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Chapter 01 - Executive Summary

Industrial enterprises are increasingly investing in Artificial Intelligence (Al) and the Internet of Things
(IoT) to drive efficiency, innovation, and competitive advantage. However, a significant challenge
persists: many organizations struggle to move beyond pilot projects and achieve tangible business
outcomes. A McKinsey survey reveals that 7 in 10 companies are stuck in the pilot phase, unable to
scale their Al initiatives effectively. Similarly, a Capgemini study highlights that a lack of a robust data
foundation is a primary bottleneck.

The structural causes of this widespread challenge are multifaceted, but a common thread is the
inability to effectively manage and leverage industrial data. Data remains siloed across Operational
Technology (OT), Information Technology (IT), and engineering systems, hindering the creation of
comprehensive insights. Furthermore, the absence of a unified, contextually rich data platform makes
it difficult to reproduce successful pilot projects at scale, integrate disparate systems cost-effectively,
and ensure that models remain relevant over time.

Industrial Lighthouse leaders, those companies that have successfully scaled Al and 10T, often
achieve 60-80% of their potential cost savings through a well-defined data strategy. This underscores
the critical importance of choosing the right data platform. The Flex83 platform, a unified industrial
data platform, is designed to address these challenges head-on by providing a comprehensive
solution for data ingestion, contextualization, governance, and serving, enabling organizations to
unlock the full potential of their industrial data.

What this paper covers:

The persistent paradox of industrial Al and the common failure modes that prevent scale.

The essential capabilities of an industrial data platform required to overcome these challenges.
The Flex83 reference architecture and its components.

A framework for assessing industrial Al maturity.

Real-world scenarios demonstrating the value of a unified data foundation.

A comparison of pre-built solutions versus build-from-scratch approaches.

A practical blueprint for achieving rapid time-to-value.

Key outcome benchmarks and a buyer's checklist to guide platform selection.



Chapter 02 - The Industrial Al Paradox

The narrative around Industrial Al often presents a dichotomy between the promise of transformative
insights and the reality of limited success. While the potential benefits are widely discussed, the
median outcomes observed across numerous vendors and deployments often fall short of
expectations. 10T Analytics identifies over 450 vendors in the industrial 10T space, yet the market
struggles to demonstrate consistent, scaled success.

More than 70% Stuck in Pilot

This persistent challenge, where more than 70% of industrial Al initiatives remain confined to pilot
projects, is not due to a lack of trying or a shortage of technology. Instead, it stems from fundamental
structural issues in how industrial data is managed and leveraged. We have identified The Seven
Failure Modes that commonly plague industrial Al initiatives:

Figure 1 — Seven recurring failure modes in stalled industrial Al initiatives. Percentages represent the share of stalled projects in which
each failure mode was cited as a primary or secondary contributor. Source: composite of McKinsey, Capgemini, IDC, ABB / Microsoft
2022-2025.

1. Data Siloed Across OTI/ITIEngineering: Data is fragmented across disparate systems like
SCADA, historians, MES, ERP, LIMS, and CMMS, making it impossible to create a holistic view
of operations.

2. No ContextuallAsset-Relationship Model: Without a model that defines how data relates to
physical assets (e.g., a vibration sensor on a specific motor in a production line), the data lacks
meaning and actionable insight. For instance, vibration data alone is useless without knowing
which asset it pertains to and its operational context.



3. Pilots Cannot Be Reproduced/Scaled: Pilot projects are often bespoke, tightly coupled to
specific equipment or temporary configurations, making them impossible to replicate or scale
across different lines, plants, or the enterprise.

4. Integration Cost Dominates TCO: The sheer effort and cost of integrating diverse OT and IT
systems, often constituting over 99.6% of the Total Cost of Ownership (TCO) as seen in some
Eseye case studies, consumes resources that could be better spent on deriving value.

5. Models Drift, No Retraining Loop: Al models are trained on historical data but fail to adapt to
changing operating conditions. Without a continuous retraining loop, model accuracy degrades
rapidly, rendering them useless.

6. Governance and Cybersecurity Gaps: Inadequate data governance, lack of access controls,
and insufficient cybersecurity measures across OT and IT environments create risks and prevent
the secure sharing and utilization of data.

7. Customer Doesn't Own Data/ModelllP: In many vendor solutions, the customer does not retain
ownership of their data, the models derived from it, or the intellectual property, limiting long-term
strategic control and value extraction.

What Changes When Generative Al Enters the Room?

Generative Al, particularly Large Language Models (LLMs), introduces new opportunities but also
exacerbates existing challenges if not underpinned by a robust data foundation. LLMs can
democratize access to insights through natural language interfaces, but their effectiveness is directly
tied to the quality, context, and accessibility of the underlying industrial data. Without a unified,
contextualized data platform, GenAl can hallucinate, provide irrelevant information, or fail to
understand the complexities of industrial operations, leading to potentially dangerous outcomes.



Chapter 03 - What an Industrial Data Platform
Must Do

To overcome the pervasive challenges in industrial Al adoption, a specialized Industrial Data Platform
is essential. It must go beyond generic data lake or cloud analytics solutions by addressing the
unique complexities of industrial environments, from edge devices to enterprise systems. Such a
platform needs to provide a comprehensive set of capabilities that span the entire data lifecycle,
ensuring data is not only collected but also contextualized, governed, and readily available for
consumption.

Figure 2 — The end-to-end industrial data lifecycle. Six steps that, together, turn fragmented sensor signals into closed-loop industrial

decisions. Source: 10T83 Flex83 platform reference, 2026.
Here are the eight critical capabilities an Industrial Data Platform must possess:

1. Ingest Anything: Seamlessly connect to and ingest data from a vast array of industrial sources.
This includes support for over 50 protocols like OPC UA, Modbus, EtherNet/IP, MQTT, S7, and
REST APIs, ensuring no data source is left behind.

2. Normalize/ScorelProvenance: Automatically clean, normalize, and score incoming data.
Establish clear data provenance, tracking the origin and transformations of data to ensure trust
and understand its quality.

3. Build Contextual Asset-Aware Model: Create a rich, asset-centric model that represents the
physical and logical relationships between equipment, processes, and personnel. This often
involves leveraging standards like ISA-95 and building digital twins, enabling data to be
understood in its operational context.



. Persist with Versioning/Reproducibility: Store data and the associated contextual models in a
way that ensures immutability, version control, and complete reproducibility. This is crucial for
auditing, troubleshooting, and retraining Al models.

. Govern Across OTI/ITIEngineering: Implement robust governance policies that span the entire
data landscape. This includes Role-Based Access Control (RBAC), compliance with standards
like ISO 27001 and IEC 62443, and clear data ownership frameworks.

. Run Anywhere Including Edge: Support deployment flexibility, allowing the platform to run
efficiently at the edge with low latency (e.g., 250ms for real-time control) as well as in central
data centers or the cloud.

. Serve Every Consumer from the Same Source: Provide a single, unified source of truth for all
data consumers, whether they are analytical applications, AI/ML models, operational dashboards,
or enterprise systems. This eliminates data silos and inconsistencies.

. Make Customer the Owner: Ensure the customer retains full ownership of their data, models,
and intellectual property, fostering long-term strategic control and value creation.



Chapter 04 - Flex83 Reference Architecture

The Flex83 platform is architected to provide a comprehensive, end-to-end solution for industrial data
management and Al enablement. It is built on a layered approach, ensuring scalability, flexibility, and
robust performance from the edge to the cloud.

Figure 3 — The Flex83 industrial data platform reference architecture. A single fabric covers ingestion, contextualisation, governance

and serving across edge, cloud, on-premise and hybrid deployments. Source: 10T83 Flex83 platform documentation, May 2026.

The Edge Layer:

At the forefront of data collection, the edge layer is equipped with over 50 protocol adapters to
seamlessly ingest data from diverse industrial equipment. It incorporates robust store-and-forward
capabilities to handle intermittent connectivity and supports edge inference for real-time decision-
making and reduced latency.

The Unified Data Fabric:
This is the core of the Flex83 platform, serving as a single, consistent layer for all industrial data. It
comprises several key components:

e Ingest and Normalize: Captures data from the edge and other sources, then automatically
normalizes, scores, and enriches it for immediate use.

e Contextualize and Model: Builds and maintains a rich, asset-aware contextual model, often
adhering to ISA-95 hierarchies and represented as a queryable graph. This layer also includes a
feature library for AI/ML model development.

e Govern and Secure: Enforces comprehensive data governance, including a unified catalog,
robust versioning, clear PII/IP boundaries, auditable trails, and support for air-gapped operational



modes.

e Serve to Applications and Al: Exposes data through various interfaces, including query APIs,
streaming data, feature serving endpoints, and LLM context windows. It also includes action
endpoints to enable closed-loop operations.

The Consumption Layer:

This layer provides access to the processed and contextualized data, offering over 250 pre-built
functions and accelerators for common industrial use cases. Crucially, it ensures customer IP
ownership for any custom applications or models developed on the platform.

Cross-Cutting Capabilities:
Throughout the architecture, capabilities such as security, monitoring, and lifecycle management are
embedded to ensure a robust and maintainable system.



Chapter 05 - Industrial Al Maturity Ladder

Organizations progress through distinct stages of industrial Al maturity, each building upon the
capabilities of the previous one. A well-defined maturity model helps companies assess their current
state and chart a path towards advanced Al-driven operations. The Flex83 platform supports
organizations at every rung of this ladder.

Figure 4 — The industrial Al maturity ladder. Each rung depends on the data foundation below it. Skipping rungs is the single most

common reason that Al pilots stall. Source: 10T83 industrial Al practice, 2026.

The Five Rungs of Industrial Al Maturity:

Rung 1: Visibility: The foundational stage, focused on connecting sensors, implementing basic
dashboards, and monitoring key performance indicators like Overall Equipment Effectiveness
(OEE).

Rung 2: Diagnostic: Moving beyond basic monitoring, this stage involves contextualizing
signals to understand root causes of issues. For example, correlating sensor data with asset
metadata to pinpoint why a machine is underperforming.

Rung 3: Predictive: Advanced analytics are employed to forecast future events, such as
predicting equipment failures (Predictive Maintenance - PdM) or estimating Remaining Useful
Life (RUL).

Rung 4: Prescriptive: This stage involves developing algorithms that not only predict outcomes
but also recommend optimal actions. This can include optimization algorithms or reasoning
agents that suggest the best course of action to achieve specific goals.

Rung 5: Autonomous: The pinnacle of maturity, where Al agents can take automated actions
within defined guardrails to optimize operations, such as adjusting process parameters or



scheduling maintenance without human intervention.

Self-Diagnose Your Organization’s Al Maturity:
To gauge your organization's Al maturity, consider the following questions. Assign points based on the
scoring guide provided.

© OoNOoO Ok wWDdDE

Do you have real-time data from critical assets? (0-5 pts)

Is your asset data contextualized (e.qg., linked to equipment hierarchy)? (0-10 pts)
Can you perform root cause analysis of failures? (0-15 pts)

Are you actively forecasting equipment failures? (0-20 pts)

Do you use Al to recommend operational changes? (0-25 pts)

Can Al agents take automated actions with defined safety limits? (0-30 pts)

Do you have a unified data platform spanning OT and IT? (0-15 pts)

Is data quality and lineage managed systematically? (0-10 pts)

Do you have a clear data governance framework? (0-10 pts)

10 Can you easily integrate new data sources? (0-5 pts)
11. Are your Al models retrained automatically? (0-10 pts)
12. Is your data platform secure and compliant? (0-10 pts)

Scoring Guide:

0-50 Points: Foundational - Focus on basic data collection and visibility.

e 51-100 Points: Developing - Implementing diagnostic and early predictive capabilities.
e 101-150 Points: Advanced - Strong predictive and prescriptive capabilities with a growing data

foundation.
151-200 Points: Leading - Pursuing autonomous operations with a mature Al and data platform.



Chapter 06 - Real-world Scenarios

A unified industrial data platform like Flex83 is not a single-purpose tool; it's an enabler of diverse
strategic initiatives. The ability to ingest, contextualize, and serve data consistently unlocks significant
value across multiple operational and business dimensions. Here we explore four key scenarios
where a robust data foundation is paramount.

6.1 New Revenue Models

Figure 5.1 — How a unified industrial data platform converts operational signals into four recurring revenue models. Source: 10T83

customer outcomes, 2026.

The platform is critical for enabling innovative revenue streams beyond traditional product sales. By
providing deep insights into asset performance and operational outcomes, companies can shift
towards service-centric models.

e Why Platform Matters: A unified data platform provides the granular, real-time data necessary
to monitor asset health, performance, and utilization, forming the basis for value-based contracts.
e Four Revenue Models Enabled:
o Equipment-as-Service (EaaS): Shifting from selling equipment to selling uptime or
performance guarantees.
o Outcome-Based Contracts: Billing based on achieved production targets, yield, or efficiency
rather than equipment sales.
o Data Products/Benchmarking: Offering aggregated, anonymized data insights or
benchmarking services to industry peers.



o RemotelAdvisory Services: Leveraging real-time data to provide proactive maintenance or
operational consulting.
e Stakeholders: Sales, Business Development, Product Management, Executive Leadership.
o Reference Signal: A manufacturer offering predictive maintenance as a service for its industrial
machinery, ensuring 99% uptime for its customers and creating a recurring revenue stream.

6.2 Operational Efficiency

Figure 5.2 — Mid-quartile efficiency gains observed when operators, planners and engineers read from one contextualised data

platform. Source: 10T83 customer outcomes; Deloitte Smart Factory; Bain Industry 4.0; WEF Lighthouse Network, 2022—-2025.

Driving operational efficiency is a core objective for industrial enterprises. A unified data platform

provides the visibility and analytical power to identify and capture significant improvements across
key performance indicators.

e Why Platform Matters: By breaking down data silos and providing contextualized insights, the
platform enables a holistic view of operations, identifying bottlenecks and areas for optimization.
e Where Value Lands:
o OEE: Uplift from 62-68% to 78-86% through root cause analysis and process optimization.
o First-Pass Yield: Improvement from 84-88% to 93-97% by identifying and mitigating quality
issues early.
o Unplanned Downtime: Reduction of 25-50% through effective predictive maintenance and
proactive interventions.
o Cycle Time/Energy/Changeover: Reductions of 8-35% through optimized scheduling and
process control.
e Stakeholders: Plant Managers, Operations Leaders, Process Engineers, Maintenance Teams.
e Reference Signal: A chemical plant reduced energy consumption per ton of product by 15% by
optimizing reactor conditions based on real-time sensor data and predictive models.



6.3 Unified Visibility

Figure 5.3 — Eight sources of truth normalised, contextualised and governed into one platform fabric; five persona dashboards read

from the same semantic layer. Source: 10T83 reference deployment patterns, 2026.

Lack of unified visibility across different departments and roles is a common impediment. A single
source of truth, powered by an industrial data platform, provides tailored views for all stakeholders.

e Why Platform Matters: The platform aggregates data from all relevant sources (OT, IT,
engineering) and structures it contextually, allowing for role-specific dashboards and reports that
drive informed decision-making.

e Five Persona Views:

o Executive: High-level KPIs, strategic overview, ROI tracking.

o Plant Manager: OEE, production targets, resource allocation, overall plant health.

o Maintenance Lead: Asset health, upcoming failures, work order management, MTTR.
o Operator: Real-time process parameters, alerts, operational guidance.

Quality/EHS: Product quality metrics, compliance data, safety incident tracking.

e Stakeholders: All levels of the organization, from frontline operators to C-suite executives.

o Reference Signal: A global food processing company achieved enterprise-wide visibility into its
production lines, enabling faster response to quality deviations and improved compliance
reporting.

o

6.4 Predictive Maintenance (PdM)



Figure 5.4 — Predictive maintenance traced end-to-end on Flex83: a single industrial data platform binds field signals to a work order,

captures the outcome, and learns from it. Source: I0T83 reference deployment patterns, 2026.

Predictive maintenance is one of the most mature and impactful applications of industrial Al. A strong
data foundation is the bedrock upon which effective PdM programs are built.

e Why Platform Matters: Accurate PdM requires rich, contextualized sensor data, historical
maintenance records, and operational context. The platform provides all these elements in a
unified manner.

e What Changes When the Loop Closes:

O

O

Downtime: Reduced by 25-50% through proactive intervention.

Maintenance Cost: Decreased by 12-25% by shifting from reactive to condition-based
maintenance.

Asset Utilization: Improved by optimizing maintenance schedules and reducing unexpected
failures.

MTTR (Mean Time To Repair): Shortened by providing maintenance teams with precise
diagnostics and recommended actions.

Compounding Precision: As more data is collected and models are refined, the precision of
predictions increases, leading to further savings.

e Stakeholders: Maintenance Managers, Reliability Engineers, Operations Leaders.

e Reference Signal: A heavy industry manufacturer reduced unplanned downtime by 40% and
saved $1.5M annually by implementing a predictive maintenance program on critical rotating
equipment.



Chapter 07 - Pre-built vs Build-from-Scratch

When considering solutions for industrial data management and Al, organizations face a fundamental
choice: leverage pre-built components and accelerators, or attempt to build a custom solution from
scratch. Both approaches have their merits and drawbacks, and the optimal choice often depends on
an organization's specific needs, resources, and strategic priorities.

The two-layer rule suggests that true value creation lies in the unique combination of data and logic
that an organization develops. The platform's role is to provide a robust foundation for this unique
layer, enabling speed and agility without compromising ownership or customization.

How Flex83 Draws the Line:

The Flex83 platform embraces a hybrid approach. It provides a comprehensive set of 250+ pre-built
functions and accelerators that cover common industrial use cases, data transformations, and Al
algorithms. This significantly accelerates time-to-value by addressing 80% of typical requirements
out-of-the-box. However, it stops short of dictating the final 20% — the unique business logic,
proprietary models, and customer-specific applications that drive competitive differentiation. Flex83
ensures that customers retain full ownership of their unique IP.

Figure 6 — How four industrial-data-platform archetypes compare across six capability dimensions. Scoring is illustrative, derived from

public product documentation and analyst coverage. Source: 10T83 analysis, 2025.



Why Archetype Matters:
Understanding the archetype of the solution you are evaluating is crucial:

e Generic DatalAl Platforms: Offer broad capabilities but lack industrial-specific context, requiring
extensive customization for OT data.

e Hyperscaler IoT Suites: Provide a wide range of services but can lead to vendor lock-in and
may not address deep industrial operational requirements effectively.

e Industrial DataOps Platforms: Focus on data pipelines and governance for industrial data, but
may not offer comprehensive Al/ML development or deployment capabilities.

e Full-Stack AloT Platforms (like Flex83): Combine industrial data management, edge
capabilities, pre-built functions, and Al/ML deployment in a cohesive, customer-centric
architecture.

Reading the Radar Chart:

The radar chart visually compares different solution archetypes across key dimensions such as
Industrial Protocol Support, Asset Modeling, Edge Capabilities, AI/ML Deployment, Data Governance,
and Customer IP Ownership. A full-stack AloT platform typically scores highly across all these
dimensions, offering a balanced approach that accelerates deployment while preserving customer
ownership and differentiation.



Chapter 08 - 90-Day Fast-Start Blueprint

Achieving rapid value from an industrial data platform requires a focused, phased approach. The
Flex83 90-Day Fast-Start Blueprint provides a clear roadmap to deploy a foundational solution,
demonstrate early wins, and establish a path for broader adoption and value realization. This
blueprint emphasizes iterative progress and measurable outcomes.

Days 0-15: Discovery and Instrumentation

e Asset Selection: Identify 1-3 critical assets or production lines for initial focus.

e Source Mapping: Document data sources (sensors, PLCs, historians) relevant to selected
assets.

e Edge Deployment: Install and configure Flex83 edge runtime on selected assets or gateway
devices.

e Asset Model Foundation: Begin building the contextual asset model for the selected scope.

Days 16-45: First Model and First App

e First Model Deployment: Develop and deploy an initial AI/ML model (e.g., for anomaly detection
or basic PdM) using the Flex83 platform.

e Operator App: Build a simple, role-based application to visualize model outputs and provide
actionable insights to operators or maintenance staff.

e Governance Baseline: Establish initial data governance policies and access controls for the
pilot scope.

Days 46-75: Execution and Learning

e First Closed Loops: Implement initial closed-loop actions based on model insights, such as
automated alerts or recommendations.

e Executive Dashboard: Develop a dashboard to showcase early results, including key
performance indicators and value captured.

e Outcome Capture: Quantify the initial business outcomes achieved during the pilot phase.

Days 76-90: Readout and Roadmap

e Quarterly Readout: Present pilot findings, demonstrated value, and lessons learned to
stakeholders.

e Roadmap Commitment: Define the roadmap for scaling the solution across more assets,
plants, or use cases.

e Customer Team Upskilling: Conduct training sessions to empower the customer's team to
manage and expand the platform independently.



Chapter 09 - Outcomes

The adoption of a unified industrial data platform is not merely a technological upgrade; it is a
strategic investment designed to deliver tangible and significant business outcomes. By providing a
robust foundation for data management and Al, organizations can achieve transformative
improvements across critical operational and financial metrics.

Figure 7 — Outcome benchmarks across industrial Al deployments. Dark navy bar = upper end of observed range; teal bar =

conservative case used in business cases. Sources composite, 2022-2025.
Key Outcome Benchmarks:

e Unplanned Downtime: Reductions typically range from 25-50%. World Economic Forum (WEF)
Lighthouse factories often report significant gains in asset uptime due to advanced predictive
maintenance and proactive issue resolution.

e Maintenance Cost: Expect reductions of 12-25%. By shifting from reactive to condition-based
and predictive maintenance, organizations optimize resource allocation, reduce spare parts
inventory, and minimize costly emergency repairs.

e Throughput: Uplift of 10-30% is achievable. Optimizing production schedules, reducing
bottlenecks, and minimizing downtime directly translates to higher output and better utilization of
assets.

e Quality and Scrap: Reductions of 15-35% can be realized. Leveraging Vision-Al and real-time
process monitoring helps identify and correct quality deviations early, minimizing scrap and
rework.

e Energy Intensity: Reductions of 8-18% in energy consumption per unit produced are common.
By optimizing process parameters and identifying energy waste, significant cost savings and



sustainability improvements can be achieved.

e Time-to-First-Outcome: The journey from initial implementation to realizing measurable
business value is dramatically shortened. While traditional projects can take 12-18 months, a
well-implemented platform can achieve first outcomes in 30-90 days, demonstrating the power of
pre-built accelerators and a focused blueprint.



Chapter 10 - Buyer's Checklist

Selecting the right industrial data platform is a critical decision that will impact your organization's
ability to leverage Al and unlock operational efficiencies for years to come. Use this checkilist to
thoroughly evaluate potential solutions and ensure they meet your strategic requirements.

Category: Capability

1. Protocol Support: Does the platform support all essential industrial protocols (e.g., OPC UA,
Modbus, EtherNet/IP, MQTT, S7, REST) and allow for custom adapters? (Q1)

2. Asset Model: Can it build and maintain a rich, contextual asset-aware model (e.g., ISA-95
compliant, digital twin)? (Q2)

3. Edge Performance: Does it offer low-latency edge processing (e.g., <250ms) for real-time
applications and inference? (Q3)

4. Accelerators & Functions: Are there pre-built functions and accelerators for common industrial
use cases (e.g., OEE, PdM, quality analysis)? (Q4)

5. Data Handling: How does the platform handle data quality, normalization, scoring, and
provenance? (Q5)

Category: Governance and Security

1. Certifications: Does the platform adhere to relevant industry security standards (e.g., ISO
27001, IEC 62443)? (Q6)

2. ldentity & Access: Does it provide robust Role-Based Access Control (RBAC) and identity
management across OT and IT? (Q7)

3. Lineage & Audit: Does it offer comprehensive data lineage tracking and auditable trails for
compliance? (Q8)

4. PIIIP Protection: Are there mechanisms to identify and protect sensitive data (PIl) and customer
intellectual property (IP)? (Q9)

Category: Deployment and Operations

1. Deployment Options: Does it support flexible deployment (on-premises, cloud, hybrid, edge,
air-gapped)? (Q10)

2. Observability: Is there built-in monitoring and health management for the platform and
connected assets? (Q11)

3. Upgrades & Maintenance: How are platform upgrades and maintenance handled with minimal
disruption? (Q12)

Category: Commercial and Ownership

1. Unit Economics: Is the pricing model transparent, scalable, and aligned with business value?
(Q13)

2. Data Ownership: Does the customer retain full ownership of their data? (Q14)

Export Path: Is there a clear and easy path to export data and models if needed? (Q15)

4. References: Can the vendor provide credible customer references in your industry? (Q16)

w



Category: Al and Roadmap

1. LLM Serving: Does the platform support serving industrial data as context for Large Language

Models (LLMs)? (Q17)
2. Autonomous Agents: Does it provide capabilities or a roadmap for developing and deploying

autonomous operational agents? (Q18)



Chapter 11 - Conclusion

In the rapidly evolving landscape of industrial operations, the pursuit of efficiency, innovation, and
competitive advantage hinges on the strategic mastery of data. Many organizations find themselves
at an inflection point, recognizing that siloed data, complex integrations, and a lack of contextual
understanding are insurmountable barriers to unlocking the true potential of Al and advanced
analytics.

The decision to invest in an industrial data platform is not merely about acquiring technology; it's
about making an asymmetric bet on the future. It is a bet that data, when properly managed,
contextualized, and governed, will become the most valuable asset an industrial enterprise
possesses. This data foundation is the prerequisite for everything from sophisticated predictive
maintenance and generative Al applications to fully autonomous operations.

The Flex83 platform proposition is built on this principle. We provide a unified, secure, and scalable
foundation designed specifically for the complexities of the industrial world. By offering a
comprehensive set of capabilities—from edge data ingestion to advanced Al deployment—we
empower our customers to break down silos, accelerate innovation, and maintain full ownership of
their data and intellectual property.

As you embark on your journey towards digital transformation, remember the foundational truth:
Build the data foundation first.

It is the bedrock upon which all future intelligence, automation, and operational excellence will be
built.



About 10T83

10T83 is a leading provider of industrial data platform and AloT solutions, empowering enterprises to
harness the full potential of their data for Al-driven innovation and operational excellence. Our
flagship product, Flex83, is a unified industrial data platform designed to ingest, contextualize,
govern, and serve data from the edge to the cloud. We are committed to helping our clients achieve
significant business outcomes, from enhanced operational efficiency and new revenue models to
advanced predictive maintenance and autonomous operations. With deep expertise in industrial 10T,
Al, and data engineering, 10T83 is your trusted partner in navigating the complexities of the digital
industrial revolution.



Appendix A - Glossary

e AloT (Artificial Intelligence of Things): The integration of artificial intelligence with the Internet
of Things, enabling devices to not only collect data but also to analyze and act upon it
intelligently.

e Asset Model: A structured representation of physical assets, their relationships, hierarchies, and
relevant metadata, providing context to operational data.

e CMMS (Computerized Maintenance Management System): Software used for managing
maintenance activities, work orders, and asset history.

e Closed-loop: An operational system where data insights from analysis are automatically fed
back to control systems or decision-making processes to optimize operations.

e Edge Runtime: Software deployed on edge devices or gateways that enables local data
processing, analysis, and action without constant cloud connectivity.

e Feature Store: A centralized repository for curated and versioned features (derived data
attributes) used for training and deploying Al/ML models.

e ISA-95: An international standard that defines the enterprise-control system integration, providing
a common framework for modeling manufacturing operations.

e Lakehouse: A modern data architecture that combines the benefits of data lakes (scalability,
flexibility) and data warehouses (structure, performance).

e Lineage: The tracking of data from its origin through all transformations and movements,
providing transparency and auditability.

e OEE (Overall Equipment Effectiveness): A key performance indicator that measures
manufacturing productivity, combining availability, performance, and quality.

e Predictive Maintenance (PdM): A maintenance strategy that uses data analytics and machine
learning to predict when equipment failure is likely to occur, allowing for proactive maintenance.

e Remaining Useful Life (RUL): An estimate of the time left before a piece of equipment or
component is expected to fail.

e Solution Accelerator: Pre-built components, templates, or applications that speed up the
development and deployment of specific industrial use cases.

e Unified Industrial Data Platform: A comprehensive platform that integrates data from diverse
OT and IT sources, contextualizes it around assets, and provides a single source of truth for
analytics, Al, and operational applications.
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