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Closing the Execution Gap
Why most go-to-market AI stalls on unready data — and what changes when AI
executes the revenue motion instead of just analyzing it

Most revenue-AI projects fail for a boring reason: the data underneath isn't ready, and the AI is asked to
analyze work rather than do it. This paper covers the two structural problems — fragmented go-to-market
data and the execution gap — and one architecture that addresses both: a knowledge graph over a
company's own data, worked by AI agents under human approval. It includes a deployment that produced
$10M+ in pipeline in six months for a data privacy software company, and a checklist for evaluating any
vendor in this space, including us.

1. The execution gap
The modern sales stack records work; it doesn't do it. Reps stitch together up to eight tools per deal, and
the connective work between tools falls on them. The result: most of a rep's week is spent on everything
except selling.

Where a rep's week actually goes

60–70%  non-selling work
research · outreach · CRM entry · call prep · chasing threads

Selling
revenue conversations

Run on: CRM Enrichment Sequencer Conv. intel Notetaker Dialer = $400–700 / user / mo

Executives solved their version of this with an assistant. Reps never got one — the economics didn't work.
AI changes the economics. The real question is what infrastructure AI needs before it can reliably run that
work.

2. Why go-to-market AI stalls
Before any model limitation, AI projects hit the same wall: what a company knows about its market is
scattered across CRM, chat, email, meetings, spreadsheets, and data vendors — and the ideal-customer
definition lives in someone's head.

7% 60% 10+ hrs

of enterprises say their data is fully
AI-ready (Cloudera / HBR, 2026)

of AI projects projected to be
abandoned through 2026 for lack of

AI-ready data (Gartner)
lost per GTM rep, per week, to bad data

(Salesforce)

An agent working a lead needs context: whose account, which deal, what's already been said, what a good
customer looks like. Fragmented context forces a choice between scanning everything (slow, costly,
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error-prone) and generic output — the thing that soured teams on “AI for sales.” Unready data quietly caps
AI results.

3. The architectural answer: a knowledge graph
Treat data readiness as the first deliverable, not a side effect. Build a knowledge graph over the company's
own GTM data — one structured map of accounts, contacts, deals, conversations, and signals, and how
they relate.

Today: fragmented

CRM

Email

Slack / Teams

Meetings

Spreadsheets Data vendors

resolve &

connect

Ready: knowledge graph

Account
Contact

Deal
Conversation

Signal

The build is a disciplined, re-runnable pipeline: profile the estate (the audit is a deliverable in itself), clean
and dedupe, resolve entities into canonical records, then structure and document for AI — with an
open-format export.

Agents that walk a clean graph pull less data, cost less to run, and are right more often. And
the graph compounds — which is why our enterprise customers keep it permanently,
whether or not they stay.

4. Execution, with humans in control
Ready data makes AI accurate; execution makes it valuable. An execution layer works continuously and
surfaces finished work for a person to approve:

Agents work
research · outreach · prep

follow-up · CRM sync

Card surfaced
finished work,

ready to review

Human decides
one tap: approve,

edit, or discard

Logged
every action visible

& reversible

Simple actions just happen. Complex ones wait for approval. Nothing is invisible.

Speed to lead: the clearest test case

Every revenue leader knows the number; almost nobody hits it — because the chain between “visitor
shows intent” and “relevant first touch” is a series of small manual steps. Our AI Inbound Engine runs that
chain automatically, from the assigned rep's own accounts. It attaches to over 90% of our team
deployments.
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Intent signal → first touch
Manual handoffs

Identify Research Qualify Route Draft Send DAYS

AI Inbound Engine

identify · enrich · qualify vs. ICP · route · personalized email + LinkedIn first touch — automatic < 3 HRS

Reply within 5 minutes → ~21x more likely to qualify the lead than after 30 minutes (lead-response research)

The design principle: humans make the judgment calls — never the copy-paste. Qualification logic,
routing, and messaging guidelines are set once, in plain language; the engine applies them to every lead,
at any hour.

5. What it looks like in practice
Rep adoption — not technology — is why most revenue-AI deployments fail. So the system is built around
the two chairs that decide whether it survives:

From the rep's chair

– A team of AI assistants, one per workflow — not
one chatbot doing everything.

– Morning brief: overnight research, new leads,
stalled deals, actions queued for approval.

– Stage-aware prep brief 30 minutes before every
call; notes, follow-up, and CRM update drafted after
it.

– Works in the surfaces reps already use — email,
Slack, mobile, voice. No new tab to live in.

– In the field: scan a badge or handwritten name →
research, contact info, drafted follow-up.

– Rules written once, in plain English — the
assistants follow your playbook, not a template.

From the leader's chair

– Pipeline that mirrors reality because it's captured
automatically, not typed in on Friday.

– Rep scorecards and activity views on real
behavior.

– One shared, team-managed ICP that every
assistant qualifies against.

– Sequence-approval workflow gates what goes out
under the company's name.

– Every automated action visible, reviewable,
reversible — the audit trail security asks for on day
one.

UI/UX built to the team, not the other way around

In enterprise deployments the interface is part of the build. The workspace is configured — and where
genuinely needed, custom screens are built — around how the team actually works: its pipeline stages,
routing rules, approval chains, vocabulary. Deep configuration is the default (it keeps deployments fast and
maintainable); custom UI is reserved for what's truly unique. The test: the product should look like it was
built for that team, because functionally it was.

6. Case study: $10M+ in pipeline in six months
A data privacy software company — established B2B vendor, working demand-gen function, major-vendor
CRM, existing email and LinkedIn sequencing tools — had high-intent website and review-site traffic going
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unworked, prospect lists full of look-alike noise, and first touches that took days.

The deployment ran on Zig.ai infrastructure with the AI Inbound Engine and speed to lead as anchors.
Nothing was ripped out: Zig orchestrated on top of the existing CRM and sending stack — identifying and
enriching intent signals, scoring against a team-managed ICP, routing, and launching first-touch
sequences automatically, with sequence approvals and manager dashboards over the automation.

$10M+ <3 hrs 0
sales pipeline generated in six months

on Zig.ai infrastructure
from intent signal to personalized first

touch — vs. days, manually
tools replaced — existing CRM and
sending stack kept and orchestrated

What generalizes: the highest-ROI AI was removing latency from work the team already knew to do; lead
speed and lead quality compound; and adoption followed control — automation was accepted because
every sequence was approvable and every action visible.

7. What an enterprise engagement looks like
This class of work is an embedded build, not a SaaS subscription. It opens with a consultative diagnosis
with GTM leaders; the forward-deployed engineer who scoped the problem then embeds with the team,
builds the workflows and the graph, and stays through a paid proof-of-value on real data and real usage.
Customer dependencies are tracked in writing, and timelines move week-for-week when they slip.

The 90-day proof-of-value

WEEKS 1–4  ·  Foundation
connect systems · data audit delivered

WEEKS 5–8  ·  Build & tune
graph v1 · first usable result ~wk 6

WEEKS 9–12  ·  Prove
full volume · benchmark metrics

Day 75 · usage true-up

Day 90 · decide on evidence
Walk away at day 90 → keep the data asset.
Nothing further owed.

Across deployments, the measured pattern: 60+ hours returned per rep per month, ~95% CRM accuracy
with zero manual entry, ~30% faster first-touch-to-close, and revenue impact measured in multiples. The
mechanism is unglamorous — latency removed, context centralized, follow-through automatic — which is
exactly why it holds up.

8. Questions to ask any revenue-AI vendor
Whether or not you ever talk to us, these separate execution infrastructure from demo-ware:

• What happens to my data first? No profiling, dedup, and entity resolution means the AI runs on the
same fragmentation your team does.

• Who approves what? Which actions are autonomous, which need approval, and is everything logged
and reversible?

• Will my team actually use it? If it's another tab rather than the surfaces reps already work in, adoption
is the risk.

• Is value proven on my data or a demo? Insist on measured results from your own systems before
long-term commitment.
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• What do I keep if I leave? A structured, exportable data asset should survive the vendor relationship.

• How is speed to lead measured? Minutes and hours, on your traffic — not a feature checkbox.

About Zig.ai

Zig.ai is the AI engine that keeps an entire sales motion moving — research, outreach, meetings,
follow-up, CRM sync, and pipeline — executed by AI assistants under rep approval, on desktop, mobile,
and voice. Zig connects to the tools teams already use and prices work done, not seats. The Zig.ai team is
at Ai4 2026 — stop by to see the AI Inbound Engine and a knowledge-graph build live, on real data. Learn
more at zig.ai.

Sources: Cloudera/Harvard Business Review (2026) and Gartner on enterprise AI data readiness; Salesforce research on GTM data
quality and application integration; widely cited inbound lead-response research on 5-minute response windows; Zig.ai deployment
measurements, 2025–2026. Customer case details anonymized at the customer's preference.


