces 

originate.

02 What fabric data does the simulation run on?

Without measured fabric mechanics the solver falls back on defaults, so the answer worth hearing states 

which materials are digitized and how they were tested.

03 What happens on a style with no history?

Precedent needs history. An honest system shows its confidence label dropping where the record runs thin, 

and declines to score what it cannot support.

04 What does your system learn from a return?

The newest question and the one fewest vendors can answer. Listen for the garment revision, the reason-

code set, and whether anything reads the accumulated history back into the next routing decision.

A tool that answers all four cleanly is producing evidence. A tool that deflects is producing pictures, and pictures 

do not survive a fit session.
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SECTION 10 10
Start here: four weeks, one category

The whole argument reduces to a first move small enough to run inside one season. It needs no new software, no 

budget cycle and no steering committee, and it runs on data the business already pays to collect. Pick the category 

with the highest return rate and the most repeat buyers, because that is where the signal is densest and the result 

is hardest to argue with.

01 Week zero: check your keys

Product operations answers one question: does a returned unit resolve to the pattern and spec version it was 

cut from, or only to a style number? Pull twenty returns from last season and trace each one back by hand. If 

the revision is missing, stop here and fix it, because nothing downstream works without it and this is the 

cheapest moment to find out.

02 Week one: pull one category

Merchandising exports one season of return and exchange reasons for a single category, twenty to fifty styles. 

Attach each outcome to the product record rather than filing it in a report. Where the reason set is three 

options, add the body-region codes now and accept that this season is thin, because the next one will not be.

03 Weeks two and three: fix the worst three

Technical design takes the three styles with the highest fit-return rate. Correct the size guidance, write fit 

notes from the actual reason codes rather than from the fit session, and re-tier each style in the gate so next 

season routes it to the evidence its record now justifies.

04 Week four: measure

Finance reads one number: the return rate on those three styles against the category average. Hold the 

comparison for a full season so promotion and seasonality wash out. One season of that is a business case, 

and the data keeps arriving whether you act on it or not.

Figure 11. The first move, with an owner on every step. Nothing here needs a purchase order, and week four produces the number that decides 
whether to go further.



THE F* WORD  ·  The layer worth building 19

SECTION 11 11
The layer worth building

Brands usually ask which tool to buy. The more useful question is which evidence each style deserves, because 

that answer tells you what to buy and when to skip it.

A short diagnostic

DIMENSION STARTING WORKING COMPOUNDING

Reason-code precision Too big, too small, changed 

my mind

Eight to twelve coded 

reasons

Coded by body region and 

cause

Where outcomes land A returns report A spreadsheet someone 

maintains

The product record, by 

revision

Who reads them back Nobody Merchandising, after the 

season

The gate, before the season

What the customer sees The same size chart as last 

year

Updated guidance on 

problem styles

Fit notes written from your 

own outcomes

Table 6. A short diagnostic. Most brands score well on garment fit and have never joined it to the other half.

The capabilities are not competing, because they are evidence types with different costs, different latencies and 

different failure modes. AI reads design intent and searches institutional memory. Pattern systems establish 

geometry, measurement and construction integrity. 3D simulates behavior when the pattern, fabric and body data 

justify the effort. Physical testing resolves what remains for high-risk product. Worn outcomes tell you, afterward 

and at scale, which of those judgments were right.

The thing worth building is the layer that decides which evidence each style needs, attaches it to the product 

record, and feeds every correction back into memory. A proven carryover should move in hours while a new 

performance block triggers the full stack, and both of those decisions should be made by rule rather than by 

argument, with the rule itself learning from what comes back.

Whatever a brand builds here stays its own. A Fit Graph is keyed to its blocks, its fabrics and the bodies that buy 

from it, so no vendor can sell it and no competitor can copy it. It is also the only asset in the stack that gets more 

accurate the longer it runs, which makes a season of delay a season of evidence nobody collects for you.
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SECTION 12 12
Sources and confidence

On sources. Return and sampling figures are compiled from NRF and Happy Returns 2025 data and four 2025 to 

2026 returns-industry datasets that define a return differently and produce a genuine spread. Ranges and 

confidence are shown rather than a single number. Firefighting gear figures and adoption findings are from Jung, 

Porterfield and Kwon, “Three-dimensional virtual prototyping for designing firefighting gear,” Fashion and Textiles 

13:22, May 2026, an open-access study of 12 experts at 6 US manufacturers. The Fit Graph is developed at length 

in The Machine-Readable Brand (Kumar, Sidhik and Lokam, 2026), Chapters 15 and 17. The four-point return 

improvement in the arithmetic section is illustrative and is not drawn from a published benchmark.
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KEEP READING

Part of a series on AI in fashion

Outdated Tools, Outspaced Brands
Where the analog back office costs fashion brands speed and margin.

How Agentic AI Is Transforming Fashion Brands
The modern AI fashion stack for concept, development, and execution.

The Enterprise Trust Blueprint
Adopting AI in fashion without losing control of IP, data, or brand.

Getting Real Results from AI in Fashion
Judging AI by the deliverables that move product.

The Hidden Cost of Pay-Per-Use AI Pricing
Why usage-metered pricing lands on your P&L.

The Agentic AI Rollout Playbook
Sequencing adoption agent by agent, gated on evidence.

Each paper takes one decision a fashion team faces when adopting AI and works it through with graded evidence 
and stated limits. Find them all at thefword.ai.
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THE COMPANY

About The F* Word

The F* Word is an AI-native fashion platform. It creates editable tech pack drafts in eight to ten minutes and 

connects the four stages of a product’s path: creative direction, production readiness, product launch, and supplier 

handoff. This paper’s thesis runs through the product. Fit is a decision system, so software should spend proof 

where consequence is highest and work the precedent layer, both halves of it, that no tool has yet systematized.

75%
fewer physical samples

60%
less inventory risk

17,000+
fashion professionals on the platform

See the fit-risk gate and the Fit Graph on your own styles
Bring one category and last season’s return reasons. We will run the gate against your styles, build the first 

Fit Graph rows from outcomes you already hold, and show you which three styles are costing you the 

most.

BOOK A DEMO   cal.com/thefword/enterprise

WEB   thefword.ai

APP   app.thefword.ai

EMAIL   info@thefword.ai
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The authors

Nitin Kumar
CEO AND CO-FOUNDER

Twenty-five years in hi-tech in global markets, named a Master of the Business Pivot by 

CEO Today. Has run multi-billion-dollar P&Ls at Hewlett-Packard, Deloitte and PwC, 

and scaled ventures in SaaS, Web3, AI and creator tools with two exits. Author of The 

Machine-Readable Brand.

Rosmon Sidhik
CTO AND CO-FOUNDER

Twenty-five years in product and engineering, now leading engineering, product and 

growth at The F* Word and building hands-on with AI agents. Has scaled teams from 

zero to fifty through Series A to C, ran the $200M direct-to-consumer business at 

Frontdoor, and directed engineering at Ridecell, where his teams shipped mobility apps 

topping a million downloads for Google, AAA and BMW.

How to read this paper

The frameworks here, the five layers, the four methods, the friction-and-data matrix and the fit-risk gate, are 

meant to be lifted into a season plan and used to route each style to the evidence it deserves. The numbers are 

graded on purpose, so a reader can weigh them rather than take them on faith.



IN CLOSING

A stronger first production decision, on the minimum 
evidence that garment actually requires, and a record 
that makes the next decision cheaper than the last.

Route each style to the proof its risk warrants. Keep your fit sessions, and give each one 

more information than the last.

Nitin Kumar & Rosmon Sidhik

The F* Word  ·  Reimagine Fashion Workflows

thefword.ai   ·   app.thefword.ai   ·   info@thefword.ai   ·   cal.com/thefword/enterprise
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