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1
METHOD AND SYSTEM OF TRACKING AN
OBJECT BASED ON MULTIPLE
HISTOGRAMS

BACKGROUND OF THE INVENTION
1. Field of the Invention

The present invention relates to an object tracking method
and an object tracking system using the object tracking
method, and more particularly, to an object tracking method
and apparatus being robust to an environment by multiple
histograms for at least two or more features for a localized
target object, selecting a feature having a maximum cost
among the features, applying a particle filter to perform
object tracking.

2. Description of the Related Art

In recent years, with the advent of personalized media,
interest and support for personalized broadcasting services
have spread rapidly in the field of broadcasting and com-
munication media.

Traditionally, an object tracking technique in a video by
using a fixed or mobile camera has been actively studied in
the field of computer vision science. The object tracking
technique has been used for security and public services in
a variety of applications such as prevention and detection of
crime and disasters by using indoor and outdoor closed-
circuit television (CCTV) and for analysis of games in the
field of sports. In the above-mentioned object tracking
technique, generally, a motion of an object, existing in a
video captured by a fixed camera is tracked, or in the case
where a video is captured by a mobile camera, a three-
dimensional motion of the camera and a motion of the object
are simultaneously tracked. In general, a position of a
specific object, or positions of an unspecified number of
objects are estimated for every frame in a video sequence
captured by the camera.

The object tracking technique requires two key techniques
in computer vision. One technique is “detection”, and the
other technique is “tracking”. The detection is to detect an
object which is to be detected in an image. The tracking is
to track a change in position of a specific object in an image.
The tracking algorithms are classified into two major algo-
rithms. One major algorithm relates to the case (1) where the
detection is only used for initialization, and thereafter, the
estimation of the motion of the object according to time
depends on tracking of a change according to a flow of the
motion of the object, without detection; and the other major
algorithm relates to the case (2) where the detection is
performed every frame, and the tracking is performed by
matching between the objects on detection results for each
frame (tracking by detection).

In general, in a tracking method, for the detection, a
background image that does not include a person is modeled,
and then, a difference between a current camera input image
and the background image is obtained to detect a motion
region. In this case, since the number of detection areas and
the number of tracking objects may be different due to
crossing or overlapping of persons, a robust, enhanced
matching technique is needed so that the tracking is main-
tained for each person. Feature information extracted for use
in the tracking process includes color, edge, optical flow,
texture, and the like. Depending on the algorithm, various
features are combined and used. As an algorithm for detect-
ing features, there may be exemplified Kanade-Lucas-
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Tomasi Feature Tracker (KLT), Scale Invariant Feature
Transform (SIFT), Histogram of Orientation Gradients
(HOG), Haar features, Ferns, Local Binary Pattern (LBP),
Modified Census Transform MCT), and the like.

The tracking algorithm is divided into point-based track-
ing, kernel-based tracking, and silhouette-based tracking
depending on the type of feature. The kernel-based tracking
tracks the conversion process according to an appearance of
an object. The silhouette-based tracking uses edge informa-
tion of an object to perform tracking depending on whether
or not contours match. The point-based tracking, in which
the features of the detected object are expressed in a form of
points, uses a Kalman filter method and a particle filter
method in order to track correlation of the points.

Unlike the object tracking method using mean-shift or
Kalman filter, an object tracking method using a particle
filter algorithm exhibits robust performance with respect to
temporal overlapping, occlusion, and background clutter. In
particular, the object tracking methods using color histogram
information are robust to illumination change; and even in
the case of low-resolution objects with few features, the
tracking is performed with relatively high accuracy.

The Sequential Monte-Carlo technique, also called par-
ticle filtering, is a method of performing the tracking by
modeling a kinetic motion of a target, sampling multiple
images of the target in an expected path, obtaining a weight
of each sample, and obtaining an expectation value thereof.
At this time, a basic measure in obtaining the weights of the
samples is a histogram by RGB (red, green, and blue). The
measure represents a degree of histogram similarity created
by strengths of colors of image pixels constitute a target to
be tracked. As the degree of histogram similarity is larger, it
is determined that the target is more similar. In the existing
methods, the histogram may be configured by HSV (hue,
saturation, and brightness) besides the RGB.

The particle filter expresses a state of a particle as a set of
samples having weight information (sample importance).
That is, a probability distribution of object positions is
approximated to samples with weights. A sequence of pro-
cesses of the particle filter after state initialization is: (1)
predicting a current position from previous measurement,
(2) updating an importance weight from a current measure-
ment value, and (3) mainly resampling particles having high
likelihood among the particles. This sampling is called
sequential importance sampling (SIS). The above-men-
tioned three processes are repeated to predict the object
position by using resampled particles. It has been known that
the particle filter tracking method is robust to a sudden
change in object motion and has excellent tracking perfor-
mance.

However, in applying the particle filter tracking to the
object tracking methods in the related art, a single histogram
may be used, or two or three histograms may be applied in
a joint probability manner. On the other hand, in a moving
picture, various environmental changes occur according to
time. The various environmental changes include occur-
rence of an illumination phenomenon or shade, a change in
brightness, and the like. In this case, in the object tracking
method in the related art using the particle filter tracking
method, accurate object, tracking cannot be performed.

SUMMARY OF TEE INVENTION

The present invention is to provide an object tracking
method using multiple histograms, which can perform
object tracking robustly even in a changing environment.
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The present invention is also to provide an object tracking
system to which the above-described object tracking method
using multiple histograms is applied.

According to a first aspect of the present invention, there
is provided an object tracking method for tracking a target
object set in advance from a moving picture including
consecutive frames, including steps of: (a) detecting the
target object to foe tracked by target localization in a
reference frame of the moving picture, identifying particles
corresponding to the detected target object, and measuring
multiple histograms for at least two or more predetermined
features; (b) generating a plurality of candidate particles in
a frame for tracking the target, object; (c) for each of the
candidate particles, generating multiple histograms by
obtaining measurement values for the at least two or more
predetermined features, selecting a feature having a maxi-
mum cost among the measurement values for each feature
by using the multiple histograms, and calculating a weight
for the particle by using the measurement value of the
selected feature; and (d) estimating a position of the target
object in the frame by using the weights of all candidate
particles obtained in the step (c).

In the object tracking method according to the first aspect,
it is preferable that the step (c) includes, for each of the
candidate particles, steps of: (cl) generating the multiple
histograms by obtaining the measurement values for at least
two or more predetermined features; (c2) selecting the
feature having the maximum cost among the at least two or
more features by applying a Minimax estimation technique
by using the multiple histograms for the at least two or more
features; and (3) calculating the weight for the particle by
using the selected feature, wherein the weights for all the
candidate particles are calculated and provided.

In the object tracking method according to the first aspect,
it is preferable that in the step (c2), a Bhattacharyya Distance
(BD) between a histogram of the particle in the reference
frame and a histogram of the candidate particle in the frame
to be tracked is obtained for each of the at least two or more
features, and the feature having a maximum BD value
among the at least two or more features is selected as the
feature having the maximum cost; and in the step (c3), the
weight of the particle is obtained by using the BD value of
the selected feature.

According to a second aspect of the present invention,
there is provided an object tracking system for tracking a
target object set in advance from a moving picture including
consecutive frames, including: an input module which
receives, as an input, the moving picture to be tracked and
sets the target object to be tracked; a reference frame
measurement module which sets a reference frame of the
moving picture input from the input module, detects the
target object to be tracked by target localization in the
reference frame of the moving picture, identifies the par-
ticles corresponding to the detected target object, measures
multiple histograms for at least two or more predetermined
features for the particles; a particle weight measurement
module which selects a frame for tracking the target object
from the moving picture, generates a plurality of candidate
particles from the selected frame, generates multiple histo-
grams by obtaining measurement values for the at least two
ox more predetermined features for each of the candidate
particles, selects a feature having a maximum cost among
the measurement values for each of features by using the
multiple histograms, and, calculates a weight of the particle
by using the measurement value of the selected feature; and
an object position estimation module which estimates a
position of the target object in the frame by using the
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weights of ail the candidate particles measured by the
particle weight measurement module.

In the object tracking system according to the second
aspect, it is preferable that, for each of the candidate
particles, the particle weight measurement module: gener-
ates the multiple histograms by obtaining the measurement
value for at least two or more predetermined features; selects
the feature having the maximum cost among the at least two
or more features by applying a Minimax estimation tech-
nique by using the multiple histograms for the at least two
or more features; and calculates the weight of the particle by
using the selected feature.

In the object tracking system according to the second
aspect, it is preferable that, the particle weight measurement
module; obtains a Bhattacharyya Distance (BD) between a
histogram of the particle in the reference frame and a
histogram of the candidate particle in a frame to be tracked
for each of the at least two or more features, and selects a
feature having a maximum BD value among the at least two
or more features as a feature having a maximum cost, and
obtains the weight of the particle by using the BD value of
the selected feature.

In the object tracking system according to the second
aspect of the invention, the Bhattacharyya distance (BD) for
a given feature n,, is defined as a value obtained by squaring
a Bhattacharyya Similarity (BS) coefficient.

In an object tracking method using multiple histograms
according to the present invention, a Minimax estimation
technique in multiple histograms is applied, and a particle
filter is applied by using a histogram for selected one feature,
so that it is possible to perform object tracking which is
robust to various environmental changes such as occurrence
of an illumination phenomenon or shade and a change in
brightness according to time,

In addition, in the object tracking method using multiple
histograms according to the present invention performance
of tracking states of position, speed, size, and the like is
greatly improved as compared with object tracking methods
in the related art.

In Particular, in the object tracking method according to
the present invention, as the image quality of a video image
is lower, the tracking of a target object can be performed
more accurately.

Meanwhile, the object tracking method according to the
present, invention can be applied not only to a single object
tracking but also to multiple-object tracking by performing
an initial localization process.

BRIEF DESCRIPTION OF THE DRAWINGS

FIG. 1 is a flowchart sequentially illustrating an object
tracking method according to a first embodiment of the
present invention;

FIG. 2 is a block diagram illustrating an object tracking
system according to a second embodiment of the present
invention;

FIG. 3 is a view illustrating main frames of a test moving
picture used in an experiment for evaluating the perfor-
mance of the object tracking method according to the
present invention, in which the numbers below are serial
numbers of respective frames;

FIG. 4 is a graph illustrating results obtained by compar-
ing values of risk functions according to the present inven-
tion and the related art;

FIGS. 5A to 5D are graphs illustrating results obtained by
comparing performance according to the present invention
with performance according to the related art and
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FIGS. 6 A to 6D are graphs illustrating results obtained by
analyzing performance of the object tracking method
according to the present invention, which include graphs
obtained by comparing the case of using three features with
the case of using two features.

DESCRIPTION OF THE PREFERRED
EMBODIMENTS

An object tracking method according to the present inven-
tion uses a particle filter configured by combining a Mini-
max estimation technique with a Monte Carlo sampling
method. In the object tracking method, for each of the
particles, a feature having a maximum cost among measure-
ment values of at least two or more features is selected, and
a weight for the particle is calculated by using the measure-
ment value of the selected feature.

Hereinafter, an object tracking method according to a
preferred embodiment of the present invention and an object
tracking system using the object tracking method will be
described in detail with reference to the accompanying
drawings. The object tracking method according to the
preferred embodiment of the present invention tracks a
target object set in advance from a moving picture including
consecutive frames.

FIG. 1 is a flowchart sequentially illustrating the object
tracking method according to the preferred embodiment of
the present invention.

Referring to FIG. 1, in an object tracking method accord-
ing to the embodiment of the present invention, first, a target
object to be tracked is detected by target localization in a
reference frame of the moving picture, the particles corre-
sponding to the detected target object, are allowed to be
identical to each other and multiple histograms correspond-
ing to the respective particles are generated by measuring at
least two or more predetermined features so that multiple
histograms for the particles are generated (step 100). At this
time, if, is preferable that an initial frame of the moving
picture is mainly set to the reference frame. The at least two
or more predetermined features may include RGB, HSV,
HOG, and the like. In the case of generating a histogram by
measuring one feature with respect, to pixels constituting the
localized target object, the generated histogram may have a
plurality of bins, and a height H of the histogram may be
expressed by Mathematical Formula 1.

H= {hb}bzl,...,Nb [Mathematical Formula 1]

Herein, b is a bin number. N, is the total number of bins.
h, is the height of a histogram for a bin. The total number of
bins may be changed according to a type of measure. It is
preferable to normalize the total number of bins so that a
sum of the values of histograms becomes 1.

The histogram of the target object localized in the refer-
ence frame is defined as expressed in Mathematical formula
2, and in the case where there are several features as a
measure, the histogram of the target object can be expressed
in Mathematical Formula 3.

[Mathematical Formula 2]
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Multiple histograms for all the features including at least
two or more features for the k-th frame can be represented
by m, in Mathematical Formula 3.

my =My }2’:::1 [Mathematical Formula 3]

_ (R \Nm
=,

Herein, k represents the order of frames of the moving
picture, n,, represents the serial number of the histogram
feature, and represents the total number of features used.

Next, the frame for tracking the target object is selected
from the moving picture, and a plurality of candidate par-
ticles are generated in the selected frame by using a propa-
gation density function (step 110).

Next, for one of the plurality of candidate particles,
multiple histograms for the corresponding candidate particle
are generated by measuring at least two or more predeter-
mined features (step 120). Then, for each of the features
constituting the multiple histograms of the corresponding
candidate particle, Bhattacharyya similarity (hereinafter,
referred to as ‘BS”) coefficients are obtained, and a Bhat-
tacharyya distance (hereinafter, referred to as ‘BD’) defined
by a value obtained by squaring the BS coefficient is
obtained (step 122).

According to the definition of Mathematical Formula 3,
for each feature, that is, for a given n,,, the BS coeflicient
%, is defined by Mathematical Formula 4.

[Mathematical Formula 4]

1
2

N,
B (HE Hyy) = [1 S }
b=1

Herein, H, ® is a histogram of the feature n,, for the
reference frame. H,, is a histogram of the feature n,, for the
frame to be tracked.

On the other hand, the BD value has a value in a range of
0 to 1. As a degree of similarity is larger, the BD value is
close to 0 and as the degree of similarity is smaller, the BD
value is close to 1.

Next, for the particle, the cost for the at least two or more
features is defined as the BD values, and a feature having a
maximum cost among the costs for the at least two or more
features is selected (step 130). In this case, in the present
invention, in order to measure weights for the features of the
particle, a solution is obtained by a Minimax method. As one
of estimation techniques, the Minimax method is a method
of, first, defining a risk factor, maximizing the defined risk
factor, and selecting a solution of minimizing the maximized
risk factor as an estimation value. Therefore, in order to
obtain the solution by the Minimax method, first, the risk
factor is defined; in order to maximize the defined risk
factor, the possible maximum value is found for the risk
factor; and then, in order to select the solution of minimizing
the maximized risk factor as an estimation value, the maxi-
mum value is minimized again.

Herein, the solution by the Minimax method is to find a
solution of minimizing the possible maximum risk factor
again as expressed in Mathematical Formula 5.

inf sup {Risk} [Mathematical Formula 5]
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Herein, “inf” denotes a minimum value as infimum, and
sup denotes a maximum value as supremum.

In the particle filter, the value of the risk function is
defined by Mathematical Formula (6).

[Mathematical Formula 6]

PF s ip .\ ip
R = Z [(s& =5) /]
e}

Herein, N is a total number of pixels used, s,” is a state
value for an ip-th particle in a k-th frame, §, is a state
estimation value in the k-th frame, and w,” is a weight of the
corresponding particle, which is expressed as a function of

BD values.

[Mathematical Formula 7]

w? o exp[—ZO . Z (B;f:n 2)}

m=1

Herein, if one BD value is selected to maximize the value
of the risk function, the weight of the particle is corrected as
expressed in Mathematical Formula 8.

wirxexp[-20- (B max"Pz)] [Mathematical Formula 8]

Herein, ® " satisfies a condition according to Math-

ematical Formula 9.

2

<5 .
;
S,

2 o
a3 93

2 oy L2
i 33 g
max” —max {37,

RS Nmipz} [Mathematical Formula 9]

The Minimax state estimated value obtained at this time
is expressed by Mathematical Formula 10.

[Mathematical Formula 10]

N . .
SN o S [exp(=20- B )-7 ]
ip=1

Since the weight values are changed according to Math-
ematical Formulas 7 and 8, the value of the risk function in
Mathematical Formula 6 is changed. The graph of FIG. 4
described later is a graph of an average value of the values
of the risk function expressed by Mathematical Formula 6.

As a result, in the proposed method, the feature that
maximizes the BD value is selected, and the selected BD is
used as a measure when the weight of each particle in the
particle filtering (PF) is obtained.

For all candidate particles constituting the selected frame
in step 110, the above-described steps 120 to 140 are
repeated to calculate the weight for each candidate particle
constituting the frame (step 150).

Next, by using the weights of all the candidate particles
constituting the frame, normalization is performed so that a
sum of the weights is equal to 1 so as to have a weighting
factor corresponding to the weight. And then, the position of
the target object is estimated in the frame (step 160).

The process of performing normalization so that the sum
of the weights for the above-described particles is equal to
1 can be expressed by Mathematical Formula 11.

EI-p: R [Mathematical Formula 11]
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The above-described steps 110 to 160 are repeated for all
the frames constituting the moving picture, so that the
change in position of the target object in the moving picture
is tracked.

The remaining contents of the algorithm used in the object
tracking method according to the present invention is the
same as those of a sequential importance resampling particle
filtering method in the related art, and resampling is per-
formed in an image frame every time.

Hereinafter, a configuration and operation of an object
tracking system implementing the above-described object
tracking method will be described in detail with reference to
FIG. 2.

FIG. 2 is a block diagram schematically illustrating a
configuration of an object tracking system according to a
second embodiment of the present invention. Referring to
FIG. 2, an object tracking system 2 according to the present
invention is configured to include an input module 200, a
reference frame measurement module 210, a particle weight
measurement module 220, and an object position estimation
module 230. The object tracking systems tracks a target
object set in advance from a moving picture including
frames sequentially formed.

The input module 200 receives, as an input, a moving
picture to be tracked and sets a target object to be tracked by
a user through a user interface module of the input module.

The reference frame measurement module 210 sets a
reference frame of the moving picture input from the input
module, detects the target object to be tracked by target
localization in the reference frame of the moving picture,
identifies the particles corresponding to the detected target
object, and measures multiple histograms for at least two or
more predetermined features for the particles.

The particle weight measurement module 220 selects a
frame for tracking the target object from the moving picture,
generates a plurality of candidate particles from the selected
frame, generates multiple histograms by obtaining measure-
ment values for at least two or more predetermined features
for each of the candidate particles, selects a feature having
a maximum cost among the measurement values for each of
features by using the multiple histograms, and calculates a
weight of the particle by using the measurement value of the
selected feature.

It is preferable that, for each of the candidate particles, the
particle weight measurement module obtains measurement
vales for at least two or more predetermined features to
generate multiple histograms, selects a feature having a
maximum cost among the at least two or more features by
applying the Minimax estimation technique by use the
multiple histograms for the at least two on more features,
and calculates a weight for the particle by using the selected
feature.

It is preferable that, the particle weight measurement
module obtains a Bhattacharyya Distance (BD) between the
histogram of the particle in the reference frame and the
histogram of the candidate particle in the frame to be tracked
for each of the at least two or more features, selects a feature
having a maximum BD value among the at least two or more
features as the feature having the maximum cost, and
calculates the weight of the corresponding particle by using
the BD value of the selected feature.

On the other hand, the Bhattacharyya distance BD for a
given feature n,, is defined as a value obtained by squaring
the Bhattacharyya similarity (BS) coefficient, and the BS
coeflicient can be obtained by the above-described Math-
ematical Formula 4.
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The object position estimation module 230 estimates a
position of the target object in the frame by using the
weights for all the candidate particles measured by the
particle weight measurement module and using Mathemati-
cal Formula 8.

Then, the object tracking system according to the present
invention is repeatedly driven for all the frames constituting
the moving picture to estimate the position of the target
object for the entire moving picture.

Hereinafter, the performance of the object tracking
method according to the present invention is evaluated
through experiments and compared with techniques in the
related art. FIG. 3 is a view illustrating main frames of a test
moving picture used in an experiment for evaluating the
performance of the object tracking method according to the
present invention, in which the numbers below are serial
numbers of the respective frames.

FIG. 4 is a graph illustrating results obtained by compar-
ing the values of the risk functions according to the present
invention and the related art. The result values illustrated in
FIG. 4 are the average values obtained after performing the
experiment 100 times by using the moving pictures of the
image frames illustrated in FIG. 3.

In the present invention, a state is estimated on the basis
of the maximized risk. As illustrated in the graph of FIG. 4,
it can be seen from the entire image frame of the moving
picture that the average risk value according to the present
invention is much larger than the average risk value accord-
ing to the method in the related art. In FIG. 4, the X-axis
represents a sequential image frame of a moving picture, the
y-axis represents an average risk, and the unit thereof is a
square of pixel, of which value is obtained by Mathematical
Formula 6.

FIGS. 5A to 5D are graphs illustrating the results obtained
by comparing the performance according to the present
invention with the performance according to the related art.
FIG. 5A is a graph illustrating a result obtained by compar-
ing the performance according to the present invention with
the performance according to the related art using a single
histogram for RGB. FIG. 5B is a graph illustrating a result
obtained by comparing the performance according to the
present invention with the performance according to the
related art using a single histogram for HSV. FIG. 5C is a
graph illustrating a result obtained by comparing the per-
formance according to the present invention with the per-
formance according to the related art using a single histo-
gram for HOG. FIG. 5D is a graph illustrating a result
obtained by comparing the performance according to the
present invention with the performance according to the
related art using three histograms in a joint manner (that is,
using all three features and applying a simultaneous prob-
ability method). FIGS. 5A to 5D, the y-axis represents a
mean distance error (MDE) which is indicated in unit of
pixel. The larger the MDE is, the larger the error is. On the
other hand, the x-axis represents a sequential image of a
moving picture.

It can be seen from FIGS. 5A to 5D that the object
tracking method according to the present invention is supe-
rior in accuracy to the methods in the related arts.

FIGS. 6 A to 6D are graphs illustrating results obtained by
analyzing performance of the object tracking method
according to the present invention, which include result
obtained by comparing the performance of the object track-
ing method in the case of using three features with the
performance of the object tracking method in the case of
using two features. FIG. 6A is a graph collectively illustrat-
ing the cases of the object tracking method according to the
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embodiment of the present invention using three features of
RGB, HSV, and HOG, using two features of RGB and HSV,
using two features of RGB and HOG, and using two features
of HSV and HOG. FIG. 6B is a graph collectively illustrat-
ing the cases of the object tracking method according to the
embodiment of the present invention using three features of
RGB, HSV, and HOG and using two features of RGB and
HSV. FIG. 6C is a graph collectively illustrating the cases of
the object tracking method according to the embodiment of
the present invention using three features of RGB, HSV, and
HOG and using two features of RGB and HOG. FIG. 6D is
a graph collectively illustrating the cases of the object
tracking method according to the embodiment of the present
invention using three features of RGB, HSV, and HOG and
using two features of HSV and HOG.

Referring to FIGS. 6A to 6D, it can be seen that, in the
object tracking method according to the present invention, in
general, the object tracking using three features provides
more excellent accuracy than object tracking using two
features.

While the present invention has been particularly illus-
trated and described with reference to exemplary embodi-
ments thereof, it should be understood by the skilled in the
art that the invention is not limited to the disclosed embodi-
ments, but various modifications and applications not illus-
trated in the above description can be made without depart-
ing from the spirit of the invention. In addition, differences
relating to the modifications and applications should be
construed as being included within the scope of the inven-
tion as set forth in the appended claims.

What is claimed is:

1. An object tracking method for tracking a target object
set in advance from a moving picture including consecutive
frames, comprising steps of:

(a) detecting the target object to be tracked by target
localization in a reference frame of the moving picture,
identifying particles corresponding to the detected tar-
get object, and measuring multiple histograms for at
least two or more predetermined features for the par-
ticles;

(b) generating a plurality of candidate particles in a frame
for tracking the target object;

(c) for each of the candidate particles, generating multiple
histograms by obtaining measurement values for the at
least two or more predetermined features, selecting a
feature having a maximum cost among the measure-
ment values for each feature by using the multiple
histograms, and calculating a weight for the particle by
using the measurement value of the selected feature;
and

(d) estimating a position of the target object in the frame
by using the weights of all candidate particles obtained
in the step (c).

2. The object tracking method according to claim 1,
wherein the step (c) includes, for each of the candidate
particles, steps of:

(cl) generating the multiple histograms by obtaining the
measurement values for at least two or more predeter-
mined features;

(c2) selecting the feature having the maximum cost
among the at least two or more features by applying a
Minimax estimation technique by using the multiple
histograms for the at least two or more features; and

(c3) calculating the weight for the particle by using the
selected feature,

wherein the weights for all the candidate particles are
calculated and provided.
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3. The object tracking method according to claim 2,
wherein, in the step (c2), a Bhattacharyya Distance (BD)
between a histogram of the particle in the reference
frame and a histogram of the candidate particle in the
frame to be tracked is obtained for each of the at least
two or more features, and the feature having a maxi-
mum BD value among the at least two or more features
is selected as the feature having the maximum cost, and
wherein, in the step (c3), the weight of the particle is
obtained by using the BD value of the selected feature.
4. The object tracking method according to claim 3,
wherein the Bhattacharyya distance (BD) for a given feature
n™ is defined as a value obtained by squaring a Bhattacha-
ryya Similarity (BS) coefficient, and wherein the BS coef-
ficient B, is obtained by the following mathematical for-
mula,

1

N, 2z
[1 - Zb: N }

b=1

B, (Hf . H,,)=

Herein, H%, , is a histogram of the feature n, for the
reference frame, H,,, is a histogram of the feature n,,
for the frame to be tracked, and for a given feature n,,,
b is the serial number of a bin, N, is a total number of
bins, h,,,,, is a height of a histogram for the bin, and
h®,  is the height of the histogram for the bin in the
reference frame.

5. An object tracking system for tracking a target object
set in advance from a moving picture including consecutive
frames, comprising:

an input module which receives, as an input, the moving
picture to be tracked and sets the target object to be
tracked;

a reference frame measurement module which sets a
reference frame of the moving picture input from the
input module, detects the target object to be tracked by
target localization in the reference frame of the moving
picture, identifies the particles corresponding to the
detected target object, measures multiple histograms
for at least two or more predetermined features for the
particles;

a particle weight measurement module which selects a
frame for tracking the target object, from the moving
picture, generates a plurality of candidate particles
from the selected frame, generates multiple histograms
by obtaining measurement values for the at least two or
more predetermined features for each of the candidate
particles, selects a feature having a maximum cost
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among the measurement values for each of features by
using the multiple histograms, and calculates a weight
of the particle by using the measurement value of the
selected feature; and

an object position estimation module which estimates a

position of the target object in the frame by using the
weights of all the candidate particles measured by the
particle weight measurement module.

6. The object tracking system according to claim 5,
wherein, for each of the candidate particles, the particle
weight measurement module:

generates the multiple histograms by obtaining the mea-

surement value for at least two or more predetermined
features;

selects the feature having the maximum cost among the at

least two or more features by applying a Minimax
estimation technique by using the multiple histograms
for the at least two or more features; and

calculates the weight of the particle by using the selected

feature.
7. The object tracking system according to claim 6,
wherein the particle weight measurement module:
obtains a Bhattacharyya Distance (BD) between a histo-
gram of the particle in the reference frame and a
histogram of the candidate particle in a frame to be
traced for each of the at least two or more features, and

selects a feature having a maximum BD value among the
at least two or more features as a feature having a
maximum cost, and

obtains the weight of the particle by using the BD value

of the selected feature.

8. The object tracking system according to claim 7,
wherein the Bhattacharyya distance (BD) for a given feature
n,, is defined as a value obtained by squaring a Bhattacha-
ryya Similarity (BS) coefficient, and wherein the BS coef-
ficient B is obtained by the following mathematical formula,

N, 3
By, (HR . H,,) = [1 =S B i }

b=1

herein, H®,, is a histogram of the feature n,, for a reference
frame, H, ,, is a histogram of the feature n,, for a frame to be
tracked, and for a given feature n,, b is a serial number of a
bin, N, is a total number of bins, h,,,,, is a height of the
histogram for the bin, and h%,,, is the height of the histo-
gram for the bin in the reference frame.
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