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Executive Summary 
Redefining Degree Audit Accuracy with Kuali Advisor 

Higher education institutions depend on accurate, flexible, and real-time degree audits to guide students to 
graduation. But most systems in use today rely on brute-force logic, static templates, and pre-programmed 
pathways that fail under the weight of modern academic complexity. 

Kuali Advisor reimagines what degree audits should be: dynamic, accurate, and adaptable to every 
student’s unique journey. 

The Three Pillars of Degree Audit Accuracy: 
1.​ Requirements Must Be Accurately Represented​

Degree requirements must be entered in a way that reflects what the institution actually intends. 
Not simplified or codified approximations. 

2.​ The System Must Process Those Requirements Correctly​
Audit engines must interpret requirements accurately and consistently, without relying on brittle 
logic trees or hard-coded exceptions. 

3.​ The Audit Must Achieve Maximum Satisfaction​
The system must determine the best possible distribution of student courses across requirements. 
It must account for complexity, reuse, prerequisites, and more—without requiring constant manual 
intervention. 

These pillars establish the foundation for accuracy. But for audit results to be truly dependable, a system 
must go further. Later in this paper, we’ll introduce the formal “Three Laws of Audit Accuracy,” modeled after 
Asimov’s hierarchy: a system of logic that builds from rule enforcement to full optimization. 

Why Other Systems Fall Short 
Most degree audit platforms rely on: 

●​ Static templates assigned to students 
●​ Brute-force logic that must be coded for every possible path 
●​ Manual exceptions to fix errors and edge cases 
●​ Disconnected planners that mislead students with inaccurate course options 

This approach leads to frequent caveats, inaccurate GPAs, broken planning tools, and frustrated 
stakeholders. Even mature, widely-used systems require workarounds and batch exceptions to function. 

 



What Makes Kuali Advisor Different 
Kuali Advisor uses a deterministic algorithmic AI, not brute force logic, to interpret degree requirements 
dynamically. This allows: 

●​ Real-time, dynamic audits at scale (30+ audits per second) 
●​ Flexible and generalizable requirement representation (not hard-coded scenarios) 
●​ Fully integrated planning tools that are always informed by the current audit 
●​ Exception handling as a true exception, not a daily necessity 
●​ Accurate GPA calculation and reuse logic, even in highly customized programs 

Kuali Advisor doesn’t force institutions to fit their policies into a rigid system. It adapts to the complexity of 
their real-world requirements. 

Who This Benefits 
●​ Registrars get fewer exceptions and greater confidence in audit accuracy 
●​ Advisors can trust the plan, reducing manual cleanup and student confusion 
●​ CIOs and IT teams benefit from maintainable, scalable audit infrastructure 
●​ Provosts and leadership see higher planning accuracy, improved retention, and stronger 

compliance 

Bottom Line 
If your degree audit system relies on static templates, brute-force logic, or post-facto exceptions, it cannot 
in principle, deliver true accuracy. Kuali Advisor is the only system designed from the ground up to represent 
complex degree requirements accurately and dynamically, no matter how nuanced, nested, or evolving they 
are. 

It’s time to move beyond brute force. Kuali Advisor delivers the audit accuracy your students, staff, and 
mission deserve. 

Introduction: Rethinking “Degree Audit Accuracy” 
At first glance, “degree audit accuracy” might seem straightforward: does the audit conform to the 
institution’s published degree requirements? That baseline is important and any legitimate audit system 
must meet it. But as institutions evolve, that definition is no longer enough. 

Accuracy, in a modern academic environment, must go beyond minimum compliance. It must reflect a 
system’s ability to apply credits intelligently, adapt to real-world complexity, and deliver clarity for students, 
advisors, and registrars alike. Unfortunately, most vendors treat this as a technical exercise, focused solely 
on whether a course satisfies a requirement, without regard for how well the system supports actual 
student progress. 



That’s where Kuali Advisor takes a different approach. 

In this paper, we’ll outline a more robust definition of audit accuracy, one that includes what we call 
maximum satisfaction or optimal distribution. This concept goes beyond rule-matching and asks a deeper 
question: Did the system apply credits in a way that truly supports completion, clarity, and confidence? 

To explore this, we’ll compare common system behaviors to the standards established by Kuali Advisor. We 
believe there are meaningful differences between degree audit systems—not just in how they look, but in 
how well they think. Some systems are better than others. And as you’ll see, Kuali Advisor is designed to be 
the most accurate, powerful, and transparent degree audit solution available today. 

The “Three Laws” of Degree Audit Accuracy 
With respect to Isaac Asimov and his famed “Three Laws of Robotics,” we believe a similar conceptual 
framework can, and should be applied to degree audits. Like Asimov’s hierarchy of laws, each layer of 
degree audit accuracy builds on the foundation of the one before it. And without all three, even the most 
advanced system falls short of true accuracy. 

Most vendors define audit “accuracy” only in terms of basic rule application: does a course meet a 
requirement or not? But in reality, that's just a baseline. At Kuali, we’ve learned from experience that 
real-world accuracy requires a deeper, more comprehensive approach, one that prioritizes correct rule 
enforcement, complete credit application, and intelligent optimization. 

Here’s how we define it. 

Law 1: A course that violates a requirement must never be applied to that 
requirement. 

This is the foundation. Any audit system must correctly enforce exclusions. If a course doesn’t satisfy the 
rules for a given requirement whether due to level, department, duplication, or other disqualifying factors. It 
must be excluded, every time, with zero exceptions. 

Yet many systems struggle even with this. Variances in rule interpretation or loose configurations can 
cause inappropriate course applications. That’s not just a technical error. It erodes trust in the system itself. 

In Kuali Advisor, the audit engine treats this as non-negotiable. Rule validation happens before course 
placement, ensuring that no course slips through where it doesn't belong. It’s the equivalent of checkmate: 
a hard stop. 

 



Law 2: Every valid course must apply somewhere on the audit. 

Once exclusions are handled, the next requirement is full utilization. If a course is eligible and doesn't violate 
Law 1, it must be used somewhere. Leaving valid credit unused not only misrepresents a student’s progress 
but can lead to unnecessary delays, misadvising, or escalations. 

Surprisingly, some systems fail here too, especially when workflows depend on manual adjustments or 
incomplete logic trees. Even a technically “correct” audit can leave usable credit unaccounted for, which 
introduces friction across advising, registrar, and graduation offices. 

Kuali’s audit engine ensures that all applicable credit is placed. If a student earns it and it meets the rules, 
it’s applied. 

Law 3: Among valid configurations, the system must choose the one that 
maximizes satisfaction. 

This is where most systems break down. 

Even when the first two laws are followed, multiple valid paths may remain. A course could fulfill a major 
requirement, an elective, or a concentration. Another course might fit into two different requirement groups. 
These are not edge cases. They’re common. And they require the system to make decisions. 

Legacy systems rely on a brute-force or rule-preference approach here. Many legacy systems require staff 
to encode rules manually in an attempt to capture every possible permutation. Newer systems still fall into 
similar traps: codifying audit paths as static logic trees that attempt to pre-define every potential 
configuration. But no matter how detailed the programming, these approaches can’t account for the full 
complexity of student course histories, especially across hundreds or thousands of unique academic plans. 

Kuali Advisor takes a different path. 

Rather than trying to “tell” the audit engine what to do in every situation, we designed our engine to evaluate 
all valid permutations and apply credits in a way that yields the most efficient path to graduation—what we 
call maximum satisfaction. This isn't brute force. It’s intelligent distribution based on optimization, logic, 
and alignment with institutional goals. 

The Takeaway 
Most audit systems stop at the first or second law. But true accuracy comes from all three: 

1.​ Exclusions are honored. 
2.​ All eligible courses are used. 
3.​ The best configuration is chosen. 

 



Any system that skips Law 3 or implements it haphazardly may still appear “accurate” on the surface, but it 
often produces suboptimal results. Worse, it places the burden on advisors or students to interpret and fix 
what the system should have resolved. 

At Kuali, we believe that’s unacceptable. 

Audit accuracy should be more than technically correct. It should be institutionally sound, student-friendly, 
and operationally dependable. That’s why we built Kuali Advisor from the ground up to honor all three laws, 
and why our institutions rely on it to power meaningful, student-centered progress. 

Deep Blue Plays Chess 
The story of Deep Blue, IBM’s chess-playing computer, offers a surprisingly helpful way to think about 
degree audit accuracy. 

Deep Blue gained international attention in 1997 when it defeated world chess champion Garry Kasparov. In 
game two of the match, Deep Blue made an unexpected move: a quiet pawn advance that Kasparov 
assumed had hidden, long-term tactical implications. Kasparov lost his composure, restructured his play, 
and eventually lost the match. But here’s the twist: the move that rattled him was later revealed to be a bug, 
not brilliance. The computer had reached a scenario it could not evaluate and simply made a legal move at 
random. 

This moment illustrates an essential truth: even a seemingly flawless system can make mistakes when it 
cannot evaluate a complex scenario. Kasparov, believing Deep Blue saw something he didn’t, overestimated 
the system’s insight. That misjudgment led him to defeat. 

This story parallels a fundamental challenge in degree audits. Some audit systems behave like people 
imagine Deep Blue did, evaluating millions of possibilities and determining the best one. But in reality, many 
systems follow brute-force logic. They try to anticipate every possible student path through hard-coded 
rules, often breaking down in complex scenarios, much like Deep Blue did in game two. 

Unlike world-class chess players, brute-force systems do not recognize patterns or abstract concepts like 
“strength” or “weakness.” They rely on preprogrammed pathways, and when faced with an edge case like a 
deeply nested requirement or a course with multiple valid applications, they may default to a legal but 
suboptimal result. For a student, that could mean a course applied to an elective instead of a core 
requirement. And unless someone manually corrects it, that suboptimal outcome stands. 

The takeaway? Systems designed to "pre-decide" what to do in every possible scenario will always hit their 
limits. They cannot adapt to the infinite complexity of real-world student data. And, critically, they cannot 
identify an optimal outcome when that outcome depends on factors they were never programmed to 
recognize. 

Kuali Advisor, by contrast, is designed more like a master chess player. It analyzes patterns, considers the 
totality of the degree requirements and student history, and makes smart, real-time decisions. It does not 
“guess.” It evaluates. It does not apply courses randomly when it hits a wall. It finds the best fit based on the 
full context, with flexibility and intelligence built into its core. 



This is what makes Kuali Advisor unique. It is not a brute-force engine that follows rules blindly. It is a 
system designed to think strategically and accurately across every student’s unique path to graduation. 

Accuracy Based on Degree Requirements Representation 
Ultimately, any definition of audit accuracy must include the concept of maximum satisfaction. This is 
sometimes referred to as optimal distribution or best fit. These concepts are abstract, but they are central 
to how students, advisors, and institutions interpret whether an audit result is truly correct. The question is 
not just whether a course fits somewhere, but whether it fits in the best possible way. 

Earlier, we saw how a buggy move by Deep Blue was interpreted as a refined decision because it appeared 
optimal. The same principle applies to audits. Even buggy systems can sometimes get things right, 
especially in simple scenarios. But for a system to both be reliable and perceived as reliable in producing 
maximum satisfaction across all possible scenarios, it must be built on a foundation that allows it to 
intelligently recognize optimal paths rather than just follow scripted instructions. 

Maximum satisfaction in a degree audit depends on core design decisions, particularly the way degree 
requirements are represented. Kuali Advisor is built around flexible requirements representation. It does not 
rely on hardcoded instructions that tell the engine what to do in every scenario. Instead, it uses a set of 
policies and relationships to guide the engine in determining the most appropriate outcome. 

This is in contrast to many traditional audit systems that use a codification model. In those systems, users 
must manually define what the audit engine should do in each possible case. The engine does not evaluate 
multiple paths and select the best one. It simply follows the path the human user defined in advance. This 
is similar to how some early chess programs operated, processing scripted possibilities rather than 
assessing the board as a whole. 

To the extent that maximum satisfaction is even a goal in these systems, it is limited by how far ahead the 
human rule-builder was able to think. That is the fundamental limitation of brute-force approaches. They 
rely on predefined instructions rather than dynamic evaluation. They may work in controlled, simple 
scenarios, but they struggle in environments with real-world complexity and overlapping priorities. 

World-class chess players do not attempt to simulate every possible move and response across eight 
layers of play. Instead, they recognize patterns, identify strengths and weaknesses, and intuitively determine 
the next best move. In the same way, a modern audit engine should not rely on manually defined 
conditionals to tell it what to do. It should evaluate the entire audit context and determine how to best 
satisfy degree requirements. 

Kuali Advisor is designed to make these evaluations. It is not concerned with where a single course has 
been told to go. Instead, it considers the full picture and applies courses in the way that results in the 
highest degree of requirement satisfaction. This allows the audit engine to go beyond matching one course 
to one requirement and instead optimize across all available options. 

This concept of accuracy depends on the system’s ability to represent degree requirements clearly and 
flexibly. That representation must serve as a framework for the audit engine to make decisions. It should 



not contain embedded instructions that control how the audit behaves in each permutation. Once rules 
become scripts, the system loses its ability to evaluate and adapt. It simply executes. 

This is the situation many institutions face when working with codification-based systems. In these 
platforms, custom scripting languages are used to encode degree requirements. These scripts often 
include nested conditionals that try to account for multiple possible student paths. In this model, the audit 
engine behaves more like a program interpreter than a decision-maker. It follows the script, regardless of 
whether that script produces the best result. 

This codification approach does not scale well. It shifts the complexity onto the user and requires a high 
degree of anticipation. Every possible path must be accounted for in advance. As degree requirements 
evolve or become more nuanced, these scripts become harder to maintain. Even small changes can have 
ripple effects, creating unintended results or breaking previously working logic. 

We have seen this firsthand. In our own experience with codified audit systems, the limitations of the 
scripting model became increasingly clear. The need to explicitly define every path, manage every 
exception, and constantly test edge cases was not sustainable. It was this experience that motivated Dr. 
Jensen to take a different approach, and ultimately led to the creation of Kuali Advisor. 

Rather than relying on scripts, Kuali Advisor uses a representation model that describes the rules but allows 
the engine to evaluate them dynamically. This difference is critical. It frees institutions from having to 
anticipate every scenario and instead allows the system to assess what is optimal in context. When a 
system is designed this way, maximum satisfaction is not a rare outcome. It becomes the default. 

In many institutions using codification-based systems, audit results are accompanied by caveats. These 
disclaimers note that exceptions may be required, or that certain logic could not be modeled. This is not a 
failure of the people managing the system. It is a consequence of the system’s architecture. When users 
are forced to encode complex logic in rigid formats, they often encounter situations with no clean solution. 
Manual overrides become routine. Trust in the audit erodes. 

Kuali Advisor eliminates the need for this constant correction. By focusing on flexible representation and 
letting the audit engine determine the best path, the system produces accurate, transparent, and 
trustworthy results. Users spend less time fixing problems and more time supporting students. 

The screenshots below illustrate just one example of the limitations introduced by codification-based audit 
models. 



 

 



 

The issue described in the example above focuses on transfer credits. While that is a common challenge, it 
is also a symptom of a broader underlying issue: reliance on brute-force audit logic. 

Similar problems appear across many institutions and use cases. The transfer credit issue is not isolated. It 
reflects the structural limitations of systems that depend on hardcoded logic and rigid rule paths. 

For example, consider this document from SUNY Oswego: 

https://www.oswego.edu/registrar/sites/www.oswego.edu.registrar/files/dwplans2019.pdf 

https://www.oswego.edu/registrar/sites/www.oswego.edu.registrar/files/dwplans2019.pdf


 

 

Pay close attention to the final sentence in the screenshot. It communicates far more than it may seem at 
first glance. Let’s take a moment to unpack what is really being said. 

This single sentence highlights the core issue we have been addressing: brute-force logic leads to 
inaccurate results. 

Alternate Path Example 

The "Choice requirement" mentioned in the PDF is a version of what Kuali Advisor refers to as an alternate 
path scenario. This is a requirement that can be completed in more than one way—essentially a logical “or.” 
For example, a student might fulfill a physics requirement by taking a sequence of general physics courses, 
or by completing a track in mechanical engineering, or through another approved path. 

 



When these “or” conditions exist, there are two general ways they can be handled. If the system is 
configured to favor one path over the others, Kuali Advisor refers to that as an assisted or. In that case, the 
audit engine receives guidance and can consistently make the intended choice. 

But in many cases, no preference is defined in the degree rules. These are unassisted or scenarios, where 
the audit engine must determine which path is best based solely on the student’s completed courses. With 
no hints or nudges, the engine is left to make the choice. 

The PDF above almost certainly refers to one of these unassisted-or cases, where the system fails to find a 
clear answer. Brute-force audit systems struggle in these situations because they rely on predefined logic. If 
the correct path has not been explicitly programmed, the engine may simply pick one arbitrarily. 

This resembles the moment when Deep Blue made a move not because it was optimal, but because it had 
no basis to prefer one move over another. At least Deep Blue reached that point after evaluating hundreds 
of thousands of possibilities. Brute-force audit systems reach that indecision point almost immediately. 
What was an edge case for Deep Blue is a routine scenario for most degree audit tools. 

Moreover, thus far we've been imagining just a single "depth" or "layer" of an unassisted or, a single case in 
which the system must choose between alternate paths. The problem gets exponentially worse as layers 
get added in ever more complex nesting relationships! 

 



 

In the graphic above, we see just three layers of nesting, yet the complexity is already striking. Notice how 
two of the layers intersect across what might otherwise appear to be separate branches. This example 
doesn’t even explore scenarios with more than two or three alternatives per layer. And while the nesting 
here is not self-referential, it could be. That possibility introduces even more complexity, as unassisted-or 
configurations can, in theory, become infinitely recursive. 

To be clear, we hold DegreeWorks in high regard. It is one of the most capable systems available today and 
the most powerful of the brute-force models. If configured carefully and maintained consistently, it can 
meet many institutions’ needs. However, this kind of structure illustrates a fundamental limitation. Systems 
that rely on rule codification will always struggle with nested alternate paths. The problem is not isolated to 
one product. It is endemic to all audit platforms that require pre-scripted logic and conditional branching. 
No matter how modern or well-designed the interface, brute-force logic cannot scale to match this level of 
variability. 

Kuali Advisor takes a different approach. The system is built to handle not just many levels of nesting, but 
even infinitely recursive ones, in principle. The audit engine does not rely on enumerating all possible paths 
in advance. It evaluates the student's specific scenario as a unique pattern. The result is a real-time audit 
that is responsive, flexible, and deeply accurate. 

 



Where other systems codify degree requirements into fixed rules, Kuali Advisor simply represents the 
structure. Degree requirements are treated as constraints: here are the rules, and here are the limits. From 
there, the audit engine analyzes the student's record and determines the configuration that yields the 
highest satisfaction of those constraints. The system is not instructed how to behave in every situation. It is 
given the context, and it figures it out. 

This approach closely mirrors the way Deep Blue evaluated chess positions. Rather than playing out every 
move sequence in brute-force fashion, it evaluated patterns and assessed which move would most 
strengthen the position. Similarly, Kuali Advisor does not "choose a fork" in the road because it was told to 
do so. It evaluates the entire audit landscape, identifies strengths and weaknesses in course distributions, 
and makes the most beneficial assignment of courses to requirements. 

This distinction becomes critical when considering the role of AI in audit logic. Kuali Advisor is not a 
learning engine. It does not draw from previous audits or student histories. Each audit is a clean slate. To 
accomplish this, we had to design the AI to work from abstract principles with ideas like "strength" and "fit" 
rather than trying to encode every possible scenario in advance. The result is an audit engine that behaves 
intelligently, but without the computational burden of deep learning systems. 

What We Mean by "AI" in Kuali Advisor 
When we say "AI," we do not mean machine learning, generative AI, or a chatbot deciding how to audit 
student records. 

Kuali Advisor uses algorithmic AI, a deterministic and explainable system designed to evaluate complex 
patterns of degree requirements and course data in real time. 

It doesn’t “learn” from previous audits or guess at outcomes. Instead, it consistently analyzes each 
student’s academic scenario using an abstract, rules-based engine refined over nearly two decades. 

This approach ensures audit results are transparent, scalable, and defensible, even in the most complex 
cases, without the black-box unpredictability of machine learning models. 

This also means Kuali Advisor avoids the kind of failure that brought Deep Blue to a halt. Where Deep Blue 
once looped through a sea of indistinguishable patterns and defaulted to a random move, Kuali Advisor has 
no need for such a failsafe. There is no loop, and no randomness. The engine evaluates each audit 
deterministically, producing the same result for the same inputs, but it does so using dynamic pattern 
recognition rather than pre-scripted logic. 

In fact, the challenge facing Kuali Advisor is even more complex than the one Deep Blue solved. While 
chess has a finite, though enormous, number of board configurations, degree audits are governed by far 
more variables. Academic policies shift. Requirements evolve. Student records vary wildly. The number of 
permutations is functionally infinite. No system can map every path in advance, and no team of humans 
can maintain such a model. This is why brute-force systems inevitably fall back on exceptions. 

And exceptions are the red flag. If a degree audit platform requires batch exception tools or frequent 
manual intervention, it is not solving the problem; It is revealing it. These systems live in edge cases and 



depend on human effort to correct misalignments that the engine could not handle. Even if those 
exceptions are well-managed, their presence indicates that the system’s core logic cannot scale to meet the 
complexity of modern academic rules. 

Kuali Advisor eliminates the need for most exceptions. When they do occur, they are legitimate one-offs: 
accommodations for individual students, not structural fixes. Our approach avoids the traps of codification 
by separating the representation of degree requirements from the logic used to apply them. The rules exist 
independently. The audit engine interprets them based on the context of each student’s record. 

This makes the system deterministic but unpredictable in the best possible way. Given the same data, Kuali 
Advisor will produce the same result. But the result may surprise even a human reviewer, because the 
system is identifying patterns and outcomes that are difficult or impossible to anticipate manually. This is 
the essence of the third law of audit accuracy: maximum satisfaction requires systems to reason 
dynamically, not just follow instructions. 

When you decouple audit logic from pre-defined rule trees, the possibilities expand. Requirements can vary 
from school to school, and Kuali Advisor handles each configuration without compromising integrity. The 
algorithm analyzes every student’s path as its own unique problem. That means institutions can define their 
requirements as they truly are, not just as the system can tolerate. 

The bottom line is this: brute-force systems will always hit a wall. Their logic is finite. Their maintenance 
burden is high. And their reliance on exceptions undermines confidence in their results. Kuali Advisor avoids 
that trap by being flexible at the core. It is built not to predict every scenario, but to solve every scenario in 
real time. 

That is why we emphasize the philosophical difference. Systems that rely on codification cannot evolve into 
something better. The design choice made at the beginning defines the system’s ceiling. And once that 
ceiling is reached, the only solution is to start over. 

Kuali Advisor began with a different philosophy. It is not about scripted paths or predefined outcomes. It is 
about accurate, consistent, and explainable results, no matter how complex the rules. 

Let’s take this further by exploring how this level of flexibility applies to one of the most complex audit  

challenges institutions face: GPA calculation. 

GPA Calculation Example 
GPA calculation is another strong example of how Kuali Advisor handles complex requirements through 
flexible, pattern-based design rather than brute-force codification. 

One of the institutions we serve has exceptionally detailed and student-specific rules for GPA calculation, so 
much so that no other system they evaluated could support their needs. In their case, GPA rules shift 
dynamically depending on the student’s academic profile. A dual-major student has their GPA calculated 
one way. If that same student adds a minor, the calculation changes—unless that minor is one of several 
designated exceptions, in which case the rules change again. Some courses count toward GPA for certain 



students but not for others, even when they are following identical program structures. And once transfer 
credit rules enter the picture, the complexity multiplies. 

But precision matters. This institution requires absolute accuracy, not just a close approximation. A 
government agency audits the academic progress of a significant population of its students, so the GPA 
calculation must be exactly right. And that level of precision depends entirely on how courses are mapped 
to requirements. Why? Because section-level GPA results influence cumulative GPA, and those calculations 
are based on how student courses are distributed across the audit. The requirements themselves often 
include minimum GPA thresholds, which introduces a dependency loop between course mapping and GPA 
calculation. 

This is what we call a "chicken-and-egg" problem. In order to calculate the GPA, the system must know how 
the courses will map. But in order to determine how the courses should map, it needs to know the GPA. 
Most degree audit systems punt on this problem. They default to manual overrides and exception handling, 
forcing staff to step in and manually correct what the system cannot resolve. 

Kuali Advisor does not punt. 

The system solves these scenarios automatically and accurately, without requiring schools to pre-map 
every possible outcome. And when you layer in the additional complexity of unassisted “or” situations, 
where students are allowed to fulfill a requirement through one of several alternative paths, the mapping 
problem becomes exponentially more difficult. The system must evaluate each path’s impact on GPA, even 
though it cannot know in advance which one is best without first understanding the GPA outcome. The GPA 
depends on the mapping, but the mapping depends on the GPA. 

Brute-force systems cannot solve this problem in principle. The permutations are too vast and 
interdependent to be pre-encoded. Kuali Advisor, on the other hand, uses algorithmic AI to analyze the full 
distribution space in real time and produce the optimal result without guesswork. 

And it does this in a fraction of a second, using affordable computing resources. Schools are not investing 
in supercomputers to run audits. They need a solution that works fast, works reliably, and works every time. 

By contrast, systems built on brute-force logic rely on codified audits with each audit representing a 
pre-specified set of conditions. In one such system, every unique combination of program, major, 
concentration, and policy must be defined as its own discrete audit. If a student has a dual major with a 
specific language concentration, that exact scenario must be defined in advance and manually assigned. In 
fact, the system cannot even handle concentrations through its native interface. According to the vendor’s 
own documentation: 

Concentrations are added programmatically by [the company], so concentration names are static and can 
be used on multiple audits. For programs with concentrations, admins will be able to add requirements to 
concentrations in the same way you would to any other program. 

Students can then declare their chosen concentrations. Once a specific concentration is declared, the 
platform will ignore audit requirements for any other concentrations. This way classes will be sure to count 
for only the declared concentration. 



None

There are two major implications here: 

1.​ Even administrative users cannot build or modify concentrations; they must be custom-coded by 
the vendor. 

2.​ The audit engine does not consider alternate paths at all. It only follows predefined ones. Once a 
student declares a concentration, the system applies a fixed path and ignores all others.​
 

This approach is fundamentally brittle. If every possible path must be programmed manually and assigned 
to a student, the system cannot accommodate the complexity of real-world academic scenarios. It cannot 
evaluate trade-offs or optimize for GPA. It cannot make nuanced decisions about how to apply courses. 
And it certainly cannot handle unassisted ors. 

The limitations of such systems become clear once you start asking the right questions. If a platform 
cannot evaluate multiple potential mappings and determine which one best meets institutional policy and 
student success goals, it is not equipped to handle modern degree audit needs. 

And this leads us to another critical factor in audit accuracy: satisfaction priority. 

Satisfaction Priority 
The issue of satisfaction priority is central to how degree audits are interpreted. It impacts how 
requirements are fulfilled, how results are understood, and ultimately, how accurate the system feels to 
both students and administrators. 

In most degree programs, a single course can satisfy more than one requirement. A school might want 
such courses to fulfill major core courses before general education requirements or electives. This is a 
common scenario, and audit systems must have a reliable way to honor that priority. Otherwise, the results 
will appear arbitrary or even wrong. 

Brute-force systems tend to handle this by assigning priority based on where a requirement appears in a 
list. According to one system’s own documentation, “requirements placed at the top of the list get higher 
priority.” Unfortunately, this approach ignores the actual logic of how degree requirements are structured. 

To illustrate the problem, consider this common requirement hierarchy: 

 

Institution 

    2021 



        BA Degree 

            General Education Requirements 

            Majors 

                Major in Anthropology 

                    Core Courses 

                    Emphasis 

                        Early Humans 

                        Urban Culture 

                        . 

                        . 

                        . 

                    Major Electives 

                Major in Biology 

                . 

                . 

                . 

Now imagine that a school wants courses to apply first to Core Courses, then to General Education 
Requirements, and lastly to Major Electives. In this hierarchy, General Education Requirements appears 
above the majors section. A system that assigns priority based only on position would incorrectly apply 
courses to General Education before Core Courses. 

To address this, someone might suggest restructuring the hierarchy to make General Education appear 
lower: 



None

Institution 

    2021 

        BA Degree 

            Majors 

                Major in Anthropology 

                    Core Courses 

                    Emphasis 

                        Early Humans 

                        Primitive Tribes 

                        . 

                        . 

                        . 

                    Major Electives 

                Major in Biology 

                . 

                . 

                . 

            General Education Requirements 

 

But this solution introduces its own problems. The school might want General Education Requirements to 
appear at the top of the audit for clarity and emphasis. More importantly, this approach still fails if the 
school wants General Education to have priority over Major Electives but not over Core Courses. 



There is no structural arrangement in a brute-force system that can resolve this kind of nuanced priority. If 
priority is determined by order in a list or position in a hierarchy, then conflicting priorities cannot be reliably 
modeled. The system forces institutions to design their degree requirement hierarchy around system 
limitations, not around institutional logic. 

The result? Schools must constantly choose between displaying requirements in a logical way or achieving 
the correct priority behavior. They cannot have both. 

Kuali Advisor takes a different approach. The Kuali Advisor engine does not assign priority based on list 
position or hierarchy level. Instead, the algorithm identifies which requirements matter most for a given 
audit run, regardless of where those requirements appear. This removes the need to artificially reorder 
requirements to influence priority. 

Kuali Advisor also accounts for more complex cases. For example, priority can shift depending on whether 
a course is reused, how nested requirements interact, or how degree programs intersect. Kuali Advisor 
navigates these conditions dynamically and reliably, without brute-force logic. 

There is a broader implication here. A system that relies on structure to infer priority is likely making similar 
brute-force assumptions elsewhere. That introduces inconsistencies and forces schools to work around 
system limitations. 

In contrast, Kuali Advisor focuses on interpreting the audit as a whole. It evaluates each student’s 
coursework in the context of all requirements and determines the most optimal, policy-aligned 
configuration. This approach produces audits that do not need manual fixes from exceptions. And the 
system does not need surrounding caveats and warnings about inaccuracy. It is trustworthy in its accuracy. 

Accuracy in this context means more than just applying the right rule. It means aligning audit behavior with 
institutional intent. Kuali Advisor achieves this through a design that separates requirement structure from 
satisfaction logic. Other systems tie the two together, which limits their flexibility and leads to inevitable 
breakdowns. 

As degree audit systems evolve, schools are asking better questions. They want to know whether the 
system understands their requirements, honors their policies, and adapts to complex edge cases without 
falling apart. 

Kuali Advisor answers those questions not with workarounds or caveats, but with architecture built for 
flexibility and accuracy from the start. That is what distinguishes a truly intelligent audit engine from one 
that is simply programmed to follow steps. 

What Is a Degree Audit, Really? 
Before we move on, there is one more foundational topic to address: what does “the audit” actually mean in 
a given system? This may sound like a purely philosophical question, but the answer reveals significant 
differences in how degree audit systems operate, and more importantly, whether or not they are capable of 
delivering real accuracy. 



In many systems, including the recently-developed platform we have referenced, “the audit” is not 
something the engine generates in real time. Instead, it is a static artifact. It represents a one-time pairing 
of a set of pre-programmed degree requirements with a particular student. Once the requirements are 
assigned, the audit becomes fixed in place, regardless of what changes might later occur in the student’s 
record. 

Digging into the system's help documentation or asking the right questions quickly uncovers this reality: 

●​ The term “audit” refers to a template of degree requirements, not a dynamic result. 
●​ An audit is only “run” when it is first assigned to a student, when a manual refresh is initiated, or 

when the template itself is changed. 
●​ Refreshing an audit is described as a resource-intensive task that must be scheduled during 

off-hours to avoid performance issues. Users are even warned that self-service tools will lag 
significantly if the refresh occurs during normal use. 

This static model has serious implications. In systems like this, audits do not respond dynamically to 
changes in the student’s record. If a student adjusts their course plan, updates their program, or earns new 
transfer credit, the audit will not automatically reflect those changes. Instead, the planner continues 
referencing outdated information, sometimes for weeks, until someone manually triggers a refresh. 

This design choice is more than a technical nuance. It reflects a deeper reliance on brute-force logic, where 
the audit is built once and assigned to a student, with the expectation that it will remain valid until someone 
says otherwise. In this model, audits are not calculations. They are frozen snapshots. 

To be fair, not all audit systems are equally static. DegreeWorks, for example, does support real-time audit 
runs. When you open an audit in DegreeWorks, it reflects a fresh calculation using the latest data. This 
makes DegreeWorks a partial exception among legacy systems. However, even DegreeWorks relies heavily 
on codified logic that limits flexibility and forces institutions into manual exceptions. Its real-time engine is 
essentially interpreting a hand-coded audit program line by line—like a script being read aloud rather than 
compiled in advance. That interpretive approach, combined with the complexity of codified logic, makes 
DegreeWorks noticeably slow, especially as requirements get more intricate. 

Kuali Advisor, by contrast, does not interpret codified audit scripts at all. There is no static template to 
assign, and no audit “program” to run. Every audit in Kuali Advisor is generated in real time by evaluating the 
student’s current academic data against the institution’s degree requirements as they exist in that moment. 
It is not executing a sequence of steps, but instead performing an instantaneous pattern analysis to 
determine the optimal mapping of student courses to requirements. 

In Kuali Advisor, “the audit” is not an object. It is a live, point-in-time expression of how a student’s progress 
aligns with the requirements—rendered in split seconds. This gives institutions the ability to reflect the full 
and current state of student progress across even the most dynamic or complex requirement structures. 

This distinction is not minor. It shapes the entire concept of what degree audit accuracy can be. A static 
audit can only reflect a specific moment in time, and even then, only within the boundaries of what was 
pre-programmed. But student data is dynamic. Courses change, transfer credits arrive, programs are 



updated, and requirements evolve. A system that cannot adapt to those changes in real time will always be 
behind, and any insights it provides will be incomplete or misleading. 

In Kuali Advisor, the audit engine evaluates all relevant student attributes in real time. And it considers far 
more than just a list of completed courses. That level of responsiveness is essential for achieving true 
accuracy, not just on paper, but in the lived academic experiences of students. 

We will now turn to just a few of those additional student-specific considerations that a degree audit 
system must be able to process in real time to maintain accuracy. 

Dynamic Degree Requirements 
Some institutions require audit systems that do more than just interpret a fixed set of rules. Their degree 
requirements change over time, vary by student, and respond to evolving course data, student activity, and 
institutional policies. This level of flexibility is not optional for these schools. It is essential. 

One of our customers, for example, manages General Education requirements using effective-dated course 
attributes. These attributes are certified and decertified on a daily basis. That means each day, a course 
may either count or no longer count toward a specific GE requirement, based on when it is taken or 
planned. This is not just a matter of academic term or catalog year. The course certification process 
happens independently of terms, and it must be respected on a daily timeline. 

In this environment, Kuali Advisor must determine in real time which course offerings can satisfy which GE 
requirements based on the student’s actual or projected enrollment. That analysis must consider both the 
requirement being satisfied and the date on which the student takes or plans to take the course. It is the 
combination of those two factors that determines whether a course applies. 

No static course list can serve this purpose. No pre-generated template can capture what the institution 
actually intends. The rules are not only dynamic, they are inherently time-sensitive. Kuali Advisor must 
evaluate those requirements during every audit run, taking into account all the moving parts—term dates, 
course certifications, planning timelines, and student-specific details. 

And the complexity only grows from there. The GE requirements themselves include extensive unassisted 
or scenarios. Equivalencies between courses shift frequently. Prerequisite and corequisite structures 
change often. Student attributes such as community service participation or honors status also affect how 
requirements apply, and those attributes are in constant motion. 

These dynamics make it impossible for any static audit template to reflect reality. At this institution, student 
progress is not just a matter of ticking off completed requirements. The act of making progress actively 
changes the path forward. Every audit run must capture a fresh view of the student's evolving academic 
landscape. 

Kuali Advisor is built for exactly this kind of environment. Other systems are not. 

Another customer takes this even further. At their institution, entire sets of degree requirements are 
generated dynamically at audit time based on student milestones. For example, when a student reaches a 



certain threshold of progress, a new set of rules becomes active. These new requirements are not stored as 
part of any existing program template. Instead, they are created on-the-fly using meta-rules that define 
when and how new requirements should appear. 

This is not something that can be approximated using hard-coded scenarios or decision trees. These 
dynamic rules must be evaluated in real time. The system must be able to detect that a student has met a 
certain condition, determine which meta-rules apply, and then generate a new layer of degree requirements 
on the spot, all during a single audit run. 

Kuali Advisor is the only degree audit engine that can do this. 

The requirements at these institutions are not just more complex than average. They are categorically 
different. They cannot be hardcoded or pre-programmed in advance. They must be interpreted in real time, 
and they must respond to subtle, personalized aspects of each student's journey. 

A static audit system cannot support this kind of complexity. Even a system that relies on templated logic 
with some conditional overrides will eventually hit a wall. The demands are too dynamic. The logic is too 
contextual. And the expectations are too high. 

Kuali Advisor was built for this. Every audit is a live analysis of the current moment. Every rule is evaluated 
fresh. The result is not just a more accurate audit. It is a fundamentally more faithful representation of what 
the institution actually intends. 

DIAGRAM: Static vs. Dynamic Audit 

Dynamic Planning Considerations 
Academic planning is a critical function of any degree audit system. Everything that applies to audit 
accuracy applies equally to planner accuracy, and in many ways, the bar for planning is even higher. If a 
student follows their academic plan exactly, the student should graduate as planned. Not hopefully. Not 
probably. They should. 

This expectation places a heavy burden on the accuracy and depth of the audit engine. Any truly accurate 
academic plan must be grounded in a real-time, dynamically accurate degree audit. And that requirement 
exposes a design-level fork in the road: Was the system originally built as a planner, with the audit added 
later as a utility? Or was it built from the ground up as a degree audit engine, with the planner developed as 
an extension of that foundation? 

This question is not rhetorical. Institutions evaluating a degree audit system should directly ask each 
vendor: “Which came first in your development roadmap, academic planner or degree audit?” The answer 
reveals how accurate the planner can ever be in principle. 

Some leading systems were originally built as planners. They were designed to allow students to organize 
their courses term-by-term. On its surface, that approach seemed intuitive. But when piloted by a few 
departments at a Kuali Advisor institution, the limitations quickly became clear. 



During that pilot, the system claimed to offer a more advanced and user-friendly planning experience. But 
when departments took a closer look, they found that students could build plans that made no real 
academic progress. The planner allowed students to select courses that technically filled out elective 
sections, but those same courses did not meaningfully advance completion of GE, major, or core 
requirements. The “progress bar” moved forward, but the student was not actually closer to graduation. 

This disconnect was not a glitch. It was a fundamental flaw in the system’s design. The planner relied 
entirely on superficial alignment with static course lists and never meaningfully considered how those 
courses actually satisfied the degree requirements in the context of the student's full academic record. The 
result was a planner that produced internally consistent but externally meaningless academic plans. 

Eventually, these systems attempted to pivot toward a “requirement-centric” model, but this often just 
masked the same core limitations. The underlying issue remained: the degree audit engine itself was static 
and disconnected from planning logic. 

This is the predictable outcome for systems that treat the audit as a static template. If “the audit” is merely 
a predefined structure that gets assigned to a student and refreshed infrequently, then planning will always 
rely on outdated or incomplete data. In such systems, planning does not reflect the actual state of the 
student’s degree progress in real time. 

A reliable planner must consider everything: reuse rules, tied requirements, alternate paths, transfer 
evaluations, exceptions, prerequisites, corequisites, and more. It must do so for each individual student, at 
every moment, and it must reflect the actual degree requirements as they exist now, at the very instance of 
an act of planning—not how they appeared during a past refresh. 

Systems that cannot audit in real time simply cannot plan in real time either. And if they cannot plan in real 
time, the plans they produce are at best misleading. A student might follow the plan precisely, only to find 
out later that key requirements were never satisfied. The plan might look complete, but the degree is still 
out of reach. 

This is not just an inconvenience. It has real consequences. Students lose time and money, and trust in the 
institution can erode. Over time, schools and students alike will become less tolerant of planning tools that 
fail to deliver on their core promise. 

With Kuali Advisor, none of this is a concern. Every audit is real-time. Every plan is informed by a real-time 
audit. Every individual act of planning is informed by a real-time audit that is contemplating everything 
relevant to the student that might have changed since, or been affected by, the previous act of planning. 
The audit and the planner share a single source of truth, dynamically calculated in each moment. There is 
no disconnect between what the planner shows and what the audit engine understands. The result is 
planning that is not just accurate, it’s trustworthy. Every student’s planner shows a curated list of applicable 
coursework that is tailored for each student’s optimal academic progress. And that list changes in real time 
to reflect individual student planning activities. 

Systems that treat the degree audit as an afterthought cannot deliver this level of confidence. When the 
audit engine is static, the planner is always guessing. When the audit engine is dynamic, like Kuali Advisor, 
the planner becomes a true guide to graduation. 



Following is just one of many real-world examples that illustrate how deeply planning and audit accuracy 
are intertwined. 

Imagine a student trying to plan how to satisfy a science general education requirement. There are more 
than 300 courses listed as potential options, and the student must select three to complete the 
requirement. 

At first glance, that might seem straightforward. Most planning systems would simply present all 300 
courses as equally valid choices. But that approach is misleading, because not every combination of three 
courses from that list will actually satisfy the requirement. 

Here is why. 

One rule states that the three science courses must all come from the same discipline—such as CHEM or 
BIO. As soon as the student plans a BIO course in that section, the remaining options should be limited to 
other BIO courses. But most planners miss this completely. They are not running a real-time audit that 
considers the total context of the student's academic record. As a result, they continue to present the full 
list of 300 courses, even though only a subset of those courses now apply. 

And the complexity does not stop there. 

Another rule requires that at least two of the three courses must be upper-division. If the student already 
has one lower-division course applied or planned in this section, the planner should no longer offer 
lower-division options. Yet again, most planners are blind to this constraint. 

Now it gets even more complicated. 

This science course requirement exists within a larger general education structure. At that level, another 
rule—a tied requirement—controls which prefixes are allowed to satisfy the science component. This tied 
rule references coursework applied elsewhere in the audit, where the student has already completed two 
CHEM courses. That means the student is already committed to CHEM, even if they have not realized it. 
Planning a BIO course here is now invalid, but most planners will still present BIO courses as valid choices. 
And worse, they may even allow the student to build an entire plan around that invalid selection. 

The planner should have caught this upstream. The tied requirement at the GE level should have informed 
the science course list, which in turn should have informed the planning options. But in static or 
infrequently refreshed audit systems, that insight never surfaces. The planner is working with outdated or 
incomplete logic. Students are misled about what actually counts. 

This is not a theoretical concern. It happens every day. 

The ripple effects can be significant. A student planning a language minor may later find that those choices 
unintentionally limit what courses can be used to satisfy general education requirements. The planner 
needs to understand and respond to these interdependencies in real time, not after the fact. 



Case Study Spotlight: Louisiana State University 
Alexandria 
From Manual Spreadsheets to Instant Clarity 

LSUA replaced static, manual audit sheets with Kuali Advisor’s dynamic degree audits and real-time 
planning tools. The result?​
 • 318% increase in degree conferrals​
 • Advisors freed from error-prone busywork​
 • Students actively engaged in their academic progress 

Discover how LSUA empowers students to graduate on time—without the guesswork. 

Read the full case study 

With Kuali Advisor, every action the student takes in the planner is informed by a real-time audit that reflects 
the full complexity of their academic standing and the rules that govern it. This includes tied requirements, 
prefix constraints, upper-division limits, reuse rules, and alternate path logic. The planner does not operate 
independently of the audit engine, it’s is fully integrated and continually informed by it. 

That is why we emphasize that speed is a feature. Kuali Advisor runs real-time audits with near-instant 
speed. That performance is not just for convenience; it is what makes real-time planning accuracy possible. 
Every interaction, every course selection, and every revision in the planner is evaluated in the context of the 
student's complete academic profile at that exact moment. 

Any company that built the planner first and added audit functionality later is working backwards. These 
systems impose planning logic onto the audit, rather than allowing the audit engine to drive accurate 
planning. That approach is flawed at its foundation. 

Any system that treats the audit as a static assignment (a template matched to a student) is inherently 
limited. It cannot reflect the live state of a student's progress, so it cannot be trusted to guide planning. 

Any system that relies on brute-force methods to codify degree rules is fundamentally constrained. It 
cannot capture the complexity of modern academic structures, which leads to growing reliance on 
exceptions and patches. These workarounds eventually undermine trust in the entire system. 

Even if the user interface is polished, if the system is broken at the core, the shine will wear off quickly. 
Schools will find themselves buried in exceptions, students will follow inaccurate plans, and support teams 
will spend increasing time doing manual corrections. 

By contrast, Kuali Advisor provides dynamic planning, powered by real-time audits, informed by flexible and 
accurate representations of degree requirements. It is the only system designed from the ground up to 
handle this level of complexity with confidence. 

https://www.kuali.co/resources/louisiana-state-university-of-alexandria-modernizes-advising-with-kuali-advisor


Objections and Additional Points 
At this stage, it is worth stepping back to consider a few common objections and edge concerns related to 
system accuracy and maintenance. These often come up during implementation discussions or in 
longer-term planning. Let’s look at them clearly and directly. 

Human Error in Requirement Entry 
One common concern is that, because human beings are responsible for entering and maintaining degree 
requirements, the system can only be as accurate as those human inputs. 

That’s a fair point. But while human error is real, it is rarely the long-term barrier to accuracy that some 
might fear. During implementation and beyond, degree requirements are under intense scrutiny. Many eyes 
are on the audits, especially early on, and inconsistencies are usually caught and corrected quickly. Once 
fixed, those requirements remain stable and accurate over time. 

Compare that to a brute-force audit system. Human entry errors can be fixed. But brute-force design 
limitations cannot be. These systems are built with constraints that cannot be resolved. Their inaccuracies 
are not just the result of a typo or a missed rule, they are baked into the foundation and must be managed 
with workarounds and exceptions. 

SIS/ERP Data Issues 
Another concern involves bad or inconsistent data in the SIS or ERP. Maybe a course is misclassified, a 
student attribute is outdated, or a transfer rule was applied incorrectly. These issues often trace back to 
human data entry errors or bugs in the SIS itself. 

Again, this is a manageable problem, and in fact, Kuali Advisor helps surface these issues. Our audit engine 
makes data problems visible by highlighting when something just does not add up. And our 
ImportTransform process is designed to catch common errors, identify edge cases, and route them for 
review or automatic cleanup. This is a different category of challenge than the systemic limitations we see 
in brute-force systems. SIS data can be corrected. System design cannot. 

 

Bugs and Edge Cases 
It is also true that all complex software systems, including degree audit engines, will encounter bugs. So 
what about Kuali Advisor? Could it still have issues—edge cases it does not yet handle correctly? 

Of course. Like any enterprise-grade system, Kuali Advisor is not perfect. No software is. But describing it 
as “riddled with bugs” would be wildly off the mark. 



Kuali Advisor has been refined through nearly two decades of real-world use. It is mature, stable, and highly 
accurate. When new bugs or less-than-optimal results are reported, they are typically subtle and quickly 
addressed. They are not symptoms of deeper architectural issues, and they do not require you to patch 
over them with exceptions. This is one of the many reasons schools choose Kuali Advisor in the first place. 

That said, let’s talk about this idea of “100% accuracy.” Can we really make that claim? 

A Word About 100% Accuracy 
We often talk about audit accuracy as though 100% is the bar. And to be clear, Kuali Advisor is built to 
represent degree requirements with 100% fidelity. You can absolutely configure the system to reflect your 
rules exactly as you intend them, no compromises. 

But what about the actual results? Can Kuali Advisor guarantee a 100% optimal course-to-requirement 
mapping every single time? 

Here, we need to introduce a little philosophical nuance. 

Think of Zeno’s paradox: trying to reach a finish line by first getting halfway there, then half of the remaining 
distance, and so on. In theory, you never quite arrive. But in practice, you do. You reach the goal by getting 
closer and closer, even if an infinite number of smaller and smaller steps remain. 

That is a fitting metaphor for the nature of accuracy in a system like ours. 

With each refinement, each bug fix, and each audit run, Kuali Advisor moves closer and closer to the ideal of 
maximum satisfaction. It might never be possible to eliminate every potential gap in every scenario for 
every student across every configuration, but what matters is the direction and speed of improvement. 

And on that front, Kuali Advisor is unmatched. 

Human Evaluators vs. Kuali Advisor 
In fact, Kuali Advisor often outperforms human evaluators. We have many stories where an academic 
advisor initially believed the system got it wrong, only to later realize that Kuali Advisor correctly accounted 
for rules they had overlooked. The system is not just accurate in a technical sense; it is also deeply 
consistent and thorough. And as the complexity of your degree requirements increases, so does the gap 
between what a human can do and what our system can accomplish. 

Kuali Advisor is also measurably more accurate than other degree audit platforms. Both qualitatively and 
quantitatively, it is in a different category altogether. 

Of course, we still find occasional audit scenarios that could be improved. And we are always listening. Our 
team takes these situations seriously, investigates quickly, and continuously enhances the audit engine to 
improve outcomes. Our customers are partners in making the system better, and every enhancement 
benefits all users. 



The result is a system that never needs to be manually “fixed” with exceptions just to make things work. 
Instead, it consistently moves closer to true audit excellence. 

So when we talk about 100% accuracy, we are not punting. We are setting a bar that reflects what is 
achievable in representation and what is continuously improving in execution. And we are backing that up 
with real-world results and a design that supports continual improvement, not just patching over design 
limitations. 

Conclusion 
Audit accuracy is ultimately a function of two foundational system-design decisions: 

1.​ How degree requirements are represented in the system 
2.​ How intelligent (rather than brute-force) the audit engine truly is 

These two decisions determine not only how accurate a system can be, but how flexible and maintainable it 
will remain over time. 

From the outset, there is a fork in the road. A degree audit system is either grounded in brute-force logic or 
designed around intelligent algorithmic analysis. A brute-force system attempts to define in advance how 
courses will apply and in what order. In contrast, a system built on algorithmic intelligence interprets the 
rules of the degree like a game board and determines an optimal course-to-requirement mapping 
dynamically, at the moment of the audit run. 

This is not a small distinction. It’s the difference between static programming and living intelligence. And 
once a system chooses the brute-force path, there is no way to pivot midstream and become truly 
intelligent or dynamic. These are core design choices that cannot be patched later. 

You may be able to build a reasonably capable brute-force system. DegreeWorks, for instance, has proven 
itself relatively powerful when heavily customized and closely maintained. But even DegreeWorks has firm 
limits. And recently developed systems that lack even its maturity often double down on brute-force 
methods without recognizing the long-term costs of that approach. 

Kuali Advisor is categorically different. It was designed from the ground up to support maximum 
satisfaction of degree requirements through a deeply sophisticated AI engine. Instead of requiring schools 
to codify every possible outcome, Kuali Advisor invites schools to define their academic rules clearly and 
concisely, and then lets the audit engine intelligently determine the best possible course distribution for 
each individual student. 

This design unlocks extraordinary performance. Kuali Advisor is capable of running more than 30 full audits 
per second, enabling truly real-time audit feedback. Advisors and students alike always see an accurate 
picture of progress, and every planning interaction is backed by an up-to-the-moment audit run. No delays, 
no "refresh cycles," no caveats. 



Other systems may perform well under narrow conditions. For example, if the degree requirements are 
relatively simple, if institutional rules align with system constraints, and if staff are constantly maintaining 
edge cases with exceptions. But when even one of those conditions fails, accuracy breaks down. 

By contrast, Kuali Advisor can represent any valid degree requirement, regardless of complexity. And 
because requirements are defined as general rules rather than endless permutations, they remain 
manageable over time. The audit engine interprets those rules in real time, calculating optimal mappings 
based on the student’s complete academic context. Exceptions become true exceptions (e.g. intentional 
changes to policy for a specific student) not crutches to fix broken logic. 

In short, Kuali Advisor is the only degree audit and planning system that enables you to: 

●​ Represent your degree requirements accurately and flexibly 
●​ Maintain those requirements without endless codification 
●​ Deliver real-time, AI-powered audits for every student 
●​ Eliminate systemic dependence on exceptions 
●​ Plan with confidence that audits are always up to date and always correct 

Audit accuracy is not a feature that can be added later. It is the result of intelligent design, clear 
representation, and an engine built to solve the problem in the right way. With Kuali Advisor, your institution 
gets all three, at scale, in real time, and without compromise. 
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