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Executive Overview

Most businesses have more processes they want to automate than they ever successfully
do. Traditional automation tools, whether rule-based document processors or first-
generation RPA platforms, are built on the assumption that the world is consistent and
predictable. In practice it is neither, and the gap between the processes organisations intend
to automate and those they actually reach is where significant business cost quietly
accumulates.

The emergence of large language models (LMMs) and LLM-based agentic automation has
raised legitimate hopes that this variability problem might finally be solved. A general agent
that can read any interface, interpret any document, and reason its way through an
unfamiliar process does address the brittleness that undermined earlier approaches. In
practice, however, LLM-based agents introduce a different set of constraints that limit their
suitability for enterprise deployment at scale. Their outputs are non-deterministic, meaning
the same process may produce different results on different runs. Their internal reasoning is
opaque, making audit, compliance, and process governance extremely difficult to satisfy.
And their cost model is unpredictable, because token consumption varies with
environmental complexity in ways that are hard to forecast or budget for reliably. For
organisations in regulated industries, or those that need to run automation across thousands
of process executions daily, these are not minor friction points but structural barriers.

Syncura's Cognitive Al platform is designed to close that gap. Rather than encoding process
logic as brittle rules that fail when conditions change, Syncura compiles expertise from
observation, combining multiple cognitive techniques to interpret documents, navigate user
interfaces, and reason over unfamiliar inputs the way a skilled human operator would. When
the environment changes, whether a document arrives in an unexpected format, a system
interface is updated, or a process encounters a condition it has not seen before, Syncura
adapts in real time without retraining, without rule maintenance, and without human
intervention to get back on track.

This capability has direct commercial consequences. Syncura automates complex, high-
judgment workflows across loan underwriting, insurance claims processing, contract
analysis, and global supply chain operations, processes that have historically resisted
automation precisely because of their variability and ambiguity. It processes irregular and
non-standard documents without prior configuration, continuously strengthens its own
resilience through experience, and maintains a fully auditable record of every decision and
action it takes. For the enterprise, this translates into adaptability at scale, transparent and
governable automation, and a genuine ability to reach the long tail of complex processes
where the majority of operational cost lives and where previous generations of automation
technology ran out of road.
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Introduction

Organizations today are grappling with rising complexity. Deglobalization and shifting tariff
regimes are reshaping supply chains. Regulatory frameworks are becoming more
demanding. Customer expectations are higher than ever. Meanwhile, demographic shifts in
many developed countries point to looming labor and capital shortages. To remain
competitive, companies must boost productivity and automate as much as possible. This is
where Syncura comes in.

This paper examines the limitations of legacy document processing and process automation
tools, explores both the promise and the pitfalls of large language and action models, and
explains how Syncura’s Cognitive Al enables businesses to understand documents and
automate processes previously considered too variable or too niche for automation.

Syncura enters the market at a moment when urgent business needs intersect with
accelerating digitalization and rapid advances in artificial intelligence (Al). The stage is set
for companies to achieve significant gains in productivity and agility through process
automation.

The potential is substantial. McKinsey Global Institute estimates that automation could raise
global productivity growth by 0.8% to 1.4% annually. Research from Gartner and Forrester
indicates that businesses adopting Al-driven automation are already reducing costs by 30%
to 50% and increasing process speed by 60% to 80%.

Still, several obstacles remain. Vast amounts of business value are locked in unstructured
data. Meanwhile, the proliferation of software services and the rapid pace of technological
and market change make processes increasingly variable. These challenges place a heavy
burden on internal operations, particularly in document-heavy workflows.

Most of today's solutions cannot keep up with shifting, nuanced, and visually diverse
processes. As a result, 70% to 80% of processes that could in theory be automated remain
beyond the reach of traditional approaches. The root cause lies in the fragility of legacy
systems, which falter in the face of ambiguity, variation, or change.

A fundamentally new approach is required, one that prioritizes perception and pattern
recognition over rote execution. Just as humans rely on visual processing in the brain to
absorb and interpret information before making decisions, the next generation of document
processing must combine visual perception with natural language understanding, structural
analysis, and contextual awareness. Like people, these systems must adapt by blending
perception with experiential patterns and reasoning abilities.
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This is the foundation of Cognitive Al:

Zero-shot visual processing uses visual Al and other complimentary cognitive strategies to
recognize, interpret, and contextualize complex visual information in documents and on
computer screens.

Contextual understanding uses vision language models and other techniques to derives
intent from context, develops and understanding of entity relationships and improves
decision-making.

Observational state and world model building allows for very fast development of robust
automations.

Process and expertise compilation allows for fast, efficient and low-cost process run-time.

General agent exception handling can be invoked in the rare situation where something truly
novel has happened to ensure the process continues. New experiences augment the world
model.

Together, these components form the automation architecture that powers Syncura’s two
core products:

e Syncura Cognitive Document Processor (CDP)
e Syncura Cognitive Process Automation (CPA)
Syncura overcomes three persistent challenges in enterprise automation:
1. the need for extensive model training,
2. the brittleness of rigid rule coding,
3. and the heavy burden of continuous exception maintenance.

Unlike traditional systems, Syncura's perception-first visual Al approach does not rely on
predefined templates or tens of thousands of training documents. It adapts on the fly,
delivers immediate value, and scales quickly. By learning from experience, it improves
continuously.

Adaptability is the key differentiator. With Syncura, organizations can extend automation into
domains that were previously inaccessible.
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The Legacy Plateau

For the past twenty-five years, improvements in process efficiency have largely been driven
by advances in document processing and workflow automation. Organisations have
consistently pursued the same objectives: accelerate document handling, improve
accuracy, and reduce operating cost. Each successive generation of technology has
promised to deliver these outcomes at scale, and each has delivered meaningful but
incomplete progress.

Document processing entered its automated era with the combination of optical character
recognition and natural language processing, an important advance over fully manual
handling. OCR, however, was imprecise and limited to recognition rather than
comprehension. To close that gap, many organisations adopted Intelligent Document
Processing tools powered by machine learning. IDP delivered measurable gains but
introduced two structural problems. First, training is costly and time consuming: semi-
structured documents typically require up to 2,000 labelled samples to train effectively, and
unstructured formats can demand 10,000 or more. Second, the training itself narrows the
system's range. Models tuned to a specific document type or layout perform well within
those boundaries and degrade quickly outside them.

Headline accuracy figures from IDP vendors, often quoted at 95 percent or higher, obscure
this limitation. Accuracy is typically measured only on documents that successfully pass
through straight through processing, which in practice may represent as little as 25 percent
of total volume. The remaining 75 percent fall back to manual handling. The useful accuracy,
measured across the full population of documents that actually need to be processed, is
therefore considerably lower than the marketed figure suggests. Given the central role
documents play in enterprise workflows, this gap between reported and effective accuracy
translates directly into higher costs, slower throughput, and inconsistent business
outcomes.

The technologies underpinning broader process automation have followed a parallel
trajectory. For the past two decades, Robotic Process Automation and its successors have
served as the backbone of enterprise automation, designed to replicate human interactions
with software interfaces by clicking buttons, populating fields, and scraping data from
screens. Because RPA is fundamentally rule-based, it breaks whenever it encounters
something it was not explicitly programmed to handle. Over time this brittleness has become
its defining limitation, manifesting as missed deadlines, delayed deliveries, rising
maintenance overhead, and declining customer satisfaction. The result is that RPA's
practical utility has been confined to relatively simple, highly stable, and repeatable tasks, a
small subset of the processes organisations actually need to automate.

Syncura



The mid-2010s wave of machine learning advances prompted many organisations to
combine Al with RPA, producing Intelligent Process Automation. IPA promised seamless
orchestration across data and systems, with frictionless processes and minimal human
oversight. In practice it has fallen short. Both IPA and RPA perform best in static, controlled
environments and lack the perceptual and contextual intelligence required to operate
reliably in the dynamic, high-variance ecosystems that now define most industries.

To compensate, legacy platforms layer on exception-handling logic, fallback workflows, and
human review steps, each addition adding further complexity, cost, and latency.

The end state is an automation stack that resembles a Rube Goldberg
machine: fragile, inefficient, and over-engineered to complete even
straightforward tasks.

Engineers spend more time patching brittle automations than building new ones, and outside
the highest-volume repetitive processes, many business leaders have grown openly
sceptical of the return on investment that RPA and IPA were originally promised to deliver.
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Cognitive Al: a vision centric strategy
to understand context and intent.

Syncura's ability to decode meaning and intent embedded in highly variable documents
such as invoices, contracts, and financial statements, as well as in application interfaces like
insurance claims systems, loan approval portals, and virtual desktop environments, give it
great flexibility to adapt and persist in the face of change and variability.

Like humans, Syncura has a very strong visual capability. It groups raw data into composite
objects, allowing it to organize, interpret, and contextualize information. It uses both multi
pass intelligent OCR and vision language model analysis. The result is a deeper
understanding of context and the relationship between data entities. A greater recognition of
nuance, and the ability to flag anomalies that could create risks or costs later in the process.

Syncura’s approach is not an incremental step forward; it is a fundamental shift in how
automation systems perceive and engage with the world.

Consider a multiparty legal contract. Clauses may be scattered across sections, footnotes
may introduce exceptions, signatures may be out of sequence, and handwritten notes may
appear in the margins. Traditional OCR or NLP systems might extract the words but lose the
meaning, context, and relationships between identifiers and their associated values. A
template-based intelligent document processing tool might capture a handful of known
fields but miss subtle dependencies. A machine learning based tool might recognize
patterns after extensive training but only for the narrow document type it was trained on.

Syncura’s visual Al and vision-language approach, by contrast, understands hierarchical
layout, identifies section boundaries, correlates references, and interprets data in context. If
one clause modifies another, it records the dependency. If dates conflict, it highlights the
inconsistency and normalized to a standard syntax if requested to do so. It builds a cognitive
map of the document or interface, not just a flat list of extracted text.

This sophistication is enabled by a coordinated stack of complementary technologies:

Large vision models detect structural features such as table rows, columns, headers, and
embedded components.

Deep learning OCR engines extract characters from noisy or distorted inputs, including
handwriting and multilingual text.

Vision-language models unify semantic and spatial signals, interpreting content in the
context of its layout.
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Semantic parsers translate narrative text into structured meaning, capturing both content
and intent.

Domain-aware validators cross-check data against business rules, ontologies, and real-
world expectations.

Multi-agent collaboration allows different models to compare, debate, and refine results for
greater accuracy.

Reinforcement learning loops capture feedback from human reviewers to iteratively tune
system performance.

Together, these capabilities form a resilient perception engine that adapts as it learns. Unlike
systems that must be retrained every time a format changes, Syncura’s cognitive Al
generalizes from first principles. It identifies not just predefined fields but meaning in
context. Just as people do not need to read thousands of documents before understanding
how to interpret them, Syncura can process documents “zero-shot,” sight-unseen, without
any prior training.

By the time a document leaves Syncura’s visual Al layer, it is no longer raw input. It has been
transformed into a structured, semantically coherent object ready for downstream
prediction, reasoning, analytics, and decision-making. This unlocks automation for use
cases that were previously out of reach, including physician notes and medical records,
customs declarations and shipping manifests, vendor invoices, and other irregular,
inconsistent, or ambiguous formats.

Cognitive Al gives Syncura CPA the ability to understand before it acts.

This crucial distinction redefines what process automation can achieve in the Al era. Without
first perceiving and understanding an input, whether a document, a form, or an application
screen; no reasoning engine, however advanced, can consistently deliver reliable results.
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The promise and limitations of LLM
based Agentic Automation

Agentic Process Automation (APA) represents a meaningful augmentation of earlier
automation generations, complementing rather than replacing RPA and IPA. Previous
systems were brittle and limited because they relied on predefined rules or supervised
machine learning models tightly coupled to the visual and structural state of the applications
they automated. APA introduces Al agents, autonomous software entities that typically use
large language model (LLM) reasoning systems, and increasingly visual language model
(VLM) perception, to perform specific tasks or achieve defined objectives. This makes APA
systems considerably more flexible and adaptable than earlier generations, and in theory it
broadens the universe of automatable work to include processes that were previously out of
reach. Where traditional RPA estates have historically captured only a small fraction of the
processes a business would like to automate, often around ten percent of the candidate list,
APA promises to push that ceiling much higher.

Goal-Oriented Actions

Like RPA and IPA, APA automations are typically authored by software engineers or trained
automation staff, increasingly with assistance from generative Al. Unlike earlier rule-based
systems restricted to repetitive tasks, Al agents can in principle handle processes that
require decision making, context awareness, and dynamic interaction. These agents
perceive their environment, process information, evaluate options, and take actions to
achieve assigned goals. The appeal is obvious. A business no longer has to specify every
branch of every process in advance, because the agent can reason about what to do when it
encounters a state the original designer did not anticipate.

Adaptable and Proactive

Processes automated through APA are presented as significantly more adaptable. Agents
can adjust to changing contexts, collaborate with other systems or agents, and operate
autonomously to deliver outcomes. In theory, APA enables systems to act independently on
behalf of organisations or individuals, making decisions and executing actions based on
both predefined goals and evolving circumstances. By interpreting contextual information
such as sensor inputs, system data feeds, or digital records, Al agents can respond
proactively rather than reactively, anticipating needs, identifying opportunities, and initiating
actions to achieve better outcomes.
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Learning and Domain Expertise

Proponents of LLM based agentic automation reasonably point to Retrieval Augmented
Generation (RAG) as a mechanism for grounding agent behaviour in organisational
knowledge and improving reliability over time. By building and maintaining a RAG database,
organisations can inject relevant context into the agent at runtime, reducing its reliance on
generalised model knowledge and anchoring its outputs to documented process logic, past
decisions, and institutional data.

LLM Dependent, Opaque, and Expensive

The promise is genuine, and it is worth saying clearly that agentic reasoning is one of the
most exciting capabilities to emerge in the automation space in a generation. Yet the more
closely you examine it as the runtime substrate for enterprise automation, the more the
structural limitations come into focus. At its core, an LLM is a probabilistic language model
that generates outputs by predicting the most statistically likely next token given its context.
It does not reason in the way the term is commonly understood. It approximates reasoning
through pattern completion. This has a critical implication for automation. Outputs are non-
deterministic. Given identical inputs, the same agent may produce different outputs on
different runs.

For consumer applications this is tolerable, even desirable. For enterprise automation, where
a payroll process, a compliance workflow, or a financial reconciliation must produce the
same correct result every time it executes, non-determinism is not a nuance to be managed
but a disqualifying property. Compounding this, LLMs are susceptible to hallucination, the
confident generation of plausible but incorrect outputs. In an agentic context, where the
model is not merely answering a question but taking actions across live systems, a
hallucinated field value, a misread instruction, or a fabricated confirmation can propagate
through a process and cause downstream errors that are difficult to detect and costly to
remediate. The visual grounding problem described earlier compounds this directly. An
agent that struggles to reliably interpret a dense table, a red boxed exception, or an
inconsistently laid out form will not fail loudly. It will fail quietly, by acting on a slightly wrong
understanding of what it just saw.

The governance and commercial challenges are equally severe, and for many enterprises
they are the harder constraint. Companies do not hire general employees, they hire for
specific roles, and they hire for those roles because the work involves compliance and
regulatory obligations that demand explainability. A business needs specifically smart
workers, not generally smart workers. It needs to understand the work those workers do,
step by step, and to be able to evidence that understanding to an auditor. Because LLM
agents reason live at runtime, re-evaluating every state and action at every step rather than
executing a compiled and predetermined logic path, their behaviour is inherently opaque.
There is no inspectable decision tree, no auditable rule set, no explainable account of why
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the agent took a particular action at a particular moment. For regulated industries, where
audit trails, explainability, and demonstrable process control are not optional, this opacity is
a structural barrier to adoption rather than an inconvenience to be papered over with

logging.

The RAG approach to improvement, while valuable in principle, introduces its own
compounding fragility. As the knowledge base grows, retrieval quality degrades because
vector similarity search must resolve an increasingly dense and semantically competitive
index. Outdated, contradictory, and redundant documents accumulate, and the agent
receives conflicting context at runtime, which amplifies rather than corrects its tendency
toward hallucination. Chunking and indexing strategies that performed adequately at modest
scale become unreliable as document volume and variety increase. The result is a learning
mechanism that is difficult to maintain, prone to silent degradation, and whose failures
present as unpredictable agent behaviour rather than identifiable system errors, making
diagnosis and remediation expensive and time consuming.

The cost model presents a separate and arguably more decisive problem. Continuously
invoking agentic reasoning at runtime, with a high parameter VLM evaluating every state,
consumes a great deal of tokens and a great deal of bandwidth. Most businesses do not
have, and will not soon have, a sufficiently capable VLM running locally, which means that
solving for each state involves pushing pixels over the wire to a remote model and paying
for the privilege on every step. Token consumption in agentic workflows is also highly
variable. A process that runs cleanly consumes a predictable volume, but one that
encounters unexpected states, retries, or complex visual environments can consume
multiples of that. At the scale of an enterprise automation estate with thousands of process
executions per day, this variability makes cost forecasting unreliable and total cost of
ownership difficult to defend. Unlike traditional software infrastructure, where compute
costs scale predictably with volume, LLM agent costs scale with complexity and
environmental unpredictability, two factors that are largely outside the control of the
business operating them.

The conclusion is not that agentic reasoning is the wrong technology. It is that using it as the
runtime, the thing that re-derives a process from first principles every time it executes, is the
wrong architectural choice. The opportunity, and it is a genuinely exciting one, lies in using
VLMs and agentic reasoning where they are most powerful, in the act of understanding and
compiling a process, and then handing the resulting automation off to a deterministic,
observable, and computationally cheap execution layer. That is the design choice that
brings us back to where this section began, to the need for visual Al as a complement to
language reasoning, and it is the foundation on which the remainder of this paper builds.
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Cognitive Al

This is where Syncura’s approach stands apart.

Visual Al by itself is powerful, enabling the processing of complex, unstructured data
through perception, observation, and contextual interpretation. It can gracefully handle
variability that breaks traditional systems.

Predictive Al adds another critical dimension by forecasting outcomes and highlighting
potential issues before they occur.

Both of these strengthen the ability of Agentic Al to make high-quality decisions and execute
tasks effectively.

When visual Al's perceptual preprocessing and predictive Al's forecasting capabilities are
combined with Agentic Al's reasoning and autonomous execution, the result is Cognitive Al.

Most business tasks involve high-throughput perception and execution. They are relatively
predictable and primarily rules based. Visual Al can manage variability, while predictive Al
flags likely exceptions and aberations. Reasoning systems are used more selectively, since
they are computationally expensive and present governance challenges.

In cases where processes require assessing risk, making consequential decisions, or
coordinating complex multi-step actions across external systems, accuracy and efficiency
improve when reasoning is supported by visual and predictive Al as preprocessors.

Visual Al structures and contextualizes the data, while predictive Al analyzes historical
patterns and anticipates future scenarios. This preprocessing dramatically enhances the
quality and reliability of the reasoning layer.

Syncura’s cognitive Al approach transforms this division of labor from a tactical choice into
a breakthrough automation architecture. The result is a system that is lightweight, accurate,
cost-efficient, and highly adaptable to changing conditions.

Equally important, the combination of visual, predictive, and agentic Al enhances safety,
transparency, and explainability. Syncura records each stage of perception, prediction, and
reasoning, creating a clear audit trail. This transparency simplifies compliance with
regulatory standards and strengthens organizational governance.

Syncura
¥ 12



Reimagining Workflow Automation

Once visual Al has established the perceptual foundation, Syncura’s Cognitive Process
Automation (CPA) engine moves from interpretation to execution. This is where the
platform’s full capability comes to life.

Instead of relying on pre-scripted rules or fixed workflows, Syncura begins with observation.
It does more than record actions; it interprets context and infers intent. This allows it to
remain adaptive, handling new variables and changes without disruption. By building a living
model of each process based on observation, feedback, and prior learning, Syncura
automations evolve continuously.

Self-reflection and adaptation ensure that workflows keep running without the constant
intervention or maintenance typical of traditional systems.

CPA employs an observer agent. It learns by watching how workers interact with
applications, classify inputs, escalate issues, and verify identities. It can recognize variations
in how different employees complete the same task and then abstract those observations
into an automation. Rather than duplicating steps, it captures the underlying intent.

Over time, CPA becomes resilient to change. If a screen layout shifts or a new form is
introduced, it adapts automatically. Because it understands processes visually rather than
just through system instructions, it can even automate scenarios previously considered too
complex, such as those involving virtual desktops.

Syncura CPA also models processes as multistage, multivariant flows, enabling it to manage
complexity. It tolerates conditions, branches, retries, and mid-process policy updates
without breaking. If conflicting inputs arise, multiple agents collaborate and cross-check
results to deliver the most reliable outcome, like a team of experts validating each other's
work.

This flexibility delivers transformative business impact:

e Onboarding times are reduced because automations no longer require weeks of
setup.

e Operational resilience improves because workflows withstand interface and policy
changes.

e Exception handling is simplified because ambiguity is resolved through agent
collaboration.

e Performance strengthens over time as the system learns from experience.
e Traditional automation depends on brittle, human-authored scripts.

Syncura CPA replaces that fragility with adaptability. It transforms automation from a static
engineering effort into a dynamic business capability, allowing organizations to focus on
outcomes rather than orchestration.
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Where It Works: Transformative Use Cases

Syncura CPA does more than automate tasks. It automates the thinking behind tasks—and
that shift changes everything. The best way to understand its impact is by looking at where
it succeeds where other solutions fall short.

Financial services:

Syncura CPA supports loan origination, underwriting, and KYC validation across diverse
customer documents. From pay stubs and tax returns to investment statements and
correspondence, Cognitive Al adapts to any format, extracts key indicators, maps
relationships, validates figures, and flags risky discrepancies—without templates or
retraining.

Health care:

Syncura CDP processes physician orders, diagnostic charts, lab forms, and insurance
preauthorizations. It recognizes medical terminology, understands the conventions of
clinical documentation, and even interprets handwritten notes. By preserving clinical intent
while structuring the data, it supports both electronic health record management and claims
processing.

Insurance:

Syncura automates handling of first notice of loss reports, policy endorsements, photos with
embedded metadata, and customer correspondence, improving accuracy and speeding
claims.

Legal:

It interprets conditional clauses, identifies obligations, and flags risk exposures within
complex contracts, enabling faster and more reliable legal reviews.

Supply chain:

Syncura reconciles invoices, customs documents, bills of lading, and shipping manifests,

ensuring smoother cross-border operations and fewer manual interventions.

These use cases are not niche; they represent core business processes. Wherever humans
are currently required to process messy, inconsistent, or unstructured documents, Syncura
CDP provides a solution.

And wherever automation has previously failed because the challenges were too complex or
the costs outweighed the benefits, Syncura CPA reopens the path to automation.
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Conclusion

Syncura’s perception-first approach marks the beginning of a new era in process
automation. The shift is no longer about scripting steps; it is about systems that sense, think,
and adapt.

What distinguishes Syncura CPA is not speed alone, but intelligence. By starting with
perception, it automates with context and understanding rather than brittle rules.

For organizations, the impact extends well beyond efficiency gains. They benefit from
stronger compliance, improved customer satisfaction, and faster time to value. Most
importantly, they gain confidence:

e Confidence that automations can withstand format changes.
e Confidence that Al will act responsibly within established guardrails.
e Confidence that compute costs will remain predictable.

e Confidence that maintenance will decline as the system learns and improves.

With Syncura, automation evolves from a tactical tool into a trusted capability. One that is
scalable, resilient, and ready to meet the demands of modern business.
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About Syncura:

Syncura is a leading provider of advanced cognitive document processing and cognitive
process automation solutions. Its technology enables businesses to automate complex
processes and handle dynamic document workflows with unmatched accuracy and
efficiency. Its groundbreaking observational cognitive Al technology mimics human-like
reasoning, allowing organizations to streamline operations, reduce costs, and improve
productivity without extensive manual setup or retraining.

Syncura'’s Cognitive Document Processor and Cognitive Automation Platform continuously
adapt and learn, ensuring flexibility and scalability across industries such as finance, legal,
healthcare, and others. With Syncura, businesses can confidently automate their most
challenging processes and tackle complex document management tasks.

Syncura is committed to driving innovation in the automation space by combining cutting-
edge Al technologies with deep industry expertise. By providing solutions that evolve with
changing business needs, Syncura empowers organizations to stay ahead in an increasingly
automated and interconnected world.

For more information, visit www.syncura.ai or send us an email at info@syncura.ai.
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